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Abstract	

The	use	of	performance	indicators	in	British	higher	education	is	now	well-established.	

The	relationship	between	the	state	and	universities	began	to	change	as	the	state	started	

looking	 to	 universities	 to	 play	 a	 more	 significant	 role	 in	 the	 economy	 in	 return	 for	

taxpayers’	funding.	Pressure	grew	to	measure	the	performance	of	universities	in	order	to	

increase	accountability	and	subject	the	sector	to	a	market-oriented	performative	culture	

similar	 to	 those	 introduced	 in	 the	 public	 sector.	 Accordingly,	 this	 study	 examines	 the	

performative	culture	present	in	UK	higher	education	with	a	specific	focus	on	exploring	

the	 impact	 of	 institutional	 and	 cohort	 level	 factors	 on	 universities	 performance	

indicators.	

Centrally	collected	data	about	the	UK	higher	education	sector	provided	a	rich	ground	for	

quantitative	analysis	using	modern	statistical	techniques	such	as	multilevel	modelling.	A	

mixed-methods	research	approach	was	adopted	in	this	study	in	order	to	gain	a	deeper	

undersetting	 of	 the	 quantitative	 results	 and	 explore	 how	 performance	 indicators	

impacted	institutional	policy	in	practice.	Performative	culture	in	higher	education	was	

examined	through	the	lenses	of	measurement	theory,	managerialism,	neoliberalism	and	

new	public	management	theory.	The	resulting	literature	review	represented	a	purposive	

narrative	for	the	research.		

The	 study	quantitatively	 analysed	 a	 comprehensive	data	 set	 focusing	on	performance	

indicators	similar	to	those	used	in	the	Teaching	Excellence	Framework	(TEF).	This	was	

followed	by	a	qualitative	analysis	of	 the	responses	of	selected	senior	 leaders	 from	the	

sector.	 The	 participants	were	 interviewed	 and	 asked	 to	 reflect	 on	 the	 findings	 of	 the	

quantitative	 analysis	 with	 their	 views	 on	 how	 performance	 indicators	 impacted	 on	

institutional	policy	then	explored.	

The	study	found	that	performance	indicators	are	not	only	impacted	by	the	variations	of	

many	factors	but	also	by	the	way	each	factor	varies	within	the	institution.	These	factors	

represent	 integral	 characteristics	 of	 institutions	 (e.g.,	 their	 size)	 and	 cohorts	 specifics	

(e.g.,	ethnicity	and	gender).	Using	the	multilevel	modelling	statistical	technique,	the	study	

examined	university	and	cohort	characteristics	to	identify	those	with	significant	effects	

on	performance	indicators.	
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The	study	 found	 that	different	 factors	aligned	 to	 cohort	and	university	 characteristics	

have	 significant	 effects	 on	 performance	 indictors’	 outcomes.	 However,	 the	 non-

continuation	 outcome	 was	 predominantly	 impacted	 by	 cohort	 characteristics.	

Participants	also	 indicated	that	other	external	 factors,	beyond	their	control	 influenced	

these	outcomes,	such	as	societal	gender	and	ethnic	bias	as	well	as	employers’	practice.	

The	study	also	highlighted	that	the	current	informal	hierarchy	of	the	sector	does	not	serve	

policy	aims	and	the	variability	in	outcomes	occurs	largely	between	universities	which	is	

an	indication	of	a	highly	differentiated	sector.	

The	study	concluded	that	linear	performance	indicators	as	they	stand	are	unsuitable	for	

the	UK	sector	as	there	are	large	variations	between	universities.	It	also	concluded	that	

variations	within	a	university	are	relatively	stable	over	time.	The	study	found	that	the	

context	within	which	institutions	operate	is	important	and	should	be	considered	when	

evaluating	performance.	Based	on	the	finding,	a	conceptual	framework	is	proposed	to	aid	

future	policy	and	practice	development.	
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Chapter	1: Introduction	to	the	Study	

1.1 Introduction		

It	was	inevitable	that	that	the	effect	of	the	massification	of	higher	education,	the	limitation	

of	public	expenditure,	the	shift	in	political	ideology	and	the	more	dynamic	world	economy	

would	result	in	pressure	being	applied	to	the	higher	education	sector	in	the	UK	to	be	more	

accountable	within	an	increasing	performative	culture	in	the	public	sector.	

The	early	introduction	of	performative	measures	in	higher	education	in	the	late	1980s	

and	 early	 1990s	 was	 certainly	 resisted	 and	 was	 seen	 as	 a	 deduction	 of	 the	 level	 of	

academic	autonomy	enjoyed	by	universities	up	till	then.	However,	the	insistent	desire	of	

many	 governments,	 particularly	 those	 who	 are	 members	 of	 the	 Organisation	 for	

Economic	Co-operation	and	Development	 (OECD),	 to	 include	higher	education	as	part	

their	national	economic	and	investment	strategy	did	not	wane	and	is	now	accepted	as	the	

norm.	This	meant	that	higher	education	was	given	the	task	of	upskilling	young	people	

with	the	skills	required	for	a	technology-based	economy	to	increase	the	productivity	of	

the	workforce.	It	also	allowed	governments	to	prioritise	funding	for	subjects	that	fit	with	

the	 national	 economic	 strategy,	 such	 as	 	 the	 STEM	 subjects	 (Science,	 Technology,	

Engineering	and	Mathematics),	(Alexander,	2000).		

The	steering	of	universities,	through	government	policy	and	the	funding	purse,	to	focus	

on	certain	 subjects	and	 to	deliver	 certain	 skill-based	courses	was	also	 resisted	by	 the	

academic	 community.	 These	 changes	 were	 viewed	 as	 a	 downgrading	 of	 traditional	

humanities	 subjects	and	being	 forced	 to	deliver	 courses	 that	were	 seen	as	not	having	

sufficient	academic	and		intellectual	rigour	(Graham,	2005).	

However,	these	changes	have	certainly	brought	some	economic	benefits	to	universities.	

The	UK	higher	education	sector	has	seen	its	income	diversified	and	grow	to	almost	£42	

billion	in	2020	compared	with	23.4	billion	in	2008,	(HESA,	2021g).	But	this	growth	has	

also	brought	with	it	waves	of	regulatory	initiatives	to	evaluate	the	sector’s	performance.	

These	 regulatory	 initiatives	 include	 the	National	 Students	 Survey	 (NSS),	 the	Research	

Excellence	 Framework	 (REF),	 the	 Knowledge	 Exchange	 Framework	 (KEF),	 the	 more	

recent	 Teaching	 Excellence	 Framework	 (REF)	 as	well	 as	 the	 requirement	 by	 the	 new	
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regulator	 (The	Office	 for	Students)	 for	 institutions	 to	 submit	Access	and	Participation	

plans.	

As	teaching	remain	the	main	function	of	universities,	the	quantitative	nature	of	the	TEF	

and	its	performance	indicators	have	attracted	much	debate	regarding	the	nature	of	what	

is	 being	 evaluated,	 its	 ability	 to	 meet	 its	 intended	 aims	 and	 their	 real	 impact	 on	

institutional	policy	(Gibbs,	2017;	Gunn,	2018;	Morrish,	2019).	

There	has	been	criticism	in	the	literature	of	research	in	higher	education	not	being	able	

to	 differentiate	 the	 effects	 on	 outcomes	 occurring	 at	 different	 measurement	 levels	

(individual	level	vs.	institution	level)	(Goldrick-Rab,	Carter	and	Wagner,	2007).	

The	view	senior	 leaders	of	 the	sector	are	rarely	reported	 in	 the	 literature,	despite	 the	

importance	of	their	views	in	understanding	how	current	performative	culture	influence	

institutional	policy.	

1.2 The	Motivation	for	the	Research	

There	 is	 considerable	 literature	 discussing	 individual	 performance	 indicators	 used	 in	

higher	 education	 and	 each	 study	 tends	 to	 focus	 on	 one	 indicator,	 such	 as	 non-

continuation,	employability,	or	student	satisfaction.	Occasionally,	some	literature	can	be	

found	 that	 investigated	 two	 indicators	 such	 as	 the	 study	 by	 Duque	 (2014)	 which	

investigated	the	relationship	between	student	satisfaction	and	dropout	intentions.	But	it	

is	hard	to	find	studies	that	deal	with	a	comprehensive	set	of	indicators	collectively.	This	

study	set	out	to	investigate	six	performance	indicators	by	testing	consistently	the	impact	

of	 a	 coherent	 set	of	 factors	on	 their	outcomes.	 It	was	also	designed	 to	 investigate	 the	

views	of	senior	leaders	in	the	sectors	to	gain	better	understanding	of	factors	that	impact	

outcomes	and	the	interplay	between	institutional	policy	and	regulatory	regimes.	

Additional	motivation	for	this	research	related	to	a	professional	desire	to	contribute	to	

the	literature	in	four	main	areas:	

First,	to	provide	an	empirical	contribution	to	the	debate	on	the	suitability	of	the	widely	

used	 performance	 indicators	 in	 UK	 higher	 education,	 particularly	 performance	

frameworks	such	as	the	TEF.	The	current	debate	tends	to	be	critical	of	these	indicators	as	
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they	are	often	described	as	single-sided	indicators	(blunt	instrument)	that	do	not	take	

into	account	 the	multidimensionality	of	 the	 factors	 that	 impact	upon	 them.	This	study	

explores	the	multidimensionality	of	the	selected	outcomes.		

Second,	to	provide	quantitative	evidence	of	the	impact	of	significant	factors	which	affect	

the	outcomes	of	the	currently	used	indicators,	namely	non-continuation,	employability	

and	student	satisfaction	with	teaching,	assessment	and	academic	support.	The	factors	are	

selected	from	two	levels:	the	university	level	and	the	cohort	level.	

Third,	 to	 provide	 qualitative	 evidence	 to	 the	 debate	 regarding	 the	 tension	 between	

institutional	behaviour	in	a	market-oriented	economy	and	the	responses	to	performance	

frameworks	such	as	the	TEF.	The	study	also	explores	the	interplay	between	external	and	

internal	factors	that	influence	institutional	policy	and	regulatory	performance	indicators.	

Fourth,	to	provide	an	insight	into	the	use	of	mixed-methods	in	higher	education	research,	

particularly	the	sequential	design.	The	benefits	of	this	method	as	used	in	this	study	are	

highlighted	 as	 well	 as	 its	 challenges.	 The	 study	 itself	 provides	 an	 example	 that	 may	

encourage	other	researchers	to	adopt	a	similar	approach,	where	needed.		

The	literature	review	for	this	study	covered	the	various	philosophical,	 ideological,	and	

theoretical	viewpoints	through	which	the	introduction	of	performative	culture	in	higher	

education	is	seen.	It	is	hoped	that	this	literature	review,	presented	in	Chapter	2,	provides	

a	 useful	 narrative	 that	 aids	 the	 understanding	 of	 the	 context	 and	 the	 results	 of	 the	

analysis.	
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1.3 The	Research	Questions	

	

This	study	was	designed	to	answer	the	following	research	questions.		

• What	are	the	significant	factors	at	institutional	and	cohort	level	that	impact	the	

outcomes	of	the	widely	used	performance	indicators	(e.g.	TEF)	in	the	UK	Higher	

Education	sector?	

• How	do	performance	indicators’	outcomes	influence	institutional	policy?	

• How	do	regulatory	performance	regimes	and	market	economy	concepts	influence	

management	responses?	

In	answering	these	research	questions,	it	was	important	to	select	an	appropriate	research	

method	 that	 facilitates	 the	 research,	 particularly	 as	 the	 questions	 had	 an	 underling	

element	of	intersectionality.	This	intersectionality	is	not	only	between	the	quantitative	

and	the	qualitative	data,	which	this	study	analysed,	but	also	between	the	actors	within	

the	sector	through	their	multiple	identity.	Griffin	and	Museus	(2011)	discussed	the	issue	

of	 intersectionality	 that	 is	 inherent	 in	 higher	 education	 and	 suggested	 that	 mixed-

methods	 research	 is	 an	 appropriate	 approach	 to	 deal	 with	 a	 research	 problem	 that	

addresses	this	type	of	intersectionality.	

In	order	to	ensure	that	the	different	types	of	universities	are	covered	in	the	analysis	while	

answering	these	research	questions,	this	study	collected	a	data	set	that	included	145	UK	

universities	out	of	165	universities	that	returned	data	to	the	Higher	Education	Statistical	

Agency	 (HESA)	 in	 2018/19.	 The	 qualitative	 phase	 included	 interviews	 with	 senior	

leaders	in	the	sector	representing	universities	of	different	types	and	the	four	nations	of	

the	UK.		

Answering	the	research	questions	requires	greater	understanding	of	how	the	different	

factors	at	university	level,	cohort	level	and	externally	vary	performance	outcomes.	The	

answers	 should	 assist	 institutional	 policy	 makers	 to	 design	 interventions	 that	 target	

those	factors	with	a	view	to	enhance	performance.	Answers	should	also	provide	policy	

makers	with	meaningful	context	to	adjust	policy	to	serve	the	intended	aims.	
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1.4 The	Context	

This	section	discusses	the	context	of	the	study,	which	explores	the	performative	culture	

where	the	use	of	performance	indicators	in	higher	education	has	been	increasing.	There	

is	 also	 a	 particular	 emphasis	 in	 the	 study	 on	 the	UK	Teaching	Excellence	 Framework	

(TEF).	The	policy	drivers	and	the	specific	literature	surrounding	evaluating	universities	

performance	are	critically	reviewed.	

The	use	of	performance	 indicators	 in	British	higher	education	 is	now	well-established	

(Cave	et	al.,	1996).	As	the	relationship	between	the	state	and	universities	began	to	change,	

with	 the	 state	 looking	 to	 universities	 to	 play	 a	 more	 effective	 role	 in	 the	 economy,	

pressure	 grew	 to	measure	 the	 performance	 of	 higher	 education	 institutions.	 But	 this	

change	 has	 also	 brought	 with	 it	 neo-liberal	 and	 market	 economy	 concepts	 to	 create	

acceptance	 of	 an	 increasingly	 performative	 culture	 within	 which	 institutions	 are	

managed.	 Universities,	 now,	 formulate	 their	 strategies	 using	 financially	 focused	

frameworks	and	report	their	financial	results	using	financial	key	performance	indicators	

(KPIs)	akin	to	those	used	in	the	corporatised	sector	(Parker,	2013).	

The	 gradual	 moving	 away	 from	 self-regulation	 to	 opting	 to	 comply	 with	 central	

regulation	 has	 not	 always	 been	 a	 smooth	 process.	 However,	 increasingly,	 higher	

education	managers	are	more	aware	of	the	need	to	effectively	manage	those	performance	

indicators	that	affect	their	funding.	The	proposed	research	aims	to	investigate	some	of	

the	 factors	 that	 may	 impact	 those	 indicators.	 Alexander	 (2000)	 explained	 that	 the	

accountability	movement,	which	asserts	that	performance	measures	produced	through	

peer	 review	 are	not	 sufficient	 indicators	 of	 institutional	 value,	 has	 heavily	 influenced	

higher	education	in	the	OECD	nations	and	the	USA.		The	move	towards	setting	up	central	

regulatory	bodies	that	collect	and	publish	performance	indicators	for	the	sector	has	been	

evident	in	many	of	these	countries.		

1.4.1 The	Performative	Culture	

In	the	UK,	the	performative	culture	movement	has	resulted	in	continuous	collection	of	

data	from	the	sector.	The	existence	of	the	UK	Higher	Education	Statistics	Agency	(HESA)	
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as	a	central	agency	in	charge	of	collecting	data	across	the	sector	in	a	unified	fashion	has	

increased	the	confidence	in	the	quality	and	consistency	of	the	data	being	collected.		Other	

frameworks	for	measuring	and	evaluating	universities’	performance	 in	the	UK	include	

those	 evaluating	 research,	 The	 Research	 Excellence	 Framework	 (REF),	 and	 students’	

satisfaction,	 the	 National	 Students	 Survey	 (NSS).	 A	 review	 of	 the	 use	 of	 performance	

indicators	to	evaluate	higher	education	institutions,	particularly	in	research,	can	be	found	

in	Rijcke	et	al.	(2016).	

Performative	instruments	such	as	the	NSS	and	the	REF	have	provided	rich	sets	of	data	at	

national	level	that	have	attracted	many	analytical	studies	and	the	research	attention	is	

now	directed	at	the	TEF.	The	REF	result	is	arrived	at	through	a	peer	review	exercise,	the	

NSS	 is	collected	by	an	 independent	company	and	 the	TEF	 is	produced	by	a	regulating	

agency	(The	Office	for	Students).	

	The	recent	initiative,	the	TEF,	has	been	subject	to	various	debates.	Gunn	(2018)	argued	

that	 the	 TEF	 serves	 two	 agendas:	 the	 use	 of	 quantitative	 metrics	 to	 communicate	

performance	and	the	changing	role	of	the	student	from	not	just	a	learner	but	to	also	a	

consumer.	Canning	(2019)	argued	that	the	TEF	is	an	attempt	to	redress	the	balance	of	the	

view	that	prestige	of	individuals	and	institutions	is	bound	only	in	research	rather	than	

teaching.	However,	 he	 criticised	 the	 use	 of	 the	 language	 of	 “teaching	 excellence”	 as	 it	

constricts	 the	 debate	 by	 quality	 regimes	 which	 reward	 and	 constrain	 practice	 and	

dehumanise	students.		

Originally,	 the	TEF	policy	drivers	had	 three	 aims	as	 a	 tool:	 to	 enforce	price	 variation,	

measure	teaching	quality	and	provide	market	information	to	the	students	as	consumers	

of	a	service.	However,	the	use	of	the	TEF	outcomes	as	a	tool	to	vary	tuition	fees	(price)	

has	not	yet	been	implemented.	Critics	of	the	TEF,		such	as	Hayes	(2017),	have	argued	that,	

despite	 the	 internationalisation	 agenda	 which	 is	 constantly	 promoted	 in	 UK	 higher	

education,	 the	 TEF	 continues	 to	marginalise	 international	 students.		 For	 example,	 the	

indicators	 for	 student	 employment	 and	 graduate	 earnings	 do	 not	 fully	 include	

international	students.	The	proposed	research	will	measure	whether	the	proportion	of	

non-UK	domiciled	students	within	an	institution	has	an	impact	on	these	indicators.			
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Some	tension	remains	between	the	policy	makers	of	the	TEF	and	some	parts	of	the	higher	

education	sector.	For	example,	the	Russell	Group	of	Universities	in	their	response	to	the	

TEF		(The	Russell	Group,	2019)	demanded	the	removal	of	the	“grade	inflation	metric”		in	

the	 TEF	 and	 that	more	weighting	 be	 given	 to	 the	 absolute	 values	 of	 the	metric.	 This	

research	will	use	the	absolute	value	of	the	metrics	in	its	quantitative	analysis.	The	group	

has	also	recommended	that	future	TEF	should	replace	the	current	“blunt”	ranking	of	Gold,	

Silver	 and	Bronze	 by	 a	 profile	 approach,	which	 could	 provide	more	 information	 on	 a	

dashboard	 where	 comparisons	 between	 institutions	 can	 be	 made.	 This	 research	

considers	 how	 the	 profile	 of	 an	 institution	 impacts	 its	 performance	 outcomes	 by	

identifying	 the	 significant	 institutional	 level	 characteristics	 (factors)	 that	 impact	

outcomes.	

Frankham	(2017)	argued	that	the	TEF	has	a	number	of	mismatching	aims,	particularly	in	

relation	to	measuring	employability.	He	argued	that	the	current	performative	culture	of	

higher	education,	which	is	further	enforced	by	the	TEF’s	metrics,	may	in	itself	adversely	

affect	student	employability	by	not	allowing	universities	to	focus	on	preparing	students	

for	the	workplace.	Frankham	(2017)	stated	that	the	myriad	of	“employability”	initiatives	

within	universities	may	not	only	have	little	impact	on	the	metric,	but	also	are	not	what	

the	 students	 really	 need;	 therefore,	 the	 TEF’s	 metric	 for	 employability	 may	 have	 a	

mismatch		with	its	aim.	

There	has	been	also	criticism	of	one	the	TEF’s	stated	purposes,	that	is	“assessing	teaching	

excellence”.	 	 	Shattock	(2018)	states	that	 ‘the	TEF	does	not	actually	assess	teaching	but	

only	the	imperfect	reaction	to	it’;	this	is	in	reference	to	three	of	the	performance	indicators	

related	 to	 teaching,	assessment	and	academic	support	 in	 the	TEF	which	are	extracted	

from	student	responses	to	the	National	Student	Survey	(NSS).		Deem	and	Baird	(2020)	

argued	that	the	TEF	is	no	longer	about	teaching	excellence,	but	rather	it	is	another	tool	

for	creating	a	market	in	UK	higher	education	and	that	it	is	ideologically	driven.	

The	debate	around	the	ideological	drivers	behind	the	various	performative	regimes	and	

the	utility	of	their	outputs	is	likely	to	continue.	However,	the	increasing	use	of	data	(as	

well	as	big	data)	in	all	aspects	of	the	economy	is	on	the	rise	and	the	quantitative	measures	

for	evaluating	universities	performance	is	here	to	stay.	The	question	is	how	best	to	use	

these	data	and,	more	importantly,	how	we	can	understand	the	internal	and	the	external	
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factors	 that	 cause	 variation	 to	 them.	 This	 study	 aims	 to	 explore	 this	 question	 in	 its	

analysis.	

There	 is	 also	 a	 feeling	 of	 dissatisfaction	 within	 the	 higher	 education	 sector	 as	 the	

performative	regulatory	initiatives	continue	to	roll	on.	The	latest	set	of	metrics	regarding	

Longitudinal	Education	Outcomes	(LEO)	which	has	been	rolled	out	by	Office	for	Students	

(2019)	 is	 another	example.	LEO	data	 report	 the	average	 student	earnings	 three	years	

after	 they	 have	 graduated.	 The	 data	 have	 been	 described	 by	HESA	 and	 the	Office	 for	

Students	 as	 experimental	 statistics	 and	 	 	 under	 evaluation.	 However,	 the	 	 LEO	

methodology	 and	 the	 data	 it	 has	 produced	 have	 been	 heavily	 criticised	 by	 the	 sector	

(Universities	UK,	2019b).	Universities	UK	(a	sector	body	that	has	140	members)	argued	

that	these	data	should	not	be	used	to	drive	funding	policy.	They	also	criticised	the	LEO	

methodology	as	it	does	not	account	for:	

• whether	graduates	were	in	a	part-time	or	full-time	job		

• the	 region	 within	 which	 graduates	 work	 as	 there	 are	 regional	 variations	 in	

economic	conditions	

• graduates	who	are	self-employed	

• subjects	or	jobs	that	have	below	average	earning,	such	as	nursing,	charity,	the	arts	

and	the	public	sector.	

Universities	UK	warned	that	restricting	funding	based	on	LEO	data	will	deprive	certain	

sectors	of	university	graduates	required	for	their	workforce.	It	is	worth	noting	that	this	

study	 did	 not	 utilise	 LEO	 data	 in	 its	 analysis	 due	 to	 its	 experimental	 status	 and	 the	

contentions	methodology	adopted.	

1.4.2 The	Use	of	Secondary	Data	

These	 various	 evaluative	 frameworks	 and	 surveys	 have	 resulted	 in	 the	 availability	 of	

significant	sets	of	longitudinal	data	about	the	sector	but	which	are	underutilised.	Thomas	

and	Heck	 (2001)	 encouraged	 the	use	of	 secondary	data	 in	higher	 education	 research,	

particularly	those	obtained	from	national	surveys	and	collected	from	large	samples	that	

cover	the	whole	population,	such	as	the	data	set	used	in	this	study.	

Smith	(2008)	argued	that	 ‘the	use	of	secondary	data	 is	most	effective	when	combined	

with	other	approaches.’	 	She	 further	asserted	that	 it	 is	 ‘the	perfect	complement	 to	 the	
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“new”	 political	 arithmetic	 tradition	 of	 conducting	 social	 research:	 its	 scale	 aids	

generalizability.’	This	study	used	a	 large	data	set	 from	the	sector	covering	a	 four-year	

period.	

1.4.3 Diversity	and	Multi-identity	of	the	UK	Higher	Education	Sector	

The	diversity	of	higher	education	in	the	UK	has	been	reported	in	Huisman	et	al.	(2007)	

and	 (Croxford	 and	 Raffe,	 2015).	 However,	 this	 diversity	 is	 not	 only	 reflected	 in	 the	

quantitative	measures	that	are	published	in	terms	of	size	of	student	population,	overall	

income	and	research	intensity,	but	also	in	the	multi-identity	nature	of	the	sector	which	

was	 discussed	 by	 Griffin	 and	Museus	 (2011).	 The	multi-identity	 nature	 of	 the	 sector	

represents	itself	in	the	different	grouping	of	students	social	identity,	for	example	based	

on	 gender	 and	 ethnicity,	 and	 the	 intersection	between	 these	 identities	 and	 the	multi-

identity	 of	 institutions	 themselves,	 for	 example	 based	 on	 their	 regional,	 national	 or	

international	 orientation.	 This	 study	 aims	 to	 provide	 evidence	 for	 this	 diversity	 and	

multi-identity	nature	of	the	sector	and,	more	importantly,	how	this	diversity	and	multi-

identity	impact	on	performance	outcomes.		

Currently	 is	 the	 UK	 tertiary	 sector	 there	 exist	 tension	 between	 a	 new	 corporate	

managerialism	identity,	which	is	driven	by	government	policy	which	relies	on	centrally	

managed	and	measured	activities,	and	the	academic	identity	of	universities	which	relies	

on	self-management	and	peer	evaluation	(Winter,	2009).	This	tension	inevitably	causes	

misalignment	 between	 the	 values	 of	 new	 corporatised	 strategies	 and	 the	 values	 of	

academic	staff	as	individuals	or	groups	with	collective	goals.			

Marginson	(2007)	argued	that	university-wide	composite	ranking,	such	as	Shanghai	Jiao	

Tong	 ranking,	which	 amalgamates	university	performance	data	 on	different	 functions	

into	a	single	rank	does	not	help	this	tension	and	a	separate	disciplines	ranking	would	be	

less	open	to	misunderstanding.		

	He	also	argued	that	ignoring	universities’	mission	and	identity	may	lead	universities	to	

become	risk	averse	and	design	strategies	that	comply	with	popular	rankings,	which	have	

been	heavily	criticised	for	the	validity	of	the	criteria	used	in	their	production.	
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Hazelkorn	(2015,	pp.	29-81)	examined	a	number	of	university	ranking	schemes	and	also	

criticised	 rankings	 that	 are	 based	 on	 a	 composite	 index	 that	 combines	 heterogenous	

indicators	such	as	the	Times	Higher	and	QS	rankings.		She	explained	that	the	choice	and	

the	weighting	 of	 the	 different	 element	 of	 the	 index	 are	 either	 arbitrary	 or	 reflect	 the	

interests	 of	 the	 producers.	 Others	 such	 as	 Taylor	 and	 Braddock	 (2007)	 accept	 that	

ranking	 systems	are	a	 fait	 accompli	but	warned	 that	 accepting	 their	outcomes	at	 face	

value	would	be	unwise.	They	indicated	that	an	 informed	use	of	 these	ranking	systems	

could	 provide	 some	 value	 through	 some	 of	 the	 information	 they	 provide	 where	 this	

information	is	useful	to	the	institution.	However,	using	them	uncritically	to	simply	climb	

up	 the	 ranking	 could	 be	 harmful	 to	 institutions.	 Soh	 (2017)	 provided	 a	more	 severe	

criticism	of	ranking	systems.	He	questioned	the	validity	of	ranking	systems	due	several	

problems	 that	 included spurious	 precision,	 weight	 discrepancies,	 assumed	 mutual	
compensation,	 indictor	 redundancy,	 inter-system	 discrepancy,	 negligence	 of	 indicator	

scores	and	inconsistency	between	changes	in	ranking	and	‘Overall’.	

Universities	have	also	been	engaged	in	marketing	and	branding	campaigns	with	the	aim	

of	improving	their	ranking.	A	study	by	Bunzel		(2007)	found	that	there	is	no	evidence	that	

leading	universities	have	gained	significant	benefits	from	these	marketing	and	branding	

exercises	 in	 terms	of	 improving	 their	 ranking.	However,	he	 found	 that	marketing	and	

branding	 activities	 may	 offer	 some	 of	 the	 smaller	 and	 lesser-known	 universities	

opportunities.	It	can	be	argued	that	universities’	branding	programmes	were	promoting	

an	undifferentiated	image	to	the	various	audience.	Jevons	(2006)	urged	universities	to	

engage	in	developing	meaningfully	differentiated	brands	that	they	can	communicate	to	

their	 intended	 audience	 and	 that	 these	 differentiated	 brands	 should	 focus	 on	 their	

strengths.	Drori	(2013)	also	observed	that	universities	engage	in	branding	exercise	as	a	

tool	 for	 affecting	 strategic	 transformation	 or	 restructuring,	 which	 is	 another	 sign	 of	

managerialism.		

Current	performance	indicators	which	feed	into	league	tables	assume	that	universities	

are	 performing	 the	 same	 functions	 in	 equal	measure.	 The	 resulting	 linear	 ranking	 of	

institutions	from	this	assumption	may	lead	to	the	opposite	of	what	the	policy	behind	the	

performance	 indicators	 intended.	 For	 example,	 if	 the	 policy	 is	 to	 promote	 recruiting	

POLAR4	quantile	1	students	(areas	with	least	participation	rate	in	higher	education),	this	

is	not	reflected	in	league	tables;	in	fact,	the	top	ten	universities	in	the	league	tables	have	
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a	 significantly	 less	proportion	of	 their	 students	 from	 this	quantile	 compared	with	 the	

mean	of	the	sector.	This	study	tests	for	the	impact	of	a	number	of	factors,	including	the	

percentage	 of	 POLAR4	 quantile	 1	 students	 in	 a	 cohort,	 on	 the	 selected	 performance	

indicators.	

Universities	are	also	seen	in	regional	context	in	terms	of	their	economic	and	innovation	

impact	on	the	region	in	which	they	are	located.	A	study	by	Huggins	and	Johnston	(2009)	

found	that	this	impact	is	dependent	on	the	region	in	which	the	university	is	located	as	

well	 as	 its	 type.	 Salomaa	 (2019)	 acknowledges	 that	 universities	 are	 expected	 to	

contribute	 to	 regional	 development	 through	 the	 “third	 mission”	 beyond	 their	 core	

function	of	 teaching	and	research.	But	she	criticised	the	“one-size	 fits-all”	approach	to	

universities’	 engagement	 regionally.	 She	argued	 that	 the	 regional	 context,	particularly	

rural	regions,	may	influence	university	policy	and	responses.	Some	universities	also	use	

their	regional	context	as	part	of	its	identity.		

1.4.4 Inequality	in	Higher	Education	and	Performance	Indicators	

Brown	 (2018)	 argued	 that	 the	 current	 structure	 of	 higher	 education	 has	 exacerbated	

inequality	instead	of	being	the	force	of	social	mobility	that	it	used	to	be.	While	he	agreed	

that	 there	 is	 no	 simple	 solution,	 he	 argued	 that	 neo-liberal	 policies	 of	 deregulation,	

financialisaton	and	welfare	cutbacks	are	the	cause	of	current	high	level	of	inequality.	He	

also	argued	that	high	selectivity	and	research	performance	reproduce	institutional	status	

which	creates	what	is	called	“winner-takes-all”	market.	There	is	certainly	some	evidence	

that	the	status	of	universities	feeds	into	a	higher	variability	in	outcomes	such	as	graduate	

salaries	(Britton	et	al.,	2016).	Triventi	(2013)	also	argued	that	inequalities	are	stronger	

in	 countries	 where	 higher	 education	 differentiation	 is	 more	 relevant	 to	 graduates	

outcomes.	 This	 study	 will	 examine	 how	 some	 factors	 that	 may	 be	 associated	 with	

inequality	impact	performance	indicators.	

Coates	and	Adnett	(2000)	argued	that,	despite	a	rising	participation	of	females	in	higher	

education	 and	 their	 “superior”	 performance	 in	 school	 national	 exams,	 there	 remain	 a	

gender	gap	in	the	labour	market.	A	study	by	Teelken	and	Deem	(2013,	pp.	520-521)	found	

that	 universities	 themselves,	 despite	 procedures	 	 meant	 to	 promote	 equality,	 	 	 still	

practice	a	form	of	subtle	gender	inequality	and	highlighted	three	reasons	for	this: ‘the	
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lack	of	knowledge	about	the	factors	determining	further	career	steps	for	women,	the	power	

relations	that	underpin	these	relationships	and	a	failure	to	grasp	the	interaction	between	

governance,	 and	 the	 day-to-day	 activities	 of	 academics	 and	 other	 university	 employees.’ 

This	study	will	test	for	the	effect	of	the	percentage	of	female	students	on	performance	

indicators	outcomes,	including	employability	outcomes.	 

There	is	also	a	debate	about	how	the	information	provided	by	performance	indicators	is	

being	used	by	employers	and	whether	it	is	used	to	serve	the	intended	aims	of	the	policy	

of	 the	 regulator.	 A	 study	 by	 Morley	 and	 Aynsley	 (2007)	 found	 that	 employers	 used	

information	 on	 quality	 and	 standard	 in	 a	 way	 that	 undermines	 equity	 and	 widening	

participation.	The	study	found	that	a	quarter	of	the	employers	used	league	tables	(top	20	

lists)	in	their	decision	and	80%	stated	that	the	reputation	of	the	university	is	important	

and	is	considered	when	recruiting	graduates.	This	behaviour	serves	the	reinforcement	of	

an	informal	hierarchy	which	continues	to	reproduce	inequality	in	some	of	the	outcomes.	

The	non-continuation	and	the	employability	performance	indicators	have	been	singled	

out	for	criticism	of	the	way	they	were	constructed	by	not	taking	into	consideration	the	

inequality	that	is	built	in	the	data.	

The	current	non-continuation	performance	indictor	does	not	reflect	the	complexity	of	the	

factors	that	lead	to	student	dropout.	There	are	various	studies	that	highlight	some	of	this	

complexity	and	how	different	factors	influence	dropout.	A	study	by	Duque	(2014)	argued	

that	students’	perception	of	learning	outcomes	and	satisfaction	are	factors	that	influence		

intention	to	dropout.	Another	study	by	Finlayson	(2018)	found	that	entry	qualifications	

also	 influenced	the	non-continuation	rate,	where	students	with	BTEC	qualification	are	

having	a	higher	non-continuation	rate	than	all	groups.	This	finding	was	also	supported	in	

the	study	by	Schofield	and	Dismore	(2010),	though	it	focused	on	students	studying	for	

higher	education	degree	in	Further	Education	colleges.	They	also	found	that	more	mature	

students	are	more	likely	to	complete	their	studies.	This	study	tests	for	the	impact	of	entry	

tariff	and	average	age	on	the	non-continuation	outcome	in	universities.		

Moreau	 and	 Leathwood	 (2006)	 highlighted	 a	 number	 of	 factors	 that	 influence	

employability,	which	 include	 gender,	 ethnicity	 and	 social	 class.	 They	warned	 that	 the	

discourse	 of	 employability	 that	 ignores	 these	 social	 inequalities	 could	 have	 damaging	
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consequences	for	these	graduates.	This	study	tests	for	the	impact	of	these	factors	on	the	

employability	outcome.	

There	has	also	been	criticism	of	the	way	the	employability	performance	indicator	itself	

was	constructed.	Bratti	et	al.	(2004)	argued	that,	as	the	indicator	only	reports	on	those	

who	 have	 responded	 to	 survey,	 the	 non-inclusion	 of	 those	 who	 have	 not	 responded	

represents	 a	 potential	 bias.	 They	 also	 concluded	 that,	 if	 those	 who	 are	 inactive	 are	

included,	particularly	females,	the	ranking	of	universities	will	change.	

There	 is	 another	 important	 literature	 about	 the	 struggle	 of	 Black	 Asian	 and	Minority	

Ethnic	(BAME)	students	face	in	higher	education	with	their	identity	and	the	choices	they	

have	between	assimilation	and	exclusion;	this	was	highlighted	by	Crozier	et	al.	(2019).	

This	 is	 an	 issue	 for	 which	 there	 is	 no	 quantitative	 metric	 that	 accounts	 for	 it	 and,	

therefore,	qualitative	research	approaches	should	be	adopted	to	investigate	it	further.	

The	 use	 of	 POLAR4	 to	measure	 higher	 education	 participation	 has	 been	 critiqued	 by	

Davies	et	al.	 (2021)	as	offering	 limited	 linkage	to	ethnicity.	They	examined	the	role	of	

geographical	location	in	access	to	elite	universities.	They	emphasised	the	importance	of	

considering	 geographical	 distance	 to	 universities	 and	 location-based	 inequality.	

However,	 they	 found	that	 location	has	 little	 impact	on	progression	to	universities	and	

confirmed	 that	 social	 class	 and	 ethnicity	 remain	 the	 prevailing	 factors	 affecting	

progression	to	different	types	of	universities	in	the	UK.	But	they	also	found	that	there	is	

an	urban	escalator	for	access	to	elite	universities.	

	

Eventually,	the	regulator	attended	to	the	inequality	in	the	attainment	which	was	heavily	

reported	in	the	literature		(Tonks	and	Farr,	2003;	Ryan,	2011;	Williams,	2016),	namely	

the	 gap	 between	 BAME	 students	 and	 their	 White	 counterparts	 in	 terms	 of	 the	 final	

classification	of	their	degrees.	In	2015/16,	only	63%	of	BAME	students	achieved	first	or	

upper-second	class	degree	compared	with	78%	of	their	White	counterparts.	The	picture	

was	even	more	stark	when	it	came	to	Black	African	students	where	only	52%	achieved	

the	 same	 class	 of	 degree	 (Advance	HE,	 2017).	 	 Bunce	 et	 al.	 (2021)	 argued	 that	 for	 a	

university	 to	 successfully	 address	 this	 problem	 they	 have	 to	 go	 through	 a	 significant	

transformation.	 They	 suggested	 that,	 by	 addressing	 the	 causes	 of	lack	 of	 fulfilment,	
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competence	and	autonomy,	universities	can	achieve	significant	gains	towards	reducing	

this	gap.	In	2020,	the	Office	for	Students	published	a	report	analysing	the	submitted	plans	

by	universities	which	were	required	from	them	(Office	for	Students,	2020).	They	declared	

the	submitted	plans	as	a	promising	response.		

1.4.5 The	Discourse	of	Policy	and	the	Multiple	Stakeholders	

The	discourse	of	regulatory	performative	management	tends	to	have	multiple	aims;	the	

most	important	are:	

1. Provide	 the	 various	 stakeholders,	 including	 students,	 employers	 and	 research	

funders,	with	information	to	assist	them	in	their	decision-making	

2. Assure	the	quality	of	the	service	being	provided,	mainly	teaching	and	research	

3. Increase	 the	 accountability	 of	 the	 institutions,	 particularly	 as	 they	 receive	

taxpayers’	money.	

	

This	discourse	tend	to	be	influenced	by	political	ideology	and	the	accompanying	heated	

debate	about	the	nature	of	higher	education	as	to	whether	it	is	a	public	good	or	a	service	

commodity	(Williams,	2016;	Morrish,	2019;	Thiel,	2019).	

The	TEF,	for	example,	states	that	one	of	its	aims	is	to	assess	the		‘the	excellence	in	teaching	

at	universities’	and	to	 ‘help	students	choose	where	to	study’	 	 (The	Office	 for	Students,	

2020).	 The	 REF	 also	 states	 that	 its	 purpose	 is	 to	 provide	 accountability	 for	 public	

investment	 in	 research,	 establish	 “reputational	 yardsticks”	 and	 inform	 selective	

allocation	of	funding	research	(HEFCE,	2021).	

The	debate	about	the	mismatch	between	the	results	of	these	performative	initiatives	and	

their	 aims	 is	 likely	 to	 continue.	 A	 study	 by	 Vivian	 et	 al.	 (2019)	 found	 only	 15%	 of	

applicants	 used	 the	 TEF	 to	 help	 their	 decision-making	 process	 when	 applying	 to	

universities.	They	also	found	that	66%	of	students	thought	that	the	TEF	is	based	on	an	

official	inspection	visit	(which	is	false).	

However,	 it	 could	 be	 argued	 that	 the	 composite	 figures	 that	 are	 produced	 by	 these	

performative	measures	tend	to	be	used	by	different	stakeholders	differently	and	are	not	

always	in	tune	with	the	policy	aims.	For	example,	research-intensive	universities	tend	to	
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use	their	high	rating	in	research	to	enforce	selectivity	by	recruiting	students	with	high	

tariff,	 irrespective	of	 the	“excellence”	of	 teaching	that	the	TEF	purports	to	assess.	This	

study	will	test	the	impact	of	entry	tariff	on	performance	indicators’	outcomes.	

This	collision	between	the	results	of	the	various	performative	regimes	and	their	intended	

aims	may	cause	universities	to	shift	 focus	away	from	teaching	to	research	to	maintain	

their	reputation	as	perceived	by	the	employers.	This,	in	turn,	may	cause	another	inequity	

in	another	outcome	which	the	TEF	is	meant	to	measure,	namely	graduate	employability,	

as	 employers	 will	 select	 graduates	 from	 universities	 with	 “good	 reputation”,	 as	

mentioned	earlier.	

Another	objective	of	the	TEF	was	to	‘meet	the	needs	of	employers,	business,	industry	and	

the	professions.’	There	is	no	evidence	to	suggest	that	these	stakeholders	have	used	the	

TEF	results	 in	a	meaningful	way	(Vivian	et	al.,	2019).	This	study	will	explore	with	the	

participants	 in	 the	 qualitative	 phase	 how	 performance	 indicators	 impacted	 on	 their	

institutional	policy	and	reflect	on	their	intended	aims.	

A	strong	criticism	of	the	TEF	and	how	the	metrics	it	uses	are	mismatched	with		its	policy	

aim	was	presented	by	Frankham	(2017)	where	she	argued	that	‘The	highly	performative	

culture	of	higher	education,	encouraged	by	the	same	metrics	that	will	be	extended	through	

the	 TEF,	 is	 implicated	 then	 in	not	preparing	 students	 for	 the	 workplace.’	 She	 was	 also	

critical	 of	 the	 concept	 of	 “creating”	 a	 graduate	 that	 is	 employer-ready	 as	 there	 is	 no	

evidence	to	suggest	that	the	plethora	of	employability	initiatives	within	universities	have	

a	significant	impact	on	the	metric.	She	stated	that	academics	feel	a	shift	from	their	main	

duty	(teaching)	to	an	area	over	which	they	have	no	control	(employability).	

Barkas	et	al.	(2019)	also	questioned	whether	the	TEF	meets	its	objectives	and	whether	

students’	experience	will	be	improved	as	a	result	of	the	TEF.	They	argued	that	it	is	another	

layer	of	bureaucracy	introduced	into	the	sector	which	is	already	micro-managed	and	that	

the	TEF	is	driven	by	a	policy	of	marketisation.		

There	has	also	been	the	issue	of	the	financial	imperative	within	which	higher	education	

institutions	are	having	to	operate.	 	Parker	(2013)	argued	that	senior	managers	within	

universities,	in	meeting	the	expectation	of	external	stakeholders,	are	having	to	manage	

their	internal	financial	ambitions.	This	results	in	tension	between	internal	and	external	
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stakeholders.	 He	 also	 found	 that	 universities’	 financial	 strategies	 which	 re-organise	

universities’	educational	processes	as	products	with	the	aim	of	 increasing	 income	and	

knowledge	is	now	seen	as	intellectual	capital	being	maintained	as	a	financial	asset.	The	

result	of	this	change	in	accountability	culture	is	that	universities	are	now	taking	short-

term	financial	performance	culture	and	are	adopting	financial	concepts	such	as	subunit	

accountability.	The	subunit	accountability	is	the	concept	that	caused	the	closure	of	many	

subjects	as	they	were	not	financially	“accountable”	at	a	unit	level.		

The	 declaration	 of	 the	 regulatory	 policy	 that	 the	 information	 provided	 by	 the	

performance	 indicators	 is	meant	 to	serve	different	stakeholders	 leads	 to	 the	question,	

should	the	different	stakeholders	be	provided	with	same	information?	The	danger	of	the	

same-information-for-all	approach	is	that	each	stakeholder		will	attach	a	different	value	

to	 the	 information,	which	 is	 likely	 to	 be	 a	 value	 that	was	 not	 intended	 by	 the	 policy	

(Goglio,	2016).	

There	is	also	a	debate	around	whether	the	instruments	used	for	performative	measures	

have	actually	benefitted	universities	or	changed	the	informal	hierarchy	of	the	sector.	For	

example,	despite	new	universities	achieving	similar	score	to	old	universities	in	the	NSS,	

the	same	hierarchy	remains	(Boliver,	2015).	

1.5 Key	Terms	

The	quantitative	phase,	in	this	study,	utilised	a	multilevel	modelling	technique	to	analyse	

the	data.	This	modelling	technique	is	also	referred	to	as	mixed-effects	model.	This	study	

treats	the	two	terms	as	refering	to	the	same	model.	

The	dependent	variables	in	the	statistical	analysis	are	referred	to	as	the	outcomes	which	

are	the	values	of	the	performance	indicators.	

The	independent	variables	are	the	factors	which	are	tested	for	their	significant	effects	on	

the	outcomes.	They	are	also	referred	to	as	the	explanatory	variables.	
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1.6 Thesis	Outline	

Chapter	 2	 presents	 a	 literature	 review	 of	 the	 debate	 around	 the	 change	 of	 culture	 in	

higher	 education	 through	 a	 number	 of	 lenses,	 which	 include	 neoliberalism,	

managerialism,	new	public	management	(NPM)	and	performance	measurement	theory.	

Some	 of	 these	 concepts	 overlap,	 but	 they	 broadly	 describe	 the	 move	 away	 from	

universities	as	a	place	of	 intellectual	debate	and	open	liberal	discourse	to	entities	that	

need	to	be	managed	within	an	economic	context	and	have	their	outputs	measured	for	

quality,	utility	and	performativity.	The	chapter	critically	discusses	the	main	concepts	and	

theories	 raised	 in	 the	 literature.	 It	 also	 explains	 how	 this	 study	 fills	 the	 gap	 in	 the	

literature	 by	 providing	 analysis	 of	 the	 different	 discourses	 surrounding	 the	 use	 of	

performance	measurement	in	higher	education	

Chapter	 3	 presents	 the	mixed-method	 research	 adopted	 in	 this	 study,	 the	 philosophy	

followed,	and	description	of	the	quantitative	and	the	qualitative	phases.	It	also	describes	

the	data	set	collected,	how	the	participants	for	the	qualitative	phase	were	selected	and	

how	the	analysis	was	planned.	

Chapter	 4	 presents	 the	 results	 of	 the	 quantitative	 phase.	 It	 also	 provides	 descriptive	

statistics	for	all	the	factors	used	in	the	analysis	and	the	steps	followed	to	carry	out	the	

analysis.	 It	 discusses	 how	 the	 factors’	 significance	 on	 the	 performance	 indicators’	

outcomes	were	 tested	and	which	 factors	were	 found	 to	have	significant	effects	on	 the	

outcomes.	

Chapter	5	presents	the	results	of	the	qualitative	phase	with	the	main	themes	that	have	

emerged.	It	will	also	discuss	how	these	results	helped	answer	the	research	questions	and	

how	senior	leaders	from	the	sector,	who	participated	in	the	study,	reflected	on	the	results	

of	the	quantitative	phase.		

Chapter	6	discusses	the	findings	from	both	the	qualitative	and	the	quantitative	phase	and	

the	contribution	this	study	makes	to	the	literature.	It	also	discusses	the	extent	to	which	

the	research	questions	of	 this	study	have	been	answered	as	well	as	the	 literature	that	

supports	the	findings.		
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Chapter	7	concludes	the	study	discusses	the	implications	of	the	findings	on	policy	and	

practice.	Discussion	highlights	the	challenges	faced	during	the	study	and	include	some	

reflection	and	concluding	remarks.		
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Chapter	2: Higher	Education	Performance	Management	
(Literature	Review)	

2.1 Introduction	

For	 more	 than	 three	 decades,	 the	 higher	 education	 sector,	 particularly	 in	 the	 OECD	

countries,	 has	 been	 driven	 towards	 a	 market-economy	 style	 of	 management.	 The	

quantification	 of	 measuring	 performance	 and	 quality	 has	 become	 a	 common	 culture.	

However,	 the	 use	 of	 various	 performance	 indicators	 (PIs)	 has	 not	 always	 been	

straightforward.		

Current	literature	has	tried	to	debate	this	change	of	culture	through	many	lenses,	among	

them	neoliberalism,	managerialism,	new	public	management	 (NPM)	 and	performance	

measurement	theory	(Clarke	and	Newman,	1997;	Guthrie	and	Neumann,	2007;	Sellar	and	

Lingard,	2014;	Molin,	Turri	and	Agasisti,	2017;	Tomlinson,	Enders	and	Naidoo,	2020).	

Some	 of	 these	 concepts	 overlap,	 but	 they	 broadly	 describe	 the	 move	 away	 from	

universities	as	a	place	of	 intellectual	debate	and	open	liberal	discourse	to	entities	that	

need	to	be	managed	within	an	economic	context	and	have	their	outputs	measured	for	

quality,	 utility	 and	 performativity.	 The	 development	 of	 tools	 such	 as	 the	 National	

Students	Survey	(NSS)	and	the	Teaching	Excellence	Framework	(TEF)	are	a	manifestation	

of	 the	 increasing	 empirical	 approach	 that	 attempts	 to	 quantify	 the	 measurements	 of	

performance	within	higher	education	institutions	in	the	UK.	

This	 chapter	 aims	 to	 critically	 discuss	 the	 main	 concepts	 and	 theories	 raised	 in	 the	

literature.	It	will	also	explain	how	this	study	fills	the	gap	in	the	literature	by	providing	

analysis	 of	 current	 literature	 on	 the	 different	 discourses	 surrounding	 the	 use	 of	

performance	measurement	in	higher	education.	

The	theoretical	context	of	performance	measurement	systems,	neoliberalism	concepts,	

new	public	management	theory	and	managerialism	are	examined	in	order	to	produce	a	

theoretical	foundation	within	which	the	examination	of	performance	indicators	and	the	

institutional	responses	to	their	use	can	be	explained.	
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2.2 Higher	Education	and	Managerialism	

The	reform	agenda	in	higher	education	in	Europe	in	general	and	in	the	UK,	in	particular,	

was	not	only	driven	by	a	political	ideology,	but	also	by	a	technical	component	to	drive	

efficiency.	 This	 technical	 component	 was	 coined	 as	 managerialism	 or	 “new	

managerialism”	 in	 higher	 education	 (Deem,	 1998;	 Deem	 and	 Brehony,	 2005).	 Early	

authors	described	managerialism	as	‘a	cultural	formation	with	distinctive	set	of	ideologies	

and	practices	which	 form	one	 of	 the	 underpinnings	 of	 an	 emergent	 political	 settlement‘	

(Clarke	and	Newman,	1997,	p.	ix).	

Whilst,	undoubtedly,	the	new	public	management	thinking	has	influenced	reforms	of	the	

public	sector,	including	higher	education,	it	should	not	be	the	only	lens	through	which	

these	reforms	can	be	understood	and	analysed.	The	narrative	of	new	managerialism	in	

higher	education	is	evident	in	the	literature	and	its	language	manifest	itself	in	practice.	

Deem	and	Brehony	(2005)	focused	on	the	concept	of	“new	managerialism”	and	elevated	

it	to	an	ideology,	which	is	configured	by	a	number	of	practices	including	attainment	of	

financial	 target	 and	 publicly	 audited	 quality	 of	 service.	 They	 debated	 the	 difference	

between	the	two	concepts	of	“new	public	management”	and	“new	managerialism”	in	the	

context	of	higher	education.	They	highlighted	that	“new	managerialism”	has	a	political	

and	ideological	dimension	whilst	“new	public	management”	has	an	economic	dimension	

mainly	 focused	on	regulatory	and	technical	reforms	that	 leads	to	efficiency	and	public	

choice.	

Teelken	(2012)	highlighted	five	descriptions	of	managerialism	in	the	literature	and	which	

can	be	found	in	Hackett	(1990),	Hood	(1995),	Deem	(1998),	Maor	(1999)	and	Pollitt	and	

Bouckaert	 (2017).	The	descriptions	of	 “new	managerialism”	vary,	but	 they	all	 tend	 to	

exhibit	 common	 themes	 around	 structural	 and	 process	 change	 to	 drive	 efficiency,	

effectiveness	 and	 excellence.	 They	 also	 describe	 the	 utilisation	 of	 technical	 tools	 to	

implement	change	through	the	use	of	performance	management	and	technology.	These	

tools	lie	at	the	heart	of	the	managerialism	of	public	service,	including	higher	education.		

The	 influence	 of	 new	 managerialism	 is	 also	 associated	 with	 concepts	 such	 as	

decentralisation	and	transfer	of	control	from	the	state	to	executive	agencies.	However,	

the	freedom	given	to	managers	overseeing	executive	agencies,	to	exercise	more	control	
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over	policy	 implementation,	 should	be	 seen	 in	 a	 context	of	having	 less	 influence	over	

policy	formation	(Pollitt	and	Bouckaert,	2017).	

Clarke	and	Newman	(1997)	attributed	the	rise	of	managerialism	in	public	service	to	the	

rise	of	the	“new	right”	in	British	politics	in	the	1980s	and	1990s	and	their	attempts	to	face	

the	crisis	of	the	welfare	state.	This	new	political	ideology	attempted	to	realign	the	welfare	

state	with	a	new	social	contract	based	on	individual	responsibilities.	The	process	of	the	

deconstruction	of	the	post-Second	World	War	settled	social	contract	and	the	construction	

of	a	new	one	has	found	its	way	to	higher	education	in	a	profound	way.		

However,	the	prevalence	of	managerialism	in	UK	higher	education	cannot	be	attributed	

to	a	continuation	of	a	single	political	 ideology	(e.g.,	 the	“new	right”).	Managerialism	in	

higher	education	has	now	become	a	culture	of	continuous	reform.		The	introduction	of	

fees,	 by	 a	 Labour	 government,	 is	 an	 obvious	 example	 where	 the	 doctrine	 that	 those	

citizens	 who	 benefit	 most	 from	 a	 public	 service	 should	 pay	 for	 it,	 where	 they	 can,	

prevailed.	 The	 benefit	 in	 this	 case	 is	 achieved	 by	 graduates	 obtaining	 a	 highly	 paid	

employability	at	the	end	of	their	university	study.	This	has	led	to	the	increasing	emphasis	

on	 measuring	 employability	 of	 graduates	 (Harvey,	 2001;	 Tomlinson,	 2007;	 Ferlie,	

Musselin	 and	 Andresani,	 2008).	 Employability	 as	 a	 performance	 indicator	 has	 now	

become	 a	 performance	 target	 for	 senior	managers	within	UK	universities.	 It	 could	be	

argued	that	it	has	now	become	part	of	managerialism.	

Managerialism	in	the	public	sector	has	also	been	associated	with	political	repositioning	

of	political	parties	that	tend	to	be	on	the	left	of	the	political	centre.	In	the	UK,	New	Labour,	

under	 the	 leadership	 of	 Tony	 Blair	 as	 Prime	 Minister	 at	 the	 beginning	 of	 the	 new	

millennium,	adopted	a	managerialism	narrative	in	its	attempt	to	reposition	the	party	into	

the	political	centre	(Cutler	and	Waine,	2000).	

It	 is	 also	 argued	 that	 managerialism	 is	 a	 form	 of	 indirect	 rule	 that	 can	 be	 linked	 to	

colonialism	 where	 “naïve”	 institutions	 are	 co-opted	 or	 created	 as	 separate	 but	

subordinated	structure	 to	 the	 state.	These	 institutions	accept	 local	power	with	all	 the	

titles	and	the	symbolism	that	come	with	it	but	they	must	understand	that	this	power	can	

only	be	maintained	as	long	as	they	continue	to	render	services	as	demanded	by	the	state.	

The	amount	of	power,	that	they	have,	is	also	determined	by	the	state	(Cooke,	2003).	This	
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description	 of	 managerialism	 has	 some	manifestation	 in	 the	 current	 status	 of	 higher	

education.	

2.3 Higher	Education	and	Neoliberalism	

Harvey	(2007,	p.	2)	describes	neoliberalism	as	 ‘a	theory	of	political	economic	practices	

that	 proposes	 that	 human	 well-being	 can	 best	 be	 advanced	 by	 liberating	 individual	

entrepreneurial	 freedoms	 and	 skills	within	 an	 institutional	 framework	 characterized	 by	

strong	private	property	rights,	free	markets,	and	free	trade.’	

Neoliberal	 ideology	 was	 a	 significant	 driver	 for	 the	 creation	 of	 an	 international	

performative	 regime	 that	 allows	 global	 comparisons	 of	 performance	 data	 (Rizvi	 and	

Lingard,	2010;	Sellar	and	Lingard,	2014).		This	was	part	of	a	new	wave	of	public	sector	

reforms	 where	 the	 UK	 is	 credited	 with	 its	 start	 in	 the	 1980s	 under	 the	 Thatcher	

Conservative	government.	Promoters	of	public	policy	reforms	across	national	boundaries	

tend	to	be	large	international	organisations	such	as	the	World	Bank	and	the	OECD	(Ferlie,	

Musselin	and	Andresani,	2008).	Sellar	and	Lingard	(2014)	discussed	the	link	between	the	

widely	used	OECD’s	Programme	of	International	Students	Assessment	(PISA)	for	schools	

and	the	rise	of	neoliberal	globalisation	post	the	Cold	War.	

The	shift	of	policy	towards	education	in	general	under	neoliberalism	meant	that	it	is	now	

treated	 not	 as	 a	 social	 need,	 but	 as	 an	 economic	 lever,	 which	 can	 be	 influenced	 by	

economic	 policy.	 This	 required	 the	 creation	 of	 performance	 measurement	 using	 key	

performance	indicators	(KPIs)	that	can	be	compared	not	only	locally,	but	also	globally.		

Some	national	level	performance	indicators	of	higher	education	are	now	used	as	proxy	of	

the	nation’s	economic	competitiveness.		There	is	little	doubt	that	most	of	the	arguments	

used	to	create	a	performative	culture	in	schools	under	the	PISA	initiatives	are	deployed	

to	support	the	creation	of	a	similar	regime	within	higher	education	(Deem,	1998).	

Olssen	and	Peters	(2005)	linked	the	rise	of	neoliberalism	and	“new	public	management”	

theory	to	the	change	in	culture	within	higher	education	institutions.	They	assert	that	the	

influence	 of	 these	 two	 theories	 can	 be	 demonstrated	 by	 the	 way	 higher	 education	

institutions	 are	 now	 having	 to	 justify	 their	 existence	 through	 performativity	 and	

measured	outputs	instead	of	intellectual	debate	and	ideas	creation.	
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Neoliberalism	aims	to	use	 free-market	economy	principles	as	a	 tool	 to	enhance	public	

sector	performance	and	productivity.	This	approach	has	not	always	been	subscribed	to	

and	frequently	faces	resistance	(Rijcke	et	al.,	2016).	Neoliberal	thinking	is	driven	by	the	

belief	 that	markets	 are	more	 capable	 of	 regulating	 institutions	 than	 state	 regulations.	

Under	neoliberalism,	price	 is	believed	 to	be	 the	mechanism	 that	 regulates	 supply	and	

demand	as	well	as	rewards	high	quality	or	punishes	poor	quality.	

The	 measure	 of	 resistance	 to	 the	 application	 of	 the	 free-market	 concept	 to	 higher	

education	is	reflected	in	the	major	variation	in	universities	funding	regimes	across	the	

UK	four	nations.	England	has	adopted	the	most	pro-market	regime	by	opening	the	market	

to	 new	 providers	 with	 a	 high	 per	 student	 fee,	 though	 capped	 at	 £9,250	 (Office	 for	

Stduents,	2018).	Like	England,	Wales	adopted	high	fee	which	was	also	capped	at	£9,000	

(HEFCW,	2021)	.	In	Scotland,	there	is	no	fee	charged	to	students	for	their	first	degree	as	

universities	receive	a	grant	from	the	devolved	government,	but	student	places	are	capped	

(Scottish	 Funding	 Council,	 2022).	 Northern	 Ireland	 adopted	 a	mixed	 funding	 regime,	

where	universities	receive	a	block	grant	from	the	devolved	government	plus	the	tuition	

fees	 charged	 to	 students	which	 is	 capped	 at	 £4530	 for	 2021/22	 academic	 year	 (DfE,	

2022).	 Despite	 the	 variation	 in	 funding	 systems	 across	 the	 UK	 four	 nations	 and	 the	

inevitable	differences	in	financial	challenges	that	universities	in	each	nation	would	face,	

they	are	all	broadly	subjected	to	the	same	performative	regime.		

Giroux	(2002)	wrote	an	article	that	contained	a	scathing	attack	on	neoliberalism	and	its	

“corrosive”	 impact	 on	 higher	 education.	 He	 asserted	 that	 higher	 education	 must	 be	

treated	 as	 a	 public	 good	 and	 subjecting	 it	 to	 neoliberalism	 principles	 is	 not	 only	

dangerous	 but	 also	 undemocratic.	 	 He	 stated,	 ‘Neoliberalism	 has	 become	 the	 most	

dangerous	ideology	of	the	current	historical	moment’	(Giroux,	2002,	p.	425).	Whilst	this	is	

an	extreme	attack	on	neoliberalism,	other	milder	criticism	of	the	application	of	neoliberal	

economic	principles	to	higher	education	can	be	easily	found	in	the	literature	(Olssen	and	

Peters,	2005;	Hood	and	Dixon,	2010;	Moynihan	et	al.,	2012;	Tomlinson	et	al.,	2020).	The	

focus	 of	 this	 study	 is	 not	 on	 the	 ideological	 merit,	 or	 otherwise,	 of	 the	 principles	 of	

neoliberal	economy,	it	merely	deploys	it	as	one	of	the	contexts	within	which	the	results	

this	study	can	be	better	understood.	
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Mintz	 (2021,	 p.	 103)	 argued	 that	 the	 neoliberal	 concept	 of	 treating	 the	 student	 as	 a	

customer	is	in	itself	a	cost	driver	that	has	increased	the	financial	burden	on	students.	He	

argued	that	the	establishment	of	some	neoliberal	principles	as	conventional	wisdom	has	

now	obscured	the	lens	with	which	higher	education	can	be	seen	as	the	provision	of	broad	

liberal	education	that	is	‘a	staple	of	sustaining	democracy’.	

Some	argue	 that,	after	 the	global	 financial	 crisis	 in	2008	and	2009,	neoliberalism	was	

challenged	 as	 the	 near	 collapse	 of	 the	 global	 financial	 systems	 was	 attributed	 to	

neoliberal	economic	policy	(Kotz,	2009).	This	challenge	has	resulted	in	the	rethinking	of	

many	public	policies,	including	higher	education	policy.			

The	 spread	of	neoliberalism	 in	 the	1980s	 and	1990s	 in	higher	 education	 institutional	

practice	is	linked	to	the	shifting	of	power	from	faculty	to	university	managers.	This	has	

led	 to	 an	 increasing	 existence	 of	 corporatised	 culture	 where	 the	 use	 of	 performance	

measurement	systems	is	normalised	(Olssen	and	Peters,	2005).	

The	 increasing	 role	 with	 which	 universities	 are	 entrusted	 to	 develop	 knowledge,	

graduate	students	suitable	for	a	highly	skilled	economy	and	become	engines	for	economic	

growth	in	their	own	locality	has	meant	that	the	way	they	are	managed	will	have	to	be	

subjected	to	a	more	performative	culture	that	is	more	in	tune	with	the	dynamic	world	

economy	ethos.	Olssen	and	Peters	(2005)	compared	the	difference	in	governance	models	

universities	 face	 under	 neoliberal	 and	 classic	 liberal	 policies.	 They	 described	 that	

accountability	 under	 neoliberal	 thinking	 places	 greater	 emphasis	 on	 performance	

indicators	while,	under	traditional	liberal	thinking,	the	emphasis	is	on	peer	review.	

The	 opposition	 to	 application	 of	 neoliberal	 ideology	 to	 higher	 education	 has	 been	

highlighted	extensively	in	the	literature	as	an	ill-suited	ideology	to	universities	where	not	

all	 the	outputs	 can	be	 subjected	 to	 free	market	 forces	 (Giroux,	2010;	Chomsky,	2015;	

Cannella	 and	Koro-Ljungberg,	 2017;	Taylor,	 2017;	Mintz,	 2021).	However,	 it	 is	worth	

noting	 that	 the	 anti-neoliberalism	 literature	 in	 higher	 education	 has	 largely	 been	

normative	rather	than	empirical.	
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2.4 Higher	Education	and	Performance	Measurement	Theory	

Traditional	 measurement	 theory	 in	 physical	 sciences	 is	 well-established	 and	 its	

mathematical	 and	 philosophical	 underpinning	 are	 well-covered	 in	 the	 literature	

(Pfanzagl,	1973;	Narens,	1985;	Savage	and	Ehrlich,	2013).	Savage	and	Ehrlich	(2013,	p.	

13)	describe	contemporary	measurement	as	‘the	assignment	of	numbers	(numerals,	say	

the	nominalists)	to	entities	and	events	to	represent	their	properties	and	relations.’		

Measurement	 theory	 focuses	 on	 measuring	 properties	 of	 empirical	 objects	 such	 as	

physical	bodies	or	 soundwaves	 (Pfanzagl,	1973).	However,	 the	main	principles	of	 this	

theory	 have	 also	 found	 their	 way	 to	 information	 and	 social	 sciences.	 Measuring	

properties	of	objects	is	particularly	useful	as	it	allows	the	creation	of	relations	between	

objects	 (e.g.,	 the	 property	 size	 is	 useful	 to	 determine	whether	 one	 object	 is	 bigger	 or	

smaller	 than	 other	 objects	 or	 even	 its	 ranking	 in	 terms	 of	 size	 among	 other	 objects).	

Equally,	objects	could	be	equivalent	if	we	restrict	the	relation	to	one	property,	so	two	or	

more	objects	will	be	equal	if	they	all	have	the	same	measurement	for	that	property.	Whilst	

measurement	theory	facilitates	the	understanding	of	the	relations	between	objects,	 its	

focus	 is	 mainly	 on	 the	 measurement	 of	 the	 property	 (Pfanzagl,	 1973).	 This	 is	 a	

fundamental	concept	and	one	that	is	of	particular	interest	to	this	study,	as	it	(this	study)	

is	focused	not	only	on	the	measurement	of	performance	indicators	(the	properties),	but	

also	on	what	influences	the	outcome	of	these	measurement.	

In	measurement	 theory,	 objects	 differ	 or	 become	 distinct	 from	 each	 other	 by	 having	

different	measurements	of	their	properties.	 	An	object	is	often	described	or	defined	by	

the	measurement	of	its	collective	properties.	This	is	also	another	interesting	concept	for	

this	study.	This	study	deploys	a	set	of	properties	(characteristics	or	variables)	for	two	

classes	of	objects	(universities	and	cohorts)	and	measures	the	same	properties	for	each	

object	(a	university	or	a	cohort)	within	each	class.	Each	class	of	objects	has	its	own	set	of	

properties	which	are	being	measured.	

The	 use	 of	 language	 as	 a	 mean	 of	 representing	 the	 outcome	 of	 measurements	 is	

widespread	in	non-scientific	domains	where	an	accurate	measurement	is	not	essential.	

Colours	are	a	good	example	where	words	such	as	red,	yellow	and	orange	are	often	used	

to	describe	a	property.	Language	is	also	being	used	to	describe	the	relation	between	a	
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property	of	two	objects,	for	example	small	and	smaller.	However,	the	use	of	language	to	

describe	 properties	 is	 problematic,	 crude	 and	 does	 not	 accurately	 reflect	 the	 relation	

between	 properties.	 The	 need	 for	 quantitative	measurements	 has	 become	 a	 common	

desire	among	all	sciences,	including	social	science	(Pfanzagl,	1973;	Narens,	1985).	This	is	

another	interesting	concept	for	this	study	as	it	utilises	numerical	values	of	performance	

measurements	in	its	quantitative	analysis	phase.	

The	 argument	 of	 the	 limitations	 of	 the	 use	 of	 language	 to	 describe	measurements	 of	

properties	can	also	be	levied	against	the	TEF	rating	and	its	use	of	a	limited	set	of	words	

(Gold,	 Silver	 and	 Bronze)	 to	 describe	 performance	measurement	 (The	 Russell	 Group,	

2019).		

Studies	on	the	use	of	performance	indicators	in	higher	education	tend	to	be	theoretical	

and	 have	 rarely	 been	 empirical.	 However,	 there	 is	 evidence	 that	 the	 impact	 of	 the	

adoption	of	performance	measurement	systems	has	created	pressure	on	the	academic	

community	 to	 meet	 performance	 criteria	 and	 institutions	 have	 responded	 to	 them	

strategically	to	align	themselves	with	policy,	which	has	sometimes	resulted	in	unintended	

effects	(Rijcke	et	al.,	2016).		

One	of	the	unintended	effects	of	institutions	trying	to	align	their	goals	with	a	policy	of	

sector	wide	performance	system	is	mission	drift	or	“academic	drift”.	Neave	(1979)	made	

a	distinction	between	institutional	drift,	academic	drift	and	policy	drift	but	accepted	that	

the	three	are	related.	 	He	described	policy	drift	as	a	result	of	ambiguous	objectives	as	

formulated	 by	 policy	 makers	 which	 allows	 for	 different	 interpretations	 by	 different	

institutions	while	 institutional	 drift	 involves	 the	 inability,	 the	 unwillingness	 or	 faulty	

interpretation	by	institutions	which	in	turn	creates	a	departure	from	the	intended	policy	

objectives.	 He	 argued	 that	 academic	 drift	 is	 part	 of	 institutional	 drift	 which	 is	 the	

consequence	of	incorrect	interpretation	resulting	in	different	priorities	given	to	different	

academic	activities,	for	example	the	type	and	level	of	courses	offered.	

Teichler	(2010)	explained	that	the	continuous	diversification	of	the	sector	has	resulted	

in	“academic	drift”	where	universities	that	are	“less	noble”	started	to	imitate	the	“noble”	

ones	as	they	try	to	be	ranked	higher.	This	in	turn	enforced	a	vertical	diversification	of	the	

sector	while	the	policy	intended	to	promote	horizontal	diversification.	
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Frankham	(2017)	debated	the	mismatch	between	measures	used	in	the	TEF	and	their	

intended	goals.	For	example,	she	explains	that	the	measure	for	employability	in	the	TEF	

does	not	match	employers’	expectation	as	an	indicator	for	employability.	This	highlights	

that	the	current	indicator	of	the	percentage	of	graduates	in	work	is	not	a	proxy	for	the	

percentage	 of	 “employer	 ready”	 graduates	 which	 employers	 are	 seeking	 (Frankham,	

2017).	 It	could	also	be	argued	that	 focusing	on	producing	“employer	ready”	graduates	

may	 not	 be	 possible	 to	 achieve	 in	 a	 university	 despite	 the	 many	 initiatives	 being	

implemented.	This	is	because	such	a	goal,	inevitably,	has	in-work	skills	components	that	

the	 graduate	 can	 only	 obtain	 once	 employed.	 It	 also	 highlights	 the	 tension	 between	

improving	the	score	of	a	performance	indicator	by	introducing	various	initiatives,	which	

inevitably	will	be	at	the	expense	of	the	space	available	for	other	academic	and	intellectual	

activities,	which	is	seen	by	many	academics	as	a	core	function	of	universities.	This	shift	

towards	using	the	employability	of	graduates	as	a	primary	performance	indicator	instead	

of	being	a	secondary	indicator,	has	triggered	many	heated	debates	(Harvey,	2001;	Tymon,	

2013).	 Many	 have	 questioned	 whether	 this	 indicator	 is	 a	 measure	 of	 institutional	

performance	 or	 graduates’	 ability	 (Hillage	 and	 Pollard,	 1998;	 Tomlinson,	 2007).	 This	

study	aims	 to	distinguish	between	 the	 impact	of	 institutional	 level	 characteristics	and	

cohort	(graduates)	level	characteristics	on	the	outcome	of	such	indicators.	

Measuring	 performance	 in	 higher	 education	 represents	 a	 bigger	 challenge	 compared	

with	other	public	services,	such	as	public	infrastructure	(Molin,	Turri	and	Agasisti,	2017).	

Higher	education	outputs	tend	to	be	impacted	by	multidimensional	factors.	The	simple	

measurements	 of	 metrics	 or	 indicators	 currently	 used	 to	 evaluate	 the	 quality,	

effectiveness	or	efficiency	of	higher	education	 tend	 to	 ignore	 this	multidimensionality	

and	allow	for	untested	hypotheses	to	be	promoted	as	facts.		

Neoliberalism,	as	explained	earlier,	considers	higher	education	as	an	economic	lever	that	

can	achieve	goals	such	as	creating	capital	from	the	knowledge	it	produces,	adding	wealth	

to	 the	nation	 through	 the	 economic	 activities	 that	 it	 undertakes,	 such	 as	 spending	on	

research	or	its	own	infrastructure	of	buildings,	and	increasing	the	competitiveness	of	the	
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economy	 by	 producing	 highly	 skilled	 graduates.	 In	 order	 to	 achieve	 these	 goals,	

neoliberalism	 advocates	 subjecting	 higher	 education	 institutions	 to	 the	 principles	 of	

market-economy,	including	the	need	for	a	publicly	available	performance	measurement	

that	facilitates	choice	and	allows	the	market	to	regulate	price.		

However,	the	research	in	this	study	tests	whether	current	performance	indicators,	such	

as	 the	 TEF,	measure	 the	 achievement	 of	 these	 goals	 or	 they	 are	merely	measures	 of	

outputs	that	are	influenced	by	other	factors.	This	study	examined,	in	a	deductive	manner,	

how	institutions	responded	to	the	current	performative	regimes.		

This	study	also	examined	quantitatively	how	two	dimensions	of	factors	influence	these	

indicators.	The	analysis	will	test	the	impact	of	institutional	level	and	cohort	level	factors	

(characteristics)	on	indicators,	some	of	which	are	currently	used	in	the	TEF	to	evaluate	

institutional	performance.	The	two	levels	(the	institutional	and	the	cohort)	representing	

the	two	dimensions	have	a	set	of	characteristics	of	each	that	can	be	examined.	

There	 is	 evidence	 that	 the	 performativity	 culture	 created	 pressure	 on	 academics	 and	

institutions	to	meet	certain	performance	indicators	thresholds	as	determined	by	central	

authority	 or	 a	 regulator.	 However,	 institutions	 tend	 to	 respond	 strategically	 to	

interventionist	 measurement	 systems	 that	 impact	 funding	 with	 policies	 that	 have	

unintended	consequences		(Rijcke	et	al.,	2016).	For	example,	a	poorly	preforming	STEM	

subject	 in	 a	 university	 may	 be	 closed	 down	 as	 its	 funding	 is	 threatened	 whilst	 the	

government	policy	is	to	promote	STEM	subjects.		

Molin	et	al.	(2017)	studied	the	Brunetta	reforms	in	the	Italian	universities	which	started	

in	2009	and	found	that,	in	many	cases,	universities	responded	to	the	reforms	as	a	matter	

of	 compliance	 and	 not	 because	 they	 serve	 a	 strategic	 purpose.	 They	 also	 found	 that	

‘academics	were	extraneous	to	the	managerial	system	that	the	reform	wanted	to	apply	in	

universities.’		These	two	points	highlight	two	areas	where	empirical	research	is	lacking	

in	 higher	 education.	 There	 is	 a	 need	 to	 investigate	 the	 appropriateness	 of	 current	

performance	measurement	approaches	and	their	fitness	for	use	by	managers	in	a	market-

oriented	environment	within	which	universities	are	meant	to	operate.		

Guthrie	and	Neumann	(2007)	investigated	the	performance-driven	environment	in	the	

Australian	Higher	Education	sector	and	found	that	the	rise	of	a	performance	driven,	and	
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market-oriented	culture	has	allowed	financial	and	economic	indicators	to	dominate	the	

evaluation	 of	 university	 activities.	 This	 study	 also	 observed	 that	 the	 construction	 of	

performance	 indicators	 is	a	difficult	and	complex	task,	particularly	as	the	outcomes	of	

these	indictors	are	influenced	by	an	array	of	factors,	some	of	which	are	external	factors	

outside	the	control	of	the	institutions.	This	is	an	important	observation	for	this	study	as	

it	 investigates	 the	 impact	 of	 some	 external	 factors	 on	 the	 outcome	 of	 performance	

indicators	used	in	the	UK.	

The	higher	education	sector	 in	the	OECD	countries	has	been	going	through	a	series	of	

reforms	 which	 aim,	 predominantly,	 to	 transform	 universities	 to	 goal-oriented	

organisations	(Molin,	Turri	and	Agasisti,	2017).	However,	these	reforms	have	not	always	

been	 without	 tension	 among	 the	 various	 stakeholders	 or	 even	 contradiction	 in	 their	

goals.	For	example,	using	completion	rate	as	a	performance	indicator	in	the	TEF	could	

lead	to	contradictory	interpretation,	on	one	hand	a	higher	pass	rate,	which,	in	turn,	leads	

to	a	higher	completion	and	indicates	good	performance,	according	to	this	indicator,	and,	

on	the	other,	academics	may	interpret	this	as	a	lowering	of	quality,	the	goal	that	is	meant	

to	be	measured	by	this	indicator.	

Some	studies	argued	that	one	of	the	key	challenges	of	the	public	sector	reform	agenda	

remains	 the	 creation	 of	 a	 performance	 management	 system	 with	 measurement	 and	

indicators	 that	 serve	 the	 achievement	 of	 the	 intended	 goals.	 However,	 the	 literature	

suggests	 that	 a	 large	 number	 of	 public	 sector	 performance	management	 systems	 are	

focused	 on	 the	 need	 of	 the	 end	 customer	 or	 the	 receivers	 of	 the	 public	 service.	 This	

approach	is	oversimplistic	and	ignores	the	need	of	multiple	stakeholders	 in	the	public	

sector	who	often	have	different	needs	and	agendas	(Bendheim	et	al.,	1998;	Bryson,	2004;	

McAdam	et	al.,	2005)	

The	principal-agent	model	was	deployed	as	a	tool	by	Heinrich	and	Marschke	(2010)	to	

study	 the	design	and	 the	 implementation	of	performance	management	systems	 in	 the	

public	sector.	They	found	that	the	practice	of	measuring	value-added	is	most	developed	

in	 education	 compared	with	 other	 public	 services.	 They	 also	 observed	 that,	 with	 the	

growing	 availability	 of	 performance	 data	 for	 various	 measures,	 the	 possibility	 of	

attributing	a	certain	outcome	 to	 the	receipt	of	public	 service	has	expanded.	They	also	

argued	that,	with	the	existence	of	formalised	data	in	performance	management	system,	
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it	is	possible	to	identify	the	effect	of	public	service	using	these	data.	However,	they	stated	

that	the	focus	on	quantitative	measures	alone	for	public	sector	outcomes	is	likely	to	be	

imperfect	and	other	tools	should	be	investigated	to	better	understand	and	manage	public	

sector	performance.	They	also	criticised	the	“linear”	approach	adopted	in	public	sector	

performance	 measurement	 systems,	 particularly	 in	 education.	 They	 argued	 that	 the	

linear	approach	to	measurement	 focuses	effort	on	 improving	an	 initial	score	or	 target	

which	may	 lead	 to	high-stake	decisions	of	 closing	educational	 institutions	 that	do	not	

meet	the	target.	They	supported,	instead,	the	use	of	other	non-linear	measures	such	as	

value-added	in	education	to	avoid	such	high-stake	decisions.		

Hood	 and	Dixon	 	 (2010)	 questioned	 the	 political	 benefits	 of	 imposing	 a	 performance	

management	 regime	 on	 public	 services,	 particularly	 in	 health	 and	 education.	 They	

studied	 the	 impact	 of	 the	 introduction	 of	 a	 public	 management	 system	 with	 targets	

(performance	indicators),	during	the	Labour	government	in	the	UK	between	1997	and	

2005,	on	political	benefits.	They	focused	on	three	types	of	benefits:	Policy	or	Ideological	

Benefits	(PIBs),	Symbolic	Benefits	(SB)	and	Direct	Electoral	Benefits	(DEBs).	They	argued	

that,	 whilst	 there	 may	 have	 been	 some	 Symbolic	 Benefits	 (SBs)	 and	 Direct	 Electoral	

Benefits	 (DEBs),	 politicians	 at	 the	 time	 were	 primarily	 driven	 by	 the	 Policy	 and	

Ideological	Benefits	(PIBs).	However,	they	found	it	difficult	to	relate	a	logical	reason	or	

evidence	 that	 confirms	 the	 need	 for	 a	 performance	measurement	 system	 in	 order	 to	

achieve	 an	 ideological	 policy	 of	 making	 the	 public	 sector	 more	 efficient.	 This	 study	

accepts	 that	 the	widespread	 use	 of	 performance	measurement	 in	 higher	 education	 is	

primarily	driven	by	an	ideological	policy	mainly	founded	in	neoliberalism.		

Moynihan	et	al.	(2012)	examined	the	theory	of	performance	management	and	its	effect	

on	the	public	sector,	including	public	higher	education	institutions.	They	suggested	that	

the	 perceived	 social	 impact	 of	 employees’	work	 reflects	 how	 they	 report	 their	 use	 of	

performance	data.	They	found	positive	effect	of	both	the	meaningful	uses	of	performance	

information	to	improve	effectiveness	and	the	political	uses	of	the	data	to	promote	reform	

programmes.	 However,	 they	 linked	 this	 positive	 effect	 to	 individuals	 being	 able	 to	

recognise	 the	 purpose	 and	 the	meaningfulness	 of	 their	 role	 and	 the	 public	 authority	

linking	the	performance	management	system	to	the	prosocial	values	that	 it	 intends	to	

achieve.	
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The	introduction	of	a	performance-driven	regime	in	higher	education	has	been	linked	to	

the	change	of	relationship	between	governments	(state	funders)	and	higher	education	

institutions.	The	new	relationship	is	one	where	the	state	sees	funding	higher	education	

as	an	investment	for	which	a	return	should	be	accounted.	The	need	to	expand	the	number	

of	students	joining	universities	with	limited	extra	resources	from	government,	required	

institutions	not	only	to	grow	non-governmental	income	but	also	to	justify	how	efficiently	

they	use	government	resources	(Alexander,	2000;	Molin,	Turri	and	Agasisti,	2017).		

Unlike	the	TEF	in	the	UK,	the	Australian	Government	in	addition	to	quality	and	research	

metrics,	 used	 financial	 metrics	 as	 performance	 indicators	 to	 judge	 the	 overall	

performance	of	universities	(Guthrie	and	Neumann,	2007).		

This	study,	presented	in	this	thesis,	testes	whether	the	financial	profile	(overall	income)	

of	an	institution	has	an	impact	on	any	of	the	selected	performance	indicators.	

Olssen	and	Peters	(2005)	stated,	more	explicitly,	that	the	rise	of	neoliberalism	is	the	main	

driver	 for	 the	 increased	 performance	 measurement	 culture	 in	 higher	 education.	 The	

neoliberalism	 doctrine	 requires	 universities	 to	 adopt	 performative	 criteria	 not	 only	

nationally,	 but	 also	 globally	with	 focus	 on	measuring	 outputs.	 It	 is	 often	 argued	 that	

performance	measurement	is	an	essential	element	of	a	market-oriented	economy	as	an	

enabler	of	consumer	choice	and	price	determination	(Olssen	and	Peters,	2005;	Guthrie	

and	Neumann,	2007).	

Cutler	and	Waine	(2000)	argued	that,	in	the	UK,	the	“New	Labour”	Government,	which	

took	 over	 from	 the	 Conservative	 Government	 in	 1997,	 continued	 to	 embrace	

managerialism	 in	 the	 public	 sector,	 which	was	 initially	 introduced	 by	 a	 Conservative	

Government.	 New	 Labour	 introduced	 an	 adapted	 form	 of	 managerialism,	 “reformed	

managerialism”,	 by	 adding	performance	measurement	 to	 the	 concept	 and	 creating	 an	

element	of	a	market	by	separating	the	purchasers	of	the	public	service	from	the	provider.	

Cutler	and	Waine	(2000)	explained	that	inevitably	tension	arose	between	performance	

measures	and	performance	management.	 	Managers	were	responsible	for	the	imposed	

performance	measures,	but	they	had	to	also	balance	these	measures	with	the	institution’s	

own	targets.	Hayes	(2017)	used	the	employability	indicator	in	the	TEF,	which	focuses	on	

UK-domiciled	 students	 and	 ignores	 international	 students,	 as	 an	 example	 of	 tension	
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between	 the	 indicator	 	 the	 goal	 is	 meant	 to	 serve	 and	 the	 institutional	 goal.	 The	

government	goal	 is	to	get	a	return	on	its	 investment	by	ensuring	higher	employability	

among	 graduates	 and	 the	 institution	 may	 have	 a	 goal	 of	 increasing	 the	 number	 of	

international	students.	By	the	exclusion	of	international	students	from	the	indicator,	 it	

becomes	a	partial	 indicator	 as	 it	does	not	 represent	 the	whole	body	of	 students.	This	

study	 tested	whether	 the	 percentage	 of	 international	 students	 among	 a	 cohort	 has	 a	

significant	impact	on	the	outcomes	of	performance	indicators	for	UK	universities.	

There	was	also	the	issue	of	what	should	be	measured	to	ensure	the	achievement	of	goals	

and	whether	the	performances	indicators	selected	were	actually	measuring	the	correct	

outcomes.	 In	 some	 cases,	 there	 is	 an	 in-built	 tension	 between	 some	 performance	

indicators	(e.g.,	 completion	rates	and	quality	ratings).	After	more	than	two	decades	of	

reforms,	 the	 same	 argument	 is	 still	 deployed	 with	 regard	 to	 the	 relatively	 new	 TEF	

indicators	(Frankham,	2017;	Hayes,	2017).	

Moynihan	et	al.	(2012)	argued	that	performance	measures	that	serve	well-understood	

social	values	are	more	likely	to	be	subscribed	to	by	public	servants	(e.g.,	academics	 in	

public	universities).	They	believed	that	public	servants	who	see	a	strong	social	impact	of	

their	work	are	likely	to	accept	performance	indicators.	including	those	that	have	external	

political	use.	

McAdam	 et	 al.	 (2005)	 found	 that,	 whilst	 performance	 measurement,	 in	 some	 public	

settings,	 is	perceived	as	beneficial,	 the	business	objectives	of	 the	organisation	are	not	

always	aligned	with	staff	reward	and	recognition	systems.	There	is	also	the	question	of	

whether	 a	 centrally	 enforced	 performance	 measurement	 is	 aligned	 with	 the	

organisation’s	 own	 business	 objectives.	 The	 issue	 of	 the	 alignment	 of	 current	

performance	measurement	systems	with	universities’	own	performance	indicators	will	

be	examined	in	the	qualitative	phase	of	this	study.		

2.5 Higher	Education	and	New	Public	Management	(NPM)	

The	origin	of	the	doctrine	of		New	Public	Management	(NPM)	can	be	traced	back	to	the	

wave	 of	 reform	 of	 the	 public	 sectors	 in	 the	 UK	 in	 the	 1980s	 and	 90s,	 though	 similar	

concepts	can	also	be	found	in	New	Zealand,	Australia	and	Sweden	(Barzelay,	2001;	Ferlie,	

Musselin	and	Andresani,	2008).	The	various	definitions	of	New	Public	Management	rely	
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predominantly	on	three	main	pillars:	the	first	is	that	public	services	should	be	subjected	

to	 market	 or	 quasi-market	 conditions,	 the	 second	 is	 that	 the	 performance	 of	 public	

services	should	be	measured	and	the	utility	of	its	outputs	should	be	audited	and	justified,	

and	 the	 third	 is	 that	 political	 authority	 should	 delegate	 policy	 implementation	 to	

executive	agencies	that	are	empowered	with	a	managerial	rather	than	collegiate	culture	

(Andresani	and	Ferlie,	2006).	

Ferlie	et	al.	(2008)	adopted	a	new	public	management	perspective	in	their	analysis	of	the	

major	change	that	European	higher	education	has	gone	through.	They	point	out	that	this	

is	an	 important	perspective	as	most	European,	but	also	US,	higher	education,	 remains	

publicly	funded.	They	observed	that,	while	NPM	influence	can	be	seen	worldwide,	the	UK	

remains	a	key	exporter	of	NPM	reforms.	

Heinrich	and	Marschke	(2010)	asserted	that	the	performance	management	doctrine	that	

was	adopted	by	NPM	and	which	remains	dominant	 in	public	sector	management,	was	

influenced	by	the	agent	theory.	The	premise	is	that	agents’	narratives	of	what	is	provided	

are	often	influenced	by	their	preferences;	therefore,	collecting	quantitative	information	

about	the	services	provided	instead	of	public	servants	narratives	should	result	in	more	

independent	 indicators	 of	 	 performance	 (Heinrich	 and	 Marschke,	 2010;	 Moynihan,	

Pandey	and	Wright,	2012).	

Some	have	argued	that	the	doctrine	of	NPM	is	on	the	wane	and	that	one	of	its	themes,	

disintegration,	is	being	reversed	by	a	theme	of	integration	or	re-integration	using	digital	

technology	 (Dunleavy	 et	 al.,	 2006).	 In	 an	 article	 controversially	 titled	 New	 Public	

Management	Is	Dead—Long	Live	Digital-Era	Governance,	Dunleavy	et	al.	(2006)	argued	

that	Digital-Era	Governance	(DRG)	can	offer	a	more	sustained	changed	than	NPM	through	

connecting	organisations	and	reintroducing	central	processes.	The	merit	of	this	view	is	

primarily	based	on	the	ability	of	digital	technology	to	integrate	units	of	bureaucracy	and	

agencies.	However,	it	could	be	equally	argued	that	DRG	can	be	employed	to	increase	the	

efficiency	 of	 the	 different	 agencies,	 collect	 and	 process	 aggregated	 information	 about	

performance,	and	provide	more	transparency	to	aid	choice,	all	of	which	are	part	of	NPM	

theory.	
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In	response	to	Dunleavy	et	al.’s	(2006)	article,	Vries,	(2010,	p.	3)	asserted	that	‘NPM	is	not	

really	dead:	parts	of	it	are	still	very	much	alive.’	He	put	forward	four	arguments	against	

Dunleavy	et	al.'s	(2006)	proposition	that	NPM	is	dead.	The	first	is	that	NPM	is	not	a	unified	

abstraction	of	ideas,	as	suggested,	but	has	different	manifestation	in	practice	depending	

on	the	country	and	the	political	set	up.	The	second	is	that	DEG	is	actually	part	of	NPM	and	

has	been	deployed	to	enhance	governance.	The	third	is	that	DEG	is	a	combination	of	two	

concepts:	digital	technology	and	governance.	The	fourth	is	that	focusing	on	one	element	

of	NPM	is	a	too	rigid	approach.		

It	is	evident	that	the	application	of	the	NPM	paradigm	has	been	influenced	by	the	context	

within	which	 higher	 education	 institutions	 are	 located	 and	possess.	Higher	 education	

institutions	 often	 operate	 within	 multiple	 contexts:	 local,	 regional,	 national	 and	

international.	These	multiple	contexts	are	not	always	equally	treated	in	terms	of	policy,	

but	inevitably	generate	multiple	networks	of	stakeholders.	One	the	underlining	themes	

of	NPM	is	democratisation	of	public	services	to	respond	to	public	interest.	This	theme,	in	

UK	 higher	 education,	 has	 always	 been	 debated	 to	 highlight	 the	 tension	 between	 its	

underlining	theory	and	its	implementation	in	practice.	While	some	form	of	participation	

from	stakeholders.	such	as	students,	academic	staff,	 interest	groups	and	non-academic	

staff,	 exists	 on	 universities	 boards,	 the	 rise	 of	managerialism	 in	 higher	 education	 has	

meant	 further	 concentration	 of	 power	 in	 the	 hands	 of	 fewer	 senior	 executives	 in	

universities	(Ferlie,	Musselin	and	Andresani,	2008).	

Ferlie	et	al.	(2008)	define	three	roles	of	the	state	that	have	steered	the	reform	of	higher	

education	 along	with	 other	 public	 services.	 These	 are	 a	more	managerial	 sector	with	

many	instruments	of	governance,	the	“the	hollowing	out”	of	the	nation	state	functions	in	

favour	 of	 other	 actors,	 such	 as	 multinational	 corporations,	 and	 the	 “democratic	

revitalisation”	of	public	services	with	more	participation	from	the	citizens	receiving	the	

service	and	other	stakeholders	in	the	governance	of	public	institutions.	They	described	

three	narratives	for	these	roles:	the	first	was	the	new	public	management	narrative	which	

is	 linked	 to	 the	managerialism	of	 the	 sector,	 the	 second	was	 the	network	 governance	

narrative	which	is	linked	to	the	“hollowing	out”	of	the	state	role	by	creating	a	network	of	

social	actors	to	cope	with	the	oversight	required	for	the	outsourced	state	functions,	and	

the	 third	 was	 the	 “Neo-Weberian”	 narrative	 which	 is	 linked	 to	 the	 democratic	

revitalisation	 role	 by	 the	 operationalisation	 of	 the	 democratic	 reforms.	 In	 higher	
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education,	it	is	likely	that	reforms	followed	a	mixture	of	the	three	narratives	by	varying	

degrees	 in	 different	 European	 countries.	 However,	 the	 UK	 higher	 education	

performatives	 instruments	such	as	 the	Teaching	Excellence	Framework	(TEF)	and	the	

Research	 Excellence	 Framework	 (REF)	 point	 to	 a	 more	 classical	 view	 of	 the	 NPM	

narrative.	

Other	 recent	 narratives	 that	 appear	 to	 compete	 with	 the	 NPM	 narrative,	 such	 as	

governance	or	network-governance,	have	also	been	described	as	inheriting	many	of	the	

NPM	 traditional	 characteristic	 and	 that	 a	 “multiparagdigmatic”	model	 of	 ethical	 and	

organisation	theories	should	be	adopted	for	public	sector	reforms	(Andresani	and	Ferlie,	

2006).	

It	was	also	suggested	that	the	two	paradigms	of	NPM	and	governance	co-exist	in	current	

public	sector	practice	rather	than	compete	(Andresani	and	Ferlie,	2006).	

A	review	of	UK	university	governance	over	the	last	century	was	conducted	by	(Shattock,	

2017).	He	argued	that	despite	the	considerable	changes	to	the	distribution	of	authority	

in	 governance	 structure	which	was	 predominantly	 influenced	 by	 external	 factors,	 the	

overall	 statuary	 framework	 remained	 the	 same.	 Government	 imposed	 changes	 to	

university	governance	has	been	rare	except	for	the	Education	Reform	act	in	1988	which	

affected	 former	 polytechnics	 and	 in	 part	 was	 a	 response	 to	 demands	 from	 the	

polytechnics	 themselves.	 However,	 there	 is	 no	 doubt	 that	 the	 UK	 government	 has	

frequently	 demanded	 changes	 to	 the	 higher	 education	 sector.	 It	 is	 argued	 that	 the	

government	used	predominantly	the	instrument	of	funding	to	influences	these	changes.	

An	example	of	the	use	of	funding	to	influence	change	was	the	introduction	of	student	fee	

to	develop	a	market	as	an	 instrument	of	government	policy.	 It	 is	also	argued	 that	 the	

introduction	of	the	Office	for	Students	in	2018	as	a	regulator	of	the	sector	is	seen	as	an	

attempt	to	influence	system	governance	and	not	institutional	governance	(Shattock	and	

Horvath,	2019b).		It	is	interesting	that	most	of	the	leaders	of	the	sector	view,	as	report	by	

(Shattock	and	Horvath,	2019a),	is	that	while	current	university	governance	is	not	perfect,	

it	is	best	“left	unchanged”.	This	view	was	explained	by	the	concern	that	any	major	change	

to	 the	 institutional	 governance	 is	 likely	 to	 invite	 further	 unwelcomed	 government	

interference	in	the	sector	



55	

2.6 The	Widening	Access	and	Participation	Challenge	

In	2004,	the	UK	government	set	up	the	Office	for	Fair	Access	(OFFA)	to	promote	access	to	

higher	 education	 for	 people	 from	 lower	 income	 backgrounds	 and	 other	 under-

represented	groups	(OFFA,	2018).	Although	OFFA	was	set	up	with	a	responsibility	 for	

English	 institutions,	 there	 were	 similar	 approaches	 taken	 by	 the	 devolved	

administrations	in	Scotland,	Northern	Ireland	and	Wales.	In	2018	the	responsibility	of	

the	OFFA	was	passed	on	the	new	regulator,	the	Office	for	Students.	The	access	agreement	

that	institutions	used	to	sign	with	OFFA	is	now	replaced	with	Access	and	Participation	

plans,	discussed	in	Chapter	1.	

The	approach	adopted	by	the	funding	councils	in	the	UK	for	widening	access	by	focusing	

on	geographical	area	with	low	participation	rates	in	higher	education	has	been	criticised	

almost	as	soon	as	OFFA	was	set	up.	A	study	by	Osborne	and	Shuttleworth	(2004)	has	

criticised	 the	 approach	 based	 on	 post-code	 rather	 than	 individual	 characteristics	 and	

argued	that	it	was	unjust.	

Despite	the	data	from	the	Department	for	Education	(DfE)	for	England	show	impressive	

increase	 in	 the	 participation	 rates	 among	 lower	 socioeconomic	 groups	 (students	

receiving	free	school	meal)	from	14.2%	in	2005/06	academic	year	to	26.3%	in	2018/19;	

it	also	shows	an	equally	impressive	rise	among	those	not	receiving	free	school	meal	from	

33.5%	to	45.1%	for	the	same	period.	The	gap	between	the	two	groups	has	hardly	moved;	

it	was	19.2%	in	2005/06	and	after	fourteen	years	of	effort,	it	has	dropped	by	only	0.4%	

to	18.8%	(DfE,	2020).		

A	similar	picture	can	be	observed	when	 looking	at	 the	 figures	 for	access	 to	high	 tariff	

universities.	Progression	 rate	 to	high	 tariff	universities	among	students	 receiving	 free	

school	meal	went	up	from	1.7%	in	2008/09	academic	year	to	4.1%	in	2018/19;	while	it	

has	risen	among	those	not	receiving	 free	school	meal	 from	8.2%	to	12%	for	 the	same	

period.	In	fact,	students	from	the	higher	socioeconomic	group	(not	receiving	free	school	

meal)	have	achieved	a	higher	rate	of	increase	in	accessing	high	tariff	universities	(3.8%)	

compared	with	2.4%	achieved	by	their	counterparts	who	receive	free	school	meal.	The	

gap	between	the	two	groups	in	accessing	high	tariff	university	has	actually	widened	from	

6.5%	in	2008/9	to	7.9%	in	2018/19	(see	Table	2.1).	
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Academic	
year	

Progression	
rate	 Free	
School	Meal	

Progression	
rate	 -	 No	
Free	 School	
Meal	

High	 Tariff	
progression	
rate	 Free	
School	Meal	

High	 Tariff	
progression	
rate	No	Free	
School	Meal	

Progression	
rate	gap	

High	 Tariff	
progression	
rate	gap	

2005/06	 14.2	 33.5	 :	 :	 19.2	 :	
2006/07	 15.1	 34	 :	 :	 18.9	 :	
2007/08	 15.9	 33.9	 :	 :	 18	 :	
2008/09	 17.4	 34.9	 1.7	 8.2	 17.6	 6.5	
2009/10	 18.6	 36.2	 2	 9.4	 17.6	 7.4	
2010/11	 19.8	 37.4	 2.4	 9.5	 17.7	 7	
2011/12	 20.3	 38.3	 2.8	 10.6	 18	 7.8	
2012/13	 21.3	 38.8	 2.4	 9.5	 17.5	 7.1	
2013/14	 22.3	 39.1	 2.7	 10	 16.8	 7.3	
2014/15	 24.1	 41.6	 3.3	 11.4	 17.5	 8.1	
2015/16	 25.7	 43.3	 3.2	 11.4	 17.6	 8.3	
2016/17	 26.2	 43.9	 3.1	 10.9	 17.7	 7.8	
2017/18	 26.3	 44.9	 3.4	 11.2	 18.6	 7.8	
2018/19	 26.3	 45.1	 4.1	 12	 18.8	 7.9	

Table	2.1	Progression	and	high	tariff	progression	in	England	(DfE,	2020)	

It	is	also	worth	noting	that	the	DfE	data	also	show	that	White	young	males	from	the	lower	

socioeconomic	group	(receiving	school	meal)	are	now	the	ethnic	group	that	is	the	least	

likely	to	progress	to	higher	education	with	a	participation	rate	of	13.6%	compared	with	

an	average	of	42.5%	for	all	groups	in	England	for	2018/19.	

A	 study	 by	 Evans	 et	 al.	 (2019)	 argued	 that	 despite	 the	 effort	 to	 address	 patterns	 of	

participation	in	higher	education,	there	is	a	divergence	among		universities	in	how	they	

interpret	the	policy	and	their	interpretation	tend	to	reflect	institution-specific-contexts.	

They	 argued	 that	 the	 implication	 of	 this	 divergence	 is	 the	 continuation	 of	 the	

reproduction	of	the	university	hierarchies	in	the	UK	and	social	inequality.	

2.7 The	National	Students	Survey	(NSS)	

The	NSS	 is	 a	UK-wide	 survey	distributed	mainly	 to	 final	 year	undergraduate	 students	

around	the	spring	term.	It	contains	27	core	questions	(see	Office	for	Students,	2021).	The	
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current	questions	surveys	students’	satisfaction	of	eight	aspects	of	their	course:	Teaching	

on	 my	 course,	 learning	 opportunities,	 assessment	 &	 feedback,	 academic	 support,	

organisation	&	management,	learning	resources,	learning	community	and	student	voice.	

One	question	asks	students	about	their	overall	satisfaction	with	the	quality	of	the	course.	

This	question	tends	to	attract	a	lot	of	attention,	particularly	from	media	and	marketing	

agencies.	 The	 survey	 uses	 a	 5-point	 Likert	 scale	 that	 ranges	 from	Definitely	 Agree	 to	

Definitely	Disagree.	Students	select	one	response	 from	the	 five	available	 in	relation	to	

statements	about	the	eight	aspects	of	the	course	for	the	first	27	questions.	

The	 TEF	 uses	 aggregated	 answers	 for	 the	 three	 aspects	 in	 the	 questionnaire	 as	

performance	indicators	in	determining	the	final	rating	of	universities.	The	three	aspects	

are:	 Teaching	 on	 my	 course,	 assessment	 &	 feedback	 and	 academic	 support.	 The	

quantitative	 phase	 of	 this	 study	 will	 analyse	 how	 other	 factors	 at	 cohort	 level	 and	

institutional	level	impact	on	the	outcome	of	these	three	aspects.	NSS	data	for	four	years	

will	be	used	in	the	analysis.	

Since	its	launch	in	the	UK,	in	2005,	the	National	Students	Survey	(NSS)	has	been	subject	

to	numerous	studies	(Richardson	et	al.,	2007;	Williams	and	Cappuccini-Ansfield,	2007;	

Cheng	and	Marsh,	2010;	Fielding	et	al.,	2010;	Bennett	and	Kane,	2014;	Orr	et	al.,	2014)	It	

is	also	widely	used	to	rank	universities	in	a	number	of	published	league	tables.	

Analysis	of	historical	data	from	traditional	student	satisfaction	surveys	was	studied	by	

Kane	 et	 al.	 (2008)	 to	 assess	 the	 result	 of	 actions	 taken	 by	 institutions	 in	 response	 to	

students’	 feedback.	 They	 observed	 that	 analysing	 historical	 data	 about	 students’	

satisfaction	provides	a	balanced	view	to	counter	other	views	that	may	be	taken	by	the	

media	or	policy	makers.	Kane	et	al.	(2008,	p.143)	stated	that:		

‘Historical	 student	 feedback	 data	 clearly	 demonstrate	 that	 some	 of	 the	 main	

concerns	raised	in	national,	snap-shot	surveys,	such	as	the	UK's	NSS,	have	existed	for	

many	years	and	that	many	institutions	have	in	reality	been	successfully	addressing	

these	issues.	The	data	indicate	that	immediate	solutions	are	unlikely	to	be	found	and	

that	any	solutions	take	time	to	be	reflected	in	student	surveys	for	some	years.’		

Analysis	of	NSS	data	for	a	number	of	homogenous	subjects	was	reported	in	the	literature,	

including	Art	&	Design	(Yorke,	Orr	and	Blair,	2014)	and	more	general	science	subjects	
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(Fielding,	Dunleavy	and	Langan,	2010).	A	study	by	Bell	and	Brooks	(2018)	found	that	the	

degree	of	satisfaction,	as	measured	by	the	NSS,	varies	by	the	type	of	subject,	with	students	

on	clinical	and	humanities	degrees	being	the	most	satisfied,	and	those	on	engineering	and	

media	 studies	 the	 least.	 Their	 analysis	 focused	 on	 the	 variations	 of	 satisfaction,	 as	

measured	by	the	NSS,	among	geographical	regions	and	found	that	students	studying	in	

institutions	based	in	London	are	the	least	satisfied	whilst	students	studying	in	Northern	

Ireland	and	the	Northeast	were	the	most.	The	analysis	in	this	study	selected	London	as	

an	 independent	variable	 to	 test	 for	 its	 impact	on	performance	 indicators.	Bennett	and	

Kane	(2014)	reported	that	students	with	different	learning	orientation	and	different	level	

of	 engagement	might	 interpret	 questions	 in	 the	 survey	 differently.	 They	 reported	 the	

results	for	students	with	low	level	of	engagement	as	markedly	different	from	others.	They	

also	 suggested	 that	 students’	 responses	 could	 be	 influenced	 by	 cultural	 or	 personal	

background	 factors.	 They	 cast	 doubt	 on	 the	 validity	 of	 aggregating	 responses	 since	

students	with	different	characteristics	interpret	the	meaning	of	the	questions	differently;	

therefore,	 different	 students	 would,	 in	 effect,	 be	 responding	 to	 different	 questions.	

However,	the	study	did	not	account	for	the	variations	among	the	responses	of	groups	of	

students	with	different	characteristics	or	the	size	of	the	group	with	the	most	pronounced	

differences	 among	 respondents.	The	 study	also	did	not	 test	whether	 the	variations	 in	

responses	among	 the	different	 group	of	 students	were	 sufficiently	 significant	 that	 the	

aggregation	of	responses	would	be	invalid.	

This	study	accounts	for	students’	characteristics	by	measuring	for	the	impact	of	students’	

socioeconomic	background	and	their	entry	tariff	on	outcomes.	

Williams	 and	 Cappuccini-Ansfield	 (2007)	 compared	 responses	 from	 the	 NSS	 with	 an	

internal	university	Students	Satisfaction	Surveys	(SSS)	using	mean	scores	of	responses.	

They	reported	that	the	two	types	of	surveys	are	very	different	instruments	designed	for	

different	purposes	and	should	be	used	as	such.	They	suggested	that	the	requirement	for	

accountability,	both	to	students	within	institutions	and	to	public	where	taxpayers’	money	

is	involved,	means	that	surveying	students	for	feedback	is	here	to	stay,	both	at	a	local	and	

national	level.	

Yorke	et	al.	(2014)	conducted	a	qualitative	study	to	test	students’	understanding	of	NSS	

statements	within	the	Art	&	Design	subject	areas.	They	interviewed	twelve	students	from	
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two	 post-1992	 institutions.	 The	 study	 explored	 whether	 Art	 &	 Design	 students’	

understanding	of	the	information	requested	by	the	NSS	statements	was	consistent	with	

the	 understanding	 of	 students	 from	 other	 subjects.	 They	 used	 two	 years’	 aggregated	

sector	data	for	subjects	rather	than	overall	data	for	institutions	to	highlight	pronounced	

differences	in	ratings	between	the	Art	&	Design	subject	and	other	subjects.	They	reported	

that,	 based	 on	 the	 results	 of	 interviews,	 Art	 &	Design	 students’	 understanding	 of	 the	

statements	may	differ	 from	 the	understanding	 of	 the	 same	 statements	 by	 students	 in	

other	subjects.	They	explained	that	this	difference	in	understanding	is	likely	to	be	due	to	

the	nature	of	the	subject.	However,	no	students	from	other	subjects	were	interviewed.	

They	also	suggested	that	some	features	of	the	subject	(Art	&	Design)	may	lead	to	lower	

ratings	of	the	subject	given	the	generic	nature	of	the	NSS.	

Fielding	et	al.	(2010)	used	univariate	and	multivariate	analysis	to	compare	NSS	responses	

within	 similar	 subjects	 (Science).	 They	 analysed	 a	 data	 set	 for	 one	 year	 (2006)	 and	

compared	the	national	means	of	responses	for	nine	science	subjects	(Biological	Science,	

Physical	 Sciences,	 Physical	 Geography,	 Maths,	 Computer	 Sciences,	 Mechanical	

Engineering,	Electrical	Engineering,	Technology,	and	Human	Geography).	They	reported	

assessment	and	feedback	as	having	the	lowest	level	of	satisfaction	and	learning	resources	

as	having	the	highest.		They	found	significant	differences	in	responses	among	subjects	in	

terms	of	both	mean	responses	and	the	variation	in	responses	in	these	subject	groupings.	

This	 provides	 some	 important	 evidence	 that	 the	 combination	 of	 subjects	 within	 an	

institution	may	have	an	impact	on	the	outcomes.	This	study	is	testing	for	the	impact	of	

the	number	of	subjects	within	an	institution	on	the	outcomes	of	the	selected	performance	

indicators.	

Langan	et	al.	(2013)	analysed	three	years’	NSS	data	(2007-2009),	each	year	separately	

for	 Science,	 Engineering	 and	 Maths	 subjects,	 and	 found	 that	 groups	 of	 traditional	

universities	 that	 focused	more	 on	 research,	 such	 as	 the	 Russell	 group,	 outperformed	

newer	universities,	such	as	post-1992	universities,	in	overall	satisfaction.		

Cheng	and	Marsh	(2010,	p.	693)	used	a	multilevel	model	to	analyse	NSS	data	for	two	years	

(2005-6)	and	found	that	‘although	NSS	responses	provide	a	limited	basis	for	discriminating	

amongst	universities	and	courses	within	universities,	the	ratings	of	universities	are	highly	



60	

reliable	and	stable	over	time.’	They	questioned	the	usefulness	of	using	the	NSS	in	rating	

universities	and	whether	it	achieves	its	intended	purpose.		

There	 is	 a	 strong	 literature	 in	 the	 field	 of	 Students’	 Evaluation	 of	 Teaching	 (SETs),	

particularly	in	the	area	of	Applied	Psychology	(Ginns,	Prosser	and	Barrie,	2007;	Marsh,	

2007).		Although	most	of	this	research	focused	on	ratings	of	teachers	and	their	practices,	

some	 research	 focused	 on	 students’	 perception	 of	 other	 dimensions	 of	 the	 learning	

environment	(e.g.,	Lizzio	et	al.,	2002).	SETs	are	considered	to	be	primarily	a	function	of	

the	instructor	who	teaches	a	class	rather	than	the	class	that	is	taught.	

2.8 The	Teaching	Excellence	Framework	(TEF)	

The	Teaching	Excellence	Framework	(TEF)	was	 first	published	 in	2017	and	 is	used	to	

award	 a	 rating	 of	 Gold,	 Silver	 or	 Bronze	 to	 the	 teaching	 quality	 of	 universities	 and	

colleges.	 It	 is	 described	 by	 the	 English	 Higher	 Education	 Regulator	 (The	 Office	 for	

Students)	 as	 ‘The	 Teaching	 Excellence	 and	 Student	 Outcomes	 Framework	 (TEF)	 is	 a	

national	 exercise,	 introduced	 by	 the	 government	 in	 England.	 It	 assesses	 excellence	 in	

teaching	 at	 universities	 and	 colleges,	 and	 how	 each	 higher	 education	 provider	 ensures	

excellent	 outcomes	 for	 their	 students	 in	 terms	 of	 graduate-level	 employment	 or	 further	

study’	(The	office	for	Students,	2020).	

The	purpose	of	the	TEF	has	been	described	in	the	TEF	framework	specification	published	

by	the	UK	Department	for	Education	(DfE,	2017)	as	a	way	of:	

• Better	informing	students’	choices	about	what	and	where	to	study		

• Raising	esteem	for	teaching		

• Recognising	and	rewarding	excellent	teaching		

• Better	meeting	the	needs	of	employers,	business,	industry,	and	the	professions	

The	scope	of	the	TEF	covers	only	provisions	for	undergraduate	awards	by	universities	in	

the	UK	and	excludes	awards	by	UK	universities	overseas.		

A	brief	 history	of	 the	TEF	 can	 also	be	 found	 in	 the	 report	 by	 the	 sector’s	 association,	

Universities	UK,	about	the	future	of	the	TEF	(Universities	UK,	2019a).	
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The	TEF	was	seen	as	an	attempt	to	balance	current	focus	of	university	evaluations	using	

the	Research	Excellence	Framework	 (REF)	by	providing	an	evaluation	mechanism	 for	

teaching	using	the	same	underlining	principles	(Canning,	2019).	

Key	 issues	 in	 the	 development	 of	 the	 Teaching	 Excellence	 and	 Student	 Outcomes	

Framework	in	Higher	Education	have	been	subject	to	various	debates	by	the	sector	in	the	

UK	(The	Russell	Group,	2019;	Universities	UK,	2019a).	Gunn	(2018)	explored	the	context	

of	 its	 development	 as	 a	 further	 government	 tool	 for	 providing	 information	 about	 the	

performance	 of	 the	 sector	 alongside	 the	 Research	 Excellence	 Framework	 (REF).	 	 He	

argued	that	the	TEF	rationale	was	to	try	to	make	a	“market”	by	providing	demand	side	

information	 to	 students	 to	 facilitate	 choice	 and	 supply	 side	 information	 to	 determine	

price.	There	is	currently	no	strong	empirical	evidence	that	the	information	provided	by	

the	TEF	has	significantly	influenced	choice	and	the	price	has	broadly	remained	the	same	

for	UK	students	across	the	sector	(Universities	UK,	2019a).	The	TEF	is	relatively	new	and	

it	may	 take	 some	 time	before	 such	evidence	 to	emerge.	However,	 the	Universities	UK	

(2019,	p.	29)	report	which	considered	the	whole	pool	of	applicants	for	the	academic	year	

2018-19	found	that	only	‘3%	of	all	January	deadline	applicants	in	2018	knew	what	the	TEF	

was	and	found	the	awards	extremely	important	when	deciding	where	to	apply.	A	further	7%	

of	 all	 applicants	 found	 the	 TEF	 awards	 important,	 and	 5%	 said	 they	 were	 slightly	

important.’	The	report	also	doubts	if	the	TEF,	in	its	current	format,	achieves	its	aims	and	

recommended	 further	 development	 to	 be	 undertaken	 to	 ensure	 consistency	 of	 the	

framework	with	its	aim.		

Gunn	(2018,	p.	135)	noted	that	the	TEF	object	of	measuring	is	the	“teaching	mission”	of	

the	university,	but	stated	that	this	mission	has	a	wider	context	and	includes	factors	such	

as	 ‘entry	 requirements,	 applicant	 information,	 access	 agreements	 and	 widening	

participation.’	 	 This	 study	 concurs	with	 this	 view	 and	 tests	 for	 the	 impact	 of	 cohort’s	

characteristics	such	as	entry	tariff,	gender,	ethnicity	and	socioeconomic	background.		

Morrish	 	2019)	disputes	 that	poor	TEF	rating	can	only	be	attributed	 to	poor	 teaching	

without	considering	other	multiple	causes	that	result	in	differential	outcomes.	This	study	

investigated	the	impact	of	many	factors	that	characterise	both	cohorts	and	institutions	

on	the	teaching	score	used	in	the	TEF.	
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The	TEF	introduction	has	reignited	the	debate	about	neoliberalism	in	higher	education.	

Its	associated	narratives	and	performance	indicators	are	seen	as	a	further	realignment	

with	neoliberal	principles	(Morrish,	2019).	

Tomlinson	et	al.	 (2020)	used	Bourdieu’s	 concept	of	 symbolic	violence	 to	demonstrate	

how	 the	 TEF	 has	 been	 used	 to	 facilitate	 the	 operation	 of	 market	 policy	 and	 further	

establish	neoliberal	policy	in	higher	education.		The	use	of	symbolic	violence	as	a	concept	

to	analyse	the	introduction	of	the	TEF	is	interesting	as	it	implies	that	the	submission	to	

the	 implementation	of	 the	TEF	can	only	happen	with	 the	agreement	of	 those	who	are	

going	 to	 implement	 it.	Tomlinson	et	 al.	 (2020)	described	 the	TEF	measurement	as	an	

important	 component	 of	 symbolic	 violence	 as	 it	 influences	 the	 behaviours	 of	 actors	

within	the	system.	They	used	the	symbolic	violence	concept	to	explain	how	neoliberal	

government	policy	such	as	the	TEF	is	presented	to	the	sector	as	serving	its	interest	as	

well	 as	 the	 students’	 interest	 while	 subtly	 reconfiguring	 the	 culture	 to	 create	 an	

acceptance	to	the	marketisation	of	higher	education	as	a	natural	process.		

Using	 the	 notion	 of	 “hyperreality”	 developed	 by	 the	 French	 philosophers	 Baudrillard	

(2016),	 Canning	 (2019)	 argued	 that	 the	 use	 of	 certain	 language	 such	 as	 “teaching	

excellence”	assumes	that	excellence	is	something	that	can	be	objectively	measured.	He	

stated	 that	 this	 language	 denies	 the	 academic	 community	 from	 focusing	 on	 other	

language	that	can	lead	to	real	improvements	in	education.	He	further	argued	that	calls	for	

improving	the	TEF	by	merely	changing	its	metrics	is	not	sufficient	and,	while	empirical	

research	in	education	is	valuable,	it	could	by	itself,	i.e.,	without	other	types	of	research,	

be	constraining.	

There	 remains	 some	 tension	 between	 the	 policy	makers	 of	 the	 TEF	 and	 some	 higher	

education	 providers.	 For	 example,	 the	 UK	 Russell	 Group	 of	 Universities	 (The	 Russell	

Group,	2019)	demanded	the	removal	of	the	“grade	inflation	metric”	in	the	TEF	and	that	

more	weighting	 should	be	 given	 to	 absolute	 values	 of	 the	metrics	 and	 sector	 average	

scores.	This	study	uses	the	absolute	value	of	the	metrics	in	its	quantitative	analysis.	The	

group	 has	 also	 recommended	 that	 future	 TEF	 should	 replace	 the	 current	 “simplistic”	

rating	system	of	Gold,	Silver	and	Bronze	by	a	profile	approach,	which	could	provide	more	

information	on	a	dashboard	style	where	comparisons	between	institutions	can	be	made.	

The	group	and	the	sector	rejected	the	proposal	of	subject-level	TEF,	which	has	now	been	
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abandoned	by	the	government	(The	Russell	Group,	2019;	Universities	UK,	2019a).	The	

sector	highlighted	a	number	of	weakness	 in	adopting	a	subject-level	TEF	(The	Russell	

Group,	2019).	These	are	included	in	Table	2.2.	

Issue	 Weakness	

Number	of	students	 The	 number	 of	 students	 on	 some	 courses	 are	 too	 small	 to	

generate	a	meaningful	measure.	The	aggregation	of	courses	

into	subject	may	not	serve	the	purpose	of	the	measurement.	

Subject	groupings	 The	current	subject	groupings	are	not	sufficiently	coherent	as	

courses	 grouped	 within	 a	 subject	 often	 adopt	 different	

approaches	to	teaching.	

Subject-level	TEF	 Subject-level	 TEF	 could	 be	 based	 on	 subject	 with	 small	

number	that	risks	random	year-on-year	variation	that	is	not	

significant.	This	is	an	important	observation	for	this	study	as	

it	supports	this	study	approach	of	using	longitudinal	data	for	

four	years.	

Subjects	 too	 small	 to	

report	

Large	number	of	universities	(87%)	have	at	least	one	subject	

that	is	too	small	to	report.	This	means	that	institutional	rating	

would	be	based	on	partial	data.	This	is	another	observation	

that	supports	the	approach	adopted	in	this	study.	This	study	

used	the	data	for	all	subjects	within	a	university.	

Subjects	 with	 highly	

skilled	employment	

Universities	 offering	 certain	 subjects	 with	 an	 extremely	

highly	 skilled	 employment	 such	 as	medicine,	 dentistry	 and	

nursing	 could	 lead	 to	 a	 large	 number	 of	 “gold”	 ratings	

awarded	to	courses	in	these	subjects	and	leave	others	with	a	

“bronze”	 rating.	This	may	affect	demand	 for	 “bronze”	 rated	

courses	 and	 could	 encourage	 universities	 to	 close	 these	

courses.	 	 This	 study	 tests	 for	 the	 impact	 of	 the	 number	 of	

subjects	 offered	 by	 a	 university	 as	 well	 as	 its	 students	

population	size.		

Table	2.2	Weaknesses	in	adopting	subject-level	TEF	
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The	TEF	has	been	further	criticised	for	not	including	international	students	data	in	some	

of	its	metrics	(Hayes,	2017).	This	study	considered	the	impact	of	the	domicile	of	students	

(UK	versus	non-UK)	on	the	performance	indicators.	

2.9 Summary		

The	constant	reference	in	the	literature	to	the	multifaceted	nature	of	higher	education	

and	the	multiplicity	of	factors	that	impact	its	outcomes	provides	a	strong	rationale	for	

this	study.	This	study	did	not	only	investigate	the	impact	of	multiple	factors	on	higher	

education	outcomes,	but	also	sought	to	understand	multiple	perspectives.	

The	literature	reviewed	in	this	chapter	highlights	the	complexity	of	measuring	“teaching	

excellence”	 and	 that	 multiple	 factors	 affect	 the	 outcome	 of	 such	 measurement.	 This	

finding	 supports	 the	 approach	 taken	 by	 this	 study	 as	 it	 tested	 the	 impact	 of	multiple	

factors	on	the	outcomes	of	universities.	

In	this	chapter,	it	was	demonstrated	that	reforms	of	higher	education,	particularly	in	the	

UK,	were	influenced	by	many	narratives	and	theories.	The	four	dominant	narratives	are:	

Neoliberalism;	 performance	 management	 theory;	 new	 public	 management;	 and	

managerialism.	 It	 is	also	evident	 that	 the	construction	of	 the	current	higher	education	

performance	 measurement	 system	 and	 its	 indicators	 is	 influenced	 by	 these	 four	

narratives	and	their	underpinning	theories.	

While	 these	 four	 narratives	 and	 theories	 share	 common	 themes,	 each	 has	 formed	 a	

distinct	body	of	literature.	It	would	be	unreasonable	to	state	that	they	build	on	each	other	

or	 that	 they	 were	 developed	 in	 a	 sequential	 manner	 it	 terms	 of	 time.	 In	 fact,	 the	

development	 of	 their	 main	 concepts	 overlapped	 in	 time,	 philosophy	 and	 political	

ideology.	

It	 could	 be	 argued	 that	 neoliberalism	 in	 higher	 education	 received	 the	 most	 critical	

literature	and	was	seen	as	the	policy	narrative	that	created	the	most	tension	within	the	

sector.	However,	one	of	 its	main	concepts,	 that	 is	 subjecting	higher	education	 to	 free-

market	 forces,	 remained	 evident	 in	 contemporary	 literature	 and	 practice.	 This	 is	 an	

important	 understanding	 because	 it	 has	 created	 a	 common	 acceptance	 that,	 like	 any	

public	service	 that	 is	 subjected	 to	 the	 free-market,	higher	education	service	providers	
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should	 provide	 the	market	 with	 the	 information	 required	 for	 the	market	 to	 function	

efficiently.		

Higher	education	reforms	borrowed	heavily	from	performance	management	theory.	This	

is	because	 the	need	 to	distinguish	between	entities	 (universities)	 in	 the	 sector	and	 to	

evaluate	the	relations	between	universities	and	their	stakeholders,	meant	quantitative	

(numerical)	performance	indicators	were	needed	to	facilitate	this	distinction.	

It	would	be	simplistic	to	argue	that	the	desire	by	governments	to	create	a	performative	

culture	in	higher	education	was	only	ideologically-driven.	The	reality	of	the	new	dynamic	

economy	meant	that	the	market	required	the	supply	of	more	highly	skilled	labour,	which	

can	only	be	provided	by	education	(Alexander,	2000).	Since	the	taxpayers	were	to	pay,	at	

least	initially,	for	this	extra	supply,	it	was	inevitable	that	some	form	of	accountability	had	

to	be	introduced.	

The	tension	between	policy	makers,	universities	managers	and	faculty	would	remain	as	

long	 as	 divergent	 objectives	 of	 the	 use	 of	 performance	 indicators	 continue	 to	 exist	

between	 the	 parties,	 particularly	 when	 these	 indicators	 are	 linked	 to	 funding.	 The	

understanding	 of	 what	 impact	 these	 indicators	 have	 would	 help	 create	 better	

understanding	of	 their	use	and	should	 lead	to	the	reduction	of	 the	tension.	One	of	 the	

aims	of	this	study	is	to	identify	factors	that	impact	the	main	performance	indicators	used	

in	the	UK	and	how	they	are	perceived	by	senior	managers	in	the	sector.	

Despite	the	many	criticism	of	theories	and	ideologies	that	underpinned	recent	reforms	in	

higher	education,	particularly	its	heavy	reliance	on	performance	measurement	systems,	

some	 still	 argue	 that,	 with	 time,	 sufficient	 information	 and	 appropriate	 analysis	

techniques,	it	will	be	possible	to	measure	the	effects	of	public	services	using	data	alone	

(Heinrich	and	Marschke,	2010).	

It	would	also	be	unfair	to	describe	public	sector	reform	in	the	last	three	decades	as	being	

directionless	 or	 themeless.	 However,	 it	would	 be	 fair	 to	 say	 that	 the	 reform	was	 not	

uniformly	 applied	 globally	 or	 applied	with	 the	 same	 intensity,	 even	 among	 the	OECD	

countries.		Pollitt	and	Bouckaert	(2017)	identified	five	themes	that	gained	international	

prominence.	These	are:	
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• The	 development	 of	 joined-up	 service/government	 with	 its	 associated	

terminology	such	as	one	stop	shop	and	single	portal.	

• The	adoption	of	e-government	which	helps	in	the	implantation	of	the	theme	above.	

This	was	also	aided	by	the	advance	of	digital	technology	and	the	internet.	

• Increased	 networking	 and	 partnership	 by	 involving	 other	 social	 partners	 and	

stakeholders.	

• The	drive	towards	more	transparency	and	open	government.	

• An	 increasing	 support	 for	 politicians	 by	 surrounding	 them	 with	 professional	

advisers	and	media	consultants.	

All	these	themes	are	helped	by	an	increasing	power	of	digital	technology	that	can	collect,	

process	 and	 transmit	 information	 systematically	 at	 an	 instantaneous	 speed.	 The	

emergence	of	big	data	as	a	field	of	technology	also	allows	the	processing	of	a	large	amount	

of	 longitudinal	 data	 representing	multidimensional	 aspects	 of	 issues	 being	measured.		

Facilitated	by	 easily	 accessible	 computer	power,	 this	 study	utilised	 a	 large	 amount	 of	

longitudinal	data	collected	systematically	through	a	central	agency	(HESA)	to	analyse	the	

interaction	between	a	reasonably	large	number	of	variables.	This	would	have	not	been	

possible	three	decades	ago.	

The	 variation	 of	 the	 outcomes	 of	 performance	 indicators	 based	 on	 subjects	 studied,	

location	and	research	intensity	of	universities	demonstrated	by	various	studies	(Fielding,	

Dunleavy	 and	 Langan,	 2010;	 Langan,	 Dunleavy	 and	 Fielding,	 2013;	 Bell	 and	 Brooks,	

2018),	discussed	in	the	above	sections,	supports	the	selection	of	the	dependant	variables	

in	this	study.		In	this	study,	cohort	level	characteristics	(variables)	were	analysed	using	

overall	 institutional	 cohort	 data	 as	 opposed	 to	 subject	 level	 data.	 Institutional	 level	

characteristics	were	also	selected	to	test	for	the	impact	of	the	number	of	subjects	taught	

within	 an	 institution	 as	well	 as	 the	 research	 income	 of	 the	 institution	 as	 a	 proxy	 for	

research	intensity.	

The	various	studies	(e.g.,	Heinrich	and	Marschke,	2010;	Canning,	2019)	indicated	that	the	

need	 to	 adopt	 a	 research	 approach,	 to	 study	 performance	management	 in	 the	 public	

sector,	that	does	not	rely	solely	on	empirical	or	quantitative	methods,	gives	credence	to	

the	mixed	methods	research	approach	adopted	in	this	study.	
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The	shift	of	power	from	faculty	to	administrators	within	universities	has	alarmed	many	

educationalists	 (Ginsberg,	 2011).	 In	 his	 book	The	 Fall	 of	 the	 Faculty,	 Ginsberg	 (2011)	

warns	 of	 the	 danger	 of	 this	 shift	 and	 its	 negative	 impact	 on	 the	 main	 purpose	 of	

universities	as	places	of	free	intellectual	debate	where	ideas	and	theories	are	formed	and	

tested.	He	argued	that	this	shift	must	be	halted	and	reversed	if	universities	are	to	remain	

places	 where	 knowledge	 is	 created	 and	 disseminated.	 He	 argued	 that	 checks	 on	 the	

performance	 of	 administrators	 should	 include	 how	 they	 strengthened	 teaching	 and	

research	within	their	institutions	and	not	just	how	they	managed	the	finances.	

The	rich	debate	in	the	literature	about	managing	the	performance	of	higher	education	is	

certainly	coloured	by	political	ideology	and	underpinned	by	various	empirical	and	social	

theories,	all	of	which	have	certainly	been	developed	in	universities,	as	Ginsberg	(2011)	

admitted.	 	 The	 attempt	 to	 understand	 those	 factors	 that	 impact	 higher	 education	

institutional	performance	is	certainly	a	big	challenge	and	is	being	attempted	in	this	study.	

Despite	 the	establishment	of	various	performative	mechanisms	 in	 the	UK,	 such	as	 the	

NSS,	TEF,	REF	and	the	newly	introduced	KEF	(Knowledge	Exchange	Framework),	(UKRI,	

2021),	 the	 two	 essential	 pillars	 of	 neoliberal	 economy,	 consumer	 choice	 and	market	

determination	of	price,	remain	largely	determined	by	other	factors	or	the	state.	

This	 study	 investigated	 how	UK	universities	 responded	 to	 the	 outcomes	 of	 published	

performance	 indicators	 in	 an	 environment	where	 price	 remains	 somehow	 controlled	

centrally	and	choice	is	determined	by	other	factors	or	agencies.	This	is	a	typical	research	

problem	where	a	mixed	methods	research	approach	is	best	suited	(see	Chapter	3).	This	

study	 aims	 to	 quantitatively	 test	 the	 factors	 that	 significantly	 impact	 performance	

indicators	 and	 qualitatively	 gain	 insight	 into	 universities’	 senior	 administrators’	

interpretation	of	these	indicators	and	how	they	respond	to	them.	Similar	studies	in	the	

literature	are	scant.	
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Chapter	3: Research	Methods		

3.1 Introduction	

This	chapter	outlines	a	proposed	research	method	for	the	study	of	the	impact	of	factors	

at	 two	 levels	 (institutional	 level	 and	 cohort	 level)	 on	 the	 outcomes	 of	 university	

performance	indicators.		The	selected	indicators	are	similar	to	those	used	in	the	United	

Kingdom’s	(UKs)	Teaching	Excellence	Framework	(TEF)	to	determine	a	rating	for	English	

universities	(Gold,	Silver	or	Bronze).	The	study	presents	the	findings	of	the	quantitative	

analyses	to	a	number	of	senior	managers	in	UK	universities	to	gauge	their	perspectives.	

The	aim	is	to	provide	greater	understanding	of	how	institutional	and	cohort	level	factors	

impact	 the	 outcomes	 of	 the	 selected	 performance	 indicators	 and	 how	 policymakers	

within	universities	respond	to	these	outcomes	in	terms	of	policy	formulation	within	their	

institutions.	

The	study	aimed	at	identifying	the	factors	that	significantly	affect	the	selected	outcomes	

at	the	institutional	and	cohort	levels.	The	results	should	describe	a	‘new	reality’	which	

may	be	different	from	that	currently	communicated	by	the	simple	values	published	by	

the	TEF	(Gold,	Silver	and	Bronze).	

This	 chapter	 discusses	 the	 research	 method	 adopted	 with	 the	 following	 research	

questions	in	mind.	

• What	are	the	significant	factors	at	institutional	and	cohort	level	that	impact	the	

outcomes	of	the	widely	used	performance	indicators	(e.g.	TEF)	in	the	UK	Higher	

Education	sector?	

• How	do	performance	indicators’	outcomes	influence	institutional	policy?	

• How	do	regulatory	performance	regimes	and	market	economy	concepts	influence	

management	responses?	

3.2 Research	philosophy	

The	study	adopts	an	epistemological	perspective	which	leans	towards	a	more	positivist	

approach.	The	study	measures	the	impact	of	various	factors	on	what	is	perceived	to	be	

the	‘truth	or	reality’	of	the	Performance	Indicators	(PIs)	outcome	values.	The	quantitative	
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data	gathered	by	HESA	which	accounts	for	these	factors	over	a	period	of	time	(four	years	

for	most	factors)	was	analysed	using	multilevel	models.			

The	use	of	an	epistemological	perspective	 in	 this	 research	can	be	 justified	 in	order	 to	

revise	what	is	treated	as	a	‘fact’	by	using	the	results	of	further	analysis	and	observations,	

as	 explained	 by	Bazeley	 (2018).	 She	 also	 explained	 that	 in	 order	 ‘to	 understand	 how	

epistemological	perspective	can	affect	perceptions	of	a	material	phenomenon,	consider	

differing	 responses	 to	a	performance	management	 tool’.	The	proposed	study	analyses	

how	 the	 TEF	 as	 a	 performance	 measurement	 tool	 is	 perceived	 by	 stakeholders	

(universities).	 This	 study	 tests	 the	 hypothesis	 that	 institutional	 management	 has	

different	perspectives	towards	the	performance	outcomes	(e.g.,	regulatory	tool	of	control	

vs.	institutional	development	tool).	

3.3 Research	Design	

The	 plethora	 of	 secondary	 data	 that	 is	 now	 available	 for	 the	 higher	 education	 sector	

provides	 a	 rich	 ground	 for	 quantitative	 research	 using	 various	 statistical	 techniques.	

However,	 relying	 on	 the	 results	 of	 statistical	 analysis	 alone	 may	 not	 provide	 all	 the	

answers	to	the	research	questions;	therefore,	a	qualitative	approach	that	interprets	the	

result	of	the	quantitative	analysis	often	enhances	the	understanding	of	the	results	while	

adding	a	useful	context.	As	such	a	mixed-methods	approach	was	utilised	as	a	means	to	

combine	both	quantitative	and	qualitative	methods	in	this	study.		

Mixed-methods	research	is	defined	by	Bazeley	(2018,	p.	4)	as	‘a	methodological	approach	

in	which	researcher	integrates	varied	types	of	data	and/or	different	ways	of	analysing	data	

within	a	single	study’.	Creswell	and	Plano	Clark	(2018)	explained	that	one	of	the	rationales	

for	the	use	of	mixed	methods	research	is	the	need	to	further	understand	the	results	of	a	

quantitative	analysis.	This	study	seeks	to	gain	a	further	explanation	of	the	quantitative	

results	 through	 the	 use	 of	 a	 qualitative	 analysis	 as	 well	 as	 how	 participants	 in	 the	

qualitative	phase	engage	with	these	results	in	practice.	

Teddlie	 and	 Tashakkori	 (2003)	 described	 mixed-methods	 as	 the	 combination	 of	

qualitative	 and	 quantitative	 approaches	 in	 the	methodology	 of	 a	 study.	 Johnson	 et	 al.	

(2007)	concluded	a	study	of	various	definitions	of	mixed	methods	to	arrive	at	a	composite	

definition:	‘Mixed-methods	research	is	the	type	of	research	in	which	a	researcher	or	team	
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of	researchers	combines	elements	of	qualitative	and	quantitative	research	approaches	

(e.g.,	use	of	qualitative	and	quantitative	viewpoints,	data	collection,	analysis,	 inference	

techniques)	for	the	purposes	of	breadth	and	depth	of	understanding	and	corroboration’.		

This	latter	definition	covers	the	research	approach	that	is	adopted	in	this	study.	

3.3.1 Justification	for	Research	Design	

The	 aim	 of	 this	 study	 is	 to	 provide	 a	 greater	 understanding	 of	 how	 different	 factors	

(variables)	 impact	 the	 outcomes	 of	 the	 selected	 indicators	 and	 how	 universities	 in	

particular	 consider	 such	 outcomes	 as	 they	 may	 potentially	 affect	 their	 income	 and	

standing.		

The	 use	 of	mixed	methods	 research	 has	 been	 growing	 steadily,	 and	 it	 is	 now	 a	well-

established	 research	 approach	 in	 many	 disciplines.	 One	 important	 motivation	 for	

selecting	 mixed	 methods	 research	 is	 its	 ability	 to	 provide	 previously	 unavailable	

perspectives	 on	 results	 obtained	 purely	 from	 one	 method	 (i.e.,	 quantitative	 or	

qualitative)	 (Poth,	 2018).	 It	 can	 also	be	 argued	 that	mixed	methods	 research	 aims	by	

design	to	limit	the	disadvantages	of	using	a	single	method.	

There	 are	 various	 designs	 for	 mixed	 methods	 research	 identified	 in	 the	 literature	

(Teddlie	and	Tashakkori,	2003).	Creswell	et	al.	(2003)	focused	on	the	six	most	popular	

designs.	 They	 described	 three	 concurrent	 and	 three	 sequential	 designs.	 One	 of	 these	

popular	designs	is	the	explanatory	sequential	design,	discussed	by	Ivankova	et	al.	(2006).	

This	design	involves	conducting	in	the	same	study	an	initial	quantitative	phase	followed	

by	a	qualitative	phase	as	proposed	in	this	study.	

The	mixed	methods	research	approach	is	not	widely	used	in	higher	education	research.	

However,	 some	 examples	 can	 be	 found	 in	 Ivankova	 and	 Stick	 (2007)	 and	McNamara	

(2010).	The	proposed	study	aims	to	make	some	contributions	towards	the	use	and	design	

of	mixed	methods	in	higher	education	research.		

Mixed	 methods	 research	 is	 a	 recommended	 approach	 in	 which	 generalised	 results	

provided	 by	 a	 quantitative	 method	 require	 further	 insight	 using	 an	 appropriate	

qualitative	method	(Poth,	2018).	
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The	theoretical	framework	adopted	in	this	study	is	based	the	findings	from	the	literature	

that	indicates	that	the	higher	education	sector	is	highly	diversified	and	that	performance	

indicators	are	impacted	by	a	complex	set	of	factors.		

3.3.2 Use	of	an	explanatory	sequential	mixed-methods	approach	

The	 study	 used	 Creswell	 and	 Plano	 Clark	 (2018)	 sequential	mixed	methods	 research	

approach	which	they	have	described	as	the	‘Pragmatist	World	View’.	It	will	quantitatively	

analyse	 the	data	available	 in	 the	HESA	database	 (HEIDI)	 for	145	UK	higher	education	

institutions	and	qualitatively	analyse	the	perspectives	of	senior	managers	within	seven	

of	the	UK	universities.		

One	of	the	advantages	of	sequential	design	of	mixed-methods	is	the	opportunities	for	the	

exploration	 of	 the	 quantitative	 results	 in	 more	 detail	 during	 the	 qualitative	 phase.	

However,	one	of	the	disadvantage	is	of	this	design	is	extra	time	and	resources	needed	to	

collect	and	analyse	both	types	of	data	(Ivankova,	Creswell	and	Stick,	2006).	

While	 inferences	can	be	made	at	the	end	of	each	phase,	 the	study	uses	the	concluding	

framework	in	which	meta	inferences	can	be	made	based	on	the	results	from	both	phases.	

The	study	followed	an	explanatory	design	in	which	the	qualitative	data	provided	a	better	

understanding	of	the	quantitative	results;	thus,	it	is	natural	for	the	final	framework	to	be	

informed	 by	 the	 final	 results	 of	 both	 phases.	 This	 approach	 best	 fits	mixed	methods	

research	(Creswell	and	Plano	Clark,	2018).	

3.4 Participants	

A	purposive	sampling	strategy	was	used	to	select	the	interviewees	in	the	study.	Purposive	

sampling	 is	 a	 non-probabilistic	 sampling	 technique	 used	 by	 researchers	 to	 select	

participants	with	deep	knowledge	of	the	domain	being	researched	(Creswell	and	Plano	

Clark,	2018).	It	requires	the	identification	of	the	criteria	needed	of	the	participants,	such	

as	knowledge	and	experience	of	the	domain	of	interest	and	then	selecting	subjects	who	

are	willing	and	available	to	participate	in	the	study	(Etikan,	2016).		Tongco	(2007,	p.	147)	

stated	that	‘The	inherent	bias	of	the	method	contributes	to	its	efficiency,	and	the	method	

stays	 robust	 even	 when	 tested	 against	 random	 probability	 sampling.’	 She	 noted	 the	
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importance	of	the	willingness	and	the	availability	of	the	subject	to	participate	in	the	study	

and	their	ability	to	articulate	their	views	and	experience	reflectively.	

3.5 Profile	of	the	Participants	

Participants	 were	 selected	 for	 their	 senior	 role	 within	 their	 institutions	 as	 they	 would	 have	

greater	 knowledge	 and	 understanding	 of	 the	 performance	 management	 environment	 in	 the	

sector	 as	 well	 as	 within	 their	 own	 institutions.	 Two	 of	 the	 participants	 were	 involved	 the	

development	 of	 the	 TEF,	 one	 as	 a	 TEF	 panel	member	 and	 one	 in	 the	 TEF	 subject	 pilots.	 The	

seniority	and	the	role	of	the	selected	participants	are	listed	in	Table	3.1.	

Vice	

Chancellor	

Deputy	 Vice	

Chancellor	

Pro-vice	

Chancellor	

Senior	

Registrar	

2	 2	 2	 1	

Table	3.1	Seniority	of	Participants	

Participants	were	 also	 selected	 to	 represent	 the	 different	 types	 of	 universities	 in	 the	

population.		The	types	selected	were	in	terms	of:	

• Focus:	at	least	one	research	intensive	institution	and	one	predominantly	teaching	

institution.	

• Size:	at	least	one	large	institution	from	the	top	quartile,	one	medium	size	and	one	

small	from	the	bottom	quartile	in	terms	of	overall	income.	

• Location:	 at	 least	 one	 institution	 in	 each	 of	 the	 home	nations	 (England,	Wales,	

Scotland	and	Northern	Ireland)	as	well	as	at	least	one	from	London.	

• TEF	Rating:	at	 least	one	 institution	 representing	each	of	 the	TEF	ratings	 (Gold,	

Silver	and	Bronze)	

• History:	 at	 least	 one	 pre-1992,	 one	 post-1992,	 and	 one	 recent	 university	 that	

acquired	university	status	post-2015.	

The	gender	split	of	the	participants	was	four	females	and	three	males.	The	distribution	of	

the	participants	along	the	different	types	of	universities	is	presented	in	Table	3.2.	
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History	 Post	1992	 Pre	1992	 Recent	 		 		 Total	

		 2	 2	 1	 		 		 7	

TEF	Rating	 Gold	 Silver	 Bronze	 NA	 		 7	

		 1	 3	 2	 1	 		 7	

Focus	 Research	 Teaching	 		 		 		 7	

		 4	 3	 		 		 		 7	

Location	 Wales	 England	 Scotland	
Northern	

Ireland	
London	 7	

		 1	 2	 1	 1	 2	 7	

Size	 Large	 Medium	 Small	 		 		 		

		 1	 4	 2	 		 		 7	

Table	3.2	Distribution	of	participants	along	types	of	universities	

The	qualitative	data	for	the	research	was	collected	using	structured	interviews	of	senior	

managers	within	seven	universities.	The	seven	universities	were	selected	to	represent	

different	types	of	institutions	within	the	sector	(see	Table	3.3).		

History	 TEF	Rating	 Focus	 Location	 Size	

Post	1992	 Gold	 Research	 Wales	 Large	

Pre	1992	 Silver	 Teaching	 England	 Medium	

Recent	 Bronze	 	 Scotland	 Small	

	 	 	 Northern	

Ireland	

	

	 	 	 London	 	

Table	3.3	Tabulation	of	the	Interview	Sample	

Vice	

Chancellor	

Deputy	

Vice	

Chancellor	

Pro-vice	

Chancellor	
Registrar	

2	 2	 2	 1	

Table	3.4		Seniority	of	Interview	Participants	
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The	 interviewees	 were	 selected	 for	 their	 seniority	 and	 involvement	 in	 setting	

institutional	policy.	There	were	two	vice	chancellors,	two	deputy	vice	chancellors,	two	

pro-vice	chancellors	and	one	senior	registrar	responsible	for	student	support	and	TEF	

data	(Table	3.4).	

3.6 Procedure	

The	 research	 adopts	 what	 is	 termed	 by	 Creswell	 and	 Plano	 Clark	 (2018)	 as	 a	 hypo-

deductive	approach.	This	 is	when	a	theoretical	 framework	is	used	to	shape	the	theory	

and	a	quantitative	or	qualitative	method	is	used	to	analyse	key	variables	(factors)	that	

impact	the	theory.	This	study	used	a	quantitative	method	for	the	initial	phase.	The	results	

of	the	quantitative	phase	(i.e.,	the	identified	significant	factors)	were	then	incorporated	

into	 the	 qualitative	 phase.	 In	 the	 qualitative	 phase,	 interviews	 with	 seven	 university	

senior	 managers	 were	 conducted	 to	 determine	 how	 they	 viewed	 the	 results	 of	 the	

quantitative	 phase	 and	 how	 they	 responded	 to	 the	 TEF’s	 outcomes.	 It	 also	 queried	

whether	or	not	they	take	into	consideration	other	factors	along	with	those	identified	in	

the	 quantitative	 phase	 when	 formulating	 institutional	 policy.	 This	 may	 result	 in	 a	

modified	theoretical	framework	that	helps	understand	how	practitioners	respond	to	the	

‘theory’.		

3.6.1 The	Quantitative	Phase	

The	 study	used	 secondary	data	 for	 the	quantitative	phase	of	 the	 research.	The	use	 in	

research	of	secondary	data	gathered	by	national	surveys	 is	encouraged	(Smith,	2008).	

Analysis	 of	 secondary	 numerical	 data	 is	 currently	 an	 underused	 technique.	 Johnston	

(2017)	asserted	that	the	use	of	secondary	data	is	as	viable	an	approach	to	research	as	is	

the	use	of	primary	data,	particularly	when	a	systematic	approach	is	followed.		

This	study	used	the	national	data	set	that	was	gathered	by	the	Higher	Education	Statistics	

Agency	(HESA),	some	of	which	is	used	for	the	Teaching	Excellence	Framework	(TEF)	for	

English	universities.	While	the	TEF	exercise	is	focused	on	English	universities,	other	UK	

universities	 volunteered	 to	 be	 part	 of	 the	 exercise.	 This	 study	 used	 available	 data	

covering	higher	education	institutions	across	the	UK.	When	data	sets	were	not	available	

for	 some	 parts	 of	 the	 UK,	 for	 example,	 Scotland,	 for	 a	 particular	 factor	 (e.g.,	 POLAR4	

students),	the	analysis	used	only	those	universities	for	which	data	was	available.	
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The	data	was	gathered	from	two	sources,	the	HESA	database	(HEIDI	Plus)	and	the	official	

website	of	the	National	Students	Survey	(NSS).		

Goldstein	(1997)	indicated	that	a	useful	requirement	for	satisfactory	inference	in	studies	

of	educational	effectiveness	is	that	the	data	analysed	should	be	for	a	minimum	of	three	

cohorts	of	students.	This	study	used,	when	available,	data	sets	for	four	cohorts	of	students	

for	the	years	2015/16	2016/17,	2017/18	and	2018/19.		

The	study	focused	on	the	six	performance	indicators	shown	in	Table	3.5.	The	first	three	

(teaching	in	my	course,	assessment	and	feedback,	and	academic	support)	were	gathered	

from	the	NSS	in	which	data	is	available	for	four	years.	The	other	three	(non-continuation,	

employment	or	further	study,	and	highly	skilled	employment)	were	gathered	from	the	

HEIDI	 Plus	 database.	 The	non-continuation	 outcome	data	 is	 available	 for	 three	 years;	

employment	or	further	study	data	is	available	for	two	years	due	to	a	change	in	the	method	

of	data	collection;	and	data	for	highly	skilled	employment	is	available	for	only	one	year	

as	it	is	a	newly	defined	outcome.		

Performance	indicator	 Data	

1.	The	teaching	in	my	course	 4	Years	

2.	Assessment	and	feedback		 4	Years	

3.	Academic	support	 4	Years	

4.	Non-continuation	 3	Years	

5.	Employment	or	further	study		 2	Years	

6.	Highly	skilled	employment	or	further	

study	

1	Year	

Table	3.5	Selected	Performance	Indicators	(Dependant	Variables)	
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Figure	 3.1	 Two	 level	model	 showing	 data	 nested	 in	 level	 2	 (four	 cohorts	 nested	 in	 each	

university)	

Cohort	Level	Factors	 Data	Sets	

Age	 		 Average	N	 4	Years	

Ethnicity	 		 White	%	 4	Years	

Sex		 		 Female	%	 4	Years	

Entry	

qualifications	
N	

4	Years	

Domicile	 		 UK	Dom	%	 4	Years	

Socioeconomic	

Class	
POLAR4	%	

4	Years	

(not	 for	 Scottish	

HEIs)		

Table	3.6	Cohort	Level	Characteristics	

The	 cohort-level	 factors	 (independent	 variables)	 shown	 in	 Table	 3.6	 are	 provided	 as	

contextual	data	for	each	institution	similar	to	those	provided	for	the	TEF	submission.	The	

proposed	study	aims	to	identify	the	significance	of	the	variation	in	these	factors	on	each	

outcome	in	Table	3.5	(the	dependent	variables).	

These	factors	will	be	nested	within	the	institutional	level	factors	(see	Figure	3.1)	for	each	

institution.	 	 If	available,	 longitudinal	data	for	four	years	will	be	used	for	each	factor	in	

each	level.	The	data	was	for	first	degree	UK	domiciled	students	for	2015/16	to	2018/19.	

Some	demographic	data	for	the	cohort	used	are	in	Table	3.8,	note	the	continuous	rise	in	

the	overall	number.		

Level 2 University 1
Six characteristics 

(Variables)

Level 1 Cohort 1
Six characteristics 

(Variables)

Cohort 2
Six characteristics 

(Variables)

Cohort 3
Six characteristics 

(Variables)

Cohort 4
Six characteristics 

(Variables)
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University	Level	Factors	 Data	Sets	

Turnover	 		 	£M	 4	Years	

SSR	 		 	N	 4	Years	

Research	Income	 	 	£M	 4	Years	

Size		 	 FT	Person	N	 4	Years	

Number	of	Subjects	 	 	N	 4	Years	

London	 		 (Y/N)/	(0/1)	 4	Years	

Table	3.7	University	Level	Characteristics	
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		 Number	 Number	 Number	 Number	
Category	 2015/16	 2016/17	 2017/18	 2018/19	

Sex	 		 		 		 		

Female	 884,055	 906,395	 924,195	 946,060	

Male	 711,540	 723,755	 732,060	 743,160	

Age	group	 		 		 		 		

20	and	under	 902,260	 926,950	 946,915	 954,780	

21-24	years	 418,025	 429,915	 436,750	 448,810	

25-29	years	 99,740	 100,170	 101,245	 104,790	

30	years	and	over	 176,065	 173,745	 172,205	 181,930	

Ethnicity	 		 		 		 		

White	 1,037,440	 1,045,170	 1,046,240	 1,050,955	

Black	 100,240	 105,095	 108,265	 112,015	

Asian	 145,855	 153,835	 161,475	 168,890	

Mixed	 52,440	 55,910	 59,020	 62,095	

Other	 19,430	 20,805	 22,550	 24,135	

Not	known	 13,710	 13,715	 14,435	 14,620	

Total	UK	domiciled	
students	

1,369,110	 1,394,535	 1,411,990	 1,432,710	

Total	 1,596,100	 1,630,790	 1,657,145	 1,690,335	

		 %	 %	 %	 %	

Category	 2015/16	 2016/17	 2017/18	 2018/19	

Sex	 		 		 		 		

Female	 55%	 56%	 56%	 56%	

Male	 45%	 44%	 44%	 44%	

Age	group	 		 		 		 		

20	and	under	 57%	 57%	 57%	 56%	

21-24	years	 26%	 26%	 26%	 27%	

25-29	years	 6%	 6%	 6%	 6%	

30	years	and	over	 11%	 11%	 10%	 11%	

Ethnicity	 		 		 		 		

White	 77%	 76%	 75%	 74%	

Black	 7%	 8%	 8%	 8%	

Asian	 11%	 11%	 12%	 12%	

Mixed	 4%	 4%	 4%	 4%	

Other	 1%	 2%	 2%	 2%	

Not	known	 		 		 		 		

Total	UK	domiciled	
students	

100%	 100%	 100%	 100%	

Total	 100%	 100%	 100%	 100%	

Table	3.8	Cohort	demographics	(HESA,	2021c)	

Some	of	 these	variables	were	 chosen	 to	 test	 common	perceptions	 that	 certain	 factors	

which	are	difficult	for	institutions	to	control	affect	performance	outcomes,	such	as	being	

located	in	London.	In	some	cases,	these	perceptions	are	supported	by	the	raw	data;	for	
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example,	 only	 21%	 of	 London	 universities	 achieved	 a	 Gold	 rating	 compared	 with	 a	

national	 average	 of	 32%	 (The	 Office	 for	 Students,	 2019).	 This	 study	 aims	 to	 test	 the	

significance	of	the	impact	of	these	factors	on	outcomes	as	compared	with	other	factors.		

A	multilevel	statistical	model	was	used	to	analyse	four	years	of	data	for	 five	of	the	six	

performance	indicators.		The	model	was	used	to	test	the	significance	of	the	impact	of	the	

variation	of	independent	variables	(university	and	cohort	levels).		Some	of	this	data	was	

downloaded	from	the	Office	for	Students	web	site	and	some	was	downloaded	from	the	

HESA	database	(HESA,	2020b).	

For	 the	 highly-skilled	 employability	 performance	 indicator,	 a	 traditional	 regression	

model	was	used	as	there	is	only	one	year	of	data	for	this	indicator.	This	is	a	new	indicator	

that	was	 introduced	 to	distinguish	between	general	 employability	 after	 six	months	of	

graduation	and	high-skilled	employability	after	one	year	of	graduation.	The	rationale	for	

this	indicator	is	that	highly-skilled	employability	requires	a	degree	level	qualification.	

3.6.2 The	Qualitative	Phase	

The	interview	questions	were	designed	to	cover	six	areas,	each	broadly	covering	one	or	

two	the	six	indicators	(see	Table	3.5).	The	questions	will	be	informed	by	the	results	of	the	

multilevel	analysis	from	the	quantitative	phase.	Only	those	variables	(factors)	that	were	

found	to	have	significant	impact	on	the	outcomes	were	brought	forward	and	included	in	

the	interview	questions.	

The	questions	for	the	interviews	were	deigned	through	an	iterative	process	with	main	

aim	of	linking	them	to	the	research	questions.	However,	the	final	version	was	influenced	

by	the	results	of	the	quantitative	results.	For	example,	the	first	question	was	split	 into	

four	 parts	 to	 allow	 participants	 to	 reflect	 on	 the	 results	 of	 the	 findings	 from	 the	

quantitative	study.	

The	interviewees	were	asked	about	how	the	TEF	result	affect	their	institutional	policy	

and	 whether	 other	 perspectives	 such	 as	 their	 own	 institutional	 performance	

management	(e.g.,	financial	sustainability)	or	external	factors	such	as	market	competition	

influence	management	responses.	
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Mixed-methods	research	allows	for	data	to	be	exchanged	between	the	different	methods	

(Bazeley,	2018).	In	this	study,	results	from	the	analysis	of	the	data	during	the	quantitative	

phase	will	be	brought	forward	to	be	used	in	the	qualitative	phase.	

Semi-structured	 interviews	were	 used	 to	 capture	 responses	 from	 senior	managers	 in	

seven	universities.	 The	 structure	 of	 the	 interviews	was	broken	down	 into	 three	main	

areas:	

• The	 interviewees	 were	 presented	 with	 a	 summary	 of	 the	 results	 from	 the	

quantitative	phase	and	their	responses	to	the	findings	were	sought.		

• A	question	was	asked	about	how	performance	indicators,	such	as	the	TEF,	affect	

institutional	policy.			

• A	question	was	asked	about	how	the	interviewee’s	own	institutional	performance	

management	 system	 (e.g.,	 financial	 sustainability)	 or	 external	 factors,	 such	 as	

market	competition,	influence	management	responses.	

The	interview	questions	were	not	only	used	to	reflect	on	the	results	from	the	quantitative	

phase	but	also	to	explore	if	other	external	or	internal	factors	are	at	play	in	the	formulation	

of	institutional	policy.	

3.6.3 The	Theoretical	Framework	

The	development	of	a	theoretical	framework	for	this	study	aimed	at	understanding	the	

research	problem	and	providing	a	context	for	interpreting	the	findings.	In	Chapter	2,	four	

theoretical	narratives	that	have	influenced	the	development	of	the	performative	regime	

in	 UK	 higher	 education	 were	 examined.	 These	 were:	 managerialism,	 neoliberalism,	

measurement	theory	and	New	Public	Management	(NPM).		

These	 theoretical	narratives,	while	each	has	 its	own	distinct	 literature	as	discussed	 in	

Chapter	 2,	 overlap	 in	 parts	 in	 terms	 of	 concepts,	 underlying	 philosophy	 and	 political	

ideology.	 This	 overlapping	 of	 concepts	 provided	 drivers	 for	 policy	 development	 and	

influenced	 policy	 implementation,	 selection	 of	 tools	 and	 indicators	 to	 measure	

performance.	
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Despite	 the	 heavy	 criticism	 of	 neoliberalism	 that	 can	 be	 found	 in	 the	 literature	 (e.g.	

Giroux,	 2002),	 its	 concept	 of	 free-market	 remained	 a	 main	 policy	 driver	 which	

overlapped	with	the	concept	of	efficiency	that	can	be	found	in	managerialism	(Teelken,	

2012)	which	is	required	for	the	market	to	operate	effectively.	The	advocacy	of	the	use	of	

performance	management	by	the	managerialism	narrative	also	overlaps	with	the	theory	

of	performance	measurement	and	borrows	from	its	underpinning	philosophy.	The	three	

pillars	of	New	Public	Management	narrative,	namely:	subjecting	public	services	to	market	

condition,	 measuring	 public	 service	 performance	 and	 the	 delegation	 of	 policy	

implantation	 to	 an	 executive	 agency,	 overlap	 with	 neoliberalism,	 managerialism	 and	

performance	measurement	theories.	

Examining	the	theories	of	neoliberalism,	managerialism,	performance	measurement	and	

New	Public	Management,	 in	Chapter	2,	provided	an	understanding	of	 the	main	policy	

drivers	 that	 led	 to	 the	 current	 performative	 regime	 in	 higher	 education.	 They	 have	

influenced	policy	formulation,	the	creation	of	an	agency	such	as	the	Office	for	Students	to	

implement	 policy,	 which	 in	 turn	 influenced	 the	 selection	 of	 tools	 for	 measuring	

performance	 such	as	 the	TEF.	 It	 could	be	even	argued	 that	 the	 choice	of	 the	National	

Students	Survey	(NSS)	as	a	tool	for	measuring	university	performance	was	influenced	by	

the	concept	of	“democratising	public	services”	adopted	by	the	New	Public	Management	

thinking	(Ferlie,	Musselin	and	Andresani,	2008).		

The	 theoretical	 framework	 depicted	 in	 Error!	 Reference	 source	 not	 found.	 d

emonstrates	 the	 relationship	 between	 the	 theoretical	 narratives,	 policy	 formulation,	

policy	implantation	and	the	choice	of	tools	to	measure	performance.		
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Figure	3.2	Abstract	depiction	of	the	theoretical	framework	

3.7 Analysis		

Following	the	sequential	design	adopted	by	this	study,	the	quantitative	analysis	was	done	

first	to	allow	its	results	to	feed	in	into	the	following	phase	(the	qualitative)	phase.	This	

was	 particular	 a	 useful	 approach	 as	 it	 allowed	 more	 reflection	 on	 the	 design	 of	 the	

interview	questions.	

3.7.1 The	Quantitative	Analysis	(Multilevel	Analysis)	

This	 study	 sets	 out	 an	 approach	 which	 will	 use	 a	 multilevel	 modelling	 technique	 to	

analyse	some	of	these	factors,	particularly	those	that	are	similar	to	the	ones	used	in	the	

TEF	to	identify	the	impact	of	the	variation	in	institutional	level	characteristics	(factors)	

and	cohort	level	characteristics	(factors)	on	the	final	outcome,	if	any.	

It	will	also	examine	the	responses	of	senior	managers	within	the	sector	to	the	results	of	

the	multilevel	analysis	and	how	these	outcomes	have	impacted	their	institutional	policy.	

A	multilevel	model	was	used	during	the	quantitative	analysis.	The	multilevel	model	uses	

a	multilevel	regression	model	in	which	the	structure	of	the	data	is	hierarchical.	The	aim	

•Neoliberalism

•Managerialism

•New	Public	Management

•Measurement	Theory

Theoretical	
narratives

Policy	
Drivers

Executive	
Agency	

Performance	
Indicators
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of	 this	 model	 is	 to	 investigate	 the	 relationship	 between	 individuals	 or	 a	 coherent	

grouping	and	 the	 stoical	 contexts	 in	which	 they	 reside.	The	general	 idea	of	multilevel	

research	is	to	examine	the	relationship	between	variables	which	characterise	individuals	

or	coherent	groups	and	the	variables	which	characterise	the	context	within	which	they	

live	(Hox,	Moerbeek	and	Schoot,	2017).	

In	 this	 study,	 a	 set	 of	 variables	 was	 selected	 to	 characterise	 the	 cohorts	 in	 order	 to	

examine	 the	 relationship	between	 them	and	 the	 set	of	 variables	of	 the	universities	 to	

which	they	belong.	

The	collected	data	sets	for	this	research	were	structured	in	a	two-level	multilevel	model.	

(Jones,	 2009)	 suggested	 that	 adding	 more	 levels	 may	 complicate	 the	 statistical	

interpretation	of	a	multilevel	data	structure.	The	data	sets	for	the	cohort	level	variables	

were	 nested	 within	 the	 university	 level	 variables.	 There	 were	 six	 separate	 analyses	

(runs),	one	for	each	of	the	outcomes	(the	dependent	variables).	The	analysis	identified	

university-level	and	cohort-level	variables	that	have	significant	impacts	on	each	outcome.	

Therefore,	it	is	possible	that	different	variables	(factors)	affect	different	outcomes.	

Multilevel	 modelling	 is	 a	 relatively	 new	 research	 technique	 in	 higher	 educational	

research,	although	it	has	been	widely	used	in	school	effectiveness	research	(Goldstein,	

1997;	Hill	and	Rowe,	1998).	Its	popularity	was	facilitated	during	the	1980s	and	1990s	by	

the	availability	of	computers	and	software	that	can	handle	large	amounts	of	data	using	

complex	 statistical	 techniques	 such	 as	 multilevel	 models.	 It	 has	 since	 been	 used	 for	

research	in	other	areas	of	social	science	and	health.	Multilevel	modelling	fits	educational	

data	well	as	the	data	normally	has	a	multilayer	structure	(e.g.,	students	within	courses	

within	universities).	Thomas	and	Heck	(2001)	also	explained	that	multilevel	approaches	

deal	 with	 the	 sample	 design	 problem	 (i.e.,	 lack	 of	 a	 simple	 random	 sample)	 as	 it	

incorporates	the	cluster	sample	design	into	the	model.	Multilevel	models	deal	with	the	

problem	of	variance	estimation	resulting	from	clustered	data	as	it	takes	into	account	the	

clustered	data	structure	when	producing	estimates.		

The	 use	 of	 multilevel	 models	 for	 longitudinal	 data,	 as	 in	 this	 study,	 offers	 several	

advantages.	For	example,	the	number	of	repeated	measures	(variable	values)	and	their	

spacing	 may	 differ	 across	 subjects	 (cohorts)	 and	 this	 cannot	 be	 dealt	 with	 in	 other	
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statistical	 methods.	 Multilevel	 models	 also	 allow	 the	 modelling	 of	 the	 covariances	

between	the	repeated	measure	and	other	covariances	by	specifying	a	structure	for	the	

variances	 and	 the	 covariances	 at	 both	 levels	 (university	 level	 and	 cohort	 level	 in	 this	

study)	(Hox,	Moerbeek	and	Schoot,	2017).	

In	 this	 study,	 a	multilevel	 analysis	was	 used	 to	 investigate	 the	 factors	 that	 affect	 the	

overall	 outcomes	 of	 the	 performance	 indicators,	 such	 as	 those	 used	 in	 the	 TEF.	 The	

analysis	adds	context	to	the	results	by	specifying	two	levels	(cohort	level	and	university	

level)	from	which	the	factors	are	drawn.	Thomas	and	Heck	(2001,	pp.	521–522)	asserted	

that	‘The	multilevel	approach	is	the	correct	one	in	cases	where	the	theoretical	model	calls	

for	data	from	more	than	one	level	of	be	analysed	(e.g.,	combining	data	from	students	and	

universities	 in	 the	 same	model)’.	 This	 is	 the	 case	 in	 this	 study	 as	 the	 variables	 for	 the	

multilevel	model	analyses	represent	two	levels.	

Multilevel	 analysis	 has	 rarely	 been	 used	 to	 analyse	 UK	 higher	 educational	 data.	 Rare	

studies	by	Cheng	and	Marsh	(2010)	and	Surridge	(2008)	used	multilevel	modelling	to	

analyse	National	Students	Survey	(NSS)	data	for	two	and	three	years,	respectively	(2005–

2007).	

Cheng	and	Marsh	(2010,	pp.693–697)	used	multilevel	analysis	to	evaluate	the	NSS	ability	

to	differentiate	among	universities	and	among	courses	within	universities	as	well	as	the	

reliability	 and	 stability	 of	 the	 ranking	 of	 universities.	 They	 found	 that	 ‘Although	 NSS	

responses	provide	a	limited	basis	for	discrimination	among	universities	and	courses	within	

universities,	the	ratings	of	universities	are	highly	reliable	and	stable	over	time	due	to	the	

large	 number	 of	 students.’	 They	 stated	 that	 a	 multilevel	 approach	 is	 important	 for	

analysing	higher	education	research	as	almost	all	data	in	higher	education	is	inherently	

multilevel	 (e.g.,	 students	 nested	within	 departments,	 departments	within	 universities	

and	universities	within	regions	or	countries).	The	study	by	Surridge	(2008)	found	similar	

results.	

Snijders	and	Bosker	(2012)	stated	that	when	dealing	with	the	regression	of	disaggregated	

data,	a	multilevel	analysis	is	preferable	over	ordinary	least	squares	(OLS)	for	two	main	

reasons:	
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• The	 first	 is	 the	 issue	of	dependence	as	a	nuisance	because	standard	errors	and	

tests	based	on	OLS	regression	are	suspect	due	to	the	assumption	that	independent	

residuals	are	invalid.	

• The	 second	 is	 the	 issue	 of	 dependence	 as	 an	 interesting	 phenomenon	 because	

disentangling	 variability	 at	 the	 various	 levels	 is	 interesting	 in	 itself	 and	 can	

indicate	where	further	explanation	may	be	needed.	

Cheslock	 and	 Rios-Aguilar	 (2011,	 p.85)	 explained	 that	 ‘Multilevel	 models	 allow	

researchers	 to	 produce	 accurate	 standard	 errors,	 reduce	 level-coefficient	 bias,	 measure	

variations	 across	 group	 in	 level-1	 coefficients,	 and	produce	 level-1	 estimates	 for	 specific	

groups	with	smaller	sample	size’.	They	suggested	that	higher	education	researchers	would	

benefit	from	using	multilevel	models	since	the	standard	OLS	regression	can	provide	only	

limited	insight	into	the	variation	of	the	multilevel	nature	of	the	higher	education	data.	

Before	conducting	the	multilevel	model	analysis,	a	correlation	matrix	was	produced	to	

determine	 the	 relationship	 between	 the	 independent	 variables.	 Variables	with	 strong	

correlation	 were	 examined	 to	 determine	 confounding	 effect,	 particularly	 when	

explaining	the	results.	

Descriptive	statistics	(e.g.,	frequency,	min,	max,	mean,	standard	deviation)	were	also	be	

produced	for	all	variables	in	each	data	set.	

The	 use	 of	 fixed	 or	 random	 effect	 multilevel	 models	 is	 also	 discussed	 in	 the	 results	

chapters.	The	issue	is	how	to	choose	a	model	that	captures	the	conditioning	effect	of	one	

level’s	 factor	 on	 another’s	 level.	 	 For	 example,	 does	 a	 university	 level	 factor	 such	 as	

turnover	have	a	conditioning	impact	on	a	cohort	level	factor	such	as	tariff?		Correlation	

analysis	between	all	factors	was	done	as	well	as	significant	testing.	

The	use	of	fixed	effect	models	is	popular	when	only	two	levels	are	being	analysed,	as	in	

this	study	(Jones,	2009).	An	initial	fixed	model	was	developed	for	each	of	the	outcomes	

(dependent	 variables)	 to	 test	 the	 significance	 of	 the	 variations	which	 account	 for	 the	

variations	of	variables	in	level	1	and	level	2.		This	was	followed	by	a	random	effect	model	

to	determine	how	level	1	and	level	2	variables	account	for	the	variations	in	the	outcome	

and	the	significance	of	their	impact	on	the	variation.	The	ability	of	each	model	to	explain	
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the	variations	of	the	dependent	variables	was	compared.	The	model	which	accounted	for	

the	best	explanation	of	the	variation	was	selected.	

The	multilevel	analysis,	in	this	study,	investigated	how	each	outcome	of	the	performance	

indicators	 listed	 in	 Table	 3.5	 is	 impacted	 by	 the	 cohort-level	 characteristics	 (factors)	

listed	in	Table	3.6	and	university-level	characteristics	(factors)	listed	in	Table	3.7.	These	

six	indicators	were	treated	as	the	dependent	variables.	Each	was	tested	against	two	sets	

of	independent	variables.	The	first	set	is	for	the	university	level	factors	(variables)	shown	

in	Table	3.7,	which	are	described	as	level	2	variables	in	the	multilevel	analysis.		The	other	

set	is	for	the	cohort	level	factors	(variables)	shown	in	Table	3.6,	which	are	described	as	

level	 1	 variables	 in	 the	 multilevel	 analysis.	 	 Level	 1	 variables	 are	 nested	 in	 level	 2	

variables,	that	is,	each	university	has	its	own	set	of	cohort	level	variables	(see	Figure	3.1).	

It	 is	worth	noting	 that	 the	 terms	characteristic,	 factors	and	variables	are	used	here	 to	

refer	 to	 the	 same	 thing.	 During	 the	 analysis	 stage,	 they	 will	 only	 be	 referred	 to	 as	

independent	variables.	

The	 quantitative	 analysis	 was	 done	 using	 the	 R	 software	 which	 is	 a	 free	 software	

environment	for	statistical	computing	and	graphics	(R,	2021).	

3.7.2 The	Qualitative	Analysis	

The	study	used	the	interviews	to	capture	multiple	perspectives	to	the	questions	that	were	

asked.	The	perspectives	were	built	into	the	sample	design	by	selecting	senior	managers	

from	different	types	of	universities	(see	Table	2.1).		

Participants	were	sent	 the	questions	and	an	 information	sheet	with	a	consent	 form	in	

advance	of	the	interviews.	The	average	length	of	an	interview	was	around	50	minutes.		

All	interviews	were	recorded	with	the	consent	of	the	participants	and	later	transcribed.	

At	the	end	of	the	interview,	participants	were	given	the	opportunity	to	add	any	further	

comments	and	give	feedback	on	how	the	interview	was	conducted.		

The	 analysis	 in	 this	 study	 aims	 to	 identify	 the	 main	 themes	 that	 emerged	 from	 the	

interview	data.	The	analysis	of	the	interview	data	followed	a	three-steps	process	similar	

to	 that	 recommended	 by	 the	 framework	 method	 (Gale	 et	 al.,	 2013).	 The	 framework	
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method	 was	 initially	 developed	 by	 Ritchie	 and	 Spencer	 (1994)	 for	 the	 analysis	 of	

qualitative	data	for	applied	policy	research.	It	is	part	of	a	family	of	qualitative	analysis	

approaches	 that	come	under	a	wider	umbrella	of	 thematic	analysis	of	qualitative	data	

(Srivastava	 and	 Thomson,	 2009).	 Gale	 et	 al.	 (2013,	 p.	 7)	 stated	 that	 ‘The	 Framework	

Method	is	an	excellent	tool	for	supporting	thematic	analysis	because	it	provides	a	systematic	

model	 for	 managing	 and	 mapping	 the	 data’.	 Following	 a	 transcription	 step,	 a	

familiarisation	step	was	conducted	where	all	transcripts	were	read,	and	important	text	

highlighted	and	annotated.	This	familiarisation	step	was	repeated	three	times	with	the	

second	 iteration	 being	 more	 reflective,	 adding	 further	 notes,	 and	 the	 third	 iteration	

during	the	writing	up	of	the	quotes.	In	the	final	step,	major	themes	were	identified,	and	

the	 annotations	 made	 in	 the	 second	 step	 were	 used	 as	 codes	 to	 link	 quotes	 to	 the	

identified	themes.	Theme	identification	was	influence	by	the	work	of	Clarke	and	Braun	

(2017)	 on	 thematic	 analysis	 defined	 as	 a	 method	 for	 identifying,	 analysing,	 and	

interpreting	patterns	of	meaning	(‘themes’)	within	qualitative	data.		

Neither	the	framework	method	nor	the	thematic	analysis	technique	are	tightly	bound	to	

any	particular	theoretical	or	philosophical	approach	(Hackett	and	Strickland,	2019).	This	

is	 part	 of	 their	 appeal	 as	 well	 as	 their	 suitability	 for	 this	 study	 as	 it	 is	 following	 an	

inductive	(data	driven)	approach	rather	that	a	deductive	(theory	driven)	approach.	

The	codes	created	during	the	thematic	analysis	of	the	captured	data	from	the	interviews	

was	used	 to	 aid	 the	 construction	 of	 the	 themes	which,	 in	 turn,	were	used	 to	 create	 a	

conceptual	framework	(Marshall	and	Rossman,	2016).	Grouping	the	codes	under	themes	

in	 which	 such	 strong	 grouping	 emerges	 may	 precede	 the	 creation	 of	 the	 conceptual	

framework.		

The	 thematic	 analysis	 of	 the	 qualitative	 data	 was	 used	 to	 identify	 patterns	 from	

participants’	real	experiences.	While	the	framework	method	offers	a	structured	approach	

to	an	analysis	of	qualitative	data,	thematic	analysis	techniques	offer	not	only	theoretical	

flexibility	but	are	also	tolerant	of	different	types	of	research	questions	and	sample	size	

(Clarke	and	Braun,	2017).		

The	sequential	design	of	the	mixed-methods	research	approach,	adopted	in	this	study,	

helped	in	interpreting	the	results	from	the	quantitative	phase	and	integrating	them	with	
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the	results	from	the	qualitative	phase.	Basit	(2003)	argued	that	categories	should	not	be	

identified	in	isolation	but	should	be	linked	to	other	categories.	The	emerging	themes	will	

come	from	the	narrative	that	 is	usually	associated	with	higher	education	performance	

management.	She	also	indicated	that	the	choice	of	electronic	means	for	the	analysis	of	

qualitative	data	 is	 influenced	by	factors	such	as	the	size	of	data,	 time,	 funding	and	the	

expertise	of	the	researcher.	

3.7.3 Limitations	and	Challenges	

One	 of	 the	 challenges	 in	 an	 explanatory	 sequential	 mixed-methods	 design	 is	 that	

participants	in	the	qualitative	phase	should,	ideally,	participate	in	the	quantitative	phase.	

Therefore,	 only	 participants	 from	 institutions	 that	 had	 their	 data	 included	 in	 the	

quantitative	phase	were	interviewed.	All	selected	participants	were	very	senior	and	very	

familiar	with	the	performance	outcomes	in	their	institutions	as	well	as	their	use	within	

the	sector.	

It	is	worth	noting	that	the	final	framework	that	was	produced	at	the	end	of	the	study	to	

present	 the	 meta	 inferences	 from	 the	 results	 was	 different	 from	 the	 conceptual	

framework	 that	was	 used	 early	 in	 the	 study	 to	 anchor	 the	 research	 questions	 in	 the	

theoretical	 domains	 in	 which	 the	 concepts	 were	 explored.	 The	 final	 framework	 was	

designed	in	two	dimensions	to	link	the	results	of	the	qualitative	phase	to	the	results	of	

the	quantitative	phase.		

It	is	not	unusual	for	a	sequential	mixed	methods	design	to	have	a	qualitative	phase	that	

is	smaller	than	the	quantitative	phase	(Poth,	2018).	This	allows	for	an	in-depth	qualitative	

exploration	and	a	rigorous	quantitative	examination	(Creswell	and	Plano	Clark,	2018).	

Ivankova	et	al.	(2006)	discussed	the	limitations	of	the	use	of	sequential	mixed	methods	

designs	 which	 start	 with	 a	 quantitative	 phase.	 Some	 of	 those	 limitations	 include	 the	

weight	given	to	the	quantitative	phase	versus	the	qualitative	phase	and	how	to	integrate	

the	results	of	both	phases.		A	bias	towards	one	phase	may	limit	the	generalisation	of	the	

results.	 In	 order	 to	 mitigate	 this	 bias,	 the	 selected	 participants	 were	 in	 very	 senior	

positions	(two	of	the	seven	were	Vice	Chancellors	and	all	were	members	of	the	executive	

boards	of	their	own	universities).	Participants	also	represented	universities	from	all	four	

nations,	were	of	different	types	and	were	of	different	sizes.	
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The	testing	of	a	large	number	of	variables	using	large	longitudinal	data	sets	required	the	

running	of	numerous	and	careful	iterations	of	the	statistical	model	in	the	R	software	to	

arrive	at	a	best	fit	model.	The	challenge	was	to	arrive	at	a	repeatable	approach	that	could	

be	 used	 to	 test	 all	 variables	 of	 the	 five	 dependent	 variables	 for	which	 the	multilevel	

analysis	was	used.		

The	proposed	study	does	not	analyse	factors	at	a	subject	level.	However,	universities	have	

rejected	the	idea	of	introducing	the	TEF	at	a	subject	level	as	they	have	been	plagued	by	

statistical	difficulties	(The	Russell	Group,	2019).	Surridge	(2008)	concluded	in	her	study	

that	cross	subject	variations	are	not	significant.	

Some	of	the	terminology	in	the	literature	are	ill	defined,	for	example,	the	interchangeable	

use	of	terms	such	as	categories	and	themes.	The	focus	of	the	qualitative	analysis	in	this	

study	was	on	the	identification	of	themes.		

The	use	of	 the	 framework	method	can	be	 time	consuming	because	understanding	 the	

terminology	is	important.	However,	this	is	mitigated	by	the	relatively	small	number	of	

interviews.	

The	results	were	primarily	based	on	data	for	undergraduate	provision	in	UK	universities;	

therefore,	their	use	in	institutions	with	provisions	that	are	predominantly	postgraduate	

may	be	limited.		

3.7.4 Validity	and	Reliability	

The	quantitative	phase	of	the	research	design	analyses	data	covers	a	significant	number	

of	institutions	(145)	within	the	UK	higher	education	sector.	Only	those	institutions	that	

did	not	have	a	set	of	four	years	of	data	were	omitted.	Universities	that	did	not	participate	

in	 the	NSS	due	 to	not	meeting	 the	minimum	threshold	of	 returns,	 such	as	Oxford	and	

Cambridge,	were	also	omitted	from	the	data	set.	

The	 data	 set	 represented	 a	 comprehensive	 coverage	 of	 the	 population	 of	 English	

universities	within	the	defined	parameters.	The	size	of	the	data	sets	that	were	used	puts	

the	study	in	good	stead	to	produce	highly	reliable	results.	The	use	of	a	sequential	mixed-

methods	approach	also	increased	the	validity	of	the	results.	
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Appropriate	 statistical	 tests,	 such	 as	 t-test	 and	p-value,	were	 calculated	 to	 ensure	 the	

significance	of	the	impact	of	the	independent	variables	on	the	dependent	variables.	

The	 multilevel	 model	 was	 progressively	 developed	 by	 adding	 or	 removing	 variables	

depending	on	 their	 significance,	 and	each	new	model	was	 tested	against	 the	previous	

model	to	determine	whether	it	improved	the	fit.		Results	from	the	model	that	achieved	

the	best	fit	were	used	to	indicate	the	significate	variables	that	impacted	the	dependent	

variable.	

The	comprehensive	representation	of	the	various	types	of	universities	in	the	interviews	

also	enhanced	the	validity	of	the	results.	

3.8 Ethics	

Whilst	most	of	the	secondary	data	is	available	in	the	public	domain,	some	of	the	data	was	

obtained	from	the	HEIDI	Plus	database	(HESA,	2020b)	and	Office	for	Students	website	

(Office	for	Stduents,	2021).	Raw	data	were	aggregated	for	the	purpose	of	the	analysis.	

This	aggregation	prevents	the	identification	of	individual	institutions.	A	HEIDI	Plus	data	

protection	course	was	attended	in	order	to	obtain	the	required	access	to	the	data.		

National	Students	Survey	data	were	available	in	the	public	domain	and	were	downloaded	

from	the	Office	for	Students	website.	

Informed	consent	from	the	interviewees	was	obtained.	An	information	sheet	was	sent	to	

all	participants	prior	to	the	interview	and	a	signed	written	consent	was	obtained	from	

each	 participant.	 	 All	 participants	 were	 informed	 that	 data	 obtained	 through	 the	

interviews	 would	 be	 anonymised	 and	 their	 identity	 as	 well	 as	 the	 identity	 of	 their	

institutions	would	not	be	used.	

The	 information	 sheet	 sent	 to	 participants	 indicated	 the	 purpose	 of	 the	 study,	 the	

interview	questions,	contact	details	for	further	information	and	means	by	which	they	can	

raise	a	concern	or	a	compliant.	

Participation	in	the	interviews	was	voluntary	and	participants	were	free	to	withdraw	at	

any	time	during	their	participation	and	within	six	weeks	after	they	took	part	in	the	study	

without	giving	any	reason.	
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The	ethics	procedures	of	the	University	of	Bath	were	followed.	

3.9 Summary	

Given	 their	 policy	 and	 business	 implications	 for	 universities,	 the	 evidence	 from	 the	

literature	 suggests	 that	 further	 research	 into	 performance	 measurement	 regimes	 in	

higher	 education	 is	 needed.	 The	 tension	 between	 centrally	 imposed	 performance	

frameworks	by	regulators	and	the	performance	management	systems	of	institutions	is	

worth	investigating	to	understand	how	this	tension	manifests	itself	in	institutional	policy.	

	

The	availability	of	 extensive	 secondary	data	which	 is	 consistently	 collected	by	 central	

authorities	provides	a	great	opportunity	for	quantitative	research	in	higher	education.	

	

The	use	of	mixed	methods	research,	though	well-established,	is	rare	in	higher	educational	

research.	The	proposed	study	provides	an	opportunity	for	such	use,	particularly	when	

the	research	questions	lend	themselves	to	this	approach.	

A	 quantitative	method	was	 used	 to	 analyse	 available	 data	 from	 the	Higher	 Education	

Statistics	 Agency	 (HESA)	 about	 UK	 higher	 education	 performance	 indicators.	 This	 is	

followed	 by	 a	 qualitative	 analysis	 of	 the	 responses	 of	 senior	 managers	 in	 British	

Universities	 to	 the	 results	 of	 the	 quantitative	 analysis.	 The	 qualitative	 analysis	

investigated	 how	 senior	 managers	 consider	 such	 performance	 outcomes	 when	

formulating	their	institutional	policies.	

For	the	quantitative	part,	a	multilevel	analysis	was	used	to	identify	the	significant	factors	

that	 impact	 indicator	 outcomes.	 	 For	 the	 qualitative	 part,	 a	 thematic	 analysis	 of	 the	

interview	responses	of	senior	managers	will	be	utilised.	 	This	mixed	research	method	

provided	a	rich	context	in	which	to	understand	the	outcomes	of	the	indicators	and	their	

influence	on	institutional	policy.		

The	 use	 of	 a	 multilevel	 model	 is	 an	 appropriate	 statistical	 technique	 to	 use	 when	

investigating	 the	 relationship	 between	 the	 characteristics	 of	 cohorts	 and	 the	

characteristics	 of	 the	 university	within	which	 they	 are	 studied.	 	 It	 is	 also	 useful	 as	 it	

quantifies	 the	 likely	 impact	of	 the	significant	characteristics	on	performance	 indicator	

outcomes.		
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The	final	design	of	the	research	method	presented	in	this	chapter	was	arrived	at	after	an	

iterative	process	of	going	backward	and	forward	between	the	literature	and	the	data.	Its	

implementation	 was	 not	 without	 challenges	 either.	 The	 biggest	 challenge	 was	 its	

sequential	 nature	which	meant	 that	 the	 quantitative	 phase	had	 to	 be	 completed	 first.	

Another	challenge	was	collating	the	data	and	the	decision-making	process	of	arriving	at	

a	 systematic	way	 to	 include	 or	 exclude	 any	 data.	 Eventually,	 a	 decision	was	made	 to	

include	only	those	institutions	with	a	complete	set	of	data	for	four	years.	

	

The	 development	 of	 the	 final	multilevel	model	was	 also	 a	 challenge.	Due	 to	 the	 large	

number	 of	 factors	 tested,	 the	 model	 for	 each	 outcome	 had	 to	 be	 run	many	 times	 to	

understand	 the	 data	 and	 to	 determine	 the	 final	 set	 of	 factors	which	will	 remain	with	

significant	effects;	then	there	was	the	challenge	of	determining	which	of	these	factors	will	

fit	the	random	slope	model	and	give	the	best	fit.	After	revisiting	the	literature	repeatedly	

and	using	a	simple	process	of	trying-and-trying-again,	a	stepwise	backward	process	for	

eliminating	the	non-significant	factors	gave	the	best	results.			 	
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Chapter	4: The	Quantitative	Results	

4.1 Introduction	

This	study	employed	a	two-level	multilevel	mixed	effect	model	(Hox	et	al.,	2017,	p.8)	for	

the	 quantitative	 phase.	 The	 two	 levels	 are	 cohorts	 (level	 1)	 which	 are	 nested	within	

universities	 (level	 2).	 Each	 level	 is	 characterised	 by	 a	 set	 of	 explanatory	 variables,	

sometimes	referred	to	as	factors	or	independent	variables.	The	multilevel	model	tests	the	

significance	 of	 the	 explanatory	 variables	 to	 predict	 or	 explain	 an	 outcome.	 These	

variables	were	tested	against	six	outcomes.	The	study	focused	on	the	explanatory	aspect	

of	the	factors	rather	than	their	ability	to	predict	the	outcomes.	The	outcomes	can	also	be	

referred	to	as	the	dependent	variables	or,	in	the	context	of	this	study,	as	the	Performance	

Indicators	(PIs).	

The	cohorts	(level	1)	and	the	universities	(level	2)	were	characterised	in	the	model	using	

six	explanatory	variables	for	each	level.	Six	models	were	developed	to	test	the	significant	

effect	of	the	explanatory	variables	on	each	of	the	six	outcomes.	Five	of	the	models	were	

multilevel	models	and	the	sixth	was	an	Ordinary	Least	Squares	(OLS)	linear	regression	

model.	Data	 for	 four	cohorts	 for	 the	academic	years	2015/16,	2016/17,	2017/18,	and	

2018/19	were	 used.	 A	 total	 of	 145	 universities	 and	 institutions	were	 selected.	 Other	

universities	and	institutions	that	did	not	have	a	full	set	of	data	were	excluded.	Definitions	

and	descriptive	statistics	for	all	variables	are	detailed	in	this	chapter.	

4.2 The	Data	Set	

The	data	for	all	explanatory	variables	and	three	of	the	outcomes	were	extracted	from	the	

HESA	database	HEIDI	Plus.	Data	 for	 the	other	 three	outcomes:	perception	of	 teaching	

quality,	assessment	and	 feedback	and	academic	support,	were	extracted	 from	the	NSS	

data,	which	are	available	online	from	Office	for	Students	website.	

In	multilevel	models,	large	samples	are	encouraged	in	order	to	increase	the	accuracy	of	

the	parameters	(factors)	estimates	(Snijders	and	Bosker,	2012).	This	study	uses	a	large	

sample	that	contains	145	institutions.	A	data	set	with	more	than	100	groups	at	level	2	is	

considered	 to	 produce	 robust	 results	 and	 increase	 the	 precession	 of	 the	 predictors	
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estimates	(Shieh	and	Fouladi,	2003;	Snijders	and	Bosker,	2012).	The	institutions	selected	

cover	 the	 four	 nations	 of	 the	 UK	 (England,	 Wales,	 Scotland,	 and	 Northern	 Ireland).	

Analysis	of	data	was	done	for	the	years	(cohorts)	when	data	was	available.	However,	data	

for	some	variables,	for	some	years,	were	not	available.	The	outcomes	for	which	data	were	

unavailable	for	some	years	are:	

• The	 non-continuation	 outcome	 data	 were	 available	 for	 three	 years	 only	 as	 the	

2018/19	data	were	not	yet	released	at	the	time	of	the	analysis.	This	is	because	this	

outcome	measures	non-continuation	after	one	year	of	study.	

• The	employability	and	further	study	outcome	data	were	available	for	two	years	only	

(2015/16	and	2016/17).	This	is	because	the	way	this	outcome	is	now	measured	has	

changed	and	a	new	indicator	currently	in	use	has	incomparable	data.	

• The	 high-skilled	 employability	 outcome	 has	 data	 available	 only	 for	 one	 year	

(2017/18)	at	the	time	of	the	analysis	as	it	is	a	new	outcome.	For	this	outcome,	it	was	

not	 feasible	 to	 conduct	 multilevel	 analysis	 and	 an	 Ordinary	 Least	 Squares	 (OLS)	

regression	was	used.	

• The	 POLAR4	data	 for	 students	 from	 low	participation	 areas	were	 available	 for	 all	

countries	except	Scotland,	which	uses	a	different	measure.	The	data	for	the	Scottish	

measure	were	incomparable	with	POLAR4	data	used	in	the	other	three	nations.	The	

model	automatically	excluded	Scottish	institutions	from	the	analysis	for	this	variable	

only.	

The	remaining	fifteen	variables	(12	explanatory	and	three	outcomes)	have	data	available	

for	four	years.	

4.3 The	Explanatory	Variables	for	Universities	(Level	2)	

In	this	section,	the	descriptive	statistics	of	the	explanatory	factors	for	universities	(level	

2)	 are	 presented	 and	 discussed.	 A	 correlation	 matrix	 in	 Table	 4.1	 demonstrates	 the	

Pearson’s	correlation	coefficient	between	the	variables.	The	closer	the	figure	is	to	+1	or	-

1,	the	stronger	the	correlation.	

There	are	three	correlations	coefficients	in	Table	4.1	that	are	higher	than	0.5.	These	are	

between	research	income	(l2_research)	and	overall	income	(l2_income),	between	overall	
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income	and	the	size	of	the	student	population	expressed	in	full	person	equivalent	(l2_fpe)	

and	between	full	person	equivalent	and	the	number	of	principal	subjects	delivered	in	a	

university	 (l2_subject).	 Although,	 this	 may	 raise	 an	 initial	 concern,	 the	 issue	 of	

collinearity	will	be	discussed	later	in	this	chapter	(Shieh	and	Fouladi,	2003).		

The	strong	correlation	between	some	of	 the	variables	was	considered	carefully	as	 the	

context	of	each	predictor	(variable)	is	different.	Selected	variables	control	for	different	

treatments	contextually,	e.g.,	l2_fpe	is	used	to	measure	the	size	of	the	student	population,	

which	is	different	from	l2_subject	which	is	used	to	measure	the	multidisciplinary	nature	

of	the	institution.	

Removing	 an	 explanatory	 variable	 based	 only	 on	 strong	 correlation	 with	 another	

explanatory	 variable	 is	 unwise	 at	 this	 stage	 and	 may	 give	 undue	 power	 to	 another	

variable	(predictor)	that	may	have	a	non-significant	estimate	in	the	multilevel	model.	In	

any	case,	a	correlation	that	is	of	0.5	or	less	is	not	a	concern	according	to	a	study	by	Bonate	

(1999).	

The	use	of	correlation	matrix	is	primarily	to	understand	the	structure	of	the	data,	which	

will	aid	the	discussion	of	the	results.	Therefore,	it	is	useful	to	note	the	strong	correlation	

between	the	overall	income	of	the	institution	and	both	the	research	income	and	the	size	

of	the	student	population.	It	is	also	worth	noting	that	London	as	a	predictor	has	a	weak	

correlation	with	all	other	predictors	from	level	2.		

	 	



96	

	

Variables	(r)	 l2_research	 l2_income	 l2_ssr	 l2_fpe	 l2_subject	 l2_london	

l2_research	 1.000	
	 	 	 	

		

l2_income	 0.935	 1.000	
	 	 	

		

l2_ssr	 -0.316	 -0.295	 1.000	
	 	

		

l2_fpe	 0.418	 0.668	 0.008	 1.000	
	

		

l2_subject	 0.290	 0.490	 0.128	 0.801	 1.000	 		

l2_london	 0.080	 0.030	 -0.183	 -0.221	 -0.281	 1.000	

Table	4.1	Correlation	matrix	for	university’s	explanatory	factors	(level	2)	

The	significance	of	 the	correlation	between	the	 level	2	variables	was	 tested	and	 the	p	

value	is	included	in	Table	4.2.	A	confidence	level	of	more	than	99.9%	is	indicated	by	0.000	

in	 Table	 4.2.	 It	 is	 not	 a	 surprise	 that	most	 correlations	 between	 variables	 are	 highly	

significant,	even	those	with	small	coefficient.	This	is	because	the	data	set	is	homogenous	

and	contains	a	large	number	of	elements	(observations)	covering	a	large	proportion	of	

the	population	(universities).	Therefore,	the	p	value	for	the	correlation	between	variables	

is	 not	particularly	 relevant	 to	 this	 study	 and	will	 not	 be	presented	 for	 the	 rest	 of	 the	

variables.	However,	the	significance	of	the	variable	estimates	will	be	tested	during	the	

development	of	the	multilevel	models.	

The	 two	 correlations	 which	 were	 not	 significant	 were	 between	 l2_income	 and	 the	

explanatory	variable	London	(l2_london),	and	between	the	student	staff	ratio	(l2_ssr)	and	

l2_fpe.	In	both	cases,	the	correlation	coefficient	in	Table	4.1	was	very	weak,	0.080	and	

0.008,	respectively.	
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Variables	(p-value)	 l2_research	 l2_income	 l2_ssr	 l2_fpe	 l2_subject	 l2_london	

l2_research	 NA	 	 	 	 	 	

l2_income	 0.000	 NA	 	 	 	 	

l2_ssr	 0.000	 0.000	 NA	 	 	 	

l2_fpe	 0.000	 0.000	 0.843	 NA	 	 	

l2_subject	 0.000	 0.000	 0.002	 0.000	 NA	 	

l2_london	 0.053	 0.474	 0.000	 0.000	 0.000	 NA	

Table	 4.2	 The	 p	 value	 for	 the	 significance	 of	 the	 correlation	 among	 level	 2	 explanatory	

variables	

4.3.1 Research	Income	

This	was	 the	 annual	 income	 of	 research	 in	 £million	which	 accounts	 for	 income	 from	

research	grants	and	contracts	as	reported	by	universities	to	HESA	for	HESA’s	Table	1c	

(Consolidated	statement	of	comprehensive	income	expenditure).	

The	entire	data	set	consisted	of	a	 total	of	580	elements.	Of	 these,	468	are	 for	England	

(80.7%,	mean	 =	 30.9),	 16	 for	 Northern	 Ireland	 (2.8%,	mean	 =	 25.9),	 68	 for	 Scotland	

(11.7%,	 mean	 =	 45.9)	 and	 28	 for	 Wales	 (4.8%,	 mean	 =	 30.6).	 	 The	 total	 number	 of	

observations	 (n)	 =	 580	 of	which	 100%	were	 valid	with	 no	missing	 elements	 and	 the	

number	 of	 groups	 (countries)	 =	 4.	 The	 difference	 between	 London	 and	 non-London	

institutions	was	not	significant.	

Table	4.3	 shows	 the	descriptive	 statistics	of	 the	 research	 income	variable	by	 country.	

There	were	25	elements	with	zero	(less	 than	£5K)	research	 income	 in	some	years	 for	

some	institutions.	This	does	not	necessarily	mean	that	the	same	institution	reported	zero	

research	income	for	all	four	years.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 30.9	 25.9	 45.9	 30.6	 32.48	 29.6	 43.4	

median	 4.6	 0.3	 11.5	 18.4	 5.52	 6.2	 4.2	

sd	 70.8	 36.5	 73.5	 38.6	 69.26	 53.4	 110.5	

IQR	 16.4	 40.5	 57	 39.4	 28.92	 34.6	 12.3	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 25	 0	 0	 0	 0	 19	 6	

Table	4.3	Descriptive	statistics	for	Research	Income	by	country	for	four	years	

The	density	plot,	box	plot	and	cumulative	function	diagram	in	Figure	4.1	shows	a	peak	of	

a	 large	 number	 of	 universities	 with	 little	 research	 income	 and	 a	 small	 number	 of	

universities	with	a	high	research	income,	which	is	a	confirmation	that	research	income	is	

highly	concentrated	within	a	small	proportion	of	universities.	

The	data	set	indicates	that	90.4%	of	the	research	income	is	accounted	for	by	27.8%	of	the	

institutions	whilst	the	remaining	72.2%	of	the	institutions	accounts	for	only	9.4%	or	the	

research	income	of	the	entire	population	in	the	data	set.		

The	data	also	indicate	further	concentration	at	the	top	10%	of	institutions	where	they	

account	for	62.4%	of	the	total	research	income	of	the	population	in	the	data	set.	It	is	worth	

noting	that	the	data	set	does	not	include	the	University	of	Cambridge	and	the	University	

of	Oxford	as	they	did	not	have	full	four	years	data	for	the	NSS	indicators.	Including	them	

would	 have	 shown	 further	 concentration	 of	 research	 income	 at	 the	 top	 10%	 of	

institutions.		
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Figure	4.1	Density	plot,	boxplot	and	cumulative	function	of	the	level	2	explanatory	variable	

Research	Income	

4.3.2 Total	Income	

This	 is	 the	 annual	 overall	 income	 in	 £	 millions	 as	 reported	 by	 higher	 education	

institutions	to	HESA.	

The	entire	data	set	consisted	of	a	 total	of	580	elements.	Of	 these,	468	are	 for	England	

(80.7%,	 mean	 =	 222),	 16	 Northern	 Ireland	 (2.8%,	 mean	 =	 137),	 68	 are	 for	 Scotland	

(11.7%,	 mean	 =	 214)	 and	 28	 are	 for	 Wales	 (4.8%,	 mean	 216).	 The	 total	 number	 of	

observations	 (n)	 =	 580	 of	which	 the	 valid	 elements	 =	 580	 (100.0%)	with	 no	missing	

elements	 and	 the	 number	 of	 groups	 (countries)	 =	 4.	 Table	 4.4	 shows	 details	 and	 the	

breakdown	by	country	with	 figures	 for	all	nations	excluding	London	and	London.	The	

difference	between	London	and	non-London	institutions	was	not	significant.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 221.6	 137.3	 214.3	 215.9	 218.13	 214.7	 231.3	

median	 163.1	 64.2	 120	 144.9	 153.72	 165.1	 121.9	

sd	 230.6	 145.3	 240.9	 142.5	 8.77	 198.3	 312.5	

IQR	 205.4	 231.6	 162.5	 163.7	 198.21	 197.6	 161.2	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.4	Overall	income	by	country	for	four	years	

4.3.3 Students-Staff	Ratio	(SSR)	

This	is	the	ratio	of	the	number	of	students	per	member	of	academic	staff	as	reported	by	

higher	education	institutions	to	HESA	annually.		

The	entire	data	set	consisted	of	a	 total	of	580	elements.	Of	 these,	468	are	 for	England	

(80.7%,	mean	=	15.5),	16	for	Northern	Ireland	(2.8%,	mean	=	20.8),	68	are	for	Scotland	

(11.7%,	mean	 =	 16.1)	 and	 28	 are	 for	Wales	 (4.8%,	mean	 =	 16).	 The	 total	 number	 of	

observations	(n)=	580	of	which	the	valid	elements	were	580	(100.0%)	with	no	missing	

elements	and	the	number	of	groups	(countries)	=	4.	Table	4.5	shows	more	details	and	the	

breakdown	 by	 country	 and	 the	 figures	 for	 London	 versus	 all	 excluding	 London.	 The	

difference	between	London	and	non-London	institutions	was	significant.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 15.5	 20.8	 16.1	 16	 15.77	 16.1	 14.6	

median	 15.6	 19.8	 16.4	 15.6	 15.7	 15.8	 14.8	

sd	 3	 5	 3.9	 1.6	 3.24	 2.8	 4.3	

IQR	 3.2	 6.7	 6.1	 1.6	 3.4	 3.1	 5.7	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.5	Students-staff	ratio	(SSR)	by	country	for	four	years	

4.3.4 Full	Person	Equivalent	

This	 is	 a	 count	 of	 student	 instances.	Where	 a	 student	 is	 studying	 for	more	 than	 one	

subject,	the	student	is	apportioned	to	the	subjects	being	studied.	Each	instance	still	gives	

a	value	of	1.	The	portions	are	added	up	when	reporting	by	subject.	This	figure	is	reported	

by	higher	education	institutions	annually	(HESA,	2021b).	The	figures	used	are	students	

studying	for	undergraduate	courses	and	calculated	in	thousands.	

The	data	set	consisted	of	a	total	of	580	elements.	Of	these,	468	are	for	England	(80.7%,	

mean	=	11.29),	16	for	Northern	Ireland	(2.8%,	mean	=	9.98),	68	are	for	Scotland	(11.7%,	

mean	=	9.5)	and	28	are	for	Wales	(4.8%,	mean	=	13).	The	total	number	of	observations	

(n)	=	580	of	which	the	valid	elements	=	580	(100.0%)	with	no	missing	elements	and	the	

number	 of	 groups	 (countries)	 =	 4.	 Table	 4.6	 shows	more	 details,	 and	 the	 figures	 are	

broken	down	by	country.	The	difference	between	London	and	non-London	institutions	

was	significant.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 11.3	 10	 9.5	 13	 11.12	 11.9	 8.1	

median	 11.2	 9.9	 9.1	 9	 10.73	 11.6	 8.7	

sd	 7.1	 9.2	 6.1	 6	 7.03	 7.1	 5.9	

IQR	 11.2	 17.6	 9.8	 9.4	 11.03	 11.3	 10.6	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0.00%	 0.00%	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.6	Full	person	equivalent	by	country	

4.3.5 Number	of	Subjects	Delivered	by	a	University	

This	 is	 the	 number	 of	 principal	 subjects	 delivered	 by	 an	 institution	 as	 reported	 by	

universities	 annually	 to	HESA	according	 to	 JACS	3.0	 codes,	which	were	 introduced	by	

HESA	in	2012/13.	There	are	19	principal	subject	groups	according	to	 JACS	3.0	(HESA,	

2021e).	In	the	data	set,	the	largest	number	of	principal	subjects	delivered	by	a	university	

in	a	cohort	is	19	and	the	smallest	is	1.	

The	data	set	consisted	of	a	total	of	580	elements.	Of	these,	468	are	England	(80.7%,	mean	

=	12.01),	16	Northern	Ireland	(2.8%,	mean	=	9.75),	for	Scotland	(11.7%,	mean	=	11.5)	and	

28	are	for	Wales	(4.8%,	mean	=	14.9).	

The	total	number	of	observations	(n)=	580	of	which	the	valid	elements	=	580	(100.0%)	

with	no	missing	elements	and	the	number	of	groups	(countries)	=	4.	 	Table	4.7	shows	

more	details,	and	the	figures	are	broken	down	by	country.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 12	 9.8	 11.5	 14.9	 12.04	 12.8	 9.3	

median	 14	 10	 12	 15	 14	 14	 11	

sd	 5	 7.5	 4.8	 1.8	 4.98	 4.6	 5.4	

IQR	 6	 14.2	 6	 3	 6	 5	 10	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0.00%	 0.00%	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.7	Number	of	principal	subjects	by	country	

4.3.6 London	Location	

The	London	location	was	used	as	a	categorical	independent	variable	(0	or	1),	1	being	in	

London.	 It	 was	 used	 to	 test	 if	 the	 London	 location	 has	 a	 significant	 impact	 on	 the	

outcomes.	There	were	30	institutions	located	in	London	representing	20.7%	out	of	145	

institutions	in	the	data	set.	The	descriptive	statistics	for	London	institutions	versus	all	

institutions	are	presented	for	each	variable	in	the	relevant	table.	

4.4 The	Explanatory	Variables	(Factors)	for	Cohorts	(Level	1)	

The	correlation	matrix	in	Table	4.8	shows	only	three	coefficients	higher	than	0.5.	These	

were	between:	

• the	average	tariff	for	the	cohort	(l1_tariff)	and	the	average	age	of	the	cohort	(l1_age),		

• the	percentage	of	UK	domiciled	students	(l1_ukdom)	and	the	percentage	of	ethnically	

White	students	in	the	cohort	(l1_white)	and		

• between	 l1_ukdom	 and	 percentage	 of	 students	 from	 low	 higher	 education	

participation	neighbourhoods	(l1_polar4).	

	



104	

During	the	development	of	the	multilevel	models,	as	will	be	discussed	in	later	sections,	

the	average	age	variable	(l1_age)	did	not	have	a	significant	estimate	against	any	of	the	

outcomes	and	was	removed	from	the	final	model	for	all	six	outcomes.	

Variables	 l1_female		 l1_age	 l1_tariff	 l1_ukdom		 l1_white		 l1_polar4		

l1_female		 1.0000	
	 	 	 	 	

l1_age	 0.1038	 1.0000	
	 	 	 	

l1_tariff	 -0.1762	 -0.6472	 1.0000	
	 	 	

l1_ukdom		 0.2599	 0.3835	 -0.3848	 1.0000	
	 	

l1_white		 0.1796	 0.0695	 0.0235	 0.5944	 1.0000	
	

l1_polar4		 0.1470	 0.2482	 -0.3117	 0.5610	 0.4986	 1.0000	

Table	4.8	Correlation	matrix	for	cohort	factors	(level	1)	

4.4.1 Gender	

The	percentage	of	female	students	in	the	cohort	is	used	to	measure	for	the	effect	of	the	

gender	on	the	six	outcomes.		The	gender	split	was	male,	female	and	other.		This	is	part	of	

the	 annual	 reporting	 by	 universities	 on	 student	 demographics.	 The	 figures	 used	 to	

calculate	 the	 percentage	were	 full	 person	 equivalent	 for	 undergraduate	 students	 and	

calculated	in	thousands.	

The	descriptive	statistics	shown	in	Table	4.9	for	the	variable	percentage	of	females	in	a	

cohort,	shows	that	the	data	set	consisted	of	a	total	of	580	elements.	Of	these,	468	are	from	

England	 (80.7%,	 mean	 =	 57.9),	 16	 from	 Northern	 Ireland	 (2.8%,	 mean	 =	 65.6),	 for	

Scotland	 (11.7%,	mean	 =	 58.7)	 and	 28	 are	 for	Wales	 (4.8%,	mean	 =	 54.2).	 The	 total	

number	of	observations	(n)	=	580	of	which	the	valid	elements	=	580	(100.0%)	with	no	

missing	 elements	 and	 the	 number	 of	 groups	 (countries)	 =	 4.	 The	 difference	 between	

London	and	non-London	institutions	was	not	significant.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 57.9	 65.6	 58.7	 54.2	 58.05	 57.9	 58.5	

median	 56.4	 63.4	 58.7	 54.7	 56.78	 56.5	 58.4	

sd	 8.6	 11.5	 7.8	 4.6	 8.54	 8.3	 9.6	

IQR	 10.2	 19.1	 9.4	 4.3	 9.99	 10	 9.9	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.9	Percentage	of	females	in	a	cohort	by	country	

4.4.2 Average	Age	in	Cohorts	

This	is	the	average	age	on	31	August	by	full	person	equivalent	per	cohort	in	an	academic	

year	for	each	academic	year.	All	students	studying	in	an	academic	year	are	considered	as	

a	single	cohort.	The	figures	used	are	for	undergraduate	students.	

The	descriptive	statistics	shown	in	Table	4.10	for	the	variable	average	age	of	a	cohort	

shows	 that	 the	 data	 set	 consisted	 of	 a	 total	 of	 580	 elements.	 Of	 these,	 468	 are	 from	

England	 (80.7%,	mean	 =	 22.4),	 16	 from	Northern	 Ireland	 (2.8%,	mean	 =	 22.2),	 from	

Scotland	(11.7%,	mean	=	22.7)	and	28	are	from	Wales	(4.8%,	mean	=	24).	

The	total	number	of	observations	(n)=	580	of	which	the	valid	elements	=	580	(100.0%)	

with	 no	missing	 elements	 and	 the	 number	 of	 groups	 (countries)	 =	 4.	 The	 difference	

between	London	and	non-London	institutions	was	not	significant.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 22.4	 22.2	 22.7	 24	 22.53	 22.5	 22.6	

median	 22	 22	 23	 23	 22	 22	 21.5	

sd	 2.4	 2.3	 1.5	 1.8	 2.31	 2.1	 2.9	

IQR	 4	 3	 2.2	 1	 3	 3	 5	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.10	Average	age	of	cohorts	by	country	

4.4.3 Average	Tariff	for	a	Cohort	

This	is	the	average	entry	tariff	by	full	person	equivalent	per	cohort	in	an	academic	year	

for	each	academic	year.	The	figures	used	are	for	undergraduate	students.	

The	descriptive	statistics	shown	in	Table	4.11	for	the	variable	average	tariff	for	a	cohort	

shows	that	the	data	set	consisted	of	a	total	of	580	elements.	Of	these,	468	are	England	

(80.7%,	mean	=	95.9),	16	Northern	Ireland	(2.8%,	mean	=	102.2),	from	Scotland	(11.7%,	

mean	 =	 95.9)	 and	 28	 are	 from	 Wales	 (4.8%,	 mean	 =	 78.8).	 The	 total	 number	 of	

observations	 (n)=	 580	 of	 which	 the	 valid	 elements	 =	 580	 (100.0%)	 with	 no	missing	

elements	and	the	number	of	groups	(countries)	=	4.	The	difference	between	London	and	

non-London	institutions	was	not	significant.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 95.9	 102.2	 95.9	 78.8	 95.23	 96	 92.3	

median	 93.6	 96.9	 94.9	 82.9	 93.4	 94.9	 90.4	

sd	 32.3	 19	 28.5	 25.1	 31.48	 29.6	 37.9	

IQR	 38.5	 16.5	 38.4	 41.4	 37.71	 37.5	 42.8	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.11	Average	tariff	for	cohorts	by	country	

4.4.4 Percentage	of	UK	Domiciled	Students	in	a	Cohort	

This	is	the	percentage	of	students	that	are	UK	domiciled	in	a	cohort	as	reported	annually	

by	institutions.	The	figures	used	are	for	undergraduate	students.	

The	 descriptive	 statistics	 shown	 in	 Table	 4.12	 for	 the	 variable	 the	 percentage	 of	 UK	

domiciled	students	in	a	cohort	shows	that	the	data	set	consisted	of	a	total	of	580	elements.	

Of	these,	468	are	England	(80.7%,	mean	=	85.2),	16	Northern	Ireland	(2.8%,	mean	=	95.5),	

from	Scotland	(11.7%,	mean	=	82.1)	and	28	are	from	Wales	(4.8%,	mean	=	87.3).		

The	total	number	of	observations	(n)=	580	of	which	the	valid	elements	=	580	(100.0%)	

with	 no	missing	 elements	 and	 the	 number	 of	 groups	 (countries)	 =	 4.	 The	 difference	

between	London	and	non-London	institutions	was	significant.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 85.2	 95.5	 82.1	 87.3	 85.22	 87.3	 77.3	

median	 87.5	 96.4	 84.8	 86.4	 87.22	 88.6	 80.4	

sd	 10.7	 3.7	 9.5	 4.4	 10.38	 8.2	 13.7	

IQR	 13.3	 5.3	 13.8	 5.9	 13.07	 11.9	 21.4	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.12	Percentage	of	UK	domiciled	students	in	cohorts	by	country	

4.4.5 Ethnicity:	Percentage	of	White	Students	in	Cohorts	by	Country	

This	is	the	percentage	of	students	that	have	been	declared	as	ethnically	White	in	a	cohort	

as	reported	annually	by	 institutions.	The	 figures	used	are	 for	undergraduate	students.	

This	variable	is	used	to	test	the	effect	of	ethnicity	on	outcomes.	

The	descriptive	statistics	shown	in	Table	4.13	are	for	the	variable	percentage	of	ethnically	

White	students	in	a	cohort.	The	data	set	consisted	of	a	total	of	580	elements.	Of	these,	468	

are	England	(80.7%,	mean	=	62),	16	Northern	Ireland	(2.8%,	mean	=	93.5),	from	Scotland	

(11.7%,	mean	=	74.5)	and	28	are	from	Wales	(4.8%,	mean	=	76).		

The	total	number	of	observations	(n)	=	580	of	which	the	valid	elements	=	580	(100.0%)	

with	 no	missing	 elements	 and	 the	 number	 of	 groups	 (countries)	 =	 4.	 The	 difference	

between	London	and	non-London	institutions	was	significant.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 62	 93.5	 74.5	 76	 65.01	 70.8	 42.8	

median	 65.2	 94.4	 77.4	 76.2	 68.53	 71.9	 39.4	

sd	 19.7	 5.3	 9.5	 4.5	 19.28	 15.3	 16.6	

IQR	 29.5	 8.4	 13.3	 6.7	 28.59	 20.1	 24.2	

n	 468	 16	 68	 28	 580	 460	 120	

np	 80.70%	 2.80%	 11.70%	 4.80%	 100%	 79.30%	 20.70%	

NAs	 0	 0	 0	 0	 0	 0	 0	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.13	Percentage	of	ethnically	white	students	in	cohorts	by	country	

4.4.6 Socioeconomic	Background	of	Cohorts	(POLAR4	quantile	1)	

This	is	the	percentage	of	students	in	a	cohort	that	have	been	reported	as	being	from	a	

neighbourhood	 with	 low	 participation	 in	 higher	 education	 according	 to	 POLAR4	

classification.	 POLAR4	 divides	 areas	 in	 the	 countries	 into	 five	 quantiles.	 Quantile	 1	

represents	the	areas	with	lowest	participation	in	higher	education.	The	figures	used	in	

this	study	are	for	quantile	1	and	are	for	undergraduate	students.	This	variable	is	used	as	

a	proxy	to	test	the	effect	of	student	socioeconomic	backgrounds	of	on	outcomes.	

The	descriptive	 statistics	 shown	 in	Table	4.14	 for	 the	 variable	 percentage	 of	 POLAR4	

quantile	1	students	in	a	cohort	shows	that	the	data	set	consisted	of	a	total	of	512	valid	

elements.	Of	these,	468	are	England	(80.7%,	mean	=	10.8),	16	Northern	Ireland	(2.8%,	

mean	=	8.6),	 and	28	 are	 from	Wales	 (4.8%,	mean	=	13.7)	 and	none	 from	Scotland	 as	

Scottish	institutions	don’t	report	POLAR4	figures	

The	total	number	of	observations	(n)	=	512	of	which	the	valid	elements	=	512	(100%)	

with	no	missing	elements,	68	elements	not	applicable	(all	from	Scotland)	and	10	zeros	(9	

from	London	and	1	from	England),	the	number	of	groups	(countries)	=	3.	The	difference	

between	London	and	non-London	institutions	was	significant.	
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The	zero	elements	were	for	cohorts	in	institutions	that	did	not	have	any	students	from	

POLAR4	 quantile	 1.	 These	 institutions	 include	 the	 Royal	 College	 of	 Music,	 the	 Royal	

Academy	of	Music	and	the	Royal	Agricultural	University.		

Description	 England	 Northern	

Ireland	

Wales	 All	

(no	Scotland)	

All	

Excluding	

London	

London	

mean	 10.8	 8.6	 13.7	 10.86	 12.7	 4.8	

median	 9.6	 8.3	 13.1	 10	 12.8	 4.9	

sd	 6	 1.7	 3.3	 5.81	 5.3	 2.2	

IQR	 9.1	 2.3	 5.3	 8.65	 8.1	 2.5	

n	 468	 16	 28	 512	 392	 120	

np	 80.70%	 2.80%	 4.80%	 88.30%	 76.60%	 23.40%	

NAs	 0	 0	 0	 68	 68	 0	

0s	 10	 0	 0	 0	 1	 9	

Table	4.14	POLAR4	(Quantile	1)	for	cohorts	by	country	(excluding	Scotland)	

4.5 Performance	Indicators	(Outcomes)	

Table	 4.15	 shows	 the	 correlation	 between	 the	 outcome	 variables;	 there	 is	 a	 strong	

correlation	between	the	teaching	variable	and	the	variables	for	assessment	and	support	

as	 well	 as	 between	 the	 variable	 assessment	 and	 the	 variable	 support.	 This	 is	 not	 a	

surprise	 as	 all	 three	 variables	 relate	 to	 the	 NSS	 and	 the	 same	 student	 would	 have	

answered	the	questions	for	all	three	variables	in	the	NSS	survey.		

Variables	
Non-

continuation	
Teaching	 Assessment	 Support	 Employability	

High-

skilled		

Non-

continuation	
1.0000	 	 	 	 	 	

Teaching	 -0.2541	 1.0000	 	 	 	 	

Assessment	 0.1024	 0.5873	 1.0000	 	 	 	

Support	 -0.0976	 0.5912	 0.6098	 1.0000	 	 	

Employability	 -0.3228	 0.2776	 0.1326	 0.1839	 1.0000	 NA	

High-skilled	 -0.3339	 -0.0195	 -0.4316	 -0.1215	 NA	 1.0000	

Table	4.15	Correlation	matrix	for	outcome	variables	
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4.5.1 The	Non-continuation	Outcome	

This	 outcome	 measures	 the	 percentage	 of	 students	 leaving	 higher	 education	 (non-

continuation)	 following	 the	 year	 of	 entry.	 This	 is	 for	 UK	 domiciled	 full-time	

undergraduate	entrants	who	did	not	 leave	within	50	days	of	commencement	at	an	HE	

providers.	HESA	states	that	‘This	method	is	based	on	tracking	students	from	the	year	they	

enter	an	HE	provider	to	the	following	year	(for	full-time	students,	Table	T3a-T3d)’	(HESA,	

2021f).	

The	data	set	consisted	of	434	elements.	Of	these,	351	were	from	England	(80.9%,	mean	=	

7.87),	 12	 were	 from	 Northern	 Ireland	 (2.8%,	 mean	 =	 5.35),	 50	 were	 from	 Scotland	

(11.5%,	mean	=	7.7),	and	21	were	from	Wales	(4.8%,	mean	=	7.7).	

The	descriptive	statistics	shown	in	Table	4.16	for	the	outcome	variable	non-continuation	

shows	that	the	data	set	consisted	of	580	elements	of	which	434	(74.8%)	were	valid	and,	

146	(25.2%)	missing	and	the	number	of	groups	(countries)	=	4.	Of	those	missing,	145	

elements	were	for	the	year	2018/19	where	there	were	no	data	available.	The	difference	

between	London	and	non-London	institutions	was	not	significant.	

Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 7.9	 5.4	 7.3	 7.7	 7.7	 7.6	 8.1	

median	 7.6	 4.6	 7.2	 5.6	 7.5	 7.4	 8.4	

sd	 4.1	 2.2	 3.3	 3.3	 3.9	 3.7	 4.8	

IQR	 6	 2.4	 5	 6	 5.7	 5.3	 7.8	

n	 351	 12	 50	 21	 434.0	 344	 90	

np	 80.90%	 2.80%	 11.50%	 4.80%	 74.83	 79.30%	 20.70%	

NAs	 117	 4	 18	 7	 146	 116	 30	

0s	 1	 0	 0	 0	 0	 0	 1	

Table	4.16	Descriptive	statistics	for	the	non-continuation	outcome	by	country	
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4.5.2 Perception	of	Teaching	Quality	Outcome	

The	data	for	this	outcome	represent	the	average	score	for	answers	to	the	four	questions	

in	the	NSS	under	the	heading	“Teaching	on	my	course”.	The	score	is	the	percentage	of	the	

respondents	who	answered	the	questions	with	either	“definitely	agree	or	mostly	agree”.	

For	the	purpose	of	 this	study,	 this	outcome	will	be	called	the	teaching	outcome.	Table	

4.17	shows	the	descriptive	statistics	 for	the	outcome	variable	teaching.	The	difference	

between	London	and	non-London	institutions	was	significant.	

Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 84.8	 87.1	 84.7	 85.8	 84.89	 85.3	 83.1	

median	 84.8	 85.9	 85.2	 86	 84.95	 85.2	 82.3	

sd	 3.4	 3.5	 4.3	 2.9	 3.54	 3	 4.7	

IQR	 4.1	 3.6	 5.1	 4.2	 4.23	 3.7	 5.2	

n	 460	 16	 67	 28	 571	 455	 116	

np	 80.60%	 2.80%	 11.70%	 4.90%	 98.45%	 79.70%	 20.30%	

NAs	 8	 0	 1	 0	 9	 5	 4	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.17	Descriptive	statistics	of	teaching	outcome	by	country	

4.5.3 Perception	of	Assessment	and	Feedback	

The	data	for	this	outcome	represent	the	average	score	for	answers	to	the	four	questions	

in	the	NSS	under	the	heading	“Assessment	and	feedback”.	The	score	is	the	percentage	of	

the	 respondents	who	 answered	 the	 questions	with	 either	 “definitely	 agree	 or	mostly	

agree”.	For	the	purpose	of	this	study,	this	outcome	will	be	called	the	assessment	outcome.	

Table	 4.18	 shows	 the	 descriptive	 statistics	 for	 the	 outcome	 variable	 assessment.	 The	

difference	between	London	and	non-London	institutions	was	significant.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 73.6	 74.6	 71	 76.5	 73.47	 74.3	 70.2	

median	 74.1	 74.5	 71	 77	 73.96	 74.5	 70.5	

sd	 5.1	 7.6	 5.9	 4.4	 5.32	 4.8	 5.8	

IQR	 6.1	 6.8	 8.3	 7.3	 6.62	 6.1	 7.3	

n	 460	 16	 67	 28	 571	 455	 116	

np	 80.60%	 2.80%	 11.70%	 4.90%	 98.45%	 79.70%	 20.30%	

NAs	 8	 0	 1	 0	 9	 5	 4	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.18	Perception	of	assessment	and	feedback	outcome	by	country	

4.5.4 Perception	of	Academic	Support	

The	data	for	this	outcome	represent	the	average	score	for	answers	to	the	three	questions	

in	 the	NSS	under	 the	heading	 “Academic	 support”.	 The	 score	 is	 the	percentage	of	 the	

respondents	who	answered	the	questions	with	either	“definitely	agree	or	mostly	agree”.	

For	the	purpose	of	this	study,	this	outcome	will	be	called	the	support	outcome.	

Table	 4.19	 shows	 the	 descriptive	 statistics	 for	 the	 outcome	 variable	 support.	 The	

difference	between	London	and	non-London	institutions	was	significant.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	 Excluding	

London	
London	

mean	 79.6	 82.4	 78.1	 81.7	 79.61	 80.4	 76.5	

median	 79.8	 82.7	 78	 82	 79.76	 80.4	 76.4	

sd	 4.2	 4.3	 5	 3.4	 4.38	 3.8	 5	

IQR	 5	 3.9	 5.2	 5	 5.05	 4.7	 5.9	

n	 460	 16	 67	 28	 571	 455	 116	

np	 80.60%	 2.80%	 11.70%	 4.90%	 98.45%	 79.70%	 20.30%	

NAs	 8	 0	 1	 0	 9	 5	 4	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.19	Perception	of	academic	support	outcome	by	country	

4.5.5 Employability	and	Further	Study	Outcome	

This	variable	used	the	HESA	data	for	the	percentage	of	graduates	with	an	undergraduate	

first	degree	who	were	employed,	studying	or	both	after	six	months	of	graduation	(HESA,	

2021a).	 The	 data	 are	 from	 the	Destination	 of	 Leavers	 from	Higher	 Education	 (DLHE)	

survey.	Table	4.20	shows	the	descriptive	statistics	for	the	outcome	variable	employability	

and	further	study.	The	difference	between	London	and	non-London	institutions	was	not	

significant	at	99%	confidence	level.	
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Description	 England	 Northern	

Ireland	

Scotland	 Wales	 All	 All	

Excluding	

London	

London	

mean	 94.2	 96.6	 95.1	 95.3	 94.46	 94.7	 93.7	

median	 94.6	 96	 95.2	 95	 94.8	 94.9	 93.2	

sd	 2.6	 2.5	 2.1	 1.7	 2.57	 2.3	 3.4	

IQR	 3.3	 4.7	 2	 1.1	 3.1	 2.8	 5.4	

n	 233	 8	 34	 14	 289	 229	 60	

np	 80.60%	 2.80%	 11.80%	 4.80%	 49.83%	 79.20%	 20.80%	

NAs	 235	 8	 34	 14	 291	 231	 60	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.20	Employability	and	further	study	outcome	by	country	

4.5.6 High-skilled	Employability	

This	outcome	measures	the	percentage	of	students	who	were	in	employment,	which	is	

classified	as	high-skilled	employability,	after	15	months	from	completing	their	studies.	It	

is	part	of	the	“Graduate	Outcomes	Survey”	that	was	first	launched	for	2017/18	graduates	

(HESA,	2019a).	The	data	used	for	this	study	covered	graduates	that	studied	full-time	for	

their	first	degree.	Only	data	for	2017/18	were	available	at	the	time	of	the	analysis.	

Table	 4.21	 shows	 the	 descriptive	 statistics	 for	 the	 outcome	 variable	 high-skilled	

employability.	The	data	set	consisted	of	145	elements.	Of	these,	117	were	for	England	

(80.7%,	mean	=	55.0),	 4	were	 for	Northern	 Ireland	 (2.8%,	mean	=	63.2),	 17	were	 for	

Scotland	 (11.75,	mean	=	57.1),	 7	were	 for	Wales	 (4.8%,	mean	=	47.1).	The	difference	

between	London	and	non-London	institutions	was	not	significant.	
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Description	 England	
Northern	

Ireland	
Scotland	 Wales	 All	

All	

Excluding	

London	

London	

mean	 55	 63.2	 57.1	 47.1	 55.07	 54.8	 56.3	

median	 55.6	 62	 56.8	 49.7	 55.6	 54.9	 56.7	

sd	 7.8	 3.1	 6.7	 8.9	 7.93	 7.3	 10	

IQR	 10.5	 2.7	 10.7	 11.3	 10.9	 10.9	 13.3	

n	 117	 4	 17	 7	 145	 115	 30	

np	 80.70%	 2.80%	 11.70%	 4.80%	 25%	 79.30%	 20.70%	

NAs	 351	 12	 51	 21	 435	 345	 90	

0s	 0	 0	 0	 0	 0	 0	 0	

Table	4.21	High-skilled	employability	outcome	by	country	

4.6 Multicollinearity	between	Explanatory	Variables	and	the	Outcomes	

Multicollinearity	becomes	a	concern	 if	explanatory	variables	have	a	strong	correlation	

coefficient	(i.e.,	higher	than	0.5)	among	themselves	as	well	with	an	outcome.	However,	

according	 to	a	study	by	Bonate	 (1999),	 it	 is	only	a	concern	 if	 the	correlation	with	 the	

outcome	is	higher	than	0.5.		

In	 this	 study,	 Table	 4.22	 shows	 only	 one	 explanatory	 variable	 (l1_tariff)	 that	 has	 a	

correlation	 coefficient	 higher	 than	 0.5	 with	 one	 outcome	 variable	 (dv_noncont).	 The	

l1_tariff	 also	 has	 a	 strong	 correlation	 with	 a	 level	 1	 variable	 l1_age	 and	 two	 level	 2	

variables	l2_reserach	and	l2_income.		

This	issue	was	resolved	during	the	development	of	the	multilevel	model	for	each	outcome	

by	 going	 through	 a	 stepwise	 backward	 elimination	 process.	 The	 process	 removed	

variables	 with	 the	 least	 significant	 estimate	 iteratively	 until	 a	 final	 model	 with	 only	

variables	with	significant	estimates	was	reached.	In	the	case	of	the	multilevel	model	for	

the	 outcome	 non-continuation	 (dv_noncont),	 the	 explanatory	 variables	 that	 strongly	

correlated	with	l1_tariff	(i.e.,	l2_research,	l2_income	and	l1_age)	were	all	removed	from	

the	final	model	as	their	estimates	were	not	significant.	

While	the	statistical	debate	about	multicollinearity	 is	not	the	focus	of	this	study,	more	

details	can	be	found	in	(Bonate,	1999;	Shieh	and	Fouladi,	2003).	These	two	studies	used	
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only	two	explanatory	variables	in	their	analysis.	This	study	uses	six	explanatory	variables	

at	each	level.	Shieh	and	Fouladi	(2003,	p.	982),	found	that	the	level	2	coefficients	are	not	

biased	under	various	magnitudes	of	correlation	between	level	1	variables	and	that	‘under	

relatively	severe	multicollinearity,	the	fixed-effect	parameter	estimates	using	hierarchical	

linear	modelling	(multilevel	models)	analytic	techniques	produce	relatively	robust	values’.	

The	data	set	for	this	study	also	showed	little	cross-level	collinearity	(Table	4.22).	

Variables	 that	 caused	 multicollinearity	 were	 removed	 in	 all	 cases	 by	 the	 process	 of	

stepwise	 backward	 elimination,	 except	 in	 the	 case	 of	 the	 strong	 correlation	 between	

l2_income	and	l2_research	for	the	teaching	outcome.		

However,	 in	 this	 one	 case,	 the	 estimates	 of	 both	 variables	were	 significant	 at	 level	 of	

confidence	 higher	 than	 99%.	 Their	 correlation	 coefficient	 with	 the	 other	 significant	

explanatory	variable	(l1_tariff)	was	marginally	above	0.5	(0.529	and	0.517	respectively),	

see	Table	4.22.	
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Variables	(r)	 l2_research	 l2_income	 l2_ssr	 l2_fpe	 l2_subject	 l2_london	 l1_female	 l1_age	 l1_tariff	 l1_ukdom	 l1_white	 l1_polar4	
l2_research	 1.000	 	 	 	 	 	 	 	 	 	 	 		
l2_income	 0.935	 1.000	 	 	 	 	 	 	 	 	 	 		
l2_ssr	 -0.316	 -0.295	 1.000	 	 	 	 	 	 	 	 	 		
l2_fpe	 0.418	 0.668	 0.008	 1.000	 	 	 	 	 	 	 	 		
l2_subject	 0.290	 0.490	 0.128	 0.801	 1.000	 	 	 	 	 	 	 		
l2_london	 0.080	 0.030	 -0.183	 -0.221	 -0.281	 1.000	 	 	 	 	 	 		
l1_female	 -0.248	 -0.319	 0.098	 -0.323	 -0.262	 0.026	 1.000	 	 	 	 	 		
l1_age	 -0.264	 -0.284	 0.187	 -0.062	 0.106	 0.013	 0.104	 1.000	 	 	 	 		
l1_tariff	 0.529	 0.517	 -0.320	 0.122	 -0.053	 -0.048	 -0.176	 -0.647	 1.000	 	 	 		
l1_ukdom	 -0.455	 -0.463	 0.450	 -0.060	 0.111	 -0.391	 0.260	 0.384	 -0.385	 1.000	 	 		
l1_white	 -0.222	 -0.298	 0.160	 -0.169	 -0.106	 -0.588	 0.180	 0.069	 0.024	 0.594	 1.000	 		
l1_polar4	 -0.302	 -0.263	 0.210	 0.111	 0.271	 -0.578	 0.147	 0.248	 -0.312	 0.561	 0.499	 1.000	
dv_noncont	 -0.379	 -0.367	 0.340	 -0.059	 0.149	 0.052	 0.191	 0.481	 -0.725	 0.419	 -0.106	 0.349	
dv_teaching	 0.035	 -0.010	 -0.147	 -0.010	 0.048	 -0.250	 0.049	 -0.043	 0.159	 0.103	 0.297	 0.133	
dv_assessment	 -0.334	 -0.322	 0.137	 -0.052	 0.051	 -0.309	 0.122	 0.087	 -0.192	 0.326	 0.313	 0.411	
dv_support	 -0.187	 -0.202	 0.019	 -0.035	 0.021	 -0.356	 -0.101	 -0.052	 -0.015	 0.236	 0.346	 0.268	
dv_employability	 -0.010	 -0.029	 0.003	 -0.005	 -0.075	 -0.157	 0.010	 -0.088	 0.064	 0.030	 0.299	 0.088	
dv_highskill	 0.251	 0.248	 -0.073	 0.106	 -0.100	 0.078	 -0.262	 -0.245	 0.391	 -0.216	 0.041	 -0.307	

Table	4.22	Correlation	between	explanatory	variables	(level	1	and	level	2)	and	outcomes	
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4.7 The	Multilevel	Models	

In	 this	 study,	 multilevel	 models	 were	 developed	 for	 five	 of	 the	 six	 outcomes	 (non-

continuation,	 teaching,	 assessment,	 support	 and	 employability).	 For	 the	 high-skilled	

employability	 outcome	 an	 ordinary	 least	 squares	 regression	model	was	 used	 as	 data	

were	only	available	for	one	year.	

The	development	of	 the	model	 followed	a	stepwise	backward	elimination	approach.	A	

similar	approach	was	adopted	by	(Zuur	et	al.,	2009;	Diggle	et	al.,	2002)	and	Zuur	et	al.	

(2009).	

Step	1	

For	the	multilevel	model,	an	intercept	only	model	was	developed	first.	This	was	called	the	

Basic	 Model.	 The	 purpose	 of	 this	 model	 was	 to	 test	 whether	 there	 was	 sufficient	

clustering	 in	 the	 data	 in	 relation	 to	 the	 outcome,	 which	 warrants	 progressing	 to	 a	

multilevel	model	(Heck,	Thomas	and	Tabata,	2013).		

The	equation	for	the	Basic	Model	for	an	outcome	would	look	like:	

!"#$!%&!" = (## + *#" + +!" 	

where:	

!"#$!%&!"=	the	outcome	score	for	cohort	‘i’	in	university	‘j’	

(##	=	This	is	the	grand	mean	of	the	intercepts,	or	the	university	means	of	outcome	score	
across	universities.	It	is	the	mean	of	the	means	of	the	outcome	for	each	university.		

*#" 	 =	 university	 level	 (level	 2)	 residual	which	 is	 the	difference	between	university	 j’s	
intercept	(mean)	and	the	grand	mean	((##)	of	the	intercepts	(means).	

+!" 	=	cohort	level	(level	1)	residual	which	is	the	variance	of	the	cohort-level	errors	or	the	
difference	between	cohort	‘i’	in	university	‘j’s’	outcome	score	and	university	‘j’s’	mean.	

The	above	model	is	referred	to,	in	this	chapter,	as	the	Basic	Model.	



120	

Two	 parameters	 are	 used	 to	 determine	 whether	 the	 clustering	 in	 the	 data	 warrants	

progressing	to	develop	the	multilevel	model	further.	These	are:	

1. The	 intraclass	 correlation	 coefficient	 (ICC):	 The	 ICC	 can	 be	 interpreted	 as	 ‘the	

proportion	of	the	variance	explained	by	the	grouping	structure	in	the	population’	(Hox	

et	al.,	2017,	p.	13).	Heck	et	al.	(2013)	suggested	that,	if	the	ICC	is	greater	than	5%,	then	

there	is	a	strong	reason	to	continue	with	the	multilevel	model.	

2. The	significance	of	the	intercept	((##)	estimate:	This	is	the	overall	mean	of	outcome	
across	universities	in	the	Basic	Model.	This	should	always	be	significant.	

Step	2	

A	fixed	model	effects	with	varying	(random)	 intercept	only	 is	developed	by	adding	all	

explanatory	variables	of	both	level	1	and	level	2	to	the	Basic	Model.	This	model	was	called	

the	initial	Model	1.	

Step	3	

A	stepwise	backward	elimination	process	was	followed	for	removing	variables	with	non-

significant	effect	from	the	model	one	by	one.	The	least	significant	variable	was	removed	

first;	the	model	was	re-run	again	and	the	next	least	significant	variable	was	removed	and	

so	on	until	a	 final	model	was	reached	with	only	explanatory	variables	with	significant	

effects	 remained.	 The	 significance	 of	 some	 variables	 changed	 as	 other	 variables	were	

removed.	 This	 is	 because	 the	 removed	 variable	was	 either	 giving	 power	 to	 or	 taking	

power	away	from	other	variables.	This	process	helped	remove	the	correlated	variables	

by	selecting	only	the	variables	with	non-significant	estimates	for	removal.			

The	significance	 level	used	for	the	estimates	of	 the	remaining	variables	was	99%.	The	

resulting	model	from	this	process	was	called	the	final	Model	1.	This	model	has	only	fixed	

part	with	varying	(random)	intercept.		

Step	4	

To	develop	the	mixed	effect	model	with	random	variables,	a	best	subset	selection	process	

was	used	to	select	the	random	variables	that	produced	the	best	fit	model	(Bertsimas,	King	

and	Mazumder,	2016)	.		This	was	done	by	adding	the	significant	explanatory	variables,	in	
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the	final	Model	1,	one	by	one,	or	in	pairs	where	the	data	allowed,	to	the	random	part	of	

the	model.		

Step	5	

All	models	with	the	various	combinations	of	the	explanatory	variables	in	the	random	part		

are	compared	and	the	model	with	the	best	fit	was	selected.	The	criteria	for	selecting	the	

best	model	were	Akaikes’s	Information	Criterion	(AIC),	Bayesian	information	criterion	

(BIC),	and	the	log	likelihood	(logLik).	The	model	that	best	fitted	the	data,	according	to	

these	criteria,	was	the	one	selected	for	the	discussion.	This	model	was	called	the	Final	

Model.		

The	Final	Model	was	also	 tested	against	 the	 final	Model	1.	The	AIC	was	 the	preferred	

choice	 and	 the	 model	 with	 the	 lowest	 AIC	 was	 always	 selected	 (Hox,	 Moerbeek	 and	

Schoot,	2017).	

The	 ICC	 for	 the	 Final	 Model	 was	 calculated	 to	 determine	 the	 degree	 of	 resemblance	

between	 cohorts	 belonging	 to	 the	 same	 university	 (Snijders	 and	 Bosker,	 2012).	 The	

intraclass	 correlation	 also	 indicates	 the	 percentage	 of	 the	 variance	 in	 the	 outcome	

variable	 that	 is	 explained	 by	 the	 grouping	 structure	 of	 the	 hierarchical	 model	 (the	

multilevel	model).	

The	models	for	all	six	outcomes	will	be	presented	in	the	following	sections.	Each	model,	

except	the	high-skilled	employability	outcome,	has	three	outputs	(tables).	The	fixed	part	

table,	 the	 random	 part	 table	 and	 the	 ICC	 table.	 The	 model	 for	 the	 High-skilled	

employability	 outcome	 does	 not	 have	 a	 random	 part	 table	 or	 an	 ICC	 table	 as	 it	 was	

produced	using	an	OLS	linear	regression	model.	

4.8 The	Results	for	the	Non-continuation	Outcome	

In	 this	 section,	 the	 notation	 and	 the	meaning	 of	 the	 various	 figures	 in	 the	 tables	 are	

explained	in	detail	to	avoid	repeating	them	for	the	analysis	of	the	other	outcomes.	

The	Basic	Model	

The	equation	for	the	basic	model	for	the	non-continuation	outcome	is:	
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,-_/!/$!/#!" = (## + *#" + +!" 	

This	 equation	 describes	 the	 Basic	Model	 (the	 intercept	 only	model)	 for	 all	 outcomes.	

Replacing	the	left	side	of	the	equation	with	the	name	of	the	outcome	variable	would	result	

in	the	equation	of	that	outcome.	For	example,	the	Basic	Model	for	the	teaching	outcome	

should	be:	,-_#&0$ℎ2/3!" = (## + *#" + +!" 	.	

The	results	of	the	analysis	of	the	Basic	Model	consist	of	three	parts:			

• The	 fixed	 effects	 part,	 which	 is	 the	 model	 with	 the	 intercept	 only	 without	 any	

explanatory	variables	(Table	4.23).	

• The	 random	effects	part,	which	 is	 the	 effect	of	 allowing	 the	 intercept	only	 to	vary	

(Table	4.24).	It	shows	the	value	of	the	standard	deviation	of	the	random	intercept	and	

the	 residual.	 It	 also	 produces	 the	 level	 2	 variance	 (the	 intercept)	 and	 the	 level	 1	

variance	(the	residual).	

• The	intraclass	correlation	(ICC)	part	for	the	model	(Table	4.24).	This	is	derived	from	

the	variances	of	level	1	and	level	2.	It	indicates	the	level	of	clustering	in	the	groups’	

structure.	

Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

Intercept	((##)	 7.73	 0.3117	 24.8097	 144.9665	 0.000	

Table	4.23	The	Basic	Model	fixed	effects	for	the	non-continuation	outcome	

S.E.	=	Standard	Error;	d.f.	=	Degree	of	freedom.	

In	Table	4.23,	the	intercept	estimate	(7.73)	is	significant	at	a	confidence	level	greater	than	

99%	(p	=	0.000).	

Group	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(*#")	 13.436	 3.666	
	

	Residual	(+!")	 1.951	 1.397	

Table	4.24	The	Basic	Model	random	effects	for	the	non-continuation	outcome	

Std.	Dev.	=	Standard	deviation;	provider_id	=	university	
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Group	 #	groups	 ICC	

provider_id	 145	 0.873	

Table	4.25	The	Basic	Model	ICC	for	the	non-continuation	outcome	

The	 number	 of	 observations	 was	 434	 and	 all	 145	 institutions	 in	 the	 data	 set	 were	

included.	This	outcome	has	three	cohorts	only	(2015/16,	2016/17	and	2017/18).	

The	ICC	was	0.873,	which	indicates	a	high	level	of	clustering,	which	warrants	proceeding	

with	the	multilevel	model.		It	can	also	be	interpreted	that	87.3%	of	the	variation	in	non-

continuation	occurs	between	universities.		

Model	1	for	non-continuation	

In	this	section,	two	versions	of	Model	1	are	presented:	

• The	initial	Model	1	which	has	all	 level	1	and	level	2	explanatory	variables	 in	Table	

4.26 

Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

(Intercept)	("!!)	 4.86	 3.0064	 1.6155	 215.6704	 0.108	

l2_research	("!")	 0.01	 0.0117	 0.4952	 314.7737	 0.621	

l2_income	("!#)	 0.00	 0.005	 -0.334	 323.8756	 0.739	

l2_ssr	("!$)	 0.06	 0.0588	 0.988	 214.7598	 0.324	

l2_fpe	("!%)	 0.00	 0.0001	 -1.5386	 236.6665	 0.125	

l2_subject	("!&)	 0.15	 0.0641	 2.3467	 175.0976	 0.020	

l2_london	("!')	 0.34	 0.6215	 0.5491	 135.4881	 0.584	

l1_female	(""!)	 0.03	 0.023	 1.4931	 149.2336	 0.138	

l1_age	("#!)	 -0.07	 0.0672	 -1.0474	 383.9812	 0.296	

l1_tariff	("$!)	 -0.06	 0.0081	 -6.9146	 239.7864	 0.000	

l1_ukdom	("%!)	 0.12	 0.0304	 4.0743	 178.8913	 0.000	

l1_white	("&!)	 -0.09	 0.0146	 -6.1384	 144.6968	 0.000	

l1_polar4	("'!)	 0.14	 0.04	 3.4724	 234.6872	 0.001	

• Table	4.26	with	varying	intercept	only	in	Table	4.27,	and	the	final	Model	1	with	only	

the	 explanatory	 variables	 with	 significant	 effects	 in	 	 Table	 4.28	 and	 the	 random	

intercepts	in	Table	4.29.	
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Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

(Intercept)	("!!)	 4.86	 3.0064	 1.6155	 215.6704	 0.108	

l2_research	("!")	 0.01	 0.0117	 0.4952	 314.7737	 0.621	

l2_income	("!#)	 0.00	 0.005	 -0.334	 323.8756	 0.739	

l2_ssr	("!$)	 0.06	 0.0588	 0.988	 214.7598	 0.324	

l2_fpe	("!%)	 0.00	 0.0001	 -1.5386	 236.6665	 0.125	

l2_subject	("!&)	 0.15	 0.0641	 2.3467	 175.0976	 0.020	

l2_london	("!')	 0.34	 0.6215	 0.5491	 135.4881	 0.584	

l1_female	(""!)	 0.03	 0.023	 1.4931	 149.2336	 0.138	

l1_age	("#!)	 -0.07	 0.0672	 -1.0474	 383.9812	 0.296	

l1_tariff	("$!)	 -0.06	 0.0081	 -6.9146	 239.7864	 0.000	

l1_ukdom	("%!)	 0.12	 0.0304	 4.0743	 178.8913	 0.000	

l1_white	("&!)	 -0.09	 0.0146	 -6.1384	 144.6968	 0.000	

l1_polar4	("'!)	 0.14	 0.04	 3.4724	 234.6872	 0.001	

Table	 4.26	 The	 initial	 Model	 1	 fixed	 effects	 with	 all	 explanatory	 variables	 for	 the	 non-

continuation	outcome	

Group	 Parameter	 Variance	 Std.	Dev.	

provider_id	 (Intercept)	 3.325	 1.8234	

Residual	(%())	
	

2.098	 1.4485	

Table	4.27	The	initial	Model	1	random	effects	for	the	non-continuation	outcome	

A	stepwise	backward	elimination	process	was	followed	by	removing	the	least	significant	

variable.	This	was	the	overall	income	variable	(l2_income)	which	is	a	level	2	variable,	see	

Table	4.26.		

The	 model	 was	 run	 iteratively	 to	 produce	 a	 model	 with	 only	 variables	 that	 have	

significant	estimates	at	a	confidence	level	greater	than	99%.	This	was	the	final	version	of	

Model	1.	Its	outputs	are	in	Table	4.28	and	Table	4.29.		

For	this	outcome	(non-continuation),	the	significant	variables	are	all	from	level	1.	This	

indicates	that	factors	that	have	the	most	significant	effects	on	the	outcome	are	all	cohort	

characteristics.	

The	final	Model	1	is	the	model	that	will	be	used	to	develop	the	Final	Model.	
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Description	 Estimate	 Std.	Error	 d.f.	 t	value	 p	value	

(Intercept)	 5.28	 2.0748	 160.7024	 2.543	 0.012	

l1_tariff	("$!)	 -0.06	 0.0064	 174.1377	 -9.042	 0.000	

l1_ukdom	("%!)	 0.15	 0.0257	 156.6568	 5.683	 0.000	

l1_white	("&!)	 -0.09	 0.0130	 152.0672	 -7.123	 0.000	

l1_polar4	("'!)	 0.13	 0.0368	 212.8506	 3.49	 0.001	

Table	4.28	The	final	Model	1	fixed	effects	with	only	significant	explanatory	variables	for	the	

non-continuation	outcome	

Groups	 Name	 Variance	 Std.Dev.	

provider_id	 Intercept	(&!))	 3.576	 1.891	

Residual	(%())	 		 2.145	 1.464	

Table	4.29	The	final	Model	1	random	effects	for	the	non-continuation	outcome	

The	equation	for	the	final	version	of	Model	1	is:	

,-_/!/$!/#!" = (##
+ ($#61_#08299!" + (%#61_":,!%!" + (&#61_;ℎ2#&!" + ('#61_<!6084!" + 	*#"
+ +!" 	

Each	of	($#,(%#,, (&#,	('#,	represents	the	grand	mean	of	the	slope	for	each	level	1	variable	
across	 groups	 (universities).	 In	 other	 words,	 it	 is	 the	 estimate	 for	 each	 of	 l1_tariff,	

l1_ukdom,	l1_white	and	l1_polar4	slope,	respectively,	averaged	over	the	university	(j).		

The	Final	Model	for	the	non-continuation	outcome	

In	order	to	arrive	at	the	Final	Model,	a	stepwise	iterative	process	was	followed	where	

random	(varying	slope)	explanatory	variables	were	introducing	into	the	random	part	of	

the	model	one	at	a	time.	This	was	to	select	the	best	subset	of	the	explanatory	variables	to	

arrive	at	the	model	that	best	fit	the	data.	The	model	for	the	non-continuation	outcome	

could	not	cope	with	more	than	one	random	variable	due	to	data	limitation	as	the	outcome	

has	only	three	years	data.	
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The	model	was	run	once	for	each	significant	explanatory	variable	as	a	random	variable.	

This	 process	 produced	 four	 models,	 one	 with	 l1_tariff,	 one	 with	 l1_ukdom,	 one	 with	

l1_white	and	one	with	l1polar4.	The	outputs	of	all	the	models	were	compared	using	the	

ANOVA	test	to	determine	the	model	that	best	fit	the	data.		

The	model	with	l1_white	was	the	model	that	has	the	best	fit	according	to	the	results	from	

the	comparison	in	Table	4.33.	

Description	 Est.	 S.E.	 t	val.	 d.f.	 p	

(Intercept)	("!!)	 4.29	 1.9539	 2.1949	 127.2018	 0.030	

l1_tariff	(""#)	 -0.06	 0.0058	 -9.8003	 135.3512	 0.000	

l1_ukdom	(""$)	 0.16	 0.0245	 6.4064	 118.7101	 0.000	

l1_white	(""%)	 -0.09	 0.0124	 -7.6096	 166.7553	 0.000	

l1_polar4	(""&)	 0.14	 0.0334	 4.1822	 160.945	 0.000	

Table	4.30	The	Final	Model	fixed	effects	part	for	the	non-continuation	outcome	

Table	4.30	includes	the	final	list	of	explanatory	variables	that	have	significant	effects	on	

the	outcome.	The	variables	are	all	cohort	level	(level	1)	factors.	These	were:	

1. Average	 tariff	 (l1_tariff):	 the	 result	 indicates	 that	 average	 tariff	 has	 a	 negative	

estimate	(-0.06).	This	means	that	an	increase	in	the	average	of	a	cohort	by	one	unit	

would	result	in	a	decrease	in	the	non-continuation	rate	by	0.06%.	

2. The	 percentage	 of	 UK	 domiciled	 students	 in	 a	 cohort	 (l1_ukdom):	 The	 result	

indicates	 that	 the	percentage	of	UK	domiciled	 students	has	 a	positive	 estimate	

(0.16).	This	means	that	an	increase	in	UK	domiciled	students	by	1%	in	a	cohort	

would	result	in	an	increase	in	the	non-continuation	rate	by	0.16%.	

3. The	 percentage	 of	 ethnically	white	 students	 in	 a	 cohort	 (l1_white):	 The	 result	

indicates	 that	 this	variable	has	a	negative	estimate	 (-0.09).	This	means	 that	 an	

increase	of	1%	of	ethnically	white	students	in	a	cohort	would	result	in	a	decrease	

in	the	non-continuation	rate	by	0.09%.	

4. Students	 from	 low	 participation	 neighbourhoods	 in	 POLAR4	 quantile	 1	

(l1_polar4):	The	result	indicates	that	this	variable	has	a	positive	estimate	(0.14).	

This	 means	 that	 an	 increase	 of	 1%	 in	 students	 from	 low	 participation	

neighbourhood	 in	 a	 cohort	 would	 result	 in	 an	 increase	 of	 0.14%	 in	 the	 non-
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continuation	rate.	This	variable	appears	to	have	the	highest	effect	on	the	outcome	

per	unit.	

Group	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept		(&!))	 8.084	 2.8432	

provider_id	 l1_white	(&"))	 0.001	 0.0312	

Residual	(%())	 		 2.296	 1.5151	

Table	4.31		The	Final	Model	random	effects	part	for	the	non-continuation	outcome	

Table	4.31	shows	the	percentage	of	ethnically	white	students	(l1_white)	has	much	less	

variability	than	the	intercept	or	the	residual.	It	also	shows	that	the	standard	deviation	of	

the	l1_white	is	very	small.	The	variance	of	the	residual	(level	1	variance)	is 	2.296,	which	

represents	 the	 variability	that’s	 not	 due	 to	 l1_white	or	the	intercept	(level	2	variance).	

This	 is	 the	 “ε”	 in	the	equation,	the	 “random”	 deviations	 from	 the	 predicted	 values	of	

the	outcome	 that	are	not	due	 to	 l1_white	and	 the	intercept.	

The	equation	for	the	Final	Model	for	the	non-continuation	outcome	is:	

,-_/!/$!/#!" = (##
+ ($#61_#08299!" + (%#61_":,!%!" + (&#61_;ℎ2#&!" + ('#61_<!6084!"
+ *)"61_;ℎ2#&!" + *#" + +!" 	

Group						 #	groups	 #	observations	 ICC	

provider_id	 128	 384	 0.779	

Table	4.32	The	Final	Model	ICC	for	the	non-continuation	outcome	

Table	4.32	shows	a	relatively	high	ICC	(0.779),	indicating	a	high	level	of	clustering	among	

universities.	It	can	also	be	interpreted	as	77.9%	of	the	variation	in	the	non-continuation	

rate	occurs	between	universities.	It	also	indicates	that	cohorts	are	similar	over	time.	In	

this	model,	the	timeframe	is	the	three	years	for	which	the	data	was	included	for	three	

cohorts.	
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	Model	 npar	 AIC	 BIC	 logLik	 deviance	

nc_model_1	 7	 1626.1	 1653.8	 -806.07	 1612.1	

nc_model_2w	 9	 1617.1	 1652.7	 -799.56	 1599.1	

nc_model_2p	 9	 1626	 1661.6	 -804.01	 1608.0	

nc_model_2u	 9	 1629.5	 1665.1	 -805.77	 1611.5	

nc_model_2t	 9	 1636	 1671.6	 -809.01	 1618.0	

Table	4.33	The	results	of	ANOVA	comparison	of	all	models	with	a	random	variable	and	Model	

1	for	the	non-continuation	outcome	

Table	4.33	shows	 that	 the	Final	Model	 (nc_model_2w)	 that	 included	 the	 l1_white	as	a	

random	variable	is	the	one	that	fits	the	data	best.	This	is	because	it	has	the	lowest	AIC,	

BIC	and	logLik.	It	also	has	a	lower	AIC	when	compared	with	Model	1	(nc_model_1).	

The	number	of	observations	was	384	and	the	number	of	groups	(universities)	included	

in	this	model	was	128	out	of	possible	145.	This	 is	because	the	17	Scottish	institutions	

were	excluded	by	the	model	as	they	did	not	have	POLAR4	data	and	the	POLAR4	(quantile	

1)	variable	was	a	factor	that	has	a	significant	effect	on	the	non-continuation	outcome.	

4.9 The	Results	for	the	Teaching	Outcome	

The	Basic	Model	

The	result	of	the	Basic	Model	for	the	teaching	outcome:	

Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

(Intercept)	 84.90	 0.241	 352.3356	 145.1837	 0.000	

Table	4.34	The	Basic	Model	fixed	effects	for	the	teaching	outcome	

The	intercept	estimate	(84.9)	in	Table	4.34	is	significant	at	a	confidence	level	greater	than	

99%.	
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Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(&!))	 7.030	 2.6515	

Residual	(%())	 		 5.448	 2.334	

Table	4.35	The	Basic	Model	random	effects	for	the	teaching	outcome	

Group	 #	groups	 ICC	

provider_id	 145	 0.5634	

Table	4.36	The	Basic	Model	ICC	for	the	teaching	outcome	

The	 ICC	 is	 0.5634,	which	 is	 relatively	 high	 and	 indicates	 that	 there	 is	 a	 high	 level	 of	

clustering,	 which	 warrants	 proceeding	 with	 the	 multilevel	 model.	 	 It	 can	 also	 be	

interpreted	as	that	56.34%	of	the	variation	in	the	perception	of	teaching	outcome	occurs	

between	universities.	

Model	1	for	the	teaching	outcome	

In	 developing	Model	 1,	 all	 explanatory	 variables	 for	 level	 1	 and	 level	 2	were	 initially	

added	to	the	Basic	Model	to	arrive	at	the	output	in	Table	4.37.	
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Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

(Intercept)	("!!)	 85.5754	 3.4959	 24.4787	 232.0257	 0.000	

l2_research	("!")	 0.0432	 0.013	 3.3293	 339.0831	 0.001	

l2_income	("!#)	 -0.0185	 0.0054	 -3.4036	 364.644	 0.001	

l2_ssr	("!$)	 -0.2465	 0.0672	 -3.6675	 239.3657	 0.000	

l2_fpe	("!%)	 0.0001	 0.0001	 1.4239	 238.4116	 0.156	

l2_subject	("!&)	 0.1261	 0.0733	 1.722	 185.1754	 0.087	

l2_london	("!')	 -1.2639	 0.7085	 -1.784	 135.9302	 0.077	

l1_female	(""!)	 0.0017	 0.0263	 0.0656	 148.1497	 0.948	

l1_age	("#!)	 0.0499	 0.0833	 0.5986	 481.0298	 0.550	

l1_tariff	("$!)	 0.0158	 0.0095	 1.6645	 274.9393	 0.097	

l1_ukdom	("%!)	 -0.0246	 0.0344	 -0.7154	 184.7552	 0.475	

l1_white	("&!)	 0.0563	 0.0164	 3.4264	 146.4906	 0.001	

l1_polar4	("'!)	 -0.0656	 0.0458	 -1.434	 223.8542	 0.153	

Table	4.37	The	initial	Model	1	fixed	effects	with	all	explanatory	variables	for	the	teaching	

outcome	

Groups	 Parameter	 Std.	Dev.	

provider_id	 Intercept	(&!))	 1.8234	

Residual	(%())	 		 1.4485	

Table	4.38	The	initial	Model	1	random	effects	for	the	teaching	outcome	

As	 in	 the	model	 for	 the	 non-continuation	 outcome,	 a	 stepwise	 backward	 elimination	

process	was	followed	by	removing	the	least	significant	variable.	In	Table	4.37,	the	first	

variable	removed	was	the	percentage	of	females	in	a	cohort	(l1_female)	which	is	a	level	

1	 variable.	 The	 model	 was	 run	 iteratively	 to	 produce	 the	 final	 Model	 1	 with	 only	

significant	variables	(factors),	as	seen	in	Table	4.39	and	Table	4.40.	
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Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 83.87	 1.339	 194.508	 62.632	 0.000	

l2_research	("!")	 0.03	 0.010	 253.964	 3.400	 0.001	

l2_income	("!#)	 -0.01	 0.003	 273.093	 -3.565	 0.000	

l2_ssr	("!$)	 -0.23	 0.065	 272.485	 -3.493	 0.001	

l2_subject	("!&)	 0.18	 0.058	 210.191	 3.170	 0.002	

l1_white		("&!)	 0.06	 0.012	 153.198	 4.996	 0.000	

Table	4.39	The	 final	Model	1	 fixed	effects	with	only	 significant	variables	 for	 the	 teaching	

outcome	

The	variables	in	Table	4.39	are	from	level	1	and	level	2.	This	indicates	that	the	teaching	

outcome	is	influenced	by	both	university	characteristics	and	cohort	characteristics.	

Groups	 Parameter	 Variance	 Std.Dev.	

provider_id	 Intercept	(&!))	 5.542	 2.354	

Residual	(%())	 		 5.139	 2.267	

Table	4.40	The	final	Model	1	random	effects	for	the	teaching	outcome	

The	equation	for	the	final	version	of	Model	1	for	the	teaching	outcome	is:	

,-_#&0$ℎ2/3!"
= (## + (#)62_8&A&08$ℎ
+ (#*62_2/$!%&+(#$62_AA8 + (#%62_A"BC&$# + (&#61_;ℎ2#&!" 	+ *#" + +!" 	

The	Final	Model	for	the	teaching	outcome	

As	in	the	previous	outcome,	to	arrive	at	the	Final	Model,	a	best	subset	selection	process	

was	followed	to	choose	the	set	of	random	explanatory	variables	(varying	slopes)	that	best	

fit	into	the	random	part	of	the	model.		

The	model	was	able	to	cope	with	two	random	variables	as	it	had	four	years	data	for	the	

outcome.	The	non-continuation	model,	which	had	data	for	three	years,	was	able	to	cope	

with	one	random	variable	only.	
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The	 model	 was	 run	 iteratively	 with	 pairs	 of	 the	 significant	 explanatory	 variables	 as	

random	 variables	 until	 all	 possible	 combinations	 of	 pairs	 were	 run.	 	 This	 process	

produced	ten	models.	The	outputs	of	all	ten	the	models	were	compared	using	the	ANOVA	

test	to	determine	the	model	that	best	fit	the	data.	The	model	with	the	pair	of	variables	

l2_subject	and	l2_ssr	as	random	variables	was	the	model	with	the	best	fit	according	to	the	

results	in	the	comparison	in	Table	4.42.	

Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 84.80	 1.546	 105.456	 54.871	 0.000	

l2_research	 0.03	 0.009	 146.956	 2.946	 0.004	

l2_income	 -0.01	 0.003	 167.037	 -3.043	 0.003	

l2_ssr	 -0.28	 0.076	 71.540	 -3.635	 0.001	

l2_subject	 0.15	 0.063	 121.751	 2.351	 0.020	

l1_white	 0.06	 0.010	 124.049	 5.623	 0.000	

Table	4.41	The	Final	Model	fixed	effects	part	for	the	teaching	outcome	

The	 explanatory	 variables	 that	 have	 estimates	with	 significant	 effect	 on	 the	 teaching	

outcome	are	listed	in	Table	4.41.	The	variables	are	a	mixture	of	level	1	and	level	2	factors.	

This	means	that	the	teaching	outcome	is	impacted	by	factors	from	both	the	cohort	and	

the	university	characteristics.	The	factors	are:	

1. Research	 income	 of	 the	 university	 (l2_research):	 The	 result	 indicates	 that	 the	

research	income	has	a	positive	estimate	of	0.03.	This	means	that	an	increase	in	the	

research	of	the	university	by	one	unit	(£1	million)	would	result	in	an	increase	of	the	

teaching	score	by	0.03%.	

2. The	 overall	 income	 of	 the	 university	 (l2_income):	 This	 variable	 has	 a	 negative	

estimate	of	-0.01.	This	means	that	an	increase	in	the	overall	income	of	the	university	

by	one	unit	(£1	million)	would	result	in	a	decrease	in	the	teaching	score	by	0.01%.	

This	may	appear	strange,	but	some	explanation	is	discussed	in	Chapter	5	as	part	of	

the	qualitative	analysis	of	this	study.	

3. The	student-staff	ratio	(SSR)	of	the	university	(l2_ssr):	The	results	indicate	that	the	

SSR	has	 a	 negative	 estimate	 (-0.28).	 This	means	 that	 a	 decrease	 in	 the	 SSR	of	 the	

university	by	one	unit	(i.e.,	having	fewer	students	per	member	of	staff)	would	result	
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in	an	increase	of	the	teaching	score	by	0.28%.	This	variable	has	the	highest	estimate	

(effect)	on	the	teaching	score	among	the	other	significant	factors.	

4. The	number	of	principal	subjects	delivered	at	the	university	(l2_subject):	The	variable	

has	a	positive	estimate	(0.15).	This	means	that	an	increase	of	the	number	of	subjects	

delivered	by	a	university	by	one	unit	(one	subject)	would	result	in	an	increase	in	the	

teaching	 score	 by	 0.15%.	 This	 is	 an	 interesting	 finding	 which	 indicates	 that	 the	

multidisciplinary	nature	of	universities	positively	affects	the	teaching	score.		

5. The	percentage	of	ethnically	White	students	in	a	cohort	(l1_white):	This	variable	has	

a	positive	estimate	(0.05),	which	means	that	an	increase	of	1%	of	white	students	in	a	

cohort	would	result	in	an	increase	in	the	teaching	score	by	0.05%.	

Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(&!))	 35.806	 5.984	

	 l2_ssr	(&"))	 0.070	 0.264	

	 l2_subject	(&#))	 0.025	 0.158	

Residual	%() 	 	 5.148	 2.269	

Table	4.42		The	Final	Model	random	effects	part	for	the	teaching	outcome	

Table	4.42	shows	that	the	variation	of	number	of	subjects	within	a	university	(l2_subject)	

is	smaller	than	l2_ssr	and	the	residual.	

The	equation	for	the	Final	Model	for	the	teaching	outcome	is:	

,-_#&0$ℎ2/3!"
= (## + (#)62_8&A&08$ℎ
+ (#*62_2/$!%&+(#$62_AA8 + (#$62_A"BC&$# + ()#61_#08299!"
+ ()*61_;ℎ2#&!" + *)"62_AA8" + **"62_A"BC&$#" + *#" + +!" 	

Group	 #	groups	 ICC	

provider_id	 145	 0.8743	

Table	4.43	The	Final	Model	ICC	for	the	teaching	outcome	
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Group	 #	groups	 ICC	

provider_id	 145	 0.8743	

Table	 4.43	 shows	 a	 very	 high	 ICC	 (0.855)	 for	 the	 model,	 indicating	 a	 high	 level	 of	

clustering	among	universities.	 It	 can	be	 interpreted	 that	85.5%	of	 the	variation	 in	 the	

teaching	score	occurs	between	universities.	It	can	also	be	an	indication	that	cohorts	are	

similar	over	time.	In	this	model,	the	timeframe	is	the	four	years	(four	cohorts)	for	which	

the	data	were	collected.		

There	 were	 571	 observations	 for	 145	 universities	 which	 represented	 the	 entire	

population.	

Description	 		 npar	 AIC	 BIC	 logLik	 deviance	 Chisq	 Df	

tch_model_1aFrissbw	 8	 2811.2	 2846.0	 -1397.6	 2795.2	 	 	

tch_model_2FrissbwRis	 13	 2807.4	 2864.0	 -1390.7	 2781.4	 13.795	 5	

tch_model_2FrissbwRisb	 13	 2800.9	 2857.4	 -1387.5	 2774.9	 6.538	 0	

tch_model_2FrissbwRiw	 13	 2812.3	 2868.8	 -1393.1	 2786.3	 0.000	 0	

tch_model_2FrissbwRri	 13	 2813.0	 2869.5	 -1393.5	 2787.0	 0.000	 0	

tch_model_2FrissbwRrs	 13	 2818.5	 2875.0	 -1396.2	 2792.5	 0.000	 0	

tch_model_2FrissbwRrsb	 13	 2799.3	 2855.8	 -1386.7	 2773.3	 19.139	 0	

tch_model_2FrissbwRrw	 13	 2814.0	 2870.5	 -1394.0	 2788.0	 0.000	 0	

tch_model_2FrissbwRsbw	 13	 2802.2	 2858.7	 -1388.1	 2776.2	 11.784	 0	

tch_model_2FrissbwRssb	 13	 2797.6	 2854.1	 -1385.8	 2771.6	 4.652	 0	

tch_model_2FrissbwRsw	 13	 2805.9	 2862.4	 -1389.9	 2779.9	 0.000	 0	

Table	4.44	The	results	of	ANOVA	comparison	of	all	models	with	random	variables	and	Model	

1	for	the	teaching	outcome	

Table	4.44	shows	the	Final	Model	(tch_model_2sbs)	as	the	model	that	best	fits	the	data.	It	

includes	 the	 l2_ssr	and	 l2_subject	as	 random	variables.	 It	has	 the	 lowest	AIC,	BIC	and	

logLik	when	compared	with	the	other	models	with	random	variables	and	has	a	lower	AIC	

and	logLik	when	compared	with	Model	1	for	the	teaching	outcome.	

4.10 The	Results	for	the	Assessment	Outcome	

The	Basic	Model	
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The	result	of	the	Basic	Model	for	the	teaching	outcome:	

Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

(Intercept)	 73.4293	 0.3576	 205.3406	 144.664	 0.000	

Table	4.45	The	Basic	Model	fixed	effects	for	the	assessment	outcome	

The	intercept	estimate	(73.4)	in	Table	4.45	is	significant	at	a	confidence	level	greater	than	

99%.	

Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(*#")	 15.2061	 3.8995	

Residual	(+!")	 		 13.0856	 3.6174	

Table	4.46	The	Basic	Model	random	effects	for	the	assessment	outcome	

Table	4.46	shows	that	difference	between	level	1	and	level	2	variances	is	small.	

Group	 #	groups	 ICC	

provider_id	 145	 0.5375	

Table	4.47	The	Basic	Model	ICC	for	the	assessment	outcome	

Table	 4.47	 shows	 the	 ICC	 for	 the	 Basic	Model	 is	 0.5375,	which	 is	 relatively	 high	 and	

warrants	proceeding	with	the	multilevel	model.	

Model	1	for	the	assessment	outcome	

As	in	previous	outcomes,	all	explanatory	variables	for	level	1	and	level	2	were	added	to	

the	model	to	arrive	at	the	initial	Model	1	in	Table	4.48	and	Table	4.49.	
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Description	 Estimate	 S.E.	 t	value	 d.f.	 p	

(Intercept)	("!!)	 78.0664	 4.9129	 15.8899	 221.2062	 0.000	

l2_research	("!")	 0.0465	 0.0186	 2.4956	 295.8518	 0.013	

l2_income	("!#)	 -0.0271	 0.0078	 -3.4584	 315.199	 0.001	

l2_ssr	("!$)	 -0.1287	 0.0944	 -1.3641	 208.3499	 0.174	

l2_fpe	("!%)	 0.0002	 0.0001	 2.037	 217.2825	 0.043	

l2_subject	("!&)	 0.1523	 0.1014	 1.5026	 169.7847	 0.135	

l2_london	("!')	 -2.4388	 0.962	 -2.5351	 132.2342	 0.012	

l1_female	(""!)	 0.0048	 0.0359	 0.133	 142.1254	 0.894	

l1_age	("#!)	 -0.0123	 0.1231	 -0.1003	 441.8963	 0.920	

l1_tariff	("$!)	 -0.005	 0.0135	 -0.3687	 254.6822	 0.713	

l1_ukdom	("%!)	 -0.0601	 0.0476	 -1.262	 171.8132	 0.209	

l1_white	("&!)	 0.0559	 0.0224	 2.4957	 139.704	 0.014	

l1_polar4	("'!)	 0.0493	 0.064	 0.7701	 197.1323	 0.442	

Table	4.48	The	initial	Model	1	fixed	effects	with	all	explanatory	variables	for	the	assessment	

outcome	

Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(&!))	 6.370576	 2.524	

Residual	(%())	 		 12.465136	 3.5306	

Table	4.49	The	initial	Model	1	random	effects	for	the	assessment	outcome	

The	 stepwise	 backward	 elimination	 process	 was	 followed,	 and	 the	 least	 significant	

variable	was	removed	first.	In	Table	4.48,	the	first	variable	that	was	removed	was	l1_age,	

which	is	a	level	1	variable.	The	model	was	run	iteratively	to	produce	the	final	Model	1	

outputs	in	Table	4.50	with	only	significant	variables	and	the	random	part	in	Table	4.51.	
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Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 67.643	 1.353	 153.129	 50.005	 0.000	

l2_income	 -0.010	 0.002	 163.192	 -6.175	 0.000	

l2_subject	 0.275	 0.068	 161.008	 4.061	 0.000	

l1_white	 0.070	 0.016	 153.307	 4.370	 0.000	

Table	4.50	The	final	Model	1	fixed	effects	with	only	significant	explanatory	variables	for	the	

assessment	outcome	

These	 variables	 in	 Table	 4.50	 are	 from	 level	 1	 and	 level	 2,	 which	 indicates	 that	 the	

assessment	 outcome	 is	 influenced	 by	 factors	 from	 both	 levels.	 These	 variables	 are:	

l2_income,	and	l2_subject	from	level	2	(university	characteristics)	and	l1_white	from	level	

1	(cohort	characteristics).		

Groups	 Parameter	 Variance	 Std.Dev.	

provider_id	 Intercept	(&!))	 9.829	 3.135	

Residual	(%())	 		 12.543	 3.542	

Table	4.51	The	final	Model	1	random	effects	part	for	the	assessment	outcome	

The	equation	for	the	final	version	of	Model	1	for	the	assessment	outcome	is:	

,-_0AA&AA%&/#!" = (## + (#*62_2/$!%&+(#%62_A"BC&$# + ()*61_;ℎ2#&!" 	+ *#" + +!" 	

The	Final	Model	for	the	assessment	outcome	

To	arrive	at	the	Final	Model,	a	best	subset	selection	process	was	followed	to	identify	the	

set	of	random	explanatory	variables	(varying	slopes)	that	best	fit	the	model.	The	model	

was	able	to	cope	with	two	random	variables.	

Explanatory	variables	were	introduced	in	pairs	into	the	random	part	of	the	model	until	

all	 possible	 combinations	 were	 executed.	 	 This	 process	 produced	 three	 models.	 The	

outputs	 of	 all	 three	 models	 and	 Model	 1	 were	 compared	 using	 the	 ANOVA	 test	 to	

determine	the	model	that	best	fit	the	data.	The	model	with	the	random	pair	of	variables	
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l2_subject	and	l2_white	resulted	in	the	best	fit	according	to	the	results	in	the	comparison	

in	Table	4.55.	

Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 67.933	 1.284	 102.906	 52.891	 0.000	

l2_income	 -0.01	 0.001	 75.253	 -7.694	 0.000	

l2_subject	 0.28	 0.076	 102.576	 3.718	 0.000	

l1_white	 0.06	 0.014	 105.255	 4.578	 0.000	

Table	4.52	The	Final	Model	fixed	effects	for	the	assessment	outcome	

Table	 4.52	 includes	 the	 variables	 that	 have	 estimates	 with	 significant	 effect	 on	 the	

assessment	outcome	at	a	confidence	level	greater	than	99%.		

The	factors	are:	

1. The	overall	income	of	the	university	(l2_income):	the	results	indicate	that	the	overall	

income	of	the	university	has	a	negative	estimate	(-0.01).	This	variable	had	the	same	

estimate	for	teaching	outcome.	

2. The	number	of	principal	subjects	delivered	at	the	university	(l2_subject):	The	results	

indicate	that	this	has	a	positive	estimate	(0.28).	This	means	that	an	increase	in	the	

number	of	subjects	delivered	by	the	university	by	one	unit	(one	subject)	would	result	

in	 an	 increase	 in	 the	 teaching	 score	by	0.28%.	This	variable	has	 the	highest	 effect	

compared	 with	 l2_income	 and	 l1_white.	 It	 was	 also	 significant	 for	 the	 teaching	

outcome.		

3. The	percentage	of	ethnically	white	students	in	a	cohort	(l1_white):	The	variable	has	a	

positive	 estimate	 (0.06).	 This	 means	 that	 an	 increase	 of	 1%	 of	 ethnically	 white	

students	in	a	cohort	would	result	in	an	increase	in	the	assessment	score	by	0.06%.	

This	variable	had	the	same	estimate	for	the	teaching	outcome.	
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Groups	 Name	 Variance	 Std.Dev.	

provider_id	 (Intercept)	 15.010	 3.874	

		 l2_subject	 0.035	 0.188	

		 l1_white	 0.0004	 0.020	

Residual	 		 12.620	 3.552	

Table	4.53		The	Final	Model	random	effects	for	the	assessment	outcome	

Table	4.53	shows	that	the	variation	of	l1_white	is	smaller	than	the	l2_subjcet.	

The	equation	for	the	Final	Model	for	the	teaching	outcome	is:	

,-_0AA&AA%&/#!"
= (##
+ (#*62_2/$!%&+(#$62_A"BC&$# + ()*6_1;ℎ2#&!" + **"62_A"BC&$#"
+ *)"61_;ℎ2#&!" + *#" + +!" 	

Group									 #	groups	 ICC	

"provider_id"	 145	 0.5432	

Table	4.54	The	Final	Model	ICC	for	the	assessment	outcome	

Table	4.54	shows	a	relatively	high	ICC	(0.54)	which	indicates	a	high	level	of	clustering	

between	 universities.	 It	 can	 also	 be	 interpreted	 as	 54.32%	 of	 the	 variation	 in	 the	

assessment	score	occurs	between	universities	and	54.32%	of	the	total	variance	can	be	

explained	by	the	grouping	structure	in	the	data	set	(Hox,	Moerbeek	and	Schoot,	2017).	

There	were	571	observations,	four	cohorts	representing	(four	academic	years)	for	145	

universities	representing	the	entire	population	of	universities	in	the	data	set.	
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Description	 npar	 AIC	 BIC	 logLik	 deviance	 Chisq	 Df	

as_model_1aFisbw	 6.0	 3280.5	 3306.6	 -1634.30	 3268.5	 	 	

as_model_2FisbwRisb	 11.0	 3332.7	 3380.6	 -1655.40	 3310.7	 0.00	 5.0	

as_model_2FisbwRiw	 11.0	 3280.4	 3328.2	 -1629.20	 3258.4	 52.34	 0.0	

as_model_2FisbwRsbw	 11.0	 3271.2	 3319.0	 -1624.60	 3249.2	 9.18	 0.0	

Table	4.55	The	results	of	ANOVA	comparison	of	all	models	with	random	variables	and	Model	

1	for	the	assessment	outcome	

Table	4.55	shows	the	results	of	comparing	 the	Final	Model	 (tch_model_2sbs)	with	 the	

other	models.	It	shows	that	the	Final	Model	fits	the	data	best	as	it	has	the	lowest	AIC,	BIC	

and	logLik	when	compared	with	all	models	with	random	variables	and	a	lower	AIC	and	

logLik	when	compared	with	Model	1.	

4.11 The	Results	for	the	Academic	Support	Outcome	

The	Basic	Model	

The	result	of	the	Basic	Model	for	the	support	outcome:	

Description	 Est.	 S.E.	 t	val.	 d.f.	 p	

(Intercept)	 79.56	 0.3115	 255.39	 144.4505	 0.000	

Table	4.56	The	Basic	Model	fixed	effects	for	the	support	outcome	

The	intercept	estimate	(79.56)	for	the	Basic	Model	in	Table	4.56Table	4.34	is	significant.	

Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(&!))	 12.2906	 3.5058	

Residual	(%())	 		 6.9807	 2.6421	

Table	4.57	The	Basic	Model	random	effects	for	the	support	outcome	

Table	4.57	shows	a	substantial	difference	between	level	1	and	level	2	variance.	
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Group	 #	groups	 ICC	

provider_id	 145	 0.6378	

Table	4.58	The	Basic	Model	ICC	for	the	support	outcome	

Table	4.58	shows	that	the	ICC	is	0.6378,	which	is	relatively	high	and	points	to	a	high	level	

of	clustering,	which	warrants	proceeding	with	the	multilevel	model.		

Model	1	for	the	support	outcome	

As	for	previous	outcomes,	to	develop	Model	1,	all	explanatory	variables	for	level	1	and	

level	2	were	added	to	the	Basic	Model	to	arrive	at	the	initial	outputs	in	Table	4.59	and	

Table	4.60.	

Description	 Est.	 S.E.	 t	val.	 d.f.	 p	

(Intercept)	("!!)	 91.8107	 4.0668	 22.5757	 223.5961	 0.000	

l2_research	("!")	 0.0318	 0.0151	 2.1008	 327.3534	 0.036	

l2_income	("!#)	 -0.0176	 0.0063	 -2.7758	 352.7489	 0.006	

l2_ssr	("!$)	 -0.1895	 0.0782	 -2.4233	 228.1415	 0.016	

l2_fpe	("!%)	 0.0878	 0.0874	 1.004	 228.5998	 0.316	

l2_subject	("!&)	 0.047	 0.0851	 0.5529	 176.497	 0.581	

l2_london	("!')	 -3.4839	 0.8209	 -4.244	 129.7945	 0.000	

l1_female	(""!)	 -0.0996	 0.0305	 -3.2693	 141.3831	 0.001	

l1_age	("#!)	 -0.0969	 0.0975	 -0.9941	 476.0038	 0.321	

l1_tariff	("$!)	 0.0025	 0.0111	 0.2278	 265.2695	 0.820	

l1_ukdom	("%!)	 -0.0172	 0.0399	 -0.4318	 176.4051	 0.666	

l1_white	("&!)	 0.0365	 0.019	 1.9142	 139.6909	 0.058	

l1_polar4	("'!)	 -0.0084	 0.0532	 -0.1571	 213.2691	 0.875	

Table	4.59	The	 initial	Model	1	 fixed	effects	with	all	explanatory	variables	 for	 the	support	

outcome		

Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(&!))	 5.2331	 2.2876	

Residual	(%())	 		 7.0783	 2.6605	

Table	4.60	The	initial	Model	1	random	effects	for	the	support	outcome	
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Following	 the	 stepwise	 backward	 elimination	 process,	 non-significant	 variables	were	

removed	one	by	one.	In	Table	4.59,Table	4.48	the	first	variable	that	was	removed	was	

l1_polar4,	 which	 is	 a	 level	 1	 variable.	 The	 model	 was	 run	 iteratively	 to	 produce	 the	

outputs	for	the	final	Model	1	in	Table	4.61	and	Table	4.62	with	only	significant	variables.	

Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 82.275	 2.161	 167.250	 38.078	 0.000	

l2_income	 -0.004	 0.001	 161.580	 -3.127	 0.002	

l1_female	 -0.106	 0.032	 173.050	 -3.290	 0.001	

l1_white	 0.067	 0.014	 157.803	 4.592	 0.000	

Table	4.61	The	final	Model	1	fixed	effects	with	only	significant	explanatory	variables	for	the	

support	outcome	

The	final	version	of	Model	1	(Table	4.61)	included	one	level	2	and	two	level	1	variables.	

This	indicates	that	the	support	outcome	is	influenced	by	factors	from	both	university	and	

cohort	 levels.	These	variables	are:	 l2_income	 from	 level	2,	and	 l1_female	and	 l1_white	

from	level	1.		

Groups	 Parameter	 Variance	 Std.Dev.	

provider_id	 Intercept	(&!))	 8.837	 2.973	

Residual	(%())	 		 7.026	 2.651	

Table	4.62	The	final	Model	1	random	effects	for	the	support	outcome	

The	equation	for	the	final	version	of	Model	1	for	the	support	outcome	is:	

,-_A"<<!8#!" = (## + (#*62_2/$!%&+	())61_9&%06&!" 	+ ()*61_;ℎ2#&!" 	+ *#" + +!" 	

The	Final	Model	for	the	academic	support	outcome	

Like	in	the	previous	outcomes,	a	best	subset	selection	process	was	followed	to	arrive	at	

the	Final	Model,	by	introducing	random	explanatory	variables	(varying	slopes)	into	the	

model.	The	model	was	able	to	cope	with	two	random	variables.	

The	variables	were	introduced	in	pairs	in	the	random	part	of	the	model	until	all	possible	

combinations	of	were	executed.		This	process	produced	three	models.	The	outputs	of	all	
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three	models	and	Model	1	were	compared	using	the	ANOVA	test	to	determine	the	model	

that	best	fit	the	data.	The	model	with	the	random	pair	of	variables	l2_subject	and	l2_white	

resulted	in	the	best	fit	according	to	the	results	of	the	comparison	in	Table	4.66.	

Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 82.56	 2.085	 150.055	 39.606	 0.000	

l2_income	 -0.004	 0.001	 119.447	 -3.171	 0.002	

l1_female	 -0.10	 0.032	 78.159	 -3.023	 0.003	

l1_white	 0.06	 0.016	 76.492	 3.377	 0.001	

Table	4.63	The	Final	Model	fixed	effects	for	the	support	outcome	

	

Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 82.56	 2.085	 150.055	 39.606	 0.000	

l2_income	 -0.004	 0.001	 119.447	 -3.171	 0.002	

l1_female	 -0.10	 0.032	 78.159	 -3.023	 0.003	

l1_white	 0.06	 0.016	 76.492	 3.377	 0.001	

Table	4.63	includes	the	explanatory	variables	that	have	estimates	with	significant	effect	

on	the	assessment	outcome.	

The	factors	are:	

1. The	overall	income	of	the	university	(l2_income):	The	results	indicate	that	the	overall	

income	 of	 the	 university	 has	 a	 very	 small	 negative	 estimate	 (-0.004).	 It	 was	 also	

significant	for	teaching	and	the	assessment	outcomes.	

2. The	percentage	of	female	in	a	cohort	(l1_female):	This	variable	has	a	negative	estimate	

(-0.10).	This	means	that	an	increase	of	the	proportion	of	females	in	a	cohort	by	one	

1%	would	result	in	a	decrease	in	the	support	score	by	-0.10%.	

3. The	 percentage	 of	 ethnically	 white	 students	 in	 a	 cohort	 (l1_white):	 The	 results	

indicate	that	this	variable	has	a	positive	estimate	(0.06).	It	was	also	significant	for	the	

teaching	and	the	assessment	outcomes	with	similar	estimate.	
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Groups	 Name	 Variance	 Std.Dev.	

provider_id	 (Intercept)	&!))	 4.532	 2.129	

		 l1_female	 0.009	 0.096	

		 l1_white	 0.006	 0.076	

Residual	 		 6.893	 2.625	

Table	4.64		The	Final	Model	random	effects	for	the	support	outcome	

Groups	 Name	 Variance	 Std.Dev.	

provider_id	 (Intercept)	&!))	 4.532	 2.129	

		 l1_female	 0.009	 0.096	

		 l1_white	 0.006	 0.076	

Residual	 		 6.893	 2.625	

Table	4.64	shows	that	the	variation	of	l1_white	is	smaller	than	l1_female.	

The	equation	for	the	Final	Model	for	the	teaching	outcome	is:	

,-_A"<<!8#!" = (##
+ (#*62_2/$!%&+())61_9&%06&!" + ()*61_;ℎ2#&!" + *)"61_9&%06&!"
+ **"61_;ℎ2#&!" + *#" + +!" 	

Group	 #	groups	 ICC	

provider_id	 145	 0.3966	

Table	4.65	The	Final	Model	ICC	for	the	support	outcome	

Group	 #	groups	 ICC	

provider_id	 145	 0.3966	

Table	4.65	shows	a	moderate	ICC	(0.3966),	which	indicates	a	medium	level	of	clustering	

between	 universities	 for	 this	 outcome.	 It	 can	 also	 be	 interpreted	 as	 39.66%	 of	 the	

variation	in	the	support	score	occurs	between	universities.	

There	were	571	observations,	 four	 cohorts	 representing	 four	 academic	 years	 for	 145	

universities.	
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Description	 		 npar	 AIC	 BIC	 logLik	 deviance	 Chisq	 Df	

sp_model_1aFifw	 6	 3004.1	 3030.2	 -1496	 2992.1	 	 	

sp_model_2FifwRfw	 11	 3000.9	 3048.7	 -1489.5	 2978.9	 13.195	 5	

sp_model_2FifwRif	 11	 3008.4	 3056.2	 -1493.2	 2986.4	 0	 0	

sp_model_2FifwRiw	 11	 3008.5	 3056.3	 -1493.3	 2986.5	 0	 0	

Table	4.66	The	results	of	ANOVA	comparison	of	all	models	with	random	variables	and	Model	

1	for	the	support	outcome	

	

Description	 		 npar	 AIC	 BIC	 logLik	 deviance	 Chisq	 Df	

sp_model_1aFifw	 6	 3004.1	 3030.2	 -1496	 2992.1	 	 	

sp_model_2FifwRfw	 11	 3000.9	 3048.7	 -1489.5	 2978.9	 13.195	 5	

sp_model_2FifwRif	 11	 3008.4	 3056.2	 -1493.2	 2986.4	 0	 0	

sp_model_2FifwRiw	 11	 3008.5	 3056.3	 -1493.3	 2986.5	 0	 0	

Table	4.66Table	4.55	shows	that	the	Final	Model	(sp_model_2FifwRfw)	as	the	model	that	

best	fitted	the	data.	This	model	included	l1_female	and	l1_white	as	random	variables.	It	

has	the	lowest	AIC,	BIC	and	logLik	when	compared	with	the	other	models	with	random	

variables	and	a	lower	AIC	and	logLik	when	compared	with	Model	1	(first	model	in	Table	

4.66).	

4.12 The	Results	for	the	Employability	Outcome	

The	Basic	Model	

The	result	of	the	Basic	Model	for	the	employability	outcome:	

Description	 Estimate	 Std.	Error	 df	 t	value	 p	

(Intercept)	 94.46	 0.196	 145.211	 482.100	 0.00	

Table	4.67	The	Basic	Model	fixed	effects	for	employability	outcome		

The	intercept	estimate	(94.46)	for	the	Basic	Model	in	is	significant	as	shown	in	Table	4.67.	



146	

Groups	 Parameter	 Variance	 Std.Dev.	

provider_id	 Intercept	(&!))	 4.522	 2.126	

Residual	(%())	 		 2.076	 1.441	

Table	4.68	The	Basic	Model	random	effects	for	the	employability	outcome	

Table	4.68	shows	a	substantial	difference	between	level	1	and	level	2	variance.	

Group	 #	groups	 ICC	

provider_id	 145	 0.6853	

Table	4.69	The	Basic	Model	ICC	for	the	employability	outcome	

Table	4.69	shows	that	the	ICC	is	0.6853,	which	is	relatively	high	and	points	to	a	high	level	

of	clustering,	which	warrants	proceeding	with	the	multilevel	model.		

Model	1	for	the	employability	outcome	

As	with	previous	outcomes,	all	explanatory	variables	were	added	to	the	Basic	Model	to	

arrive	at	the	initial	outputs	for	Model	1	in	Table	4.70	and	Table	4.71.	

Description	 Est.	 S.E.	 t	val	 d.f.	 p	

(Intercept)	("!!)	 100.38	 3.6929	 27.1823	 147.784	 0.000	

l2_research	("!")	 0.01	 0.0147	 0.461	 217.0981	 0.645	

l2_income	("!#)	 0.00	 0.0066	 -0.3282	 214.4514	 0.743	

l2_ssr	("!$)	 0.01	 0.0693	 0.1066	 173.2716	 0.915	

l2_fpe	("!%)	 0.12	 0.0825	 1.4102	 190.4543	 0.160	

l2_subject	("!&)	 -0.14	 0.0726	 -1.9446	 145.8614	 0.054	

l2_london	("!')	 0.30	 0.6883	 0.4299	 132.278	 0.668	

l1_female	(""!)	 -0.02	 0.0264	 -0.6347	 138.0039	 0.527	

l1_age	("#!)	 -0.12	 0.0972	 -1.2409	 172.2448	 0.216	

l1_tariff	("$!)	 -0.01	 0.0098	 -1.1545	 147.7126	 0.250	

l1_ukdom	("%!)	 -0.06	 0.0353	 -1.698	 151.5902	 0.092	

l1_white	("&!)	 0.06	 0.0164	 3.7741	 133.2447	 0.000	

l1_polar4	("'!)	 0.03	 0.0467	 0.72	 187.3853	 0.472	

Table	4.70	The	initial	Model	1	fixed	effects	with	all	explanatory	variables	for	the	

employability	outcome		
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Groups	 Parameter	 Variance	 Std.Dev.	

provider_id	 Intercept	(&!))	 3.699	 1.923	

Residual	(%())	 		 2.114	 1.454	

Table	4.71	The	initial	Model	1	random	effects	for	the	employability	outcome	

Following	the	stepwise	backward	elimination	process,	the	outputs	for	the	final	version	of	

Model	 1	 were	 produced	 and	 are	 shown	 in	 Table	 4.72	 and	 Table	 4.73	 with	 only	 two	

significant	variables	from	level	1.		

Description	 Est.	 S.E.	 t	val.	 d.f.	 p	

(Intercept)	 95.89	 1.5672	 61.1879	 150.5798	 0.000	

l1_ukdom	 -0.06	 0.022	 -2.7871	 150.5497	 0.006	

l1_white	 0.06	 0.0118	 4.91	 147.7457	 0.000	

Table	4.72	The	final	Model	1	fixed	effects	with	only	significant	explanatory	variables	for	the	

employability	outcome	

Both	variables	that	were	included	in	the	final	version	of	Model	1	(Table	4.72)	were	level	

1	variables.	This	indicates	that	this	employability	outcome	is	predominantly	influenced	

by	cohort	characteristics.	The	variables	were	l1_ukdom	and	l1_white.	

Groups	 Parameter	 Variance	 Std.	Dev.	

provider_id	 Intercept	(&!))	 3.7025	 1.9242	

Residual	(%())	 		 2.0866	 1.4445	

Table	4.73	The	Final	Model	random	effects	for	the	employability	outcome	

The	equation	for	the	final	version	of	Model	1	for	the	employability	outcome	is:	

,-_&%<6!D0B262#D!"
= (## + (#*62_2/$!%&+	())61_9&%06&!" 	+ ()*61_;ℎ2#&!" 	+ *#" + +!" 	

The	final	model	for	the	employability	outcome	
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The	model	was	not	able	to	cope	with	adding	any	variable	to	its	random	part.	This	was	

mainly	due	the	limitation	of	the	data	set	as	there	were	only	data	for	two	years	for	the	

outcome.	Therefore,	the	final	version	of	Model	1	is	the	Final	Model	for	this	outcome.	

The	significant	explanatory	variables	in	the	Final	Model	in	Table	4.72	were:	

1. The	percentage	of	UK	domiciled	students	in	the	cohort:	This	variable	had	a	negative	

estimate	 of	 -	 cohorts	 with	 high	 UK	 domiciled	 students	 are	 likely	 to	 have	 a	 lower	

employability	rate.	The	estimate	indicates	that	an	increase	by	1%	in	the	percentage	

of	UK	domiciled	students	in	the	cohort	would	lead	to	a	decrease	in	the	employability	

rate	by	-0.06%.	

2. The	percentage	of	ethically	white	students	in	a	cohort	(l1_white):	The	variable	had	a	

positive	estimate	(0.06),	which	is	the	same	estimate	for	the	teaching,	assessment,	and	

the	support	outcomes.	It	was	also	significant	in	the	non-continuation	outcome.	

The	equation	for	the	Final	Model	for	the	employability	outcome	is:	

,-_&%<6!D0B262#D!" = (##	+()#61_9&%06&!" + (&#61_;ℎ2#&!" + *#" + +!" 	

Group	 #	groups	 ICC	

provider_id	 145	 0.6396	

Table	4.74	The	Final	Model	ICC	for	the	employability	outcome	

Table	4.74	shows	a	relatively	high	ICC	(0.6396),	which	indicates	a	high	level	of	clustering	

between	universities	and	that	63.96%	of	the	variation	in	the	employability	score	occurs	

between	universities.	

There	were	289	observations,	four	cohorts	representing	two	academic	years	(2015/16	

and	2016/17)	for	all	145	universities	in	the	data	set.	

4.13 The	Results	for	the	High-skilled	Employability	Outcome	

There	 was	 only	 one	 year	 of	 data	 (2017/18)	 for	 this	 outcome,	 as	 mentioned	 earlier.	

Therefore,	it	was	not	possible	to	utilise	multilevel	modelling	for	the	analysis.	Instead,	an	

OLS	linear	regression	model	was	used.	
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Model	1	for	the	high-skilled	employability	outcome	

Model	1	included	all	explanatory	variables	for	level	1	and	level	2	and	arrived	at	the	initial	

output	in	Table	4.75.	

Description	 Est.	 S.E.	 t	val.	 p	

(Intercept)	 40.96	 14.6221	 2.8014	 0.006	

l2_research	 -0.04	 0.0529	 -0.7231	 0.471	

l2_income	 0.02	 0.0218	 0.7117	 0.478	

l2_ssr	 0.28	 0.2267	 1.2162	 0.226	

l2_fpe	 0.23	 0.2698	 0.8585	 0.392	

l2_subject	 -0.59	 0.251	 -2.3341	 0.021	

l2_london	 2.71	 2.2081	 1.2257	 0.223	

l1_female	 -0.24	 0.0817	 -2.9392	 0.004	

l1_age	 0.77	 0.4775	 1.6083	 0.111	

l1_tariff	 0.09	 0.0446	 1.9919	 0.049	

l1_ukdom	 -0.07	 0.1169	 -0.6073	 0.545	

l1_white	 0.13	 0.0521	 2.4052	 0.018	

l1_polar4	 -0.24	 0.1622	 -1.5073	 0.135	

Table	4.75	The	initial	Model	1	fixed	effects	with	all	explanatory	variables	for	the	high-skilled	

employability	outcome		

The	final	model	for	the	high-skilled	employability	outcome	

To	arrive	at	the	Final	Model,	a	backward	regression	function	in	R	was	used.	The	Final	

Model	produced	by	 this	process	 included	only	 the	significant	explanatory	variables	 in	

Table	4.76.	
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Description	 Est.	 S.E.	 t	val.	 p	

(Intercept)	 66.88	 5.50	 12.17	 0.00	

l2_research	 -0.06	 0.03	 -1.95	 0.05	

l2_income	 0.03	 0.01	 2.79	 0.01	

l2_subject	 -0.58	 0.20	 -2.91	 0.00	

l1_female	 -0.24	 0.08	 -3.11	 0.00	

l1_white	 0.13	 0.04	 3.37	 0.00	

l1_polar4	 -0.37	 0.14	 -2.59	 0.01	

Table	4.76	The	Final	Model	for	the	high-skilled	employability	outcome	

	

The	variables	in	Table	4.76	indicate:	

1. The	 research	 income	 of	 the	 university	 (12_research)	 has	 a	 negative	 estimate.	

However,	the	confidence	level	of	the	significance	was	below	99%,	which	was	the	level	

used	 for	 the	 other	 outcomes.	 Given	 the	 small	 amount	 of	 the	 estimate	 and	 lower	

confidence	level	of	the	significance,	no	firm	conclusion	could	be	drawn	at	this	stage.	

2. The	overall	income	of	the	university	(l2_income):	The	results	indicate	that	the	overall	

income	of	the	university	has	a	positive	estimate	(0.03).	This	means	that	increasing	the	

income	of	the	university	by	£1	million	will	increase	the	employability	rate	by	0.03%.	

It	can	also	be	interpreted	that	this	outcome	is	positively	impacted	by	the	size	of	the	

income	of	the	institution.	

3. The	number	of	principal	subjects	delivered	at	the	university	(l2_subject):	The	results	

indicate	that	this	has	a	negative	estimate	(-0.58).	This	means	that	a	decrease	in	the	

number	of	subjects	delivered	by	the	university	by	one	unit	(one	subject)	would	result	

in	 an	 increase	 in	 the	 high-skilled	 employability	 score	 by	 0.50%.	 It	 can	 also	 be	

interpreted	 that	specialist	 institutions	with	 few	subjects	are	 likely	 to	perform	well	

under	this	outcome.	

4. The	 percentage	 of	 females	 in	 a	 cohort	 (l1_female):	 This	 variable	 has	 a	 negative	

estimate	(-0.24).	This	means	that	an	increase	of	the	proportion	of	females	in	a	cohort	

by	 one	 1%	would	 result	 in	 a	 decrease	 in	 the	 employability	 score	 by	 -0.24%.	 This	

indicates	that	cohorts	with	male	population	that	is	above	the	mean	are	likely	to	do	

better	under	this	outcome.	
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5. The	 percentage	 of	 ethnically	 white	 students	 in	 a	 cohort	 (l1_white):	 The	 results	

indicate	that	this	variable	has	a	positive	estimate	(0.13).	This	means	that	an	increase	

of	1%	of	ethnically	white	students	in	a	cohort	would	result	in	an	increase	in	the	high-

skilled	 employability	 rate	 by	 0.13%.	This	 can	 also	 indicate	 that	 cohorts	with	 non-

white	population	above	the	mean	are	likely	to	perform	less	well	in	this	outcome.	

6. Students	from	low	participation	neighbourhoods	in	POLAR4	quantile	1	(l1_polar4):	

The	 result	 indicates	 that	 this	 variable	has	 a	negative	 estimate	 (0.37),	which	 is	 the	

highest	 estimate	 value	 among	 the	 three	 cohort	 characteristics	 in	 Table	 4.76.	 This	

means	that	an	increase	of	1%	in	students	from	low	participation	neighbourhood	in	a	

cohort	would	result	in	decrease	of	-0.37%	in	high-skilled	employability	rate.	This	can	

also	indicate	that	cohorts	with	higher	than	average	population	from	POLAR4	quantile	

1	are	likely	to	do	less	well	in	this	outcome.	

The	equation	for	the	Final	Model	for	the	high-skilled	employability	outcome	is:	

,-_ℎ23ℎA:266" = (## + (#)62_8&A&08$ℎ + +(#*62_2/$!%& + (#$62_A"BC&$#
+	()#61_9&%06&" 	+ (&#61_;ℎ2#&" + ('#61_<!6084" + +" 	

Description	 Value	

Observations	 128	

missing	 17	

R2	 0.29	

Adj.	R2	 0.26	

Table	4.77	The	Final	Model	fit	for	the	high-skilled	employability	outcome	

The	fit	of	 the	model	was	assessed	using	the	F-test	 function.	The	result	was	F(6,121)	=	

8.42,	with	p	=	0.00.	

Table	 4.77	 shows	 that	 there	 were	 128	 observations,	 for	 one	 cohort	 (academic	 year	

2017/18)	representing	128	universities	out	of	145	of	universities	in	the	data	set.	Data	for	

17	universities	were	missing.	The	R2	was	0.30	and	the	adjusted	R2	was	0.26.			
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4.14 Summary		

The	results	of	 the	various	models	analysed	 in	 this	chapter	have	demonstrated	several	

interesting	and	noticeable	findings.	These	are	summarised	below.	

It	was	noticeable	that	the	variables	for	the	London	location	(l2_London),	the	average	age	

of	a	cohort	(l1_age)	and	the	size	of	the	student	population	of	a	university	(l2_fpe)	did	not	

have	significant	effect	on	any	of	the	six	outcomes.	

The	 concept	 of	 Location	 (e.g.,	 London)	 having	 significant	 impact	 on	 PIs	 should	 be	

challenged.	It	is	the	characteristics	of	the	institution	and	its	cohort	that	impact	PIs.		For	

example,	 London	 institutions	 that	 have	more	 than	 average	 ethnically	 non-White	 and	

POLAR4	quantile	1	cohorts	are	likely	to	be	impacted	negatively	in	the	performance	in	the	

non-continuation	outcome.	This	will	be	discussed	further	in	Chapter	6.		

The	 ethnicity	 of	 cohort	measured	by	 the	 percentage	 of	 ethnically	white	 students	 in	 a	

cohort	(l1_white)	was	persistently	significant	and	impacted	all	six	outcomes.	

A	relatively	high	intraclass	correlation	(ICC)	for	five	of	the	six	outcomes	strongly	indicates	

that	universities	are	clustered	in	terms	of	the	performance	indicators	scores	they	achieve.	

This	 is	 an	 important	 finding	 as	 it	 demonstrates	 that	 the	 idea	 of	 a	 linear	 scale	 for	

measuring	universities	performance	is	neither	sensible	nor	credible.	

It	was	also	noticeable	that	the	three	outcomes	derived	from	the	NSS	results	(Teaching,	

Assessment	and	Academic	support)	were	impacted	negatively	by	the	size	of	the	overall	

income	of	the	institution,	though	with	a	small	estimate.	Yet,	these	three	outcomes	were	

impacted	positively	by	the	multidisciplinary	nature	of	the	institution	(i.e.,	the	number	of	

subjects	delivered).		

The	 two	 employability	 outcomes	 were	 both	 impacted	 negatively	 by	 the	 non-white	

ethnicity	 of	 the	 cohort.	 The	 high-skilled	 employability	 outcome,	 in	 particular,	 was	

profoundly	 impacted	by	the	characteristics	of	 the	cohort	with	 increased	proportion	of	

females,	non-white	and	PLOAR4	quantile	1	having	negative	impact	on	the	outcome.	

Chapter	6	will	outline	a	deeper	discussion	of	the	findings,	linking	to	the	results	from	the	

qualitative	analysis	and	the	literature.		
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Chapter	5: The	Qualitative	Results	

5.1 Introduction	

One	of	the	rationales	of	using	a	mixed-methods	approach	for	this	study	was	to	engage	

senior	 leaders	 in	 the	 sector	 to	 gain	 an	 understanding	 of	 their	 perception	 of	 current	

performance	indicators	and	the	impact	of	those	indicators	on	institutional	policy.	This	

was	also	important	in	answering	the	three	research	questions	re-stated	below.		

• What	are	the	significant	factors	at	institutional	and	cohort	level	that	impact	the	

outcomes	of	the	widely	used	performance	indicators	(e.g.,	TEF)	in	the	UK	Higher	

Education	sector?	

• How	do	performance	indicators’	outcomes	influence	institutional	policy?	

• How	do	regulatory	performance	regimes	and	market	economy	concepts	influence	

management	responses?	

All	three	questions	were	explored	in	the	qualitative	phase.	Although,	the	first	question	

was	explored	in	the	quantitative	phase	to	determine	the	significant	factors,	the	results	of	

the	quantitative	analysis	were	used	during	the	interviews	by	asking	the	participants	to	

reflect	on	them.	As	the	interview	questions	were	open	ended,	participants	were	allowed	

to	offer	their	views	on	reasons	and	contexts	that	may	have	contributed	to	the	significance	

of	these	factors.		

This	chapter	reports	on	the	results	of	the	qualitative	analysis	of	the	data	gathered	from	

the	interviews	of	senior	managers	from	seven	UK	universities.	This	analysis	followed	the	

quantitative	analysis	of	the	six	performance	indicators,	reported	in	Chapter	4,	and	was	

informed	by	its	results.	

The	perception	of	senior	managers	in	higher	education	of	the	performance	management	

environment	within	which	they	operate	is	rarely	reported	in	the	literature.	Of	the	few	

studies	 that	has	been	done	 in	relation	 to	 this	research,	 	Lomas	and	Tomlinson	(2000)	

reported	on	the	differing	perceptions	of	senior	managers	 in	UK	universities	regarding	

quality	 management	 in	 the	 sector.	 The	 perception	 differed	 according	 to	 the	 type	 of	

university	in	which	the	senior	manager	was	based.		This	was	an	interesting	finding	as	it	
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further	demonstrates	that	UK	universities	are	not	only	clustered	in	different	groups	in	

terms	 of	 their	 performance	 quantitively	 but	 are	 also	 clustered	 in	 their	 perception	 of	

performance	and	quality	management	arrangement	according	to	their	type.	Hence,	the	

selection	 of	 the	 seven	 senior	 managers,	 that	 were	 interviewed	 in	 this	 study,	 from	

different	types	of	universities	with	different	TEF	ratings.	

5.2 The	Interviews	

The	interviews	were	structured	around	the	following	three	open-ended	sections:	

1. Engaging	 participants	 to	 express	 their	 views	 and	 perspectives	 on	 the	 findings	

from	the	quantitative	analysis	(only	significant	factors	were	presented).	

2. How	the	current	national	performance	management	environment,	including	the	

TEF,	influences	their	institutional	policy.	

3. How	other	performance	management	perspectives	(other	than	the	TEF),	such	as	

their	 own	 institutional	performance	management	or	 external	 factors,	 influence	

management	responses	within	their	institutions.	

During	 the	 first	 section,	 participants	 were	 presented	 with	 a	 brief	 explanation	 of	 the	

results	of	 the	quantitative	analysis.	This	was	the	factors	that	had	significant	effects	on	

each	of	the	six	of	outcomes.	These	were	broken	into	four	parts	as	follows:	

• Part	1:	Factors	with	significant	effects	on	the	non-continuation	outcome	

• Part	2:	Factors	with	significant	effects	on	each	of	the	teaching	outcome	and	the	

assessment	and	feedback	outcome.		

• Part	3:	Factors	with	significant	effects	on	the	academic	support	outcome.	

• Part	4:	Factors	with	significant	effects	on	each	of	 the	employability	and	further	

study	outcome	and	the	high-skilled	employability	outcome.		

Participants	were	given	the	opportunity	to	give	their	perspectives	on	each	part	before	

moving	to	the	next.	

Participants	who	were	from	a	London-based	institution	were	asked	to	give	their	views	

about	the	variations	in	some	of	the	outcomes	(NSS	related	outcomes)	between	London-
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based	 universities	 and	 outside	 London	 institutions.	 	 These	 were	 the	 three	 outcomes	

related	to	the	NSS,	namely	teaching,	assessment	and	feedback	and	academic	support.		

5.3 Themes	Identification	

The	 analysis	 of	 the	 interview	 data	 followed	 a	 three-steps	 process	 similar	 to	 that	

recommended	by	the	framework	method	(Gale	et	al.,	2013),	as	described	in	Chapter	3.	

The	theme	identification	process	was	influence	by	the	work	of	Clarke	and	Braun	(2017)	

on	thematic	analysis.	

There	were	six	maim	themes	identified.	These	were:	

• Common	interpretation	of	results		

• Extensive	use	of	data	

• Institutional	context	

• Effect	of	league	tables	

• Policy	Tension	

• Financial	sustainability	

The	 themes	 were	 identified	 using	 a	 hybrid	 approach	 of	 inductive	 and	 deductive	

analysis.	The	inductive	approach	allows	the	data	to	determine	the	themes	while	the	

deductive	approach	analysis	the	data	with	preconceived	idea	of	the	type	of	themes	

that	 may	 emerge.	 The	 deductive	 approach	 in	 this	 study	 was	 influenced	 by	 the	

theoretical	 framework	 and	 the	 quantitative	 results	 (Fereday	 and	 Muir-Cochrane,	

2006).		

Analysing	the	data	using	the	inductive	approach,	the	Common	interpretation	of	results,	

the	Institutional	Context	and	the	Policy	Tension	themes	emerged.	Using	the	deductive	

approach	during	the	data	analysis	the	Extensive	use	of	data,	the	Effect	of	league	tables	

and	the	Financial	sustainability	themes	emerged.	Themes	were	only	included	if	they	

were	mentioned	by	at	least	four	participants.		
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In	 the	 following	 section,	 the	 results	will	 be	presented	 and	grouped	under	 the	 themes	

headings.	 More	 critical	 analysis	 will	 be	 presented	 in	 Chapter	 6.	 Quotes	 from	 the	

interviews	will	 be	 presented	 by	 the	 participant	 code	 in	 front	 of	 the	 quote.	 The	 code	

consists	of	three	digits.	The	first	digit	indicates	whether	the	participant	is	from	a	research	

institution	 (R)	 or	 a	 teaching	 institution	 (T);	 the	 second	 digit	 indicates	 whether	 the	

participant	 is	 from	 a	 large	 (L),	medium	 (M)	 or	 a	 small	 (S)	 institution;	 the	 third	 digit	

indicates	the	number	of	the	participants	(1	to	7),	see	Table	5.1.	Comments	inserted	in	[	]	

are	clarification	offered	by	the	author.	

Type	 Research	 Teaching	 		

Interviewee	

code	

RL1,	 RM2,	

RM3,	RM6	

TM4,	 TS5,	

TS7	
		

Size	 Large	 Medium	 Small	

Interviewee	

code	
RL1	

RM2,	 RM3,	

TM4,	RM6	

TS5,	

TS7	

Table	5.1	Participants	codes	by	institution	type	

5.4 Theme	1:	Common	interpretation	of	results	

All	participants	expressed	a	 lack	of	surprise	at	 the	results	of	 the	quantitative	analysis.	

While	it	was	reassuring	that	the	results	of	the	quantitative	analysis	were	confirmed	by	

senior	managers	as	predominantly	in	line	with	what	they	would	expect,	the	unanimous	

agreement	was	stark.	There	was	common	agreement	on	the	 interpretation	offered	for	

many	of	the	results.	It	could	be	argued	that	the	experience	and	the	senior	positions	held	

by	the	participants	meant	that	they	had	deep	knowledge	of	the	sector	that	led	to	their	

common	agreement	and	interpretation.			

5.4.1 Reflection	on	Factors	affecting	performance	indicators	

There	was	common	acceptance	among	participants	that	the	results	of	the	quantitative	

analysis	are	in	line	with	what	they	would	expect	either	at	their	institution	or	from	their	

experience	 and	 knowledge	 of	 the	 sector.	 This	 gave	 the	 quantitative	 result	 some	

contextual	validation,	particularly	as	the	first	research	question	aimed	to	identify	factors	

that	impact	outcomes.		
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When	 asked	 about	 the	 factors	 that	were	 found	 to	 have	 significant	 effect	 on	 the	 non-

continuation	 outcome,	 participants	 were	 not	 surprised	 to	 see	 the	 factors	 with	 the	

significant	effects,	namely	tariff,	UK-domicile,	ethnicity	White,	and	POLAR4	quantile	1.	

They	commented	that	students	with	a	combination	of	these	factors	are	also	likely	to	be	

in	a	more	difficult	group	regarding	non-continuation.		

RL1:	What	we	know	about	dropout	and	our	students,	some	of	those	factors	would	

come	into	play.	….	I’m	not	surprised	by	some	of	that	data	particularly	White	data,	if	

you	combine	White	[non-White]	with	working	class	or	POLAR4	[quantile	1].	….	these	

are	the	most	difficult	group.	

RM3:	…	I	don't	think	it's	too	radical	to	say	what	the	data	tells	you	is	what	you	already	

know	

TM4:	….	broadly	I	would	expect	to	see	that.	I’m	not	sure	in	terms	of	UK	domicile	

makes	much	 difference	 for	 us	 [institution	with	 predominantly	 UK-domiciled	

students].	

TS7:	…	I’m	not	surprised	that	the	higher	the	tariffs	the	lower	the	drop	out.	…	

There	was	further	confirmation	that	the	ethnicity	factor	has	significant	effects	on	all	the	

outcomes	which	what	was	 found	 by	 the	 quantitative	 analysis.	When	 asked	 about	 the	

factors	 that	 would	 affect	 the	 two	 outcomes	 teaching	 and	 assessment	 participants	

appeared	 to	be	 aware	of	 the	 effects	of	 ethnicity	on	 these	 two	outcomes	as	well	 as	 all	

outcomes.	

RM2:	…	So,	I	don't	see	really	anything	in	there	that	would	surprise	me	too	much.	

TM4:	 To	 take	 things	 together,	 ...	 the	 number	 of	 times	 White	 [percentage	 of	

ethnically	White	students	in	a	cohort]	appears	is	depressingly	unsurprising,	but	

…	[this]	is	a	large	part	of	what	our	university	is	working	on	at	the	moment.	

5.4.2 Reflection	on	Factors	affecting	employability	

On	 factors	 affecting	 employability,	 participants	 were	 equally	 unsurprised	 to	 see	 the	

significant	 factors,	 namely,	 UK-domiciled,	 ethnicity	 White,	 university	 overall	 income,	



159	

number	of	subjects,	gender	(female),	and	POLAR4	(quantile	1).	One	participant	stated	

that	while	one	would	expect	each	factor	to	have	an	impact	on	its	own,	to	see	all	of	them	

presented	together	is	quite	sensitive	and	could	have	politically	damaging	consequences.	

TM4:	A	lot	of	that	isn't	very	surprising.	

RM6:	 …	 this	 data	 [factors	 affecting	 employability]	 would	 have	 some	 politically	

damaging	 consequences.	 Especially,	 if	 you're	 dealing	 with	 any	 of	 these	 factors:	

ethnicity,	polar,	gender	

There	was	further	confirmation	of	the	overall	results	of	the	significant	factors	produced	

by	the	quantitative	analysis.	

TS5:	all	 those	results	are	what	I	would	expect	based	on	what	I’m	aware	of	 the	

data	and	media	reports	and	everything	else.	

RM6:	those	statistics	would	be	borne	out	by	what	we'd	experience	here.		

Broadly,	there	was	common	understanding	by	the	participants	of	the	reasons	that	may	

cause	 the	 significance	 of	 some	 factors.	 An	 example	 of	 how	 participants	 consistently	

commented	on	the	significant	factors	was	their	comments	on	the	negative	effects	of	the	

factor	overall-income	on	the	three	outcomes:	teaching,	assessment	and	support;	quotes	

of	their	comments	can	be	found	below.	

RL1:	….	what	drives	high	income	in	universities	is	research	and	where	you've	got	a	

kind	of	strong	research	driver	there's	less	of	a	focus	on	the	teaching	quality.	

RM2:	 The	 higher	 income	 institutions	 would	 largely	 be	 the	 more	 research	

intensive,	and	in	the	more	research-intensive	institutions	…	the	whole	notion	of	

support	for	teaching	is	probably	…	less	systematic.	

TM4:	My	reaction	is	that	the	wider	the	diversity	of	income,	the	more	distracted	

colleagues	are	from	focusing	on	teaching.	
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TS5:	…	the	more	 income	they	have,	 the	more	time	staff	are	spending	on	doing	

that	 research	 income	and	 therefore	 spending	 less	 time	on	 the	assessment	and	

feedback’.	

RM6:	Universities	might	be	more	 focused	on	 income;	 it	may	be	 that	 they're	more	

focused	on	their	research	projects	and	external	projects	to	the	detriment	of	teaching	

and	feedback	but	that	isn't	uniform	across	the	sector.	

TS7:	 	 where	 there's	 good	 income	 from	 a	 specialty	 of	 sources,	 that's	 research,	

business	engagement,	undergraduate,	postgraduate	etc.,	my	experience	suggests	

that	 there	 is	often	 less	 consideration	made	of	a	 strategic	approach	 to	 student	

support	because	 it's	all	 about	growing	 income	…	and	 staff	are	 torn	 in	 several	

directions	in	terms	of	workload.	

There	was	also	common	agreement	on	the	effect	of	entry	tariff	and	student-staff	ratio	

(SSR)	 on	 performance	 outcomes	 where	 they	 were	 significant.	 This	 finding	 was	 also	

supported	 by	 other	 studies	 in	 the	 literature	 as	 will	 be	 demonstrated	 in	 Chapter	 6.	

However,	some	preferred	SSR	to	be	calculated	differently	to	show	time	spent	on	teaching	

activities	only.	There	was	also	some	reservation	expressed	regarding	who	was	included	

in	the	SSR	calculation,	though	agreed	more	staff	time	to	support	students	would	have	an	

effect.	

TS5:	The	less	staff	you	have,	the	less	support	you	get;	that's	the	more	intuitive	

one,	 but	 under	 the	 bonnet,	 it	 does	 depend	 on	 not	 just	 the	 SSR,	 but	 what	

percentage	of	time	staff	are	spending	teaching	as	opposed	to	doing	research.	

TS7:	When	you	come	to	SSR,	there	has	to	be	a	correlation	between	the	number	of	

staff	 you	 have	 and	 that's	 staff	 plural	 so	 not	 just	 academic	 staff;	 and	 let's	 not	

forget	that	SSRs	have	been	subject	to	a	huge	amount	of	gaming	by	the	university	

sector	 as	 to	 how	 you	 share	 and	 show	 your	 SSRs	 ….	 but,	 nevertheless,	 where	

students	have	more	access	to	staff,	that	does	make	a	difference.	

The	quotes	above	demonstrate	 that	 senior	 leaders	within	 the	 sector	are	aware	of	 the	

factors	that	cause	variation	in	performance	indicators.	In	many	cases,	their	explanations	

of	the	variations	were	also	very	similar.	However,	their	use	of	the	data,	the	importance	
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placed	on	them	and	their	influence	on	institutional	policy	differ,	as	will	be	presented	in	

the	following	sections.	It	was	also	interesting	to	note	their	reference	to	external	factors	

that	impact	on	outcomes.	Some	of	the	external	factors	they	referenced	such	as	societal	

bias	regarding	gender	and	ethnicity	can	also	be	found	in	the	literature	as	presented	in	

Chapters	2	and	6.	

There	was	a	common	agreement	on	the	results	regardless	of	the	focus	of	the	institution	

in	terms	of	being	research	or	teaching	focus	or	its	size	(large,	medium	or	small).	However,	

participants	 from	 research	 institutions	 presented	 their	 focus	 on	 research	 as	 an	

explanation	for	negative	impact	of	research	income	on	the	three	performance	indicators	

related	to	the	NSS.	

5.5 Theme	2:	Extensive	use	of	data	

Although	participants	overwhelmingly	agreed	that	the	results	presented	to	them	were	in	

line	with	what	they	would	expect,	they	frequently	expressed	their	desire	to	analyse	the	

data	further	to	understand	the	constituent	elements	that	contributed	to	the	significance	

of	 the	 factors’	 effects.	 They	 indicated	 that,	within	 their	 institutions,	 they	would	 often	

break	down	the	figures	for	performance	indicators	to	subject,	course	and	sometimes	even	

to	 module	 level.	 The	 approach	 to	 data	 analysis	 also	 differed	 according	 to	 university	

priority	and	characteristics.	But	there	was	common	acceptance	that	data	analysis	can	be	

useful	 for	 monitoring	 and	 performance	 enhancing	 purposes.	 The	 following	 quote	

demonstrate	how	institutions	would	utilise	the	data.	

RL1:	My	experience	with	SSR	is	that	it's	quite	a	tricky	one	because	it's	so	variable	in	

a	 large	multi-faculty	 university.	…	 you	would	 have	 to	 drill	 down	 into	 the	 sort	 of	

discipline	level	to	really	get	any	meaning	from	that.	

RM6:	 TEF	 helped	 us	 with	 our	 planning,	 but	 it	 was	 not	 by	 any	 means	 the	 most	

important	 factor	 in	determining	what	we	were	doing	 in	 this	 institution.	 In	many	

ways	we	looked	at	where	our	institutional	weaknesses	are	and	those	will	still	be	the	

principal	goals	for	our	planning	efforts;	that	said	we	also	take	pride	in	areas	that	

we're	doing	well.	
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On	the	so-called	the	“London	effect”	participants	felt	that	it	should	not	be	taken	on	face	

value.	 They	 explained	 that	 within	 their	 institutions	 data	 are	 analysed	 further	 along	

departmental	 level.	 	This	observation	 is	 in	 line	with	 the	 finding	 from	 the	quantitative	

analysis	where	it	was	found	that	the	Location	(London)	did	not	have	significant	effects	

on	any	of	 the	outcomes,	but	 the	cohort	and	 the	university	characteristics	did.	Further	

explanation	of	the	variation	between	London	universities	and	those	outside	London	was	

provided	by	some	participants	where	they	related	the	variation	to	cohort	characteristics	

which	was	 in	 line	with	 the	 results	 from	 the	 quantitative	 analysis.	 	 Other	 participants	

explained	that	the	London	effect	on	performance	indicators,	particularly	those	related	to	

the	NSS,	can	be	attributed	to	London	itself	being	an	expensive	city	and	that	universities	

in	London	are	not	campus-based.	This	study	did	not	test	for	the	impact	of	cost	of	living	

where	 universities	 are	 located	 or	whether	 a	 university	 is	 campus-based.	 However,	 it	

tested	for	London	location	versus	the	rest,	ethnicity	and	socioeconomic	background.		

RL1:	When	you	look	beneath	the	institutional	level	data,	if	you	see	[high]	variability,	

that	means	that	there's	something	going	on	in	departments	that's	different	and	isn't	

about	London	because	all	our	departments	are	in	London	in	our	institution.	

TM4:	London	is	more	expensive	for	students	to	live	in	...	and	students'	perception	

of	 value	 for	money	 is	 falling	 …	 in	 line	 with	 some	 of	 the	 NSS	 that	 they're	 not	

satisfied	with.	…	London	universities	are	less	likely	to	be	campus	universities	…	

so,	it's	harder	to	build	a	sense	of	community	…	other	factors:	a	higher	proportion	

of	commuter	students	are	in	London	than	elsewhere	and	students	who	are	live-

at-home	 students	…	 are	 then	maintaining	 the	 rest	 of	 their	 lives,	with	 all	 that	

complexity,	alongside	their	study	…	that	has	an	 impact	on	their	NSS;	and	they	

are	 significantly	 more	 likely	 not	 to	 be	 White	 British	 than	 students	 in	 other	

institutions	 …	 	 So,	 all	 the	 things	 about	 the	 disadvantages	 that	 non-White	

students	will	 suffer	 and	 the	 impact	 that	 they	have	on	 the	NSS,	 kick	 in	 at	 that	

point.	

5.5.1 Performance	indicators	impact	on	institutional	policy	

There	was	a	clearer	statement	from	participants	on	the	effect	of	some	of	the	performance	

indicators	data	on	institutional	policy.	They	explained	that	they	would	further	analyse	
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the	 data	 to	 suit	 their	 own	 institutional	 findings,	 particularly	 around	 high-skilled	

employability.	Participants	repeatedly	expressed	the	view	that	regulatory	performance	

indicators	 are	 not	 the	 only	 driver	 of	 institutional	 policy.	 The	 data	 analysed	 from	 this	

theme	 helped	 directly	 answer	 the	 second	 research	 question	 (How	 do	 performance	

indicators’	outcomes	influence	institutional	policy?).	

RM2:	These	sorts	of	data	certainly	would	play	into	policy	changes,	so	for	example	

in	 our	 data	 in	 some	 of	 the	 TEF,	 differential	 between	 the	 highly	 skilled	

employment	and	those	with	the	disability.	….	I	asked	for	specific	interventions	to	

be	 made	 on	 the	 back	 of	 that	 data	 to	 give	 specific	 support	 for	 those	 with	

disabilities.	

RM2:	We	have	used	data	central	 to	our	quality	 enhancement	 frameworks	and	

have	 broken	 it	 down	 into	 a	 number	 of	 those	 parameters,	 similar	 to	 the	

parameters	that	you've	presented	…	and	we	have	traditionally	 looked	at	other	

areas,	 for	 example,	 I	 would	 observe	within	 our	 own	 data	 sets	…	 considerable	

differentials	between	mature	and	non-mature	students.	

RM6:	…	data,	some	of	it,	would	confirm	our	experience	but	there's	university	missions	

as	well	to	take	into	account	…	irrespective	of	the	strength	of	the	data.	

5.5.2 Data	Analysis	is	Common	Practice	

When	 presented	 with	 factors	 affecting	 assessment	 and	 feedback	 some	 participants	

indicated	that	their	approach	to	data	analysis	would	be	to	analyse	it	further	to	subject	

level	and	they	would	have	their	own	institutional	approach	to	the	use	of	performance	

data.	

RM2:	 I'd	 be	 digging	 into	 the	 nature	 of	 the	 small	 and	 the	 specialist	 subjects,	

especially	 as	 it	 overlaps	 with	 art	 subjects,	 in	 particular	 levels	 of	 satisfaction	

around	 assessment	 and	 feedback	 tend	 to	 be	 low	 in	 those	 areas	where	 there's	

some	subjectiveness	in	the	assessment	criteria	…	[compared	with]	subjects	more	

positivist	in	nature.	
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RM2:	We	use	the	benchmark	of	the	TEF	to	go	down	to	the	sorts	of	analyses	that	

you're	doing	here	and	of	course	our	correlations	would,	 for	our	 institution,	be	

different	…	we	would	expect	the	faculties,	the	schools	and	even	the	module	level	

to	talk	to	us	about	why	there	might	be	these	differences	…	we	would	put	in	place	

an	 intervention	 scheme	 that	might	 attract	 resource	…	We've	 used	 these	 data	

centrally	in	our	quality	enhancement	…	our	data	against	those	institutions	that	

have	a	similar	demographic	down	to	the	level	that	we	have.	 	The	first	year	we	

enacted	 that,	 we	 went	 from	 96th	 in	 NSS	 to	 23rd	 in	 one	 year	 because	 of	 the	

enhancements	made	in	using	such	data.		

Another	example	of	the	use	of	data	to	improve	assessment	and	feedback	was	offered:	

TS7:	Some	of	the	data	that	we've	been	looking	at	over	the	years	has	absolutely	

driven	what	we're	trying	to	do	around	assessment	and	feedback.	There's	a	real	

tension	 between	 academic	 freedom	 and	 good	 student	 experience	 around	

assessment	and	feedback	and	the	fact	that	our	students	are	customers.	They're	

paying	for	this	and	they	have	a	right	to	good	assessment,	and	they	have	a	right	

to	feedback.	

One	 participant	 also	 explained	 that	 institutions	 use	 data	 with	 an	 eye	 on	 their	

competitors.	

RM3:	 Every	 university,	 I’ve	 worked	 at,	 benchmarks	 themselves.	 They	 have	

competitor	sets,	…	for	the	institution	rather	than	within	the	subject,	although	at	a	

smaller	academic	local	level;	you'll	find	it	with	good	leadership.	…	you	tend	to	keep	

an	eye	on	 competitors,	 [which	 is	different	 to]	when	 I	 first	 entered	 the	university	

sector	20	odd	years	ago.	[When]	it	was	much	more	about	a	gentler	world.	We	tend	

to	look	at	competitive	behaviours	and	the	data,	usually	that's	around	market	share	

for	student	recruitment	and	or	research	bids.	

TS5	 offered	 further	 confirmation	 that	 institutions	 use	 detailed	 analysis	 of	

quantitative	data.	

TS5:	Most	institutions	do	look	to	the	details;	you	try	to	get	under	the	bonnet.	…	

we	 did	 detect,	 for	 example,	 in	 one	 of	 our	 pieces	 of	 data	 analysis	 that	 our	
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commuter	students	from	a	local	county,	seemed	to	do	worse	than	the	ones	that	

lived	 in	 [the	 city	 where	 the	 university	 is]	 …	 Is	 it	 the	 bus	 service?	 Is	 it	 the	

timetable?		[Students]	don't	want	to	come	in	for	a	one-hour	session!	

A	further	demonstration	of	the	desire	to	further	analyse	the	data	when	commenting	on	

the	factors	affecting	the	non-continuation	outcome	was	participants	wish	to	see	the	non-

White	group	broken	down	by	the	various	ethnic	groups.		

TM4:	 There	 are	 very	 striking	 differences,	 and	 one	 needs,	 to	 look	 at	 the	

intersectionality	to	look	at	non-continuation	in	that.	For	example,	in	some	of	our	

[departments]	our	Chinese	students	would	have	a	better	continuation	rate	than	

our	White	students,	our	Black	students	always	have	a	worse	continuation	rate	

than	any	other	 ethnic	group.	Ethnicity	 is	 significant	beyond	a	 category	which	

homogenizes	everybody	who's	not	White.	

However,	 there	was	 a	 counter	 view	expressed	by	 some	participants	 regarding	 the	

rationale	behind	further	“digging”	into	the	data.	

RM3:	…		you	know	the	truth	…,	if	you	go	digging	down	into	rabbit	holes,	you	know	the	

digging	down	is	to	disprove	what's	some	data	has	shown	you.	

5.5.3 Access	and	Participation	Plans	Triggered	Further	Data	Analysis	

The	Office	for	Students	requires	its	members	to	submit	institutional	plans	for	access	and	

participation	(Students,	2018a).	This	has	triggered	interest	within	the	sector	to	analyse	

data	 related	 to	 the	 areas	 covered	 by	 the	 plans.	 This	 was	 evident	 in	 the	 participants’	

responses	and	was	frequently	mentioned	in	the	interviews.	The	following	quotes	from	

the	participants	provide	examples	 that	 linked	data	analysis	 to	 the	 issue	of	 access	and	

participation.		

RL1:	We	think	about	these	things	particularly	in	our	widening	participation	strategy,	

or	 as	 it's	 now	 called	 access	 and	 participation,	 because	 this	 is	 thinking	 about	who	

comes,	 what's	 their	 background	 and	 do	 they	 stay,	 which	 is	 the	 bit	 that's	 kind	 of	

obviously	been	added	with	the	advent	of	the	office	for	students,	the	participation	bit,	

and	how	we	support	them	through	as	universities.		
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When	 presented	with	 factors	 affecting	 teaching	 and	 assessment	 and	 feedback	 scores.	

Some	participants	linked	the	finding	of	this	study	to	the	attainment	gap	referred	to	in	the	

Office	for	Students’	access	and	participation	plans.	

RM2:	 The	 attainment	 gap	 [part	 of	 access	 and	 participation	 plans]	 between	

students,	between	White	and	ethnic	minorities	is	quite	pronounced	and	because	it	

is	quite	pronounced,	we	should	absolutely	expect	to	see	White	students	favouring	

their	 teaching	 and	 assessment.	 …	 there	 is	 something	 that	 the	 sector	 has	 to	 do	

about	that.	

There	was	also	a	mention	of	the	BAME	awarding	gap,	which	is	part	of	the	access	and	

participation	plans	by	participants.	The	comment	below	also	indicates	that	there	is	

some	 continuous	 monitoring	 of	 this	 data.	 Participants	 indicated	 that	 access	 and	

participation	plans	are	becoming	important	to	the	sector	and	the	data	they	produce	

are	considered	by	the	sector,	though	at	a	local	level.	

TM4:	If	you	look	at	what's	happened	at	the	BAME	awarding	gap,	it's	interesting	

to	notice	that	it	is	reduced	in	quite	a	number	of	institutions	during	the	pandemic.	

Why	has	it	done	that?	Well,	I	would	guess	that	one	of	the	reasons,	is	we	have	moved	

away	from	A-level	style	testing	to	a	variety	of	other	assessments	which	are	more	

like	the	kind	of	assessments	that	people	who	are	more	likely	to	have	done	BTEC	

will	 be	 familiar	with,	 therefore,	 they've	 done	 better	 because	we've	 levelled	 the	

playing	field	a	little	bit.	

TS7:	the	academic	support	is	interesting;	I	can	see	some	of	the	factors,	certainly	

in	my	part	of	 the	 sector.	We	are	spending	more	money	on	student	 support.	The	

access	and	participation	plans.	…	that	was	quite	a	mammoth	undertaking	by	the	

office	for	students	and	many	institutions	were	not	successful	until	several	drafts	

later	and	that's	because	the	emphasis	on	student,	student	voice,	student	support	

was	not	as	strong	as	it	should	be.		…	if	anything,	my	question	is:	are	we	evaluating	

it	enough	to	know	what	really	works	and	what	doesn't?	

There	was	no	clear	distinction	in	approach	in	the	use	of	data	according	to	the	institution	

focus	 (Reproach	 or	 Teaching)	 or	 its	 size.	 However,	 some	 participants	 from	 research	
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institutions	 indicated	 that	data	analysis	are	also	done	 for	purposes	other	 than	quality	

enhancement	(e.g.	competitor	analysis).	

5.6 Theme	3:	Institutional	Context	

Participants	 felt	 that	 current	performance	 indicators,	particularly	 those	 related	 to	 the	

TEF,	do	not	always	reflect	the	context	within	which	their	institutions	operate.	The	context	

varied	from	international,	national	to	regional.	There	were	also	other	types	of	contexts	

that	 represented	 the	 institutional	 values	 expressly	 stated	 in	 their	 strategic	 plan	 or	

mission.	Another	type	of	context	that	participants	mentioned	was	the	type	of	students	

they	 predominantly	 serve.	 Participants	 felt	 strongly	 about	 their	 institutional	 context.	

They	 also	 indicated	 that	 they	 are	 always	 trying	 to	 balance	 between	 the	 regulatory	

performance	environment	and	the	context	within	which	they	see	themselves	operating.		

The	 following	 quotes	 are	 examples	 of	 the	 various	 areas	 where	 the	 theme	 of	 context	

emerged.	

One	participant	felt	that	research	intensive	universities	such	as	the	Russel	Group	operate	

in	a	different	context	in	terms	of	students’	demographics	and	to	change	the	balance	of	the	

demographics,	particularly	those	related	to	POLAR4	(quantile	1)	has	been	a	challenge.	

RL1:	The	impact	of	the	TEF	is	less	in	terms	of	the	demographic	factors	around	[our]	

students	and	we	tend	to	focus	on	the	input	factors	that	we	have	and	then	the	output	

factors	 from	 the	 students.	 The	 demographic	 factors	 come	 into	 play	 when	 we're	

looking	at	the	output	factors,	i.e.,	their	destinations.	When	we're	thinking	about	the	

TEF	within	 the	 institution,	we're	 thinking	a	 little	 less	about	 some	of	 these	 things	

because	for	an	institution	like	ours	[large	research-intensive]	it's	quite	difficult	stuff;		

getting	White	students	from	the	UK	might	be	okay,	but	when	we	go	into	the	POLAR4	

[quantile	1],	then	we	haven't	been	able	to	significantly	shift	our	access	and	this	is	a	

factor	 across	 a	 lot	 of	 Russell	 group	 universities	 and	 particularly	 high	 selecting	

universities.	

Some	participants	(four)	explained	that	there	is	an	international	context	in	which	they	

operate.	One	felt	that	they	are	recognised	as	world	leading,	which	mismatches	the	TEF	

results.	
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RL1:	We	got	silver	 just	by	the	skin	of	our	teeth	and	I	think	there's	a	sense	of	-	we	

ought	to	be	gold,	we	are	one	of	the	best	universities	in	the	world.	We	should	be	gold.	

Some	participants	(three)	mentioned	the	international	context	and	disapproved	of	the	

fact	that	some	of	the	indicators	don’t	take	into	consideration	the	international	context	

within	which	some	institutions	operate.		

RM3:	 I	 am	 particularly	 interested	 in	 the	 employability	 and	 in	 an	 international	

context.	 …	 don’t	 get	 me	 started,	 most	 of	 the	 data	 in	 the	 UK	 is	 about	 home	

undergraduate	students,	which	is	a	problem	or	a	challenge,	if	you	think	about	what	

the	universities	say	they	wish	to	do	in	the	future.	

RM6:	So,	the	UK	domiciled	figure,	how	significant	is	that	when	it’s	very	difficult	to	

track	overseas	student	employability.	

	

Some	participants	(two)	felt	that	institutions	in	the	home	nations	like	theirs	in	Scotland	

and	Wales	have	to	work	within	multiple	contexts	when	formulating	institutional	policy.	

TS5:	Absolutely,	 there's	a	 local	one	[context],	 there's	a	Scotland	one,	and	then	

there's	a	UK	one	and	then	there's	an	international	one.	…	the	Scottish	sector	is	

so	different	because	it	doesn't	have	the	fees	and	it	has	a	cap	system,	then	there	

is	that	local	competition	and	there's	research	funding	that's	specific	to	Scotland	

…	one	of	the	complaints	that	many	Scottish,	and	it's	true	of	Wales	and	Northern	

Ireland,	 is	that	although	education	is	devolved	to	the	nations	you	can't	escape	

that	huge	impact	from	England,	the	NSS,	for	example,	was	never	compulsory	in	

Scotland	but	 because	 of	 the	 league	 tables,	 eventually	 Scottish	 institutions	 felt	

obligated	to	participate	and	then	it	became	normalised.		

Like	the	participant	from	Scotland,	the	participant	from	Wales	was	also	clear	about	

the	 importance	 of	 the	 Welsh	 context	 and	 its	 impact	 on	 the	 way	 performance	

indicators	are	analysed	and	on	institutional	policy.	

RM6:	One	other	characteristic	that	we	would	look	at	within	a	Welsh	context	and	that	

is	Welsh	 language	 speakers.	 Because	 clearly	 there	 is	 a	 sensitivity	 in	 terms	 of	 the	
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education	we	give	Welsh	language	speakers	and	whether	they	have	the	competence	

to	feel	they	can	engage	with	higher	education	in	that	medium.	…	The	Welsh	context	

is	very	important	to	us	as	we	are	a	campus	university	based	in	Wales	and	most	of	our	

students	come	from	Wales.	We	have	strong	links	with	the	community	here.	

Others	 mentioned	 the	 importance	 of	 the	 regional	 context	 and	 its	 importance	 to	

institutional	policy.	

TS7:	We	were	set	up	to	serve	our	region	[English	region],	our	county	but	we’re	

already	looking	bigger	than	that	particular	region.	

There	 was	 another	 dimension	 to	 institutional	 context	 which	 was	 described	 by	

participants	as	the	institutional	culture,	the	quote	below	is	an	example.	

RL1:	there's	something	really	interesting	about	institutional	culture	and	cultures	in	

different	parts	of	the	institution	and	the	kind	of	demographics	of	the	staff	in	different	

parts	of	the	institution	and	particularly	as	we've	grown	significantly	in	recent	years	

and	there's	a	generation	of	colleagues	who've	never	left	the	institution	because	the	

only	place	to	go	up	is	Oxbridge	or	internationally	and	they	hark	back	to	the	good	old	

days	of	the	80s	and	90s	which	just	isn't	realistic.	

Some	participants	stated	that	the	context	in	terms	of	the	type	of	the	institution	also	affects	

the	way	they	use	the	data	and	respond	to	them.	

RM3:	….	the	context	is	that	I've	worked	directly	to	five	vice	chancellors	and	sat	on	

three	 senior	 management	 teams	 in	 British	 universities,	 and	 they've	 been	 very	

different	types	of	universities	from	post	1992,	especially	art	and	design	institution	

and	now	a	research	intensive.	…	most	of	this	stuff	is	that	there	have	been	differences	

in	the	universities	about	how	they've	used	data	and	how	much	they've	listened	to	or	

responded	to	data.	

One	participant	expressed	a	view	that	institutions	sometimes	doubt	the	data	because	of	

the	negative	connotation	attached	to	the	finding,	even	when	it	is	statistically	significant.	

They	would	look	for	other	explanations	within	their	context	but	may	still	take	a	forward	

look	at	what	might	be	done	about	it	in	the	future.		
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RM3:	I’m	at	a	loss	to	know	what	you	would	wish	me	to	say	really,	because	actually	

when	I	look	at	data	like	this	and	not	surprisingly	because	we've	just	done	our	race	

equality	 impact	 that	my	eye	goes	 to	 the	White	 in	 the	green	block	[cohort	 factors	

were	 highlighted	 in	 green]	on	 each	 of	 them	 they	 are	 statistically	 important	 but	

they're	telling	us	something	you	obviously	don't	want	to	know	or	you	don't	want	to	

believe	 that	 is	 because	 it's	 wrapped	 up	 in	 so	 many	 other	 things	 about	 your	

institution,	your	institutional	kind	of	history	and	present	and	what	you	wish	to	do	in	

the	future.	

Another	 participant	 offered	 the	 institutional	 values	 as	 a	 context	 that	 also	 drives	

institutional	policy	and	the	selection	of	performance	indicators	to	be	prioritised.	

TM4:	We	try	not	to	be	only	driven	by	the	regulatory	framework	but	be	driven	by	

our	own	values...	they're	agreed	within	our	strategic	plan	and	will	influence	the	

performance	 indicators	 that	 we	 would	 pick	 up.	 So	 outside	 of	 the	 regulatory	

framework	we	are	very	driven	by	other	things.	

Some	participants	offered	students	socioeconomic	background	within	a	university	as	a	

context	 that	 should	 be	 considered	 when	 analysing	 outcomes,	 particularly	 non-

continuation.	

TS7:	 	 there'll	 be	 some	 universities	 where	 the	 non-continuation	 after	 year	 one	

despite	a	lower	tariff	will	not	have	necessarily	a	higher	dropout.	So,	I	think	the	

context	becomes	really	important.	…	For	my	institution,	I	have	a	lot	of	POLAR4	

[quantile	1]	 students;	and	yet	we	are	driving	up	 the	 retention	and	 seeing	 less	

non-continuation.	

The	type	of	institution	was	offered	as	another	context,	particularly	regarding	the	effects	

of	tariff	on	the	non-continuation	outcome.	

TS7:	It	depends	on	the	part	of	the	sector	because	there	are	some	parts	of	the	sector	

where	they	take	students	from	lower	[participation]	areas	where	they	are	having	

to	work	hard	at	widening	participation,	...	,	[students]	are		first	in	family	to	come	

to	 university	 and	 the	 tariff	 is	 lower	 but	 the	 support	 put	 in	 some	 of	 those	

universities	far	exceeds	what	you	might	find	in	a	university	where	the	support	is	
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less	needed,	therefore,	there'll	be	some	universities,	despite	a	lower	tariff,	will	not	

necessarily	have	a	higher	dropout.			…			how	do	I	bring	value	added	and	how	do	I	

stop	 them	 dropping	 out?	 There's	 a	 broader	 conversation	 to	 have.	 The	 context	

becomes	really	important.	

It	is	worth	noting	that	that	participants	from	large	and	research	institutions	prioritised	

the	international	context	of	their	institutions	whilst	participants	from	teaching	and	small	

institutions	prioritised	local	and	regional	contexts.	

It	can	be	concluded	from	the	quotes	above	that	small	and	teaching	institutions	were	more	

engaged	with	 the	 issue	 of	 cohort	 characteristics,	 particularly	 in	 terms	 of	 gender	 and	

ethnicity	 and	 the	 tension	 these	 causes	 in	 trying	 to	 achieve	 the	 policy	 aims.	However,	

participants	 from	 large	 and	 research	 institutions	 acknowledge	 the	 existence	 of	 this	

tension.		

5.7 Theme	4:	Effect	of	the	League	Tables	

Participants	 indicated	 that	 league	 tables	which	 are	 published	 in	 the	media	 and	 other	

considerations	have	impact	on	institutional	policy,	sometimes	a	higher	impact	than	the	

TEF.	 But	 the	 regulatory	 regime	 has	 contributed	 to	 a	 more	 quantitative	 performative	

culture.	 Some	 participants	 felt	 that	 the	 NSS	 has	more	 traction	 on	 institutional	 policy	

compared	with	TEF.	

There	was	a	general	feeling	that	the	TEF	impact	on	institutional	policy	is	on	the	wane	and	

university	boards	are	unlikely	to	include	the	TEF	as	one	of	its	KPIs.		

This	theme	contributes	to	the	answer	for	the	second	and	the	third	research	questions.	

Participants	also	doubted,	if	the	TEF	achieve	its	aim	by	providing	information	to	students	

so	they	can	behave	like	customers.	

RL1:	things	like	the	NSS	and	other	league	tables	are	also	bigger	drivers	than	the	TEF	

itself.	

RM3:	My	experience	generally	that	it	[the	TEF]	has	had	very	little	effect.	I'll	be	brutally	

honest,	as	not	to	say	we	don't	look	at	data,	but	my	experience	in	the	university	sector	

is	data	has	been	commenting	on	monitoring	of	things	that	have	happened	up	till	now.	
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They	may	put	some	red	flags	around	things	that	you	feel	you	need	to	improve	because	

of	future	strategy	but	because	they	[the	data]	are	about	something	that's	gone	past	

and	some	of	it	quite	a	long	way	past.	

TM4:	The	issue	with	setting	TEF	targets	as	board	level	KPIs	is	that	by	the	time	the	

TEF	 data	 is	 out,	 it	 is	 too	 late	 to	 do	 anything	 about	 it	 because	 the	 data	 is	

retrospective.	

TS7:	One	of	the	things	that's	become	obvious	is	that	students	aren't	that	interested	

in	TEF	at	all;	when	it	was	first	launched	everybody	said,	‘oh	you	know	if	you	are	

not	gold,	students	will	vote	with	their	feet’.	Well,	that's	not	actually	the	case	at	all,	

but	things	like	NSS	scores	have	far	more	traction.	But	some	of	the	data	that	came	

out	of	TEF	did	influence	what	we	want	to	do.	We	know	where	our	flags	were	that	

were	not	as	good	as	they	should	have	been.	

Some	participants	 indicated	 that	while	 they	 are	 not	 driven	 by	 league	 tables,	 they	 are	

considered,	however,	their	importance	is	balanced	against	university	plans.	

TS5:	We	try	not	to	be	driven	by	league	table	data,	but	you	can't	ignore	it.	…	there	

is	a	balance	to	be	found	between	what	you	want	to	do	that	may	be	right	for	the	

students	versus	the	statistics	and	the	league	table	positions.	We	don't	want	to	be	

ruthlessly	 led	 by	 the	 league	 tables,	 but	 they	 do	 influence	 our	 key	 performance	

indicators.	

Participants	also	highlighted	that	students	with	high	social	and	cultural	capital	are	likely	

to	 behave	 differently	 when	 it	 comes	 to	 “voting”	 in	 the	 NSS	 compared	 with	 their	

counterparts	 from	 a	 lesser	 affluent	 background.	 Those	 students	with	 high	 social	 and	

cultural	capital	are	likely	to	be	in	the	Russell	group	of	universities	and	have	a	high	tariff	

on	 entry.	 This	 view	 is	 supported	by	 other	 studies	 in	 the	 literature	 and	 is	 explored	 in	

Chapter	6.	

TS5:	 Students	 are	 not	 stupid;	 they	 recognise	 that	 the	 NSS	 scores	 impact	 league	

tables	and	 images.	They	know,	 if	 they	don't	 vote	 the	 right	way,	 it	damages	 their	

degrees	later	on	and	the	reputation	of	their	degree.	
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TS7:	those	very	high	tariffs	articulate	students	who	tend	to,	but	not	always,	go	to	

certain	types	of	universities,	you	will	hear	those	students	saying	why	wouldn't	I	give	

the	teaching	on	my	course	a	good	rating!	Because	I	wish	to	qualify	from	a	university	

that	has	a	good	student's	score	because	I’m	looking	for	my	next	job	….	You	then	get	

to	other	parts	of	the	sector	where	the	students	are	not	that	insightful	into	the	value	

of	the	scores	and	the	league	tables	to	them	personally.	

While	the	TEF	as	an	instrument	for	rating	institutions	was	not	of	great	interest	among	

participants	and	some	doubted	its	effectiveness	as	a	consumer	informing	tool,	there	was	

evidence	 that	 TEF	 data	 and	 similar	 data	 were	 used	 for	 institutional	 performance-

enhancing	 purposes	 with	 a	 varying	 degree	 of	 intensity.	 The	 quote	 below	 is	 a	 good	

example.	

RM2:	 I'm	a	 fan	of	TEF,	not	 from	 the	perspective	of	 it's	 a	 set	 of	 information	 to	

inform	student	as	customer	that's	not	particularly	useful	and	it	continues	some	

unhelpful	 discussions	 within	 higher	 education;	 however,	 I	 do	 think	 that	

institutions	 having	 sight	 of	 that	 benchmark	 data	 as	 a	 way	 to	 enact	

enhancements	has	demonstrably,	for	our	university,	made	a	difference.	

Other	 participants	 offered	 the	 view	 that	 there	 is	 a	 balanced	 approach	 taken	 when	

considering	the	impact	of	TEF	data	on	institutional	policy.	

TS7:	[The	TEF]	has	driven	our	policies.	But,	 like	much	of	 this	data,	you	have	 to	

decide	how	much	you	want	it	to	drive	your	policy	and	how	much	things	like	the	

league	tables	etc.,	become	important	or	not.	

Only	 the	 participant	 from	 the	 large	 research	 institution	 expressed	 clearly	 that	 league	

tables	 are	 a	 bigger	 driver	 of	 their	 policy	 than	 the	 TEF.	While	 the	 two	 small	 teaching	

institutions	clearly	indicated	that	league	tables	are	not	a	main	driver	of	their	policy.	It	

should	also	be	noted	that	the	majority	of	the	participants	downplayed	the	importance	of	

the	TEF,	although	they	acknowledged	that	it	informs	their	institutional	policy.	
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5.8 Theme	5:	Policy	Tension	

There	was	evidence,	from	the	participants’	responses,	of	tension	between	universities’	

own	policy	on	the	one	hand	and	regulatory	policy	and	external	factors	on	the	other.	They	

felt	 that	 some	 performance	 indicators	 measure	 universities	 performance	 without	

consideration	to	external	factors	which	they	see	as	outside	their	control.	The	following	

quotes	represent	the	areas	where	that	tension	was	expressed	by	participants.	

In	relation	to	the	requirement	for	access	and	participation	plan,	participants	mentioned:	

RL1:	 	 The	 challenge,	within	UK	 government	 policy	 that	 translates	 into	 Office	 for	

Students	'policy,	is	that,	we're	being	expected	to	fix	society's	problems	through	our	

entry	 criteria.	 …	 the	 compliance	 requirements	 around	 having	 an	 access	 and	

participation	plan	and	the	pressure	we	get	from	the	Office	for	Students	certainly	at	

a	university	 like	ours	[large	research-intensive]	 to	have	an	ambitious	access	and	

participation	plan	are	probably	a	stronger	driver	than	the	TEF	metrics	and	the	TEF	

results	themselves.	

When	 presented	with	 factors	 affecting	 graduate	 employability,	 participants	 indicated	

that	there	are	other	external	factors	outside	their	control	that	are	also	at	play.	There	were	

numerous	 references	 to	 societal	 bias	 and	 employers’	 practice	 that	 impact	 the	

employability	outcome.	This	view	is	born	by	the	results	of	the	quantitative	analysis	and	

is	supported	by	other	studies	in	literature	as	explained	in	Chapter	2	and	Chapter	6.			

RL1:	In	terms	of	the	ethnicity	issue,	the	White	issue,	I	guess	probably	gender	as	well;	

I	think	that	just	tells	you	a	lot	about	employers	and	their	practices.	

Having	agreed	with	the	results	of	the	quantitative	analysis	regarding	the	significant	

impact	of	POLAR4	(quantile	1)	on	high-skilled	employability,	participants	also	linked	

the	 results	 to	 other	 external	 factors	 such	 as	 the	 social	 and	 cultural	 capital	 of	 the	

students.	Participants	seem	to	be	aware	and	conscious	of	this	issue.	This	view	echoed	

in	 the	 literature,	 initially	 by	 Bourdieu	 (1973).	 Participants	 also	 referred	 to	 the	

informal	 hierarchy	within	 the	 sector	where	 “wealthy”	 institutions	 attract	wealthy	

students	and	the	less	privileged	students	are	likely	to	go	to	post-92	institutions.		
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RM2:	I	would	contend	that	the	employability	piece	doesn't	just	rely	on	the	degrees	

that	you	have	but	the	social	and	cultural	capital	that	you	have	as	a	person,	and	

we	probably	shouldn't	be	surprised	when	we	see	that	track	with	socioeconomics.	

RM3:	The	other	thing	is	about	cultural	capital.	…	I	look	at	that	and	think	should	we	

be	surprised	that	the	more	wealthy	an	institution	is	the	more	people	it	has	with	higher	

levels	of	social	capital	in	the	first	place!	Regardless	of	what	happened	to	them	in	the	

university	they	are	always	going	to	be	filling	better	jobs	because	of	their	social	and	

cultural	networks.	…	you	could	say	that	their	time	at	university	matters	not	that	much	

to	them	at	all.	Life	is	picked	up	again	or	continues	throughout	that	time	through	the	

links	they've	got	through	their	own	family	connections	etc.	Therefore	the	converse	is	

that	you	wouldn't	be	surprised	that	somebody	is	coming	from	the	low	participation	

neighbourhood	 hasn't	 got	 those	 same	 sets	 of	 connections.	 I'm	 saying	 it's	 probably	

telling	me	something	I	already	know.	

TM4:	 I’m	unsurprised	by	 that.	The	ability	 to	get	work	 is	partly	 the	 connections	

that	you	have	and	if	you're	not	connected	that's	going	to	be	more	challenging	and,	

in	 terms	of	Whiteness,	 again	 it's	 hugely	 depressing	but	 not	 surprising;	 perhaps	

again	the	more	privileged	you	are	the	better	connected	you	are,	the	more	likely	

you	are	to	find	yourself	or	landing	a	job.	

TS5:	 …	 then	 you've	 got	 the	 complete	 opposite	 with	 the	 POLAR4	 [quantile	 1]	

students	 who	 come	 from	 disadvantaged	 backgrounds,	 do	 not	 have	 the	 social	

capital,	do	not	have	the	networks	that	will	help	them	onto	the	job	market	and	

they're	 typically	 going	 to	 have	 higher	 numbers	 in	 the	 post-92s	 …	 everybody	

knows	that	old	Boys	network	as	well	kicks	in.	

Participants	continued	to	link	the	impact	of	gender	bias	in	the	society	to	the	employability	

outcomes.	

TM4:	The	gender	thing…	is	that	just	straightforward	prejudice!	It	could	be,	if	one	

looks	at	the	world	at	large	there's	quite	a	lot	of	gender	discrimination	and	that	

might	be	kicking	in.	
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TS5:	Females	again,	it	could	come	down	to	societal	bias;	it	isn't	just	ethnicity	that	

has	bias.	There's	a	huge	bias	against	females,	…	so	much	at	the	graduate	level	but	

we	all	know	it	and	you	can	see	the	McKinsey	reports	on	leadership,	…	if	you	put	

female	and	BAME	together,	you're	even	worse	off.	

Whilst	 agreeing	with	 the	 factors	 affecting	 employability	 from	 the	quantitative	 results,	

participants	also	offered	a	view	regarding	general	female	behaviour	and	circumstances	

that	may	impact	their	employability.	

TS7:	 it’s	 partly	 [confidence],	 …	 certainly,	 our	 female	 students	 take	 longer	 to	

consider	a	role.	They	take	persuading	that	they're	perfectly	capable	of	applying	

for	a	role.	It's	still	a	real	feature	and	one	that	for	all	the	equality	we	might	argue	

that	 we	 do	 or	 don’t	 have	 is	 still	 a	 significant	 factor.	 Also,	 many	 of	 my	 female	

mature	 students,	 are	 all	 looking	 for	 part-time	 roles	 because	 they're	 trying	 to	

manage	family	and	all	sorts	of	other	things	so	they're	not	necessarily	looking	for	

the	same	role	either.	I	think	that	makes	a	big	difference.	

TS5:	 In	 terms	 of	 Whites	 having	 high	 employability;	 everybody	 knows	 that	 the	

world	 is	 biased;	 on	 ethnicity	 it's	 proven	 time	 and	 time	 again.	 You	 change	 your	

name	 on	 your	 application	 from	 an	 ethnic	 sounding	 name	 to	 a	White	 sounding	

name	and	you	are	going	to	stand	several	 times	more	chance	of	actually	getting	

shortlisted.	There's	 just	huge	 societal	 bias,	 it's	 there,	 it's	 awful	and	 it	 shouldn't	

happen,	but	we	all	know	it	does.	

Other	external	factors	related	to	the	gender	effect	on	the	academic	support	outcome	

some	 participants	 commented	 that	 it	 is	 possibly	 something	 intrinsic	 with	 female	

attitude	in	general	and	that	females	are	more	likely	to	seek	support	than	males	and,	

therefore,	males	are	less	likely	to	be	critical	of	a	service	that	they	have	not	used.	

TS5:	I	would	suspect	there	are	statistics	that	says	females	will	be	more	willing	to	

go	 and	 get	 counselling	 than	males,	 we	 do	 know	 there's	 higher	 suicide	 rates	 in	

young	males.	So	that	may	be	partly	not	seeking	support	from	counselling...		

TM4:	 It's	 very	easy	 to	gender	 stereotype	but	 I’ll	do	 it	anyway,	which	 is	 that,	on	

balance,	men	are	less	likely	to	ask	for	help,	if	you	want	to	go	down	the	old	joke	of	
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men	not	wanting	to	ask	for	directions	and	things,	but	also	for	self-sufficiency….	If	

you	don't	ask	for	support,	you're	not	likely	to	be	disappointed	if	it's	not	provided.	

There	 was	 also	 the	 view	 that	 the	 negative	 effect	 of	 percentage	 of	 females	 on	 the	

academic	 support	 outcome	 is	 a	 result	 of	 female	 students	 need	 more	 support,	

particularly	mature	 students,	 and	 are	 likely	 to	 seek	more	 support	 than	 their	male	

counterparts.		

TS7:	I’m	not	surprised	that	females	feel	that	the	way	they	do.	The	more	females	

you	have,	the	lower	the	score	for	support.	…	[It]	is	about	managing	expectations	

of	students,	both	male	and	female,	but	the	female	students	can	be	more	critical.	

We	have	many	more	female	students	across	the	sector	who	are	mature	students	

and,	therefore,	they	are	juggling	things,	[such	as]	elderly	parents,	work	and	study	

etc.;	I	still	think	in	our	society,	and	we've	seen	it	in	Covid-19,	female	students	are	

taking	more	of	the	lion's	share	of	home	life	as	well	as	doing	the	other	things.	

Other	participants	commented	that	perhaps	the	impact	of	the	female	factor	impact	on	the	

support	factor	could	be	influenced	by	the	type	of	subject	they	are	studying.	

	RM6:	What	 I	 would	 observe	 here	 is	 the	 female	 situation	whether	 it	 needs	 to	 be	

differentiated	by	subject	areas.	For	example,	I	wouldn't	be	surprised	in	humanities-

based	 subjects	 [they]	 getting	 less	 academic	 support	 whereas	 in	 STEM	 [they]	

probably	are	getting	more	academic	support.	

The	tension	between	government	policy	and	what	universities	can	offer	in	terms	of	

academic	support	was	highlighted	by	participants.	

TS7:	 ….	 [students]	 need	 other	 forms	 of	 support	 too	 and	 some	 of	 that	 is	 wider	

learning	 support	and	has	nothing	 to	do	with	 learning.	 It's	 to	do	with	hardship,	

language	and	other	things	and	it's	very	difficult	to	unpick	academic	support	from	

some	of	the	wider	support.	 	…	because	the	female	students	require,	more	of	that	

broader	support,	but	they	would	see	that	as	support	that	helps	them	academically.	

Something	 is	very	difficult	 for	universities	 to	provide	as	well	and	yet	we	have	a	

government	 that	 is	 driving	 up	 widening	 participation,	 mature	 students,	 those	

from	POLAR4	[quantile	1]	etc.,	but	the	support	that	those	people	need,	...	is	huge.	
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Participants	referred	to	the	schooling	system	as	another	external	 factor	that	starts	

well	before	BAME	students	join	universities	and	affects	their	achievements	in	higher	

education.	

TS7:	it's	interesting	the	data	on	White	students	and	the	more	White	students	you	

got	the	lower	the	dropout	rate	is.		We've	been	talking	[about	this]	for	a	long	time.	

…	 But,	 it	 starts	 before	 university;	 you	 look	 at	 some	 of	 the	 data	 from	 primary	

schools	not	just	secondary	schools	and	then	you	see	how	things	change	between	

primary	and	into	teenage	years	and	on	into	adulthood	and	we	have	a	much	more	

fundamental	problem	than	just	the	problem	in	higher	education.	

Participants	noted	employers’	bias	to	certain	universities,	particularly	those	that	take	

students	with	high	tariff.	

RL1:	We've	got	some	of	the	highest	tariffs	in	the	UK.	….	and	the	employers	are	queuing	

up	for	our	students.	Because,	effectively,	we're	doing	the	heavy	lifting	of	selection	for	

them.	Because	we've	already	creamed	off	the	very	best	students.	So,	the	employers	turn	

up	and	they've	got	the	pick	of	the	cream	of	the	crop.	

TS7:	 There	 is	 companies,	 business	 and	 industry	will	 say	 oh	 she	 or	 he	 did	 their	

course	at	x	[university]	and,	therefore,	they	must	be	a	good	student	because	it's	a	

good	university.	

Participants	 also	 referred	 to	 required	 work	 placement,	 which	 is	 outside	 the	

universities’	 control,	 as	 external	 factors	 that	may	 affect	 institutional	 performance	

indicators.	

TS7:	There's	a	lot	of	external	factors	that	impact	on	some	courses,	of	which	health	

and	 social	 care,	 that	 have	 a	 significant	 placement	 element	 as	 part	 of	 their	

curriculum	where	the	university	has	very	little	control	over	what	goes	on.	

Participants	felt	that	the	negative	effect	of	the	percentage	of	POLAR4	[quantile	1]	on	

employability	rates	has	also	an	external	dimension	related	to	the	communities	where	

those	students	come	from.	
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TS7:	…	the	POLAR4	[quantile	1]	despite	what	universities	try	to	do	and	some	do	

well	 around	 helping	 those	 from	 POLAR4	 [quantile	 1]	 achieve	 their	 degrees,	 it	

takes	much	 longer	 to	help	 them	achieve	 the	aspirations	 that	 they're	 capable	of	

doing.	But	when	they	go	back	into	their	communities	and	families	there's	still	that	

influence,	…	some	of	that	is	absolutely	about	the	context	in	which	they	are	outside	

of	the	university,	in	their	community	etc.	So,	I’m	not	surprised.	

5.9 Theme	6:	Financial	Sustainability	

Participants	indicated	that	the	use	of	performative	indicators	was	not	limited	to	teaching	

outcomes;	 financial	 sustainability	 was	 a	 crucial	 performance	 indicator	 that	 impacts	

institutional	 policy.	 Participants	 were	 also	 clear	 on	 the	 importance	 of	 the	 financial	

sustainability	of	universities.	The	following	are	quotes	from	participants	regarding	the	

importance	of	financial	sustainability	as	an	indicator	that	impact	institutional	policy.	

RM2:	We	also	collect	metrics	in	terms	of	the	recruitment	numbers	onto	particular	

programmes	 and	 we	 try	 to	 ensure	 that	 the	 sustainability	 of	 a	 programme.	 So,	

absolutely	those	things	have	a	place,	and	we	would	as	an	institution	collect	other	

data	broadly	around	financial	sustainability.	

TM4:	Financial	sustainability	is	important,	I	would	say	…	financial	sustainability	has	

much	more	space	than	TEF	data.	

TS5:	 Absolutely,	 finance	 is	 one	 area	 [of	 KPIs]	 …	 you're	 trying	 to	 work	 out	

competition	…	you're	constantly	looking	at	all	of	the	parameters	where	you	spend	

your	money,	how	you	can	diversify	your	income,	how	you	can	increase	support	for	

students.	

RM6:	Certainly,	financial	sustainability	…	it	was	a	key	issue	and	has	been	over	the	last	

four	to	five	years		

TS7:	 I’m	 running	 a	 business	 with	 my	 academic	 colleagues	 …	 it	 needs	 to	 be	 a	

profitable	business	because	otherwise	none	of	us	will	have	a	job,	this	is	the	bottom	

line.	I	need	students	and	I	need	students	to	be	happy	because	I	want	more	students	
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and	I	think	academic	freedom	then	becomes	a	tension	…	financial	sustainability,	

absolutely,	it's	even	bigger	than	that	and	it	does	impact	onto	decisions.	

It	 is	 clear	 that	 the	 issue	 of	 financial	 sustainability	 is	 a	 concern	 for	 all	 institutions	

regardless	of	their	focus	or	size.	

5.10 Summary	

The	emerging	themes,	supported	by	the	quotes	presented	in	the	previous	sections,	made	

a	great	contribution	towards	answering	the	three	research	questions.	

For	the	first	question	regarding	the	significant	factors	that	impact	outcomes,	by	analysing	

participants	answers	the	following	were	found:	

• An	 overwhelming	 agreement	 with	 the	 finding	 of	 the	 quantitative	 analysis.	

Participants	 also	 gave	 a	 rich	 context	 that	 can	 aid	 the	 understanding	 of	 what	

contributes	to	the	significance	of	these	factors.	

• An	agreement	on	the	variations	in	outcomes	between	institutions	depends	on	the	

institution	type	and	the	composition	of	their	cohorts.	

• There	are	external	factors	that	are	outside	their	control	as	well	as	the	mismatch	

between	 some	 of	 the	 policy	 aims	 of	 these	 performance	 indicators	 and	 real	

practice.		

• Some	of	the	indicators	inherently	serve	certain	type	of	institutions	better	because	

of	the	diversity	of	institutional	characteristics	within	the	sector.	

For	the	second	research	question	about	the	impact	of	the	regulatory	performative	regime	

with	 its	 performance	 indicators	 on	 institutional	 policy,	 participants	 gave	 clear	

description	of	the	multidimensional	factors	that	impact	institutional	policy,	these	can	be	

summarised	as:	

• There	was	an	agreement	that	the	TEF	and	other	performance	indicators	are	not	

the	only	driver	of	institutional	policy.	

• The	degree	to	which	regulatory	regime	such	as	the	TEF	and	other	performance	

outcomes	influenced	institutional	policy	vary	from	very	little	to	being	considered	

as	some	of	the	policy	drivers.	However,	there	was	also	an	agreement	that	the	TEF	
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and	 other	 performance	 indicators	 are	 predominantly	 used	 to	 feed	 into	 local	

quality	enhancement	initiatives	and	not	necessary	to	serve	their	main	intended	

aims.	

• Participants	 provided	 evidence	 that	 data	 produced	 by	 the	 TEF,	 and	 other	

indicators,	are	used	internally	and	sometimes	are	analysed	further	to	subject	and	

course	levels.	Participants	also	provided	evidence	that	there	is	wide	use	of	data	

analysis	with	the	sector	for	monitoring	and	quality	enhancement	purposes.		

For	the	third	research	question	regarding	other	internal	and	external	factors	that	may	

impact	institutional	policy	(other	than	the	TEF),	the	analysis	of	the	participants	answers	

provided	 rich	 understanding	 of	 the	 interplay	 between	 the	 regulatory	 performative	

regime	and	other	internal	and	external	factors.	The	finding	can	summarise	below.	

• There	was	a	common	agreement	that	financial	sustainability	is	a	very	important	

driver	and	many	participants	indicated	that	it	takes	more	precedent	over	the	TEF.	

• The	 issue	 of	 institutional	 context	was	 very	 prominent	 in	 participants	 answers.	

Some	participants	explained	that	they	deal	with	multiple	contexts	and	indicated	

that	the	TEF	does	not	address	some	of	these	contexts	and	therefore	does	not	serve	

their	institutional	policy	in	this	regard.	

• There	was	also	evidence	that	market	economy	concepts	are	widely	used	with	the	

sector	and	quantitative	performative	culture	is	well	established.	

• Participants	 answers	 also	 provided	 evidence	 that	 institutional	 context	 vary	

depending	 on	 the	 type	 of	 the	 institution,	 some	 participants	 felt	 that	 their	

international	context	(standing)	is	damaged	by	TEF	(e.g.,	not	being	awarded	Gold).		

The	interviews	with	all	participants	were	extremely	insightful	and	candid.	The	seniority	

of	 the	 participants	was	 clearly	 demonstrated	 by	 their	 thorough	 understanding	 of	 the	

performative	culture,	not	only	within	their	institutions	but	also	across	the	sector.		

There	were	two	important	observations	from	the	results	of	the	qualitative	analysis	that	

are	worth	 highlighting.	 	 The	 first	was	 the	 common	 agreement	with	 the	 results	 of	 the	

quantitative	 analysis,	 which	 was	 almost	 unanimous.	 The	 second,	 which	 is	 equally	

important,	was	the	consistency	of	the	explanations	offered	as	rationale	for	some	of	the	

results.		These	two	observations	provide	evidence	that	there	is	a	common	understanding	
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of	issues	related	to	the	performative	culture	within	the	UK	higher	education	sector,	or	at	

least	among	senior	leaders	of	the	sector.	

The	issue	of	context	was	another	important	finding.	All	participants	cautioned	against	the	

use	of	performance	indicators	without	context,	though	they	differed	in	their	description	

of	context.	The	national	context	was	important	for	institutions	from	Wales,	Scotland	and	

Northern	 Ireland.	 The	 regional	 context	 was	 important	 to	 one	 small	 English	 regional	

university.	 The	 international	 context	 was	 important	 to	 large	 and	 medium	 research-

intensive	universities.	Some	participants	referred	to	the	characteristics	of	their	students	

as	 their	context.	Some	participants	also	referred	to	the	history	of	 the	 institution	as	an	

important	 context.	 The	 majority	 of	 participants	 mentioned	 that	 the	 outcomes	 of	

performance	indicators	are	better	explained	within	one	or	more	contexts.	Regardless	of	

the	description	of	context	used	by	participants,	they	were	all	committed	to	their	context	

and	stated	that	it	influences	institutional	policy.		

It	is	worth	noting	that	all	participants	had	experience	of	working	in	at	least	one	institution	

other	 than	 their	 current	 institution	 and	 at	 least	 three	 had	 worked	 in	 institutions	 in	

different	nations	of	the	UK.	This	is	an	indication	that	the	participants	were	knowledgeable	

of	practices	across	the	four	nations	of	the	UK.		

Another	important	finding	was	that	the	use	of	quantitative	performative	measures	was	

widespread	and	the	use	of	data	analysis	in	diagnosing	and	enhancing	performance	was	

common	and	well-established.	

The	 following	 chapter	 (Chapter	6)	will	 critically	discuss	 the	 finding	of	 this	qualitative	

analysis	and	link	it	to	the	results	from	the	quantitative	analysis	as	well	as	the	literature.	
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Chapter	6: Discussion	

6.1 Introduction	

This	study	was	designed	to	answer	the	following	research	questions.		

• What	are	the	significant	factors	at	institutional	and	cohort	level	that	impact	the	

outcomes	of	the	widely	used	performance	indicators	(e.g.,	TEF)	in	the	UK	Higher	

Education	sector?	

• How	do	performance	indicators’	outcomes	influence	institutional	policy?	

• How	do	regulatory	performance	regimes	and	market	economy	concepts	influence	

management	responses?	

This	study	adopted	a	sequential	mixed-methods	approach	to	facilitate	the	answering	of	

these	questions	through	two	phases,	a	quantitative	phase	followed	by	a	qualitative	phase.	

The	 availability	 of	 centrally	 collected	data	on	 the	UK	higher	 education	 sector	made	 it	

possible	 to	 use	 big	 data	 in	 this	 study.	 The	 use	 of	 a	 multilevel	 modelling	 statistical	

technique	also	facilitated	the	analysis	of	this	data	set	at	two	levels,	university	level	and	

cohort	 level.	The	 inclusion	of	 institutions	 from	across	 the	UK	 four	nations	provided	a	

comprehensive	 set	 of	 data	 that	 allowed	 for	 better	 testing	 of	 the	 variability	 between	

universities	within	the	sector.	The	inclusion	of	data	for	four	cohorts	for	each	university	

for	most	outcomes	also	allowed	better	measuring	of	the	variability	with	universities.		

The	qualitative	analysis	in	this	study	benefited	from	the	seniority	of	the	participants,	their	

experience	and	knowledge	of	the	sector.	The	fact	that	they	also	represented	universities	

from	the	four	nations	of	the	UK	as	well	as	London	provided	a	rich	perspective	of	how	

institutional	policy	is	influenced	by	different	drivers.	

The	data	that	resulted	from	both	the	quantitative	and	the	qualitative	phases	enabled	this	

study	 to	 answer	 the	 three	 research	 questions	which	 aimed	 to	 identify	 the	 significant	

factors	at	both	university	and	cohort	levels	that	impact	performance	outcome,	explore	

the	impact	of	performance	indicators	and	regulatory	performance	regimes	particularly	

the	TEF	on	institutional	policy	and	finally	the		interplay	between	regulatory	performance	



184	

regime	 and	 other	 factors	 such	 as	 market	 economy	 concepts	 and	 their	 influence	 on	

management	responses.		

The	finding	also	provided	ample	material	for	future	research	that	is	discussed	in	Chapter	

7.	

This	chapter	discusses	the	answers	to	the	research	questions	by	reviewing	the	results	

from	both	phases,	the	contribution	of	the	qualitative	phase	in	interpreting	the	findings	of	

the	quantitative	phase	and	links	the	findings	of	both	phases	to	the	literature.	

6.2 Factors	with	Significant	Effects	on	Performance	Indicators’	Outcomes	

In	answering	the	first	research	question:	What	are	the	significant	factors	at	institutional	

and	cohort	 level	 that	 impact	 the	outcomes	of	 the	widely	used	performance	 indicators	

(e.g.,	TEF)	in	the	UK	Higher	Education	sector?	The	quantitative	analysis	identified	several	

factors	with	significant	effects	on	 the	outcomes,	as	presented	 in	Chapter	4.	Whilst	 the	

identified	 factors	 gained	 the	 agreement	 of	 senior	 leaders	 from	 the	 sector,	 who	

participated	in	the	qualitative	phase	of	this	study,	they	offered	a	richer	explanation	of	the	

rationale	of	these	factors'	significance,	as	presented	in	Chapter	5.	The	following	sections	

discuss	these	findings	further.	

6.2.1 The	Non-continuation	Outcome	

The	 first	 observable	 finding	 from	 the	 quantitative	 analysis	 for	 the	 non-continuation	

outcome	 was	 that	 none	 of	 the	 university	 level	 characteristics	 had	 significant	 effects	

related	to	it,	and	the	factors	with	significant	effects	were	all	cohort	level	characteristics.	

The	cohort	 factors	that	were	found	to	have	significant	effects	on	the	non-continuation	

outcome	were:	the	percentage	of	UK	domiciled	students,		the	average	tariff	on	entry,	the	

percentage	 of	 ethnically	White	 students	 (the	higher	 the	percentage	 of	 non-White,	 the	

higher	the	non-continuation	rate)	and	the	percentage	of	POLAR4	(quantile	1)	students	

(Table	6.1).	This	finding	is	supported	by	other	studies	in	the	literature.	A	study	by	Murphy	

(2010)	investigated	the	non-continuation	rates	in	Northern	Ireland	and	found	that	the	

potential	factors	affecting	non-continuation	include	gender	(males	have	a	less	probability	

of	continuing),		socioeconomic	class,	domicile	(students	from	Northern	Ireland	being	less	
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likely	to	survive	the	first	year),	and	course	type.	It	also	found	that	entry	qualification	did	

not	have	a	significant	effect.	However,	another	study	ordered	by	the	House	of	Commons	

and	published	by	the	National	Audit	Office	in	2007	(NAO,	2007,	p.	8)		found	that	the	‘that	

variations	 of	 the	 non-continuation	 rates	 between	 subjects	 and	 types	 of	 institution	 are	

largely	 due	 to	 the	 characteristics	 of	 students,	 including	 their	 level	 of	 pre-entry	

qualifications’.	It	also	found	that	‘a	full-time	student	with	three	A	levels	at	grade	A	is	much	

more	likely	to	continue	than	a	similar	student	with	two	A	levels	at	grade	D	(odds	ratio	of	

2.2)’.	

Some	participants	commented	on	the	 impact	of	POLAR4	quantile	1	 factor	on	the	non-

continuation	 outcome	 by	 pointing	 to	 other	 external	 factors	 that	 affect	 this	 group	 of	

students	 prior	 to	 joining	 the	 university,	 including	 school	 attended	 and	 family	

circumstances.	The	significance	of	external	factors	identified	by	participants	as	affecting	

continuation	in	higher	education	have	been	previously	reported	by	James	(2000)	in	an	

investigation	of	the	aspiration	of	secondary	school	pupils	in	Australia	for	post-secondary	

school	study	and	 found	 that	 it	was	strongly	 influenced	by	socioeconomic	background,	

gender	and	geographical	location.	

non-continuation	

Factor	 Estimate	

		 		

		 		

l1_ukdom		 0.16	

l1_tariff		 -0.06	

l1_white		 -0.09	

l1_polar4		 0.14	

Table	6.1	Cohort	characteristics	with	significant	effects	on	the	non-continuation	outcome	

6.2.2 The	Teaching,	Assessment	and	Support	Outcomes	

These	three	performance	indicators	(outcomes)	are	discussed	together	as	they	relate	to	

three	sections	of	the	NSS.	The	factors	that	have	significant	effects	for	each	outcome	are	

presented	in	Table	6.2.	There	has	been	various	criticism	on	the	use	of	NSS	in	general	and	
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as	 a	means	 of	 rating	 a	 university	 in	 particular	 (Lenton,	 2015).	 Fielding	 et	 al.	 (2010)	

doubted	 the	usefulness	 of	 comparing	different	 subjects	within	 a	 university	 as	well	 as	

comparing	 different	 universities	with	 different	 subjects,	 as	 subject	 groupings	 showed	

consistent	differences.	This	section	discusses	these	three	outcomes	in	light	of	the	findings	

of	this	study.	

The	multilevel	analysis	results,	presented	in	Chapter	4,	showed	that	the	teaching	outcome	

was	 impacted	 by	 more	 factors	 with	 significant	 effects	 than	 either	 of	 the	 other	 two	

outcomes	 related	 to	 the	 NSS.	 Out	 of	 the	 five	 factors	 with	 significant	 effects,	 four	

represented	university	characteristics:	research	income,	overall	income,	SSR	and	number	

of	subjects	delivered	by	a	university;	the	fifth	factor	came	from	the	cohort	characteristics,	

and	it	was	White	ethnicity	(universities	with	a	higher	percentage	of	White	students	are	

likely	to	achieve	a	higher	score).		

Participants	in	the	qualitative	study,	presented	in	Chapter	5,	were	not	surprised	to	see	

these	 factors	 with	 significant	 effects.	 They	 explained	 the	 positive	 effect	 of	 research	

income	as	possibly	being	 the	 results	 of	 some	 research	active	 staff	 incorporating	 their	

research	into	the	curriculum.	One	participant	suggested	this	could	be	a	result	of	one	of	

the	 four	 questions	 under	 the	 teaching	 section	 in	 the	NSS	 asking	 student	 to	 agree	 (or	

disagree)	with	the	statement	“The	course	 is	 intellectually	stimulating”	where	students	

may	give	a	positive	answer	to	this	question,	if	they	feel	they	are	being	taught	by	research	

active	staff.	

The	 negative	 effect	 of	 the	 overall	 income	 on	 the	 teaching,	 assessment	 and	 support	

outcomes	was	slightly	surprising	to	some	participants,	but	they	all	provided	consistent	

explanation	which	was	 that	 the	more	diversified	 the	 income	of	an	 institution,	 the	 less	

likely	to	have	a	strategic	focus	on	teaching,	assessment,	or	academic	support.	They	also	

felt	 that	 a	 university	 strategy	 to	 grow	 income	 via	 other	 sources	 such	 as	 research	 or	

knowledge	transfer	is	likely	to	divert	staff	effort	from	teaching.		

The	 maturity	 of	 an	 institution	 and	 its	 multidisciplinary	 nature	 was	 offered	 as	 an	

explanation	of	the	positive	effects	of	the	number	of	subjects	factor	on	the	teaching	and	

assessment	outcomes,	 (more	subjects,	better	outcome	score).	Other	studies	suggested	

that,	whilst	 there	 is	 internal	 consistency	 in	NSS	 responses	within	 a	 subject	 grouping,	
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there	were	significant	differences	in	the	responses	between	subjects	(Fielding,	Dunleavy	

and	Langan,	2010;	Orr,	Yorke	and	Blair,	2014).	Another	explanation	for	the	significance	

of	the	number	of	subjects	factor	on	the	teaching	outcome	is	that	large	institutions	with	

large	number	of	subjects	can	smooth	out	differences	between	subjects	in	aggregated	data.	

The	 setup	 of	 a	 central	 unit	 for	 teaching	 and	 learning	 to	 spread	 best	 practice	 within	

institutions	with	 large	 number	 of	 subjects	was	 also	 offered	 as	 an	 explanation	 by	 one	

participant.		

There	was	no	disagreement	among	participants	on	the	negative	effects	of	the	student-

staff-ratio	(SSR)	factor	on	the	teaching	outcome	(the	fewer	staff	per	student,	the	lower	

the	outcome	score).	This	finding	was	supported	by		Lenton's	(2015)	study	which	found	

that	 student-staff-ratio	 is	 a	 strong	 influencer	 on	 student	 satisfaction.	 Tee	 (2015)	 also	

found	that	student-staff	ratio	is	widely	used	as	a	performance	measure	in	national	and	

international	benchmarks	for	universities’	performance	and	suggested	that	it	should	be	

included	 as	 one	 of	 the	 measures	 for	 benchmarking	 institutional	 performance.	

Participants,	in	this	study,	also	felt	that	the	SSR	factor	needs	to	be	better	defined	as	it	is	

currently	open	to	various	interpretations	that	may	benefit	certain	types	of	institutions.		

The	impact	of	the	ethnicity	factor	on	all	three	outcomes	related	to	the	NSS	again	did	not	

surprise	participants	in	the	qualitative	phase.	This	finding	was	also	supported	by	other	

studies,	such	that	of	Bennett	and	Kane	(2014),	which	reported	that	students’	responses	

to	the	NSS	were	influenced	by	cultural	and	personal	background	factors.	They	cast	doubt	

on	 the	 validity	 of	 aggregating	 responses	 since	 students	 with	 different	 characteristics	

interpret	the	meaning	of	the	questions	differently;	therefore,	different	students	would,	in	

effect,	be	responding	to	different	questions.	Participants,	in	this	study,	also	felt	that	while	

the	 section	 in	 the	 NSS	 is	 titled	 academic	 support,	 students	 from	 less	 privileged	

background	are	 likely	to	be	considering	the	wider	support	they	need	when	answering	

this	section.		

Participants,	 in	 this	 study,	 also	 referred	 to	 the	 attitude	 of	 students	 from	 affluent	

socioeconomic	background	who	are	likely	to	respond	positively	to	the	NSS	as	they	may	

not	wish	to	damage	their	job	prospects	by	damaging	their	university’s	“brand”	through	

negative	 responses.	 This	 observation	 by	 participants	 has	 also	 been	 reported	 in	 the	

literature	 in	 a	 study	 by	 Xu	 and	 Hampden-Thompson	 (2012)	 where	 they	 found	 that	
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students	 from	higher-status	 family	gain	more	benefits	 from	cultural	 capital	 than	 their	

counter	parts	in	lower-status	background.	In	effect,	these	students	with	the	help	of	the	

system	are	engaging	in	cultural	reproduction,	a	theory	developed	by	Bourdieu	(1973).	A	

study	 by	 	 Jæger	 and	 Breen	 (2016)	 also	 explored	 how	 parents	 transmit	 their	 cultural	

capital	to	their	children	enhance	their	who	in	turn	convert	it	into	educational	success.	

The	gender	effect	on	academic	support	was	explained	by	participants	as	female	students	

are	more	 likely	 to	 require	 and	 seek	more	 support	 than	 their	male	 counterparts.	 The	

participants’	view	is	supported	by	Ní	Fhloinn	et	al.	's	(2016)	study	where	they	reported	

that	female	students	were	two	and	half	times	more	likely	to	engage	with	mathematics	

support	than	male	students.	Kosmala-Anderson	and	Wallace	(2007)	also	reported	that	

female	students	are	more	likely	to	suffer	from	pre-exam	anxiety	than	male	students	and	

more	likely	to	self-report	pre-examination	stress.	

It	is	worth	noting	that	the	percentage	of	females	in	higher	education	has	been	increasing	

steadily	 over	 the	 past	 ten	 years	 and	 they	 now	 represent	 the	majority	 of	 first-degree	

students.	 Over	 the	 period	 covered	 by	 the	 data	 set	 	 in	 this	 study,	 the	 percentage	 of	

enrolment	on	first-degree	by	female	students	has	gone	up	from	55%	of	total	enrolments	

in	2015/16	to	56%	in	2018/19	(HESA,	2020a).	

Teaching	 Assessment	and	feedback	 Academic	Support	

Factor	 Estimate	 Factor	 Estimate	 Factor	 Estimate	

l2_research	 0.03	 		 		 		 		

l2_income	 -0.01	 l2_income	 -0.01	 l2_income	 -0.004	

l2_ssr	 -0.28	 		 		 		 		

l2_subject	 0.15	 l2_subject	 0.28	 		 		

		 		 		 		 		 		

		 		 		 		 l1_female	 -0.1	

		 		 		 		 		 		

l1_white	 0.06	 l1_white	 0.06	 l1_white	 0.06	

Table	6.2	Factors	with	significant	effects	on	the	teaching,	assessment	and	support	outcomes	
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6.2.3 The	Employability	Outcomes	

This	study	tested	for	the	effects	of	university	and	cohorts’	characteristics	(factors)	against	

two	employability	outcomes.		The	first	outcome	was	for	employability	and	further	study	

after	six	months	of	graduating	and	the	second	was	for	high-skilled	employability	after	

fifteen	 months	 of	 graduating.	 Factors	 that	 had	 significant	 effects	 on	 both	 of	 these	

outcomes	are	listed	in	Table	6.3.	

Only	cohort	level	factors	had	significant	effects	on	the	employability	and	further	study	

outcome.	High	percentages	of	UK	domiciled,	and	non-White	students	are	likely	to	have	

negative	effects	on	this	outcome.	Whilst	participants	were	in	agreement	with	this	finding,	

they	felt	that	institutions	that	have	predominantly	UK	domiciled	students	are	likely	to	be	

negatively	 impacted	 by	 this	 outcome.	 Other	 participants	 felt	 the	 non-inclusion	 of	

international	students	in	this	outcome	does	not	serve	their	institutional	context.	

University	and	cohort	level	characteristics	were	shown	to	have	significant	effects	on	the	

high-skilled	employability	outcome.	The	overall	income	had	a	positive	impact,	which	was	

explained	 by	 participants	 as	 a	 reflection	 of	 the	 “image”	 of	 large	 universities	 among	

employers	as	these	universities	tend	to	enrol	students	with	high	entry	tariff	who	are	seen	

by	 employers	 as	 good	 students.	 Participants	 also	 felt	 that	 large	universities	 are	more	

likely	to	deploy	their	extensive	business	and	industry	networks	to	benefit	their	graduates	

in	the	job	market.	A	study	by	Britton	et	al.	(2016)	found	that	the	university	attended	had	

a	big	impact	on	graduate	earnings.	For	example,	they	found	that	10%	of	male	graduates	

from	LSE,	Oxford	and	Cambridge	were	earning	more	than	£100K	per	annum	ten	years	

after	 graduation,	 with	 LSE	 graduates	 earning	 the	most.	 They	 also	 found	 that	 the	 big	

difference	 is	not	only	restricted	to	 the	very	 top	universities,	but	also	extends	to	many	

other	large	institutions.	However,	they	also	found	that,	on	average,	graduates	are	much	

more	likely	to	be	in	work	and	earn	much	more	than	non-graduates.	

Cohort	level	factors	that	impacted	high-skilled	employability	were	gender,	ethnicity	and	

socioeconomic	 background	 (POLAR4	quantile1).	 This	 finding	was	 supported	 by	 other	

studies.	Moreau	and	Leathwood	(2006,	p.	305)	argued	that	‘in	contrast	to	assumptions	of	

a	 level	playing	field	 in	which	graduates’	skills	and	personal	qualities	are	the	key	to	their	

success	in	the	labour	market,	social	class,	gender,	ethnicity,	age,	disability	and	university	



190	

attended	 all	 impact	 on	 the	 opportunities	 available.’	 	 They	 further	 argued	 that	

employability	 research	 that	 focuses	 on	 individual	 responsibility	 and	 neglects	 social	

inequalities	may	cause	negative	repercussions	that	damage	these	graduates.	

This	view	was	supported	by	the	participants	as	they	stated	that	gender,	social	class	and	

ethnic	bias	remain	as	problems	in	the	job	market.	Walkerdine	et	al.	(2001)	explored	the	

complexity	of	gender	and	class	in	the	employment	market	in	Britain.	They	discussed	a	

powerful	story	of	girls	who	have	seen	unprecedented	shifts	in	their	education	and	work,	

and	yet	continue	to	struggle	with	the	pressures	of	wealth,	class	and	ethnicity.	Although	

more	 than	 twenty	years	ago,	Smith	et	al.'s	 (2000)	study	reported	 that	 factors	 such	as	

social	 class,	 subject	 studied,	 university	 attended,	 performance	 in	 pre-university	

qualification	and	gender	impact	employability	of	graduates;	 	twenty	years	on,	many	of	

these	 factors	 appear	 to	 continue	 to	 have	 significant	 effects.	 They	 suggested	 that	 any	

indicator	that	evaluates	university	performance	must	adjust	 for	these	 factors	and	that	

failure	to	do	so	may	lead	to	misleading	evaluation.	They	also	doubted	the	reliability	of	

measuring	 employability	 just	 after	 six	 months	 of	 graduation	 as	 many	 graduates	 are	

unlikely	 to	 have	 settled	 on	 the	 job	 they	want.	 It	 is	worth	 noting	 that,	 in	 2020,	 HESA	

replaced	 the	 six-month	 survey	 for	 employability	 and	 further	 study	with	 the	 graduate	

outcomes	survey	which	focuses	on	high-skilled	employability	(HESA,	2020c).	Data	from	

the	 graduate	 outcomes	 survey	 were	 used	 for	 the	 analysis	 of	 the	 high-skilled	

employability	outcome	in	this	study.	

There	is	weighty	literature	that	supports	participants’	views	on	gender	bias	in	the	labour	

market.	such	as	that	by	Hareli	et	al.	(2008)	and	Foley	and	Williamson	(2018).	

Participants	 agreed	 that	 POLAR4	 quantile	 1	 factor	 has	 an	 effect	 on	 high-skilled	

employability,	 but	 added	 that	 there	 are	 other	 social	 factors	 that	 face	 this	 group	 of	

students	 when	 they	 graduate	 and	 return	 to	 their	 communities.	 Crozier	 et	 al.	 (2019)	

reported	that	students	from	working	class	background	face	extra	challenges	with	‘being	

a	university	student’,	including	the	struggle	to	assimilate	to	a	dominant	norm,	personal	

struggle	for	recognition	and	struggle	with	identity.	They	also	found	that,	while	working	

class	students	expressed	ambition	during	their	study,	once	graduated,	class	mobility	was	

not	the	centre	of	their	ambition.	
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Employability	and	Further	Study	 High-Skilled	Employability	

Factor	 Estimate	 Factor	 Estimate	

		 		 l2_income	 0.03	

		 		 l2_subject	 -0.58	

		 		 		 		

l1_ukdom	 -0.06	 		 		

		 		 l1_female	 -0.24	

l1_white	 0.06	 l1_white	 0.13	

		 		 l1_polar4	 -0.37	

Table	6.3	Factors	with	significant	effects	on	employability	outcomes	

6.3 Factors	with	Non-significant	Effects	on	Performance	Indicators	

The	quantitative	analysis	tested	six	university	level	factors	and	six	cohort	level	factors	for	

their	significant	effects	on	six	performance	outcomes.	Two	of	the	university	level	factors	

did	not	have	significant	effects	on	any	of	the	performance	outcomes,	namely	the	London	

location	and	the	size	of	the	undergraduate	student	population.	

From	the	six	cohort	level	characteristics,	only	the	average	age	factor	was	shown	to	have	

no	significant	effects	on	any	of	the	outcomes.		

6.3.1 The	London	Factor	

The	London	location	was	an	interesting	factor	to	test	for	as	it	is	widely	promoted	within	

the	 sector	 as	 having	 a	 negative	 impact	 on	 student	 satisfaction	 and	 was	 reported	 in	

sections	of	 the	 literature,	 such	as	 the	 study	by	Lenton	 (2015)	 that	 found	a	 significant	

positive	difference	 in	NSS	 student	overall	 satisfaction	 in	 favour	of	 Scottish	and	Welsh	

universities	when	compared	with	London	universities.		

However,	the	finding	of	this	study	showed	that	other	universities	 level	characteristics,	

such	as	 research	 income,	overall	 income,	SSR,	and	 the	number	of	 subjects,	have	more	

observable	significant	effects	than	the	London	location	per	se.		
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Some	participants	 in	 the	qualitative	study	 indicated	 that	 the	demographics	of	London	

universities	cohorts,	particularly	ethnicity	and	POLAR4	(quantile	1)	are	different	from	

the	 rest	 of	 the	 UK.	 However,	 the	 data	 set	 used	 in	 this	 study	 showed	 that,	 while	 the	

difference	 of	 the	means	 for	 these	 two	 factors	 is	 significant	when	 comparing	 London-

based	 universities	 with	 universities	 outside	 London	 (see	 Table	 6.4	 and	 Table	 6.5),	

London	universities	have	a	much	lower	mean	of	ethnically	White	students	but	they	also	

have	a	much	lower	mean	of	POLAR4	(quantile	1)	students.	This	indicates	that,	on	average,	

London-based	universities	have	a	higher	proportion	of	ethnically	non-White	students	(on	

average),	 but	 also	 have	 proportionately	 fewer	 POLAR4	 (quantile	 1)	 students	 when	

compared	with	universities	outside	London.	The	ethnicity	factor	(White)	had	significant	

effects	 on	 all	 six	 performance	 outcomes	 whilst	 the	 POLAR4	 quantile	 1	 factor	 had	 a	

significant	effects	on	the	non-continuation	and	the	high-skilled	outcomes.	This	is	a	further	

indication	that	university	and	cohort	characteristics	are	the	factors	with	the	significant	

effects	on	performance	outcomes	rather	than	the	London	location	by	itself.		

	
%	of	POLAR4	Quantile	1	
	

%	of	ethnically	White	
	

Description	
Non-
London	 London	

Non-
London	 London	

mean	 12.7	 4.8	 70.8	 42.8	
median	 12.8	 4.9	 71.9	 39.4	
sd	 5.3	 2.2	 15.3	 16.6	
IQR	 8.1	 2.5	 20.1	 24.2	
n	 392	 120	 460	 120	
np	 76.60%	 23.40%	 79.30%	 20.70%	
NAs	 68	 0	 0	 0	
0s	 1	 9	 0	 0	

Table	6.4	Descriptive	statistics	for	non-London	v	London	universalities	for	the	ethnicity	and	

POLAR4	factors	
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Description	 POLAR4	(non-

London	v	London)	

Ethnically	White	

(non-London	v	

London)	

t	 23.83	 16.712	

d.f.	 470.4	 175.96	

p	value	 0.00	 0.00	

Table	6.5	Significance	of	the	difference	of	means	between	non-London	and	London	

universities	for	the	ethnicity	and	POLAR4	factors.	

6.3.2 The	Size	of	the	Student	Population	

The	quantitative	analysis	in	this	study	did	not	report	significant	effects	of	the	size	of	the	

undergraduate	population	of	universities,	as	measured	by	full-person	equivalent,	on	any	

of	the	performance	outcomes.	The	negligible	correlation	between	this	factor	and	the	six	

performance	indicators	as	presented	in	Table	4.22	gives	some	credence	to	this	finding.	

However,	 other	 measures	 of	 the	 size	 of	 universities,	 such	 as	 overall	 income	 and	 the	

number	of	subjects	delivered	by	a	university,	were	found	to	have	observable	significant	

effects	on	some	of	the	outcomes.	This	study	also	found	that	some	other	characteristics	of	

the	cohort,	rather	than	its	overall	size,	had	significant	effects	on	outcomes.	

6.3.3 The	Average	Age	of	a	Cohort	

While	there	was	a	strong	correlation	between	the	average	age	and	the	average	tariff	of	a	

cohort	(Table	4.22),	it	was	the	average	tariff	factor	that	had	observable	significant	effects	

on	 some	 of	 the	 outcomes,	 rather	 than	 the	 average	 age	 factor.	 There	 was	 also	 no	

significance	 in	 the	 difference	 of	 mean	 of	 the	 average	 age	 between	 non-London	 and	

London-based	institutions	and	their	means	were	very	similar	(Table	6.6	and	Table	6.7).	

The	average	mean	of	cohorts	by	country	was	also	very	similar	(Table	4.10).	HESA	has	also	

reported	that	that,	over	a	five	year	time	series,	the	number	of	students	aged	21-29	has	

increased	year	on	year	till	2019/20,	a	year	on	year	decrease	in	the	number	of	students	

aged	30	and	over	between	2013/14	and	2017/18	and	a	year	on	year	increase	in	numbers	

of	full-time	students	aged	20	and	under	since	2013/14	to	2017/18	(HESA,	2019;	2021).	

The	data	set	for	this	study	overlaps	with	these	years.	This	indicates	that	there	has	been	a	

smoothing	out	of	the	average	age	of	first-degree	cohorts	in	the	sector	over	the	past	five	
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to	 ten	 years.	 However,	 during	 the	 interviews,	 one	 participant	 mentioned	 that	 some	

institutions	have	a	higher-than-average	percentage	of	mature	students	who	require	more	

support.	

		 Average	age	of	cohorts	

Description	 Non-	London	 London	

mean	 22.5	 22.6	

median	 22	 21.5	

sd	 2.1	 2.9	

IQR	 3	 5	

n	 460	 120	

np	 79.30%	 20.70%	

NAs	 0	 0	

0s	 0	 0	

Table	6.6	Descriptive	statistics	of	the	average	age	of	cohorts	

Description	 Non-significance	of	 the	

average	age	factor	

t	 0.27	

d.f.	 153.63	

p	value	 0.79	

Table	6.7	non-significance	of	the	average	age	variance	

6.4 The	Clustering	of	Universities	

The	intraclass	correlation	(ICC)	measures	the	proportion	of	the	total	variance	explained	

by	the	grouping	structure	of	the	data	set	(Hox,	Moerbeek	and	Schoot,	2017).	It	indicates	

the	group-level	variance	compared	to	the	total	variance.	In	this	study,	the	university	is	

the	 group	 within	 which	 cohorts	 are	 nested.	 The	 higher	 the	 correlation	within	

universities	 (i.e.,	 the	 larger	 the	 ICC),	 the	 lower	 the	variability	 is	within	the	university,	

which	means	the	higher	the	variability	is	between	the	university.	

The	 relatively	 high	 values	 for	 the	 ICC,	 presented	 in	 Table	 6.8,	 obtained	 during	 the	

quantitative	analysis	from	the	multilevel	models	for	five	of	the	outcomes,	indicate	that	
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high	 variability	 occurs	 between	 universities	 as	 opposed	 to	within	 universities	 (i.e.,	

cohorts	within	a	university).	This	can	be	interpreted	as	measures	for	cohorts	within	a	

university	 are	 relatively	 stable	 over	 the	 timeframe	 of	 the	 study.	 In	 this	 study,	 the	

timeframe	for	 the	cohorts	was	2015/16	to	2018/19.	 It	 is	also	a	strong	 indication	that	

universities	are	not	a	homogenous	group,	and	that,	according	to	the	data,	different	groups	

(clusters)	of	universities	with	less	variability	in	a	group	are	more	likely	to	exist.		

The	study’s	finding,			that	groupings	of	universities	are	more	likely	to	exist	is	supported	

by	other	authors	who	attempted	to	classify	universities	according	to	different	criteria.		

Scott	 (1995)	 suggested	 thirteen	 categories	 of	 universities	 and	 Lomas	 and	 Tomlinson,	

(2000)	 grouped	 universities	 under	 seven	 types.	 This	 study	 does	 not	 suggest	 a	 new	

grouping	per	se,	but	it	suggests	that,	if	such	a	grouping	is	to	be	made,	it	should	take	into	

account	 the	 variability	 of	 the	 factors	being	measured	between	universities	within	 the	

same	group.	It	could	be	argued	that	it	is	incredible	to	rank	or	rate	all	universities	in	one	

group	linearly	using,	for	example,	the	non-continuation	or	the	teaching	outcomes,	as	they	

stand,	when	the	variability	between	universities	accounts	for	77.79%	and	87.43	of	the	

total	 variability	 for	 these	 two	 outcomes,	 respectively.	 The	 alternative	 approach	 is	 to	

adjust	these	outcomes	to	account	for	all	the	factors	with	significant	effects;	however,	this	

approach	is	unlikely	to	gain	common	agreement	in	the	sector,	as	various	factors	are	more	

advantageous	to	certain	parts	of	the	sector	and	any	adjustment	may	distort	their	context	

to	which	 they	 are	 committed,	 as	 demonstrated	 by	 participants	 in	 Chapter	 5.	 Equally,	

policy	makers	may	not	wish	to	adjust	the	indicators	according	to	certain	factors,	such	as	

SSR,	for	example.	

Studies	in	the	literature	have	reported	the	existence	of	clustering	within	the	UK	sector.	

Boliver	(2015)	reported	that	the	binary	division	between	pre-	and	post-1992	institutions	

remains.	She	found	Oxford	and	Cambridge	emerged	to	form	an	elite	tier	while	the	Russell	

Group	universities	are	undifferentiated	from	the	majority	of	the	old	universities	(pre-92).	

She	also	found	the	emergence	of	a	new	lower	tier	among	new	universities,	representing	

around	 a	 quarter	 of	 the	 new	 universities.	 One	 of	 her	 interesting	 findings	 is	 that	 the	

differentiation	between	universities	based	on	teaching	quality	was	minor	and	that	the	

differentiating	 characteristics	 were	 predominantly	 research	 activity,	 economic	

resources,	academic	selectivity	and	social	mix.		
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Outcome	 ICC	

Non-continuation	 0.7790	

Teaching	 0.8743	

Assessment	 0.5432	

Support	 0.3966	

Employability	 0.6396	

Table	6.8	Intraclass	correlation	of	multilevel	models	for	the	outcomes	

There	are	many	international	examples	of	classifying	universities,	for	example,	the	USA	

Carnegie	 classification	 discussed	 in	 	McCormick	 (2008)	 	 and	 the	 Indian	 classification	

discussed	in	Jalote	et	al.	(2020).	Perhaps	the	most	famous	international	example	is	the	

Carnegie	 classification	of	universities	and	colleges	 in	 the	USA	 (Carnegie	Classification,	

2021).	 	 McCormick	 and	 Zhao	 (2005)	 highlighted	 some	 of	 the	 shortcomings	 of	 the	

Carnegie	 classification,	 which	 was	 published	 in	 1973,	 but	 explained	 that	 it	 uses	

predominantly	 numerical	 analysis	 of	 data	 collected	 about	 institutions.	 This	 study	

demonstrated	that,	while	there	is	evidence	of	the	use	of	data	across	the	sector	and	within	

institutions	for	performance	enhancing	purposes,	institutions	remain	committed	to	their	

mission	and	context	or	contexts.	Therefore,	while	the	use	of	quantitative	data	analysis	for	

grouping	 university	 into	 coherent	 groups	 with	 similar	 characteristics	 facilitates	

performance	 evaluation	 within	 a	 coherent	 group,	 the	 consideration	 of	 institutional	

context	 is	 equally	 important	 as	 it	 provides	 greater	 understanding	 of	 institutional	

performance	outcomes.	

6.5 The	Impact	of	Performance	Outcomes	on	Institutional	Policy	

In	answering	the	second	research	question,	the	study	analysed	participants’	responses	to	

this	 question	 during	 the	 interviews,	 having	 been	 presented	with	 the	 factors	 that	 had	

significant	 effects	 on	 the	 outcomes.	 This	 allowed	 participants	 to	 reflect	 on	 their	

institutional	policy	in	light	of	the	finding	of	the	quantitative	phase.	

As	all	the	participants	were	policy	makers	within	their	institution,	it	was	clear	that	they	

were	 very	 aware	 of	 the	 performance	 indicators	 that	 impact	 their	 institutional	
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performance.	It	was	also	clear	that,	while	some	of	the	regulatory	indicators	influenced	

institutional	policy,	they	were	not	the	only	driver	for	policy	formulation.	

Participants	agreed	that	the	use	of	some	of	the	data	from	performance	metrics,	such	as	

those	produced	by	the	TEF,	were	useful	in	highlighting	areas	that	require	attention	at	a	

policy	level,	but	data	were	often	disaggregated	to	a	lower	level	such	as	subjects,	courses	

or	 even	 modules	 level	 or	 analysed	 further	 to	 determine	 the	 appropriate	 type	 of	

intervention.	Pickford	(2013)	supported	the	view	that	evidence-informed	 institutional	

level	intervention	can	have	positive	impact	on	student	satisfaction,	particularly	when	it	

is	articulated	in	a	coherent	strategy.		

There	was	 no	 evidence	 from	 the	 participants’	 responses	 that	 regulatory	 performance	

regimes,	particularly	 the	TEF,	have	resulted	 in	massive	shifts	of	 institutional	policy	or	

strategy.	 In	 fact,	 some	 participants	 doubted	 if	 such	 regimes	 had	 any	 impact.	 Others	

doubted	if	even	the	TEF	itself	achieved	its	policy	aim	as	intended	by	the	government.	The	

latter	view	is	supported	by	views	of	other	scholars		in	the	literature,	such	as	Frankham	

(2017)	who			argued	that	there	is	a	mismatch	in	the	aims	of	the	TEF	and	the	outcomes,	

particularly	 in	relation	to	employability.	Barkas	et	al.	 (2019)	also	argued	that	 the	TEF	

claims	 are	 not	 supported	 by	 evidence-based	 research	 and	 questioned	 if	 it	 will	 bring	

improvement	to	the	quality	of	student	experience.	

The	consistent	explanation	by	the	participants	of	the	rationale	for	the	significant	effects	

of	factors	that	impact	outcomes	indicated	that	there	is	a	common	understanding	across	

the	sector	and	within	the	different	types	of	universities	of	the	performative	culture	within	

which	 they	 operate.	 Perhaps	 this	 can	 be	 explained	 by	 the	 findings	 of	 the	 study	 by	

Spendlove	 (2007)	where	 she	 found	 that	UK	universities	 are	 reluctant	 to	 recruit	 from	

outside	the	sector	and	that	knowledge,	experience	and	academic	credibility	of	university	

life	were	crucial	requirements	for	effective	leadership	in	higher	education.		

6.6 Performative	Culture	and	Market	Economy	Concepts	

Participants’	 responses	 demonstrated	 that	 performative	 culture	 within	 the	 sector	 is	

widespread,	 and	 it	 is	 now	 well-established.	 The	 use	 of	 quantitative	 data	 to	 monitor	

activities	is	a	regular	and			organised	occurrence	and	was	considered	by	one	participant	

as	“good	leadership”.	



198	

For	 all	 the	 criticism	 in	 the	 literature	 of	 the	 introduction	 of	 neo-liberal	 and	 market	

economy	 concepts	 into	 higher	 education	 by	 governments	 (e.g.	 Thiel,	 2019,	 	 also	 see	

Chapter	2),	participants	frequently	used	market	economy	concepts	and	terminology	in	

their	 responses.	 For	 example,	 competitor	 analysis	 and	 financial	 sustainability	 were	

frequently	 referred	 to	 by	 participants.	 Participants	 indicated	 that	 the	 use	 of	 local	

competitors	set	to	benchmark	their	institutional	performance	against	similar	institutions	

was	common	within	the	sector.	This	study	found	that	neo-liberal	and	market	economy	

concepts	are	now	prevalent	 in	the	higher	education	sector.	This	 is	supported	by	other	

scholars	such	as	Morrish	(2019,	p.	356)	where	she	stated	that	‘the	shift	towards	neoliberal	

values	has	been	accomplished	by	metric	regulation.’	

The	 use	 of	 data	 to	monitor	 recruitment	 on	 subjects	 and	 courses	 with	 an	 eye	 on	 the	

financial	viability	of	certain	areas	is	now	a	normal	practice	in	universities.	Participants	

were	clear	on	the	importance	of	the	financial	sustainability	of	their	institutions,	not	only	

to	breakeven	but	also	to	generate	surplus	to	fund	growth	and	enhancement.	Participants	

candidly	 indicated	 that	 financial	 sustainability	 is	 likely	 to	have	 a	 greater	 influence	on	

institutional	responses	and	policy	than	regulatory	performance	indicators.	Parker	(2013)	

reported	 that	 financial	 focused	 strategies	 are	 now	 pervasive	 in	 the	 higher	 education	

sector	with	financial	accounting	playing	an	important	role	in	transforming	strategies	into	

an	 economic	 and	 financial	 framework.	 He	 observed	 that	 universities	 are	 now	

corporatised	in	the	way	they	report	their	accounts	with	financially-oriented	strategies	

that	have	financial	KPIs	with	routine	reporting.	

Participants	 from	 Scotland,	 Wales	 and	 Northern	 Ireland	 were	 conscious	 of	 the	

constraints	 of	 the	 funding	 regime	 in	 their	 country	 and	 how	 it	 impacts	 on	 their	

institutional	policy	and	decision-making	but,	 like	 their	 colleagues	 from	England,	were	

equally	clear	regarding	the	importance	of	financial	sustainability.	This	provides	further	

evidence	 of	 the	 impracticality	 of	 using	 the	 same	 performative	 regime	 for	 institutions	

under	different	funding	regimes	where	their	financial	sustainability	will	influence	their	

management	responses.		

Students	were	referred	to	as	customers	by	some	participants.	Although,	this	was	not	the	

dominant	narrative	among	all	the	participants,	the	students’	right	to	receive	good	quality	

service	 and	 that	 service	 quality	 should	 be	 monitored	 was	 referred	 to	 repeatedly	 by	
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participants,	particularly	in	relation	to	feedback	and	support.	Guilbault	(2016)	discussed	

the	debate	around	viewing	students	as	customers	and	she	noted	that,	while	many	in	the	

sector	 are	 still	 reluctant	 to	 view	 students	 as	 customers,	 many	 actions	 taken	 by	

universities	 treat	 students	as	 such.	 She	 suggested	 that	viewing	 students	as	 customers	

within	 a	 service	 marketing	 approach	 that	 also	 considers	 employers	 and	 other	

stakeholders	 may	 help	 resolve	 this	 debate	 and	 aid	 institutions	 in	 developing	 better	

strategies	to	resolve	issues	around	student	satisfaction	and	retention.		A	similar	study	by	

Duque	(2014)	suggested	a	service	marketing	approach	together	with		a	service	quality	

approach	are	likely	to	bring	benefits	in	understanding	what	drives	students’	satisfaction	

as	customers	and	the	concept	of	students’	loyalty.	

Some	participants	referred	to	the	“brand”	of	the	university	and	how	some	students	are	

likely	to	protect	this	brand	so	as	not	to	damage	their	job	prospects.	The	concept	of	brands	

and	customer	loyalty	are	well-founded	in	market	economy	thinking.	A	study	by	Brown	

and	Mazzarol	(2009)	found	that	universities’	institutional	image	has	a	strong	link	with	

perceived	value	for	money	as	well	as	student	satisfaction.	

6.7 Specific	implication	of	the	results	

A	multidimensional	understanding	of	factors	at	university	and	cohort	 levels	as	well	as	

external	 factors	 that	 impact	 performance	 outcomes	 are	 likely	 to	 produce	 a	 fairer	

performative	regime	that	can	gain	the	confidence	of	the	sector.	

The	 current	 informal	 hierarchy	 and	 the	 high	 level	 of	 diversity	 within	 the	 UK	 higher	

education	sector	cannot	be	best	served	by	a	universally	applied	performative	regime.		

Centrally	 collected	 and	 quality	 assured	 data	 has	 its	 place	 in	 aiding	 performance	

enhancing	initiatives	at	institutional	level.	But	the	way	it	is	currently	used	does	not	serve	

its	intended	policy.	

The	inbuilt	inequality	of	the	current	performance	indicators	and	the	entrenched	informal	

hierarchy	 of	 the	 sector	 does	 not	 serve	 the	 intended	 policy	 of	 current	 performative	

regimes.	 It	 could	 be	 argued	 that	 it	 only	 serves	 the	 cultural	 and	 social	 reproduction	

process	 that	 give	 the	 more	 affluent	 students	 more	 gains	 compared	 with	 their	

counterparts	from	lesser	socioeconomic	background.	
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A	 performative	 regime	 that	 ignores	 institutional	 context	 or	 contexts	 is	 likely	 to	

undermine	institutional	level	of	commitments	to	its	aims.		

The	above	summary	of	implication	of	the	results	of	this	study	will	be	further	explored	in	

Chapter	7.	

6.8 The	use	of	the	theoretical	framework	in	interpreting	the	results	

The	 theoretical	 framework,	 depicted	 in	 [Error!	 Reference	 source	 not	 found.]	 	 ,	 p

rovided	 an	 extra	 context	 for	 understanding	 the	 findings	 of	 the	 study	 and	 their	wider	

implication.	 It	 was	 clear	 that	 concepts	 advocated	 by	 the	 theories	 of	 neoliberalism,	

managerialism,	New	Public	Management	and	measurement	can	be	linked	to	many	of	the	

findings.	Concepts	advocated	by	these	theories	such	as	the	development	of	a	market,	the	

need	to	provide	information	to	agents	in	the	market,	the	evaluation	of	the	outputs,	and	

the	measuring	of	performance	of	the	actors	(universities)	in	the	market	were	all	linked	

to	these	theories.	

The	findings	of	the	study	can	be	linked	to	the	theoretical	framework.	In	the	quantitative	

part	of	the	study	the	performance	indicators	themselves	are	easily	linked	to	the	theories	

discussed	in	Chapter	2.	For	example,	The	non-continuation	performance	indicator	can	be	

linked	to	the	concept	of	driving	efficiency	that	can	be	found	in	managerialism	(Pollitt	and	

Bouckaert,	2017).	The	three	indicators	related	to	student	perception	of	Teaching	quality,	

Assessment	 and	 feedback	 and	 Academic	 support	 can	 be	 linked	 to	 New	 Public	

Management	 concept	 of	 democratising	 public	 services	 to	 respond	 to	 its	 stakeholders	

(students	in	this	case)	and	the	concept	of	neoliberalism	of	treating	students	as	customers.	

The	use	of	employability	and	High-skilled	employability	as	performance	indicators	can	

also	 be	 linked	 to	 the	 New	 Public	 Management	 concept	 of	 evaluating	 public	 service	

outputs	and	their	utility	(Tomlinson,	2007)	as	well	as	to	the	concept	of	“those	who	benefit	

from	 public	 services	 most	 should	 pay	 for	 it”	 which	 can	 be	 found	 in	 managerialism	

(Tomlinson,	2007).		

In	the	qualitative	part	of	the	study,	the	themes	that	emerged	can	also	be	 linked	to	the	

theories	 highlighted	 in	 the	 theoretical	 framework.	 For	 example,	 the	 Common	

interpretation	of	results	theme	can	be	linked	to	Performance	measurement	theory	and	its	

concepts	 of	 promoting	 quantitative	 measures	 and	 the	 use	 of	 common	 language	 to	
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describe	performance	(Savage	and	Ehrlich,	2013,	p.13).	The	Extensive	use	of	data	theme	

can	be	linked	to	performance	measurement	theory	and	managerialism	(Teelken,	2012).	

The	Institutional	context	theme	can	be	linked	to	neoliberalism	where	organisation	must	

remain	 competitive	within	 the	market	within	which	 it	 operates.	 The	Effect	 of	 League	

Tables	theme	can	also	be	linked	to	neoliberalism	and	its	concepts	of	competition	in	a	free	

market	not	only	nationally	but	also	globally	(Deem,	1998).			The	Policy	tension	theme	can	

be	 linked	 to	 both	 neoliberalism	 and	 New	 Public	 Management,	 whilst	 neoliberalism	

expects	public	service	providers	(universities)	to	be	subjected	to	market	conditions,	the	

providers	ability	to	respond	to	these	conditions	is	restrained	by	the	imposition	of	policies	

implemented	through	a	central	agency	(Office	for	Students)	which	is	advocated	by	New	

Public	 Management.	 The	 Financial	 Sustainability	 theme	 can	 also	 be	 linked	 to	

neoliberalism	where	financial	survival	in	the	market	is	a	key	concept.	

6.9 Summary	

The	TEF	quantitative	 performative	 indicators	 can	 serve	many	 functions	 in	 the	 higher	

education	sector;	however,	rating	universities	should	not	be	one	of	them.	This	finding	is	

supported	by	other	studies	in	the	literature	such	as	that	by	Lenton	(2015,	p.	118)	where	

she	 found	 ‘large	differences	 in	NSS	scores	across	 subjects	and	across	different	groups	of	

universities,	which	implies	that	the	raw	scores	should	not	be	used	as	a	method	of	ranking’;		

three	 of	 the	 TEF	 indicators	 use	NSS	 scores.	 Factors	 that	 impact	 current	 performance	

indicators	differ	according	to	the	indicator.	Some	of	these	factors	are	outside	universities’	

control	and	considering	all	universities	as	a	homogenous	group	does	not	achieve	the	aims	

of	current	regulatory	regime.				

One	 of	 the	 findings	 of	 the	 qualitative	 analysis	 was	 the	 common	 agreement	 among	

participants	that	quantitative	outcomes	of	performance	indicators	should	be	interpreted	

within	the	context	of	the	institution.		Ignoring	this	finding	is	likely	to	prolong	the	debate	

about	the	utility	of	these	indicators.	This	is	because	institutions	appear	to	be	committed	

to	 their	 context	 or	 contexts	 and	 are	unlikely	 to	 swiftly	 change	 course	 as	 a	 result	 of	 a	

centrally	imposed	performative	regime.		

University	context	could	be	quantitative,	such	data	defining	the	characteristics	of	their	

students,	but	it	could	also	be	qualitative,	such	as	the	strategic	orientation	or	direction	of	
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the	institution.	Other	types	of	qualitative	contexts	include	the	university	history	and	its	

culture;	these	were	suggested	by	participants	as	useful	dimensions	for	interpreting	the	

outcome	of	performance	indicators.	For	example,	a	university	with	a	history	embedded	

in	its	region,	or	one	that	adopts	an	international	outlook,	is	unlikely	to	achieve	a	drastic	

change	to	their	performative	data	over	a	short	period	of	time;	it	also	may	not	wish	to	do	

so.	The	quantitative	analysis	in	this	study	found	that	the	variability	of	cohort	measures	

within	a	university	is	relatively	small	over	a	period	of	four	years	(i.e.	relatively	stable).	

The	 finding	 that	 ethnicity	 was	 a	 factor	 with	 significant	 effects	 on	 all	 outcomes	 was	

unsurprising	to	all	participants,	though	concerning.	There	are	attempts	to	partly	address	

this	issue	through	the	access	and	participation	plans	required	by	the	Office	for	Students	

from	all	institutions	which	was	referenced	by	the	participants	(Office	for	Students,	2018).	

There	is	a	plethora	of	research	into	the	NSS,	both	quantitively	and	qualitatively,	as	well	

as	into	student	employability.	However,	comprehensive	studies	that	analyse	a	coherent	

set	of	performance	indicators	using	multiple	factors	consistently	are	hard	to	find	in	the	

literature.	This	study	fills	this	gap	by	analysing	six	performance	indicators	using	twelve	

factors	representing	the	characteristics	of	both	universities	and	cohorts.	The	results	of	

this	study	found	that	factors	that	impact	performance	indicators	vary	depending	on	the	

indicator,	 though	some	factors	are	persistent,	such	as	ethnicity.	The	significant	 factors	

also	represented	characteristics	of	both	the	university	as	well	the	cohort.		

The	use	of	mixed-methods	research	into	higher	education	has	been	increasing;	however,	

the	use	of	sequential	design	in	mixed-methods	is	rare.	Another	contribution	of	this	study	

is	the	provision	of	an	example	of	the	use	of	sequential	design	to	aid	researchers	in	higher	

education	explain	the	quantitative	results	and	gain	greater	understanding	of	the	research	

problem	(Ivankova,	Creswell	and	Stick,	2006).	

The	quantitative	phase	in	this	study	found	that	many	outcomes	are	impacted	by	factors	

that	can	be	perceived	by	universities	as	outside	their	control,	such	as	ethnicity,	gender	

and	socioeconomic	background	of	students.	Attempting	to	control	 for	 these	 factors	by	

institutions	to	achieve	better	outcomes	may	not	only	go	against	institutional	missions	but	

also	against	the	intended	aims	of	the	government	policy.	For	example,	there	has	been	a	

massive	increase	of	POLAR4	quantile	1	students	 in	higher	education	over	the	past	ten	
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years;	in	2020,	23.3%	of	POLAR4	quintile	1	were	accepted	in	higher	education	compared	

to	14.0%	in	2011	(Universities	UK,	2020)	.	This	increase	serves	government	policy	and	

fits	with	some	institutions’	missions,	yet	various	studies,	including	this	one,	found	that	

this	is	a	factor	that	has	negative	effects	on	some	of	the	outcomes.	Trying	to	reduce	the	

percentage	 of	 POLAR4	quantile	 1	 intake	 to	 achieve	 better	 outcomes	may	 not	 only	 go	

against	government	policy,	but	also	against	some	universities’	mission.	It	would	be	more	

credible	and	realistic	to	evaluate	universities	that	serve	this	particular	group	of	students	

separately	rather	than	compare	their	performance	outcomes	with	other	institutions	that	

have	a	much	smaller	percentage	of	this	group	(i.e.	POLAR4	quantile	1).	It	would	also	be	

beneficial	to	design	and	fund	interventions	that	target	this	group	in	particular	rather	than	

blanket	interventions	that	cover	the	entire	population.			

In	the	qualitative	phase,	participants	were	clear	that	some	of	factors	are	not	only	outside	

their	 control,	 but	 there	 are	 also	 other	 external	 factors	 that	 impact	 outcomes	 such	 as	

employer	 practices,	 societal	 gender	 and	 ethnic	 bias	 as	 well	 students’	 own	 social	 and	

cultural	capital.	There	is	evidence	in	the	literature	that	supports	this	view,	for	example,	

Morrish	(2019)	challenged	the	assumption	that	poor	outcomes	are	due	to	poor	teaching	

by	 universities	 and	 indicated	 that	 some	 of	 the	 TEF	metrics,	 such	 as	 that	 of	 graduate	

outcomes,	have	nothing	to	do	with	the	quality	of	teaching.	Another	study	by	Britton	et	al.	

(2016)	also	confirmed	that	graduates	from	a	richer	family	will	go	on	to	earn	significantly	

more	that	their	poorer	counterparts,	even	if	they	graduate	with	the	same	degree	from	the	

same	university.	

The	quantitative	 analysis	 indicated	 that	much	of	 the	 variability	 in	outcomes	occurred	

between	 universities	 and	 not	 within	 universities.	 This	 is	 an	 indication	 of	 the	 high	

diversification	or	differentiation	of	the	sector.	This	finding	is	supported	by	other	scholars	

in	 the	 literature;	 Croxford	 and	 Raffe	 (2015)	 argued	 that,	 despite	 the	 removal	 of	 the	

division	between	polytechnics	and	universities	in	1992,	the	UK	higher	education	remains	

highly	 differentiated.	 A	 study	 by	 Huisman	 et	 al.	 (2007)	 of	 higher	 education	 in	 ten	

countries	found	that	the	UK	sector	is	the	most	diversified.	Although		the	sector	in	the	UK	

is	not	formally	differentiated	as	in	the	USA,	for	example,	it	is	informally	differentiated	in	

a	 hierarchical	manner.	 Croxford	 and	 Raffe	 (2015)	warn	 against	 informal	 hierarchical	

differentiation	as	it	encourages	mission	drift	by	some	institutions	trying	to	climb	up	the	

informal	hierarchy	and	abandon	the	mission	for	which	they	were	originally	set	up.	They	
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found	that	the	UK	sector	is	vertically	differentiated	along	the	status	of	institutions	and	

their	ability	to	attract	well-qualified	and	high-status	students.		

The	 findings	 of	 this	 study	 suggest	 that	 a	 division	 of	 the	 sector	 along	 defined	

characteristics	 and	 defined	 missions	 with	 defined	 functions	 would	 facilitate	 credible	

performance	evaluation	as	well	as	serve	central	policy	aims	better.	The	current	 linear	

performance	 evaluation,	 whilst	 it	 has	 helped	 establish	 a	 more	 managerial	 and	

corporatised	 sector,	 has	not	produced	a	 fair	 evaluation	 regime	or	 served	government	

policy	aims	well.	
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Chapter	7: Conclusion	

7.1 Introduction	

The	answers	to	the	research	questions	have	been	presented	and	discussed	in	detail	 in	

Chapters	4,	5	and	6.		The	mixed-methods	approach	has	served	the	study	well,	particularly	

the	sequential	design	adopted,	as	it	allowed	the	provision	of	empirical	results	from	the	

quantitative	phase	to	be	reflected	upon	during	the	qualitative	phase.	It	also	facilitated	a	

better	understanding	of	the	quantitative	results	by	adding	dimensions	and	context	during	

the	qualitative	phase.	

This	chapter	summarises	the	answer	to	the	research	questions	and	concludes	the	main	

findings	by	highlighting	their	implication	for	policy	and	practice.	It	also	presents	the	main	

contribution	 this	 study	makes	 to	 the	 literature,	 some	 pointers	 to	 future	 direction	 for	

research,	and	finally	a	brief	reflection	with	closing	thoughts.	

7.2 Summary	of	the	Answers	to	the	Research	Questions	

A	summary	of	how	the	three	research	questions	were	answered	are	presented	below.	

For	the	first	question:	What	are	the	significant	factors	at	institutional	and	cohort	level	that	

impact	the	outcomes	of	the	widely	used	performance	indicators	(e.g.	TEF)	in	the	UK	Higher	

Education	sector?	

• The	 quantitative	 results,	 presented	 in	 Chapter	 4	 identified	 the	 factors	 with	

significant	effects	on	 the	 six	 selected	performance	outcomes	at	both	university	

level	and	cohort	level.			

• All	 outcomes	 were	 impacted	 by	 factors	 from	 both	 levels	 except	 for	 the	 non-

continuation	 outcome	 which	 was	 predominantly	 impacted	 by	 cohort	 level	

characteristics.	

• The	most	notable	factor	that	impacted	all	outcomes	was	ethnicity.		Socioeconomic	

background,	 as	 represented	 by	 POLAR4	 quantile	 1,	 influenced	 both	 non-

continuation	and	high-skilled	employability	outcomes.	
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• Cohort	 level	 characteristics	 that	 are	 associated	with	 inequality	 such	as	 gender,	

POLAR4	 quantile	 1	 and	 ethnicity	 tend	 to	 dominate	 the	 factors	with	 significant	

impact	on	outcomes.	

• The	 quantitative	 study	 also	 found	 that	 most	 of	 the	 variations	 occur	 between	

universities.	

• The	 qualitative	 results	 provided	 overwhelming	 agreement	 by	 the	 participants	

with	the	findings	of	the	quantitative	analysis.		

• The	qualitative	 results	provided	 rich	context	 that	 can	aid	 the	understanding	of	

what	 contributes	 to	 the	 significance	 of	 these	 factors	 by	 providing	 reference	 to	

other	external	factors	that	impact	outcomes.	

For	the	second	research	question:	How	do	performance	indicators’	outcomes	influence	

institutional	policy?	

• The	study	found	that	the	TEF	and	other	performance	indicators	are	not	the	only	

drivers	of	institutional	policy.	There	is	also	an	increasing	evidence	that	the	TEF	

did	not	meet	its	intended	aims	and	does	not	serve	the	sector	well.	

• The	 impact	of	 the	TEF	and	other	performance	outcomes	on	 institutional	policy	

vary	depending	on	the	type	of	the	institution.	

• While	 the	 TEF	was	 not	 a	main	 driver	 of	 institutional	 policy,	 there	was	 strong	

evidence	 of	 wide	 use	 of	 data	 produced	 by	 the	 TEF	 and	 other	 performance	

indicators	within	the	sector	for	monitoring	and	quality	enhancement	purposes.	

• The	sector	is	aware	of	the	inequality	in	the	system	as	well	as	the	societal	bias,	but	

their	responses	is	hampered	by	both	the	formal	and	the	informal	structures.	

For	 the	 third	 research	question:	How	do	regulatory	performance	 regimes	and	market	

economy	concepts	influence	management	responses?	

• Financial	sustainability	was	found	to	be	a	very	important	driver	and	likely	to	take	

precedent	over	the	TEF.	

• Ignoring	institutional	contexts	by	regulatory	performance	regimes	causes	tension	

within	the	sector.	

• There	 was	 also	 evidence	 that	 market	 economy	 concepts	 such	 as	 competition,	

students	 being	 treated	 as	 customers,	 income	 growth,	 KPIs	 for	 financial	
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performance	 are	 being	 widely	 used	 within	 the	 sector.	 These	 concepts	 also	

influence	management	responses.	

• The	 informal	 hierarchy	 within	 the	 sector	 influences	 institutional	 responses	 to	

performative	regimes.			

7.3 Contribution	to	the	Literature	

Secondary	data	 are	underused	 in	higher	 education	 research	 (Smith,	 2008).	 Literature	

that	reports	higher	education	studies	which	use	large	centrally	collected	data	sets	is	also	

rare.	 This	 study	 contributes	 to	 the	 literature	 of	 higher	 education	 by	 providing	 a	

comprehensive	example	of	how	centrally	collected	data	can	be	used	effectively	within	an	

appropriate	 research	 method	 to	 extract	 insight	 from	 the	 numbers	 behind	 the	

performance	indicators	currently	used	in	UK	higher	education.	Secondary	data	can	also	

be	used	to	evaluate	the	effectiveness	of	public	policy	as	well	as	inform	policy	making	and	

implantation.	The	use	of	secondary	data	in	the	pre-university	educational	sector	is	more	

advanced	and	there	are	lessons	to	be	learnt	from	the	pre-university	sector	on	the	use	of	

data	analysis	to	serve	practice	and	understand	performance	(Mandinach,	2012).		

This	study	benefited	from	the	research	published	on	the	use	of	statistical	techniques	for	

nested	data	 in	 school	 effectiveness	 research,	 e.g.	Goldstein	 (1997)	 and	Hill	 and	Rowe	

(2006).	They	used	multilevel	modelling	techniques	to	benefit	the	analysis	of	school	data	

which	are	nested	in	nature.	This	study	also	deployed	multilevel	modelling	to	bring	similar	

benefits	to	the	analysis	of	higher	education	data	which	are	also	nested	in	essence.	It	is	

hoped	that	this	example	will	encourage	other	researchers	to	adopt	a	similar	approach	to	

address	other	research	problems	that	deal	with	nested	data.		

This	 study	 used	 a	 two-level	 model	 to	 test	 for	 university	 level	 and	 cohort	 level	

characteristics	that	have	significant	effects	on	performance	outcomes.	It	used		a	large	data	

set	 that	 covered	 a	 sizeable	 proportion	 of	 the	 sector,	 145	 universities	 out	 of	 165	

institutions	that	returned	data	to	HESA	in	2018/19	(Universities	UK,	2020).	The	model	

used	 in	 this	 study	 can	 easily	 be	 adapted	 to	 individual	 institutions	 to	 gain	 better	

understanding	of	the	local	data	regarding	performance	and	to	inform	practice.		
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The	 use	 of	 mixed-methods	 research	 in	 this	 study	 has	 enhanced	 the	 power	 of	 its	

explanatory	 nature.	 The	 multilevel	 modelling	 used	 in	 the	 quantitative	 phase	 was	

designed	 as	 an	 explanatory	model	 (as	 opposed	 to	 a	 predicting	model)	 to	 identify	 the	

expandatory	 factors	 with	 significant	 impact	 on	 outcomes.	 However,	 deploying	 this	

multilevel	modelling	within	a	mixed-methods	design	 that	 included	a	qualitative	phase	

following	the	quantitative	phase	has	unquestionably	added	depth	to	the	understanding	

of	how	the	explanatory	factors	impacted	outcomes	in	practice.	Similar	studies	are	rare	in	

higher	education	 literature.	The	scope	and	 the	depth	of	 this	 study	should	 represent	a	

worthy	contribution	to	the	literature	in	this	area.	

The	highlighting,	by	this	study,	of	the	multidimension	perspectives,	through	which	senior	

leaders	of	the	sector	view	performance	indicators	as	well	as	current	performative	regime	

and	the	way	these	perspectives	influence	institutional	policy,	could	be	considered	as	a	

further	 contribution	 to	 the	 literature,	 particularly	 as	 qualitative	 research	 reporting	

higher	 education	 senior	 leaders’	 perception	 is	 scant.	 The	 unanimity	 of	 views	 among	

participants	 that	 regulatory	 performance	 indicators	 are	 not	 the	 only	 driver	 of	

institutional	policy	and	that	institutional	context	as	well	as	financial	sustainability	play	a	

major	 role,	 sometime	 surpassing	 the	 role	 of	 the	 regulatory	 indicators,	 in	 driving	

institutional	policy	is	a	worthy	observation.	

The	study	also	demonstrated	that	a	quantitative	view	based	on	numbers	only	is	unlikely	

to	provide	a	deeper	understanding	of	the	multidimensional	nature	of	factors	that	impact	

performance	outcomes.	Figure	7.1	highlights	the	main	categories	of	factors	that	influence	

performance	indicators	which	were	identified	in	this	study.		
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Figure	7.1	Factors	influencing	performance	outcomes	

7.4 Implications	for	Policy	and	Practice	

This	study	found	that	the	outcomes	of	performance	indicators	are	impacted	by	factors	

that	 characterise	 both	 the	 universities	 and	 the	 cohorts.	 	 An	 approach	 that	 identifies	

significant	factors	from	two	levels	(university	level	and	cohort	level)	is	likely	to	provide	

greater	 understanding	 of	 the	 variability	 of	 outcomes	 within	 the	 sector	 and	 will	 help	

interpret	performance	more	fairly.	The	finding	of	this	study	that	most	of	the	variability	

occurs	 between	 universities	 and	 not	 within	 cohorts	 in	 a	 university	 should	 attract	

attention	 in	order	to	avoid	policies	 that	are	 labelled	by	the	sector	as	“one	size	 fits	all”	

(Goglio,	2016).	

At	a	sector	level,	the	identification	of	significant	impacting	factors	will	aid	the	design	and	

the	 delivery	 of	 targeted	 policy	 interventions	 to	 improve	 outcomes.	 Blanket	 policy	

approaches	to	interventions	are	likely	to	yield	few	benefits	and	cause	little	change.	These	

approaches	also	tend	to	create	tension	between	the	various	parts	of	a	sector	that	is	highly	
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diversified.	 The	 data	 analysis	 in	 this	 study	 has	 shown	 that	 the	 variability	 of	 cohort	

measures	remains	relatively	stable	within	a	university	over	a	period	of	four	years.	This	is	

a	strong	indication	that	current	approaches	are	not	bringing	about	the	significant	change	

required.	

At	an	institutional	level,	a	similar	approach	to	the	one	used	in	this	study	can	be	adopted	

to	 identify	 the	characteristics	of	cohorts	 that	significantly	 impact	on	outcomes	 locally.	

Targeting	 institutional	 interventions	at	 the	groups	of	students	with	the	characteristics	

that	 need	 them	most	 is	 likely	 to	 bring	 about	 a	 more	 significant	 improvement	 to	 the	

outcomes	than	interventions	that	universally	cover	the	cohort	population.		

The	high	variability	between	universities,	found	during	the	quantitative	analysis	in	this	

study,	suggests	that	the	UK	higher	education	is	highly	differentiated.	Treating	the	whole	

sector	as	one	group	when	using	current	performance	indicators	may	lead	to	misleading	

interpretation	of	outcomes.	It	was	not	only	the	intraclass	correlation	(ICC)	that	confirmed	

this	variability	but	also	the	descriptive	statistics,	presented	in	Chapter	4,	particularly	the	

standard	 deviations,	 which	 gave	 an	 early	 indication	 as	 to	 the	 wide	 dispersion	 of	 the	

dataset	for	each	significant	factor	relative	to	the	factor’s	mean.			

A	different	grouping	of	universities	within	the	sector	that	utilises	both	quantitative	data	

analysis	of	university	and	cohort	 characteristics	 as	well	 as	universities	 context	would	

provide	 fairer	 evaluation	 of	 performance	 and	 serve	 policy	 aims	 better.	 The	 different	

grouping	may	also	help	policy	makers	to	assign	different	functions	to	each	group	and	fund	

these	functions	accordingly.		

The	 non-continuation	 outcome	 is	 predominately	 impacted	 by	 cohort	 characteristics.	

Designing	support	that	targets	students	with	those	characteristics	is	likely	to	yield	more	

improvement	in	the	performance	of	this	outcome.	It	could	be	argued	that,	if	institutions	

are	 differentiated	 by	 function	 and	 if	 some	 institutions	 are	 assigned,	 for	 example,	 the	

function	of	recruiting	students	from	lower	socioeconomic	background	with	lower	tariff,	

those	institutions	are	more	likely	to	focus	on	delivering	this	function	instead	of	engaging	

in	 mission	 drift	 activities	 to	 climb	 up	 the	 informal	 hierarchy	 that	 currently	 exists.	

However,	as	participants	indicated,	these	groups	of	students	require	more	support,	and,	
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therefore,	more	resources	should	follow	them.	The	alternative	is	that	resources	should	

follow	these	students	wherever	they	go.	

The	study	found	a	wide	use	of	data	analysis	for	monitoring	purposes.	There	is	certainly	a	

place	 for	 quantitative	 approaches	 for	monitoring	 as	well	 as	 diagnostic	 purposes.	 The	

study	found	that	institutional	mission	and	context	determine	the	use	of	data	analysis	for	

diagnostic	 activities	 and	 the	 extent	 to	 which	 institutions	 are	 prepared	 to	 design	 and	

implement	 interventions	 to	 improve	 outcomes.	 The	 study	 suggests	 that	 quantitative	

analysis	for	the	purpose	of	performance	enhancement	is	likely	to	succeed	and	gain	senior	

managers	support	if	it	fits	with	institutional	mission	and	context.	Policy	makers	should	

be	 aware	 that	 policy	 aims	 that	 ignore	 institutional	 contexts	 are	 likely	 to	 gain	 feeble	

attention	from	senior	leaders	within	the	sector,	as	mentioned	by	various	participants.		

Centrally	collected	data	about	the	sector	by	independent	agencies	such	as	HESA	and	the	

Office	for	Students	provide	a	rich	ground	for	research	in	higher	education.	It	also	provides	

assurance	that	the	data	have	gone	through	some	quality	assurance	procedure.	The	use	of	

such	data	has	benefited	this	study	and	should	encourage	other	researchers	to	utilise	them	

in	research	problems	that	require	quality	assured	large	data	sets.	This	was	particularly	

important	as	they	provided	evidence	for	this	study	that	the	sector	is	highly	diversified	

and	supported	the	view	that	sector-wide	policies	are	unlikely	to	meet	their	aims,	see	also	

Huisman	et	al.	(2007)	and	Boliver	(2015).	

Entrenched	 societal	 bias	 expressed	 repeatedly	 by	 participants	 in	 this	 study	 and	

supported	by	the	quantitative	analysis	in	this	study	and	others	(e.g.	NAO	(2007),	Moreau	

and	 Leathwood	 (2006)	 and	 Britton	 et	 al.	 (2016),	 cannot	 be	 ignored.	 Designing	 a	

performative	 regime	 to	 evaluate	 universities	 using	 performance	 indicators	 that	 are	

impacted	 by	 factors	 that	 are	 clearly	 influenced	 by	 societal	 bias	 provides	 misleading	

results	and	creates	tension	within	the	sectors.	Societal	bias	towards	gender,	ethnicity	and	

socioeconomic	 background	 of	 students	 impacts	 a	 number	 of	 performance	 indicators,	

particularly	 non-continuation	 and	 employability.	 Evaluating	 universities	 that	 take	 a	

higher	 proportion	 of	 these	 students,	 using	 indicators	 that	 are	 negatively	 impacted	by	

these	factors,	is	akin	to	double	penalty;	an	initial	penalty	for	taking	these	students,	in	the	

first	 place,	 and	 another	 penalty	 for	 achieving	 lower	 outcomes	 for	 reasons	 beyond	

universities	control	(i.e.	societal	bias).	It	is	also	clear	that	these	groups	of	students	also	
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require	more	support,	yet	they	are	funded	on	the	same	fee	basis	as	other	students	who	

are	more	self-reliant.	

The	current	informal	hierarchy	of	the	sector,	which	is	further	enforced	by	employers’	bias	

towards	graduates	from	certain	universities	seen	as	“top	tier”	and	reflected	in	graduate	

salaries	 from	 these	 universities,	 makes	 some	 of	 the	 current	 performance	 indicators	

incredible,	particularly	in	the	way	they	are	applied	in	a	linear	fashion.	This	also	encourage	

universities	to	engage	in	mission	drift	in	order	to	climb	up	this	hierarchy.	These	mission	

drift	 activities	 inevitably	may	not	 serve	 government	 policy.	 For	 example,	 participants	

indicated	that	institutions	may	“slice”	teaching	income	to	fund	research	to	improve	their	

performance	in	research	performance	indicators	(e.g.	the	REF)	as	this	is	seen	as	a	way	of	

climbing	up	the	hierarchy.	 	Institutions	may	also	ask	academic	staff	to	engage	in	other	

income	 generating	 activities,	 which	 can	 cause	 them	 to	 be	 distracted	 from	 their	main	

teaching	duties.	Policies	 that	 ignore	the	sector	differentiation,	do	not	 fund	the	various	

functions	and	missions	appropriately	to	allow	institutions	to	take	pride	in	delivering	the	

assigned	 function	 and	 do	 not	 evaluate	 them	 against	 their	 peers	 performing	 similar	

function	with	the	same	characteristics	are	unlikely	to	succeed.	

The	 inherent	 inequity	 of	 the	 current	 performative	 culture,	 through	 the	 linear	 use	 of	

performance	indicators	and	the	implicit	assumption	of	a	homogenous	sector,	has	been	

clearly	demonstrated	 in	both	the	quantitative	and	the	qualitative	phases	of	 this	study.	

This	 linear	 approach	 and	 the	 homogenous	 assumption	 of	 the	 sector	 permeate	 the	

performative	 culture	 both	 within	 the	 regulatory	 regime	 as	 well	 the	 league	 tables	

published	 in	 the	 media.	 It	 could	 be	 argued	 that	 this	 culture	 enforces	 the	 informal	

hierarchy	as	perceived	by	the	society	and	employers	to	the	detriment	of	policy	aims	and	

performance	regimes’	credibility	(Boliver,	2015).	

The	study	found	evidence	of	widespread	managerialism	and	neo-liberal	concepts	within	

the	 higher	 education	 sector	 which	 could	 be	 linked	 to	 the	 introduction	 of	 successive	

quantitative	performative	metrics	by	the	government	and	its	agencies.	However,	there	is	

no	evidence	that	any	of	these	metrics	fully	achieved	its	intended	policy	aims;	for	example,	

the	aim	of	providing	students	with	information	produced	by	these	metrics	to	allow	them	

to	behave	as	customers	when	choosing	a	university	does	appear	to	have	been	achieved.		

Studies	in	the	literature	found	that	the	effect	of	the	NSS	is	relatively	small	and	even	that	
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small	effect	occurs	via	league	tables,	as	NSS	scores	feed	into	them	(Gibbons,	Neumayer	

and	Perkins,	2015).		There	is	no	evidence	either,	as	reported	by	participants	in	this	study,	

that	TEF	ratings	have	influenced	student	choice.	For	example,	it	is	extremely	unlikely	that	

an	applicant	will	turn	down	an	offer	from	LSE	because	it	received	a	Bronze	TEF	rating	

and	accept	instead	an	offer	from	a	small	regional	post-92	institution	because	it	received	

a	 Gold	 TEF	 rating!	 The	 informal	 hierarchy	 is	 very	 strong	 and	well-established	 and	 is	

unlikely	to	be	shaken	by	the	TEF	ratings.	Participants	were	content	to	engage	in	the	TEF	

as	a	data	benchmarking	exercise,	but	did	not	believe	that	it	affected	students’	choice.	

		

	

Figure	7.2	Main	drivers	of	institutional	policy	

While	participants	agreed	that	regulatory	performance	indicators	are	not	the	only	driver	

or	 the	main	driver	of	 institutional	policy,	 they	agreed	 that	 they	 influence	 some	policy	

alongside	other	drivers	such	as	financial	sustainability,	institutional	context(s)	and	the	

nature	of	the	composition	of	their	own	student	population.	Figure	7.2	depicts	the	main	
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drivers	 of	 institutional	 policy	 as	 indicated	 by	 participants	 in	 this	 study.	 It	 is	 hard	 to	

determine	 the	 degree	 to	 which	 each	 driver	 influences	 institutional	 policy	 without	

conducting	further	research.	

7.5 Recommendations	of	Practice	and	the	Use	of	Performance	Indicators	

The	use	of	performance	 indicators	 should	 take	 into	 consideration	 the	diversity	of	 the	

sectors.	The	use	of	metrics	in	a	uniform	way	as	currently	practiced,	even	with	some	of	the	

statistical	 adjustment	 being	 used	 for	 benchmarks,	 are	 unlikely	 to	 meet	 the	 intended	

policy	for	which	it	was	designed.	

The	adoption	of	an	evidence-based	approach	to	identify	inequality	and	significant	factors	

that	impact	outcomes	is	recommended	but	it	should	also	consider	institutional	context,	

if	it	is	to	gain	local	commitment.	

A	wider	conversation	between	the	pre	and	post	secondary	school	sectors	about	societal	

bias	is	warranted	to	enhance	chances	of	the	less	privileged	students	in	higher	education.	

The	 inherent	bias	 in	 the	current	 informal	hierarchy	 in	 the	UK	higher	education	sector	

does	not	serve	the	less	privileged	and	require	a	radical	rethinking.	The	current	system	is	

designed	 to	 promote	 social	 and	 cultural	 reproduction	 that	 serves	 privileged	 students	

best.		

A	design	of	performance	indicators	based	on	function	to	be	delivered	by	the	sector	or	

parts	of	the	sector	may	have	a	better	chance	of	achieving	the	policy	aims.		

7.6 Recommendations	for	Future	Research	

Further	research	into	the	understanding	of	how	the	sector	is	diversified,	along	mission,	

function	and	in	terms	of	the	characteristics	of	universities	and	cohorts,	would	aid	policy	

makers	 and	 practitioners	 in	 understanding	 how	 best	 to	 improve	 performance	 and	

achieve	policy	aims.	

Some	of	the	participants	in	this	study	indicated	that,	as	institutions	had	to	adjust	their	

assessments	 due	 to	 the	 COVID-19	 pandemic,	 the	 attainment	 gap	 between	White	 and	

BAME	students	appeared	to	have	narrowed.	They	explained	that	this	could	be	due	to	the	
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adjusted	 assessments	 suiting	 students	 from	BAME	 background	 better	 as	 a	 significant	

percentage	of	them	would	have	come	through	BTEC	qualification	with	no	experience	of	

traditional	examination	used	in	universities.	This	is	an	area	worth	investigating	further	

to	understand	whether	pre-university	qualifications	have	an	impact	on	outcomes	such	as	

non-continuation.	This	 future	area	of	 research	would	be	particularly	 important	as	 the	

sector	is	accepting	an	increasing	number	of	students	who	have	not	come	through	the	A-

level	 route,	 where	 terminal	 examination	 (end	 of	 year/subject)	 or	 timed-exams	 style	

assessment	is	the	norm.	Participants	explained	non-A-level	students	find	timed-exams	at	

universities	 challenging.	 The	 Office	 for	 Students	 reported	 in	 2018	 that,	 of	 the	 UK-

domiciled	 2016/17	 entrants	 to	 higher	 education,	 19%	 had	 BTEC	 qualification	with	 a	

further	8%	entered	with	a	combination	of	BTEC	and	A-level.	A	study	by	Atherton	(2021)	

reported	that	30%	of	POLAR4	quantile	1	students	entered	higher	education	with	BTEC	

qualification	 and	 21%	 of	 Black	 students	 entered	 higher	 education	 with	 BTEC	

qualification	 compared	 with	 11%	 of	 their	 White	 counterparts.	 This	 future	 area	 of	

research	 is	 now	 given	 a	 sense	 of	 urgency	with	 the	 government	 plan	 to	 replace	BTEC	

qualification	with	T-level	 (DoE,	2020)	wherein	some	believe	 that	 it	prepares	students	

even	less	for	higher	education	(Atherton,	2021).	

7.7 Limitation	and	Challenges	of	the	Study	

A	limitation	of	this	study,	because	of	its	scope,	is	that	it	was	unable	to	identify	the	degree	

to	which	 institutional	policy	was	 influenced	by	regulatory	performance	regime	versus	

other	 policy	 drivers	 identified	 by	 participants,	 but	 it	 was	 clear	 through	 participants’	

interviews	that	institutional	responses	were	dependant	on	the	institution	type.	

Whilst	selecting	a	sample	of	interviewees	exclusively	from	those	who	held	senior	posts	

gave	a	deeper	insight	into	the	influence	of	the	performative	culture	on	institutional	policy,	

this	 may	 have	 given	 rise	 to	 a	 possible	 limitation	 that	 the	 views	 expressed	 are	 only	

representative	of	one	layer	of	management.	It	could	also	be	argued	that	the	response	to	

the	open-ended	questions	could	have	been	constrained	to	some	extent	by	presenting	the	

quantitative	results	to	interviewees	and	asking	them	for	their	views.	It	is	possible	that	

presenting	 a	 set	 of	 precise	 results	 to	 the	 interviewees	 may	 have	 influenced	 their	

responses	 to	 some	 of	 the	 subsequent	 questions	 and	 restrained	 the	 scope	 of	 their	

responses.	
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Financial	sustainability	was	identified	by	participants	as	a	major	driver	of	institutional	

policy.	Although	this	study	did	not	test	for	financial	performance	indicators,	it	would	be	

interesting	 to	 examine	 the	 relationship	between	 financial	performance	 indicators	 and	

teaching	 related	 performance	 indicators.	 This	 study	 tested	 for	 research	 income	 and	

overall	income	as	factors	and	found	that	overall	income	impacts	negatively	on	the	three	

performance	indicators	related	to	the	NSS	as	explained	in	Chapter	4	and	5.	

There	is	a	well-known	variation	between	the	different	ethnicities	within	the	non-White	

group	of	 students	which	was	not	 tested	 for	 in	 this	 study.	However,	 as	 this	 study	was	

interested	in	overall	cohort	characteristics,	breaking	this	group	down	would	have	diluted	

the	focus	of	the	analysis.	

The	 challenge	 of	 selecting	 sufficient	 number	 of	 senior	 leaders	 from	 the	 sector	 to	 be	

interviewed	could	have	been	another	limitation	of	the	study.	However,	using	a	purposive	

sampling	 technique	 resolved	 this	 challenge.	 Perhaps,	 it	 should	 be	mentioned	 that	 the	

commitment	of	the	senior	leaders	who	participated	in	the	interviews	is	commendable.	

Seven	out	of	the	eight	approached	agreed	to	be	interviewed	which	is	praiseworthy.		

While	the	scope	of	the	study	focused	on	the	UK	which	could	be	seen	as	a	limitation,	the	

inclusion	of	the	four	nations	of	 the	UK	with	their	different	 funding	regimes	makes	the	

results	of	this	study	useful	to	other	countries	with	similar	funding	regime	to	any	of	the	

four	nations.	

The	 challenge	of	 using	 a	 sequential	mixed-methods	design,	 highlighted	 earlier,	meant	

that	 the	qualitative	phase	could	not	 start	 till	 the	quantitative	analysis	was	completed.	

However,	the	reflection	of	the	senior	leaders	on	the	results	of	the	quantitative	analysis	

provided	 deeper	 understanding	 of	 the	 quantitative	 results	 and	 added	 a	 very	 useful	

context.		

7.8 Reflection	and	Concluding	Thoughts	

The	 journey	of	 completing	 this	 thesis	 has	 certainly	been	 full	 of	 excitement,	 surprises,	

challenges	and	frustrations,	probably	in	equal	measure.	
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Once	 the	 quantitative	 data	 had	 been	 collected,	 cleaned	 and	 organised,	 one	 the	

excitements	 was	 the	 endless	 number	 of	 findings	 that	 one	 can	 arrive	 at	 by	 applying	

various	 statistical	 techniques	 to	 the	data	 set.	 The	 challenge	was	deciding	 the	point	 at	

which	one	should	stop	and	retreat	to	the	scope	of	the	study.	The	candid	answer	is	that	

the	 stopping	 point	 is	 the	 point	 at	which	 one	 feels	 that	 the	 results	 from	 the	 different	

techniques	are	pointing	to	the	same	direction.	An	example	was	the	use	of	backward	and	

forward	regression	techniques	as,	though	time-consuming,	it	was	reassuring	when	both	

techniques	returned	similar	results.	

Whilst	it	was	reassuring	that	the	results	from	the	quantitative	analysis	appeared	to	be	

confirmed	and	agreed	by	senior	leaders	from	the	sector,	it	was	interesting	to	observe	and	

listen	 to	 their	 reflection	 as	 to	 the	 statistical	 significance	 of	 the	 effects	 of	 some	 of	 the	

factors	being	repeatedly	confirmed.	It	was	also	invigorating	to	observe	the	candid	nature	

by	which	all	participants	engaged	 in	 the	 interviews.	Their	views	almost	created	a	 live	

animation	to	the	still	figures	of	the	quantitative	results.	Engaging	with	the	data	from	the	

qualitative	 phase	 vindicated	 the	 choice	 of	 the	 sequential	 mixed-methods	 approach	

adopted	by	this	study.		

Participants	were	keen	to	point	out	the	wider	societal	context	that	impacts	on	some	of	

the	performance	indicators,	such	as	gender	and	ethnic	equality	and	the	social	and	cultural	

capital	of	White	students	versus	their	BAME	counterparts,	as	well	as	the	experience	of	

disadvantaged	 students	 at	 school	 prior	 to	 entering	 university.	 Perhaps	 a	 wider	

conversation	that	involves	all	stakeholders,	including	school	leaders,	will	better	inform	

policy	formulation	and	implantation.	

It	 cannot	escape	observers	of	 the	UK	higher	education	system	that	 the	sector	and	 the	

environment	within	which	 it	 operates	 are	 engaged	 in	 a	process	 of	 social	 and	 cultural	

reproduction,	initially	defined	by	Bourdieu	(1973);	a	process	through	which	educational	

institutions	 (schools	 as	 well	 as	 universities),	 with	 the	 tacit	 participation	 of	 other	

stakeholders,	are	engaged	in	simply	creating	an	ecological	system	that	continues	to	serve	

the	privileged	class.	There	is	certainly	a	small	amount	of	change	occurring,	but	the	social	

hierarchy	 that	 serves	 privileged	 students	 is	 unquestionably	 still	 intact	within	 the	 UK	

higher	education	sector.	Despite	continuing	attempts	by	policy	makers	to	open	up	the	top	

institutions	 in	 the	 hierarchy	 to	 less	 privileged	 students,	 these	 institutions	 themselves	
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admit	 that	 this	 is	 a	 task	 they	 continue	 to	 find	 challenging,	 as	 admitted	 by	 one	 of	 the	

participants	in	this	study.	Whilst	outside	the	scope	of	this	study	but	worth	remarking,	a	

study	 by	 Xu	 and	 Hampden-Thompson	 (2012)	 reported	 that,	 under	 a	 liberal	 welfare	

regime,	like	that	in	the	UK,	children	from	higher-status	families	tend	to	realise	greater	

benefits	 from	 cultural	 capital	 than	 their	 counterparts	 from	 lower-status	 family.	Other	

scholars	such	as	Spicker	(2013)	reminded	policy	makers	that	liberal	values	are	not	just	

about	being	market-oriented,	but	also	based	on	a	liberal	welfare	state	that	is	enshrined	

in	individual	rights,	pluralistic	and	localised;	by	ignoring	one	these	elements,		the	system	

ends	up	not	being	fully	formed.		
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